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Abstract

This thesis aims to investigate and study a variety of dimensions of the relationship between FDI,
economic performance, the determinants of FDI, firm ownership and firms’ efficiency in developing
host countries. To achieve the aim and to examine the arguments of this thesis, the thesis’s structure
includes six chapters, including four empirical chapters. The first empirical chapter attempts to find
an answer to the question whether FDI contributes positively to the economic performance of the
destination country. This chapter also provides insights into how the relationship of FDI’s depends
on other important aspects, such as the geographical location, the nature of destination sector, the
technological distance between the source and the destination countries. The second empirical
chapter takes a broader, regional perspective and studies the determinants of the inflow of FDIs
towards GCC countries, with a specific attention to their governments’ strategies to attract FDIs in
priority sectors and priority source country. Finally, the third and the fourth empirical chapters turn
to efficiency analysis. Specifically, they discuss the role of foreign-owned firms in promoting
efficiency amongst domestic firms, FDI inflows and controlling for other selected key determinants:
composition of the labour force, the firm size and the firm age. The analysis is performed for Dubai-
based firms in the manufacturing and construction in the third empirical chapter, while the fourth

empirical chapter seeks to answer the same questions for the financial sector.
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Chapter 1

Introduction

1.1 Motivation

The world economy has become increasingly integrated, and foreign capital globalisation,
particularly Foreign Direct Investment (FDI) flow, which is a particularly significant driving force
behind the interdependence of national economies, has also increased significantly in developing
countries, due to the fact that FDI is the most stable and prevalent component of foreign capital
inflows (Adams, 2009). FDI, it has been argued, plays a significant role in creating positive
externalities in economic growth by providing financial resources, creating jobs, transferring
technological know-how, accessing new management and organisational skills, boosting exports and

enhancing competitiveness (Kobrin, 2005; Adams, 2009).

FDI plays a crucial role in economic growth in developing countries by generating benefits for the
host economies and solving their short-term capital deficiency problems. FDI stimulates the target
country’s economic development, creates a more conducive environment for the foreign investor
and benefits domestic industries. FDI facilitates resource transfer, exchanges of knowledge, transfer
of technologies and spillovers towards domestic firms. It also helps to make them more competitive
in both national and international markets. FDI brings positive externalities to the economy, such as
training and labour management opportunities. These may then be made generally available in the
economy, and lead to a further increase in the standards of productivity and efficiency. FDI creates
new jobs, as the foreign investors build new firms and companies in the target country, creating new
opportunities. This leads to an increase in income and provides purchasing power for the people,
which in turn leads to an economic boost. The United Nations Conference on Trade and
Development (UNCTAD) (2008) reports that the facilities and equipment provided by foreign

investors through FDI inflows have the potential to create employment, increase the workforce’s

1



productivity and develop human capital resources. The attributes gained by training and sharing
experiences would increase the education and overall human capital of a country. FDI contributes
to national income and wellbeing, with more jobs, higher wages and improved working conditions.
As a result, economic growth is spurred. FDI is seen as the largest source of external financing for
developing countries. Capital inflows from FDIs can help to finance the deficit in the host developing
country, but not all host developing countries are attracting FDIs to fill this gap in their economics
as they might need other benefits of FDIs such as the rich developing countries which hope to benefit
from FDIs' knowledge and technologies.

According to UNCTAD (2018), the annual amount of FDI inflows globally in 2006 was USD 1.4
trillion, while it increased to reach USD 1.9 trillion in 2017. Moreover, in 2006 FDI inflows
accounted for only 2.1% of world Gross Domestic Product (GDP), while in 2017 this had increased
to close to 2.5%. FDI inflows as a percentage of Gross Fixed Capital Formation (GFCF) equalled
9.3% in 2006, while they increased to approximately 11.1% in 2017. Figure 1.1 shows that
developed countries still account for the largest share of FDI inflows, although FDI into developing

countries has continuously increased for the period from 2006 to 2017.

Figure 1.1: FDI inflow to the world countries in billion USD
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Figure 1.2 and Figure 1.3 generally show that FDI inflows have become increasingly important as a
source of economic growth and investment in the world’s economies. Given its volume, FDI can be
seen as an important source of financial liquidity and a significant determinant of the future growth

rate of an economy.



Figure 1.2: FDI inflow as a share of GDP
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Figure 1.3: FDI inflow as a share of GFCF
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By looking at FDI as a share of GDP and GFCF and comparing it across developed and developing
countries, Figures 1.2 and 1.3 above indicate that the significance of FDI has increased in both
groups of countries. However, the fact is that the FDI ratios of developing countries as a share of
GDP and GFCF are slightly close to those of developed countries in some years. This fact points to
the importance of FDI inflow in developing countries as, in spite of the fact that they receive a far
smaller amount of FDI than the developed economies, it represents a bigger share of their GDP. The
large increase in the volume of FDI and the share of FDI offer a strong motivation to research this

phenomenon.



The Gulf Co-operation Council (GCC) countries are considered to be one of the most important
developing regions in the world; the region has a stable economy due to world oil and gas supplies
and this facilitates great wealth from oil and gas exports. The largest three countries as measured by
GDP, according to the World Bank, are the Kingdom of Saudi Arabia (KSA), the United Arab
Emirates (UAE) and Qatar.

Figure 1.4: GCC's GDP in billion USD
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Figure 1.4 shows the sizes of the economies in the GCC. In 2017, KSA represented 46% of the total
GDP from GCC countries, UAE occupied the second place with 26%, and finally Qatar represented
11.4%. These three countries have the largest GDP in the GCC and together they represented
approximately 83.4% in the mentioned year due to their richness in natural resources and the
contribution of the non-oil sector, which has strengthened and fortified economic growth.

These three countries are also considered to be the main countries in terms of FDI inflows, compared
with other GCC countries. According to fDi Intelligence (2018), in 2017 these three countries

received 89.3% of the total FDI inflows into GCC countries.



Figure 1.5: GCC's FDI in billion USD
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In 2017, the UAE received the highest FDI inflows with 53.4% of the total FDI inflow into GCC
countries, followed by the KSA with 31.4% and then Qatar with 4.5%. The UAE, KSA and Qatar
maintained their position as an investment hub, not only for developing countries but also for
developed ones. While FDI in these three destinations continues to grow, the governments offer an
effective and supportive legal framework for businesses and investments; in order to achieve the
goal of making their countries more attractive to FDI. This thesis focuses on these three countries.

Geographically, UAE covers 83,600 square kilometres with a total population of 9.5 million in 2018.
The UAE is located in the Southeast of the Arabian Peninsula, between the KSA and Oman,
bordering the Gulf of Oman and the Arabian Gulf. In December 1971, the UAE was established and
became a federation of six emirates — Abu Dhabi, Dubai, Sharjah, Ajman, Umm Al-Quwain and
Fujairah, and successively, in 1972, Ras Al Khaimah joined the federation country as the seventh

emirate. The capital of the UAE is Abu Dhabi, which is the largest and wealthiest emirate.

KSA occupies most of the Arabian Peninsula, from the Red Sea and the Gulf of Agaba to the west
and the Arabian Gulf to the east. It is the 14th largest country in the world, covering around two
million square kilometres. Neighbouring countries are Jordan, Irag, Kuwait, Qatar, UAE, Oman,
Yemen and Bahrain (connected to the Saudi mainland by a bridge). KSA contains the world's largest
continuous sand desert, called “The Empty Quarter” (Rub Al-Khali). Formerly, the area of KSA
contained four main distinct regions: Hejaz, Najd, and parts of Eastern Arabia (Al-Ahsa)
and Southern Arabia (‘Asir). The KSA was founded in 1932 by Ibn Saud and the capital is Riyadh,
which is the largest city in the Kingdom.

The State of Qatar is an independent emirate in the Gulf region. Doha city is the capital city of Qatar.
Qatar is situated on a peninsula that extends from the Arabian Peninsula north into the Arabian Gulf.
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Its sole land border is with KSA. Qatar shares maritime borders with Bahrain, Iran, and the UAE.
The country covers an area of 11,586 square kilometres. Qatar gained independence in 1971 having
been under a British protectorate in the early 20th century. The country has been ruled by the House

of Thani since the early 19th century.

Economically, these three GCC countries rely heavily on natural resources, namely crude oil and
natural gas, which are considered as the main drivers of their economies. The UAE has developed
rapidly and it is considered to be one of the wealthiest countries in the world. According to OPEC
(2014), UAE has 8.1% of the world’s crude oil reserves and controls the sixth largest proven natural
gas reserve. The UAE has an open economy with a high GDP per capita and a sizeable annual trade
surplus. UAE’s GDP per capita reached USD 41,699.1 in 2017, while total GDP totalled USD 387.3
billion and the real GDP growth rate was 4.3%. GFCF was USD 90.9 billion in 2017. Successful
efforts at economic diversification have reduced the portion of GDP from the oil and gas sector to
30% in the country. The UAE’s strategic plan is to develop the country as a global trade and tourism
hub, develop manufacturing, and create more job opportunities for UAE nationals through improved

education and increased private sector employment.

KSA has an oil-based economy with strong government controls over major economic activities. It
possesses about 18% of the world's proven petroleum reserves, ranks as the largest exporter of
petroleum, and plays a leading role in OPEC. The oil and gas sector accounts for about 40% of GDP,
recorded at a total of USD 684.2 billion in 2017, when levels of GFCF were USD 90.9 billion.
Despite possessing the largest petroleum reserves in the world and being considered one of the
richest countries, the GDP per capita was ‘only’ USD 25,001 in 2017, mostly due to the large
population of approximately 33 million, and the weak oil prices in that year, which affect domestic
production in the KSA.

Qatar is one of the smallest countries in the GCC region. However, what the country lacks in size,
it makes up with wealth in natural resources. Almost 14% of total world natural gas reserves are
found in Qatar (approximately 25 trillion cubic metres), the third largest after Russia and Iran. It is
also the largest supplier of liquefied natural gas. This wealth of natural resource translates into a
GDP of USD 169.8 billion and GFCF levels of USD 69.3 billion in 2017. Qatar has a small
population estimated at about 2.6 million. Consequently, its GDP per capita of USD 63,249 was the
highest, not only in the GCC region, but also in the whole world, in 2017.
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Figure 1.6: GDP, GFCF and GDP per capita in USD
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Politically, the governments are eager to devise strategies for economic diversification, by seeking
to promote the development of the private sector as a complement to oil and gas, especially with
declining oil prices. The dependence on oil and gas may stall economic development as there is a
possibility of depletion of the natural resources in the long run. Moreover, these three GCC countries
would worry about the Dutch Disease. Economically, the Dutch disease is the apparent causal
relationship between the increase in the economic development of a specific sector such as natural
resources and a decline in other sectors which that lead to the substantial appreciation of the domestic
currency. However, since the discovery of oil, these three GCC countries have worked to diversify
its economies and develop development programs that strengthen its economic base on the
establishment of investment funds that support the private sector in all areas and sectors such as:
health, industrial, agricultural and real estate. There was no retroactive effect on the local currency
of the GCC countries, because the they pursue a policy of fixed rate its local currency by pegging it
to the US dollar (the world's most powerful economy), keeping its currency at an acceptable level
that serves its domestic and foreign interests. As a result, imported goods have generally become
more expensive than domestic commodities as a result of continued government support to the
private sector to keep competition and encourage new businessmen and projects to enter different

industries and sectors.

Furthermore, one of the key steps that these governments have taken in terms of economic
diversification is to attract foreign investments. UAE is reported to have political and economic
stability, rapid GDP growth, fast-growing capital markets, swift population growth and an absence
of corruption, all positive factors contributing to the UAE’s attractiveness to foreign investors. The
UAE ranked twelfth out of 143 economies in the world, according to the Global Competitiveness
Report issued by the World Economic Forum in 2017. The report’s mandates are to identify different
pillars of a country such as institutions, infrastructure, macroeconomic environment and labour
market efficiency. It assesses the competitive landscape of the country. According to the World Bank
(2017), UAE was 11th out of 189 countries in ease of doing business in 2017, and according to
the Global Investment Report - 2017 published by UNCTAD, the UAE ranked as the second largest
FDI recipient in the West Asia region, after Turkey. The UAE attracted FDI inflows of USD 14.1
billion in 2017, according to fDi Intelligence (2018).

KSA seeks to sustain the current development boom through a development strategy in which
foreign investment plays a significant role. In recent years, KSA has seen major, rapid, successive
and consecutive economic and institutional developments and reforms, paving the way for the
Kingdom's membership of the World Trade Organization (WTO). The KSA is ranked as one of the
top five home economies for FDI recipients in the West Asia region, according to the Global
Investment Report - 2017 published by UNCTAD. KSA was ranked 92nd in Ease of Doing Business
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2017 published by the World Bank, while it attracted FDI inflows of USD 8.3 billion in 2017,
according to fDi Intelligence. In addition, according to the Global Competitiveness Report issued
by the World Economic Forum in 2017, KSA is ranked 25th out of 140 economies in the world.

Qatar is ranked as one of the top five economies in terms of FDI receipts in the West Asia region,
according to the Global Investment Report - 2017 published by UNCTAD. It is ranked number 4
after Turkey, the UAE and KSA. Qatar ranked 83 in Ease of Doing Business 2017 published by the
World Bank while it attracted FDI inflows of USD 1.2 billion in 2017, according to fDi Intelligence.
Qatar’s economic freedom score is 71.2 and it was ranked 28th in the 2017 Index of Economic
Freedom. In June 2014, an embargo of a full land, sea and air blockade on Qatar was introduced by
four countries: KSA, UAE, Bahrain and Egypt as Qatar has violated a 2014 agreement with the

members of the GCC. Since then, economists expected a decrease in Qatar's economy.

The above mentioned details indicate the desire of these three countries to stabilise the growth and
development of their economies away from dependence on the oil and gas sector. With this aim in
mind they have turned to economic diversification and attracting FDI.

Legally and in terms of FDI laws, regulations and incentives in these destinations, UAE is upgrading
several major legislations in investment law; this helps to remove a large part of the regulatory and
administrative obstacles and to attract more FDI. It also creates a unified regulatory framework for
foreign investment in terms of regulating investment procedures, licensing and registration. The law
deals with advantages, tax exemptions, guarantees for foreign investors, and ownerships. 100%
foreign ownership has been allowed since 2010. In KSA, a number of incentives and facilities for
FDI have been delivered such as reducing the tax levied on foreign investors from 45% to 20%. The
Saudi Industrial Development Fund (SIDF) allows the extension of loans to foreign investors. By
2016, KSA had updated the FDI law by allowing 100% ownership for foreign investors in the
wholesale and retail trade sector only. In Qatar, foreign investments are generally limited to 49% of
the capital for most business activities, with a national Qatari partner(s) holding at least 51%.
Nevertheless, Qatar has continued to modify and amend the investment law in recent years. The new
law allows foreign investors to hold 100% ownership in certain sectors that have been selected by
the government, including agriculture, health, manufacturing, communication, tourism, real estate,
education, finance, electricity and gas, and other service sectors. The Qatar government offers a
variety of incentives for foreign investors such as tax exemptions, energy subsidies and low-cost

financing.

Based on the above overview, generally, we would like to examine the role of FDI on economic
performance by focusing on rich developing countries. The relationship between FDI and economic

performance has largely been explored empirically. Several studies reveal that FDI brings with it
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vehicles for technology transfer, and promotes competition, product diversity, spillovers and
management techniques, which could be adapted by the host country (Wang and Blomstrom, 1992;
Sjoholm, 1999; Moura and Forte 2013). However, there is ambiguity in the literature on the role of
FDI in economic performance. Some studies find positive relationships between FDI and economic
growth (Borensztein, De Gregorio, and Lee, 1998; Woo, 2009) while other researchers find negative
and ambiguous relationships (Aitken and Harrison, 1999; Alfaro et al., 2004). Therefore, it is
important to study FDI inflow in a certain country in order to clarify its contribution to the host
country’s economic performance. This is especially true for FDI inflows into rich developing
countries that have not yet been studied at a detailed sectoral level and not only looking deeper into
the relationship between FDIs and economic performance as a capital and financial liquidity but also
look at the spillovers affects from FDI inflows.

Furthermore, some determinants of FDI have been examined in various studies empirically, as well
as their related on FDIs. To attract FDIs, host countries seek to understand which main pull factors
and determinants of FDI are key for foreign investors to be attracted and to enhance the FDI inflows
(Chakrabarti, 2001; Banga, 2003). Thus, it is important to identify the importance of each offered
determinant of FDI and its relationship with FDI inflow in a host country, particularly for rich

developing host countries located in the same region that need to illustrate the variations accurately.

Moreover, the idea of foreign firms’ entry and their association with firms’ efficiency have been
studied in a growing literature. Studies indicate the potential benefits of FDI inflows whereby foreign
firms that are characterised as more efficient are viewed as important drivers in increasing the
productivity and competitiveness of domestic firms (Jemric and Vujcic, 2002; Bottasso and
Sembenelli 2004; Suyanto and Salim, 2011; Khalifah, 2013). The two mechanisms identified in the
literature are the introduction and adoption of technologically superior techniques and the spread of
strong management capabilities. On the other hand, a number of studies find that domestic firms are
more efficient than foreign-owned firms (DeYoung and Nolle, 1996; Claessens et al., 2001; Isik and
Hassan, 2002; and Ong et al., 2011). Hence, it is importatnt to study the efficiency of foreign firms

and FDI inflows in order to clarify the effectiveness of firms and sectors in a host country.

Thus, it is interesting to see how FDI contributes to a host country’s economic growth in different
aspects. The main purpose of this thesis is to examine empirically the implications of the role of FDI
in rich developing countries. Firstly, it examines the relationship between FDI and economic
performance in a rich developing country. Secondly, in order to attract FDIs into any host country,
the country needs to know the determinants of FDI, so this thesis aims to identify the importance of
the determinants of FDI and their relationships on FDI inflows. Then, it will assess whether foreign

firms are actually most efficient, by looking at firms’ ownership and firms’ efficiency in a host
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country in different economic sectors. There are some unique contributions in this thesis; the first is
studying rich developing countries’ FDI inflows. The most comprehensive is that it studies 14
economic sectors. It is the first study to use a recent and confidential dataset. There are distinctive
features in the research questions that have not been considered yet in previous studies. The choice
of this topic provides the opportunity to find results that may help governments and policymakers

of host countries make suitable decisions.
1.2 Methodology and research questions

The methodology of this thesis is empirical. Different econometric models have been chosen to study
different aspects of FDI. The dataset is collected from international organizations and governmental
entities such as fDi Intelligence, the World Bank, the Federal Competitiveness and Statistics
Authority in UAE, the Statistics Centre in Abu Dhabi, the Dubai Statistics Center, the Ministry of
Development Planning and Statistics in Qatar, the General Authority for Statistics in KSA, and the

Ministry of Finance in UAE, KSA and Qatar. In all studies in this thesis a panel data set is employed.

The first empirical chapter (Chapter 2) attempts to find an answer to these questions: (a) does FDI
contribute positively related with economic performance in the UAE’s emirates? and (b) how does
FDI’s related vary by sector? and (c) how does the geographical and sectoral extent relate FDI
technology spillover and the associated spatial diffusion in the UAE, as a host country of FDI?. To
investigate these questions, we will use detailed sectoral level panel data from three groups of
emirates in the UAE over the period 2006-2014 and use Solow’s growth accounting technique by

employing production functions.

Based on the results of Chapter 2, if the FDI inflows have a significant positive or insignificant
related with economic performance in the UAE, and if this relationship depends on FDI and how
distant in technological sense the FDI source is, then the question raised is: what are the most
important determinants of FDI that a host country has control over to increase and enhance its

attractiveness to FDIs? This is investigated empirically in the following chapter (Chapter3).

The second empirical chapter (Chapter 3) employs a country sectoral panel dataset for three rich
countries from the GCC: UAE, KSA and Qatar. Our particular focus will be on investigating and
assessing these questions: (a) what are the important determinants of FDI inflows? and (b) has
GCC'’s strategic plan been effective? This will be determined by looking at the strategic plan and
identifying priority sectors for FDI and priority source countries. The period under investigation is
2006-2014 and each economy is broken down into 14 economic sectors, into which FDI flows from

66 source countries worldwide. To answer the research questions, a gravity model is employed.
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Based on the results of Chapter 3, if the selected determinants of FDI have a significant relationship
with FDI inflows and if we find the main priority sectors to attract FDIs, then the question raised is:
are foreign firms more efficient than their domestic counterparts? This will be investigated
empirically in the last two empirical chapters (Chapter 4 and 5), which consider different firms’
sectors and methodologies, focusing on the efficiency distance between foreign-owned and domestic

firms in a number of priority sectors.

Therefore, the third empirical chapter (Chapter 4) attempts to find an answer to these two questions:
(2) are foreign-owned firms in the manufacturing and construction sectors more efficient than their
domestic counterparts in Dubai? and (b) do FDI inflows and other selected key determinants
(composition of the labour force, firm size and age) affect efficiency? To answer these questions,
we will use a distinct confidential dataset of firm-level panel data from the Annual Economic Survey
from the period 2014-2016. Empirically, we will use Data Envelopment Analysis (DEA) input-
oriented Constant Returns to Scale (CRS) and Variable Returns to Scale (VRS) in the first stage to
measure firms’ efficiency scores and in the second stage we will study the relationship between
efficiency and firm ownership, FDI inflow, the composition of the labour force, firm size and firm

age.

The last chapter (Chapter 5) seeks to answer the same set of questions with respect to the financial
sector in Dubai. The banking sector in Dubai is considered the main tertiary sector, as well as being
one of the most important development sectors in Dubai’s strategy. Dubai has established itself as a
financial hub for the Middle East and the centre of its international financial market. We will use a
distinct confidential dataset of bank-level panel data from the Annual Financial Survey from the
period 2013-2016 in Dubai by employing DEA and the Malmquist Productivity Index (MPI) input-
oriented VRS model in the first stage to measure banks’ efficiency scores. In the second stage we
will we adopt the DEA double bootstrap of Simar-Wilson’s model and MPI bootstrap Generalised
Least Square (GLS) regression to determine the relationships of bank ownership, FDI inflow, skilled

labour, bank size and bank age on banks’ efficiency.

1.3 Thesis structure

The main purpose of this thesis is to examine empirically the implications of the role of FDI in rich
developing countries. To achieve our aim and to examine the questions and the arguments in this
thesis, it has been designed to include six chapters. The following chapter is our first empirical
chapter (Chapter 2), titled “FDI, Economic Performance and Technological Spillover Effects:
Evidence from UAE”. This is followed by the second empirical chapter (Chapter 3), titled

“Determinants of FDI Flows to the Gulf Countries: A Comparison of Estimation Techniques of a
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Panel Data Approach”. Our third empirical chapter (Chapter 4) follows, titled “Foreign Ownership
and Firms’ Efficiency: a Two-Stage Analysis of Dubai’s Manufacturing and Construction Sectors”.
Our last empirical chapter (Chapter5) is titled “An Analysis of Dubai’s Banking Sector Performance:

Are Foreign Banks More Efficient than Domestic Banks?” The last chapter is the Conclusion.
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Chapter 2

FDI, Economic Performance and
Technological Spillover Effects: Evidence
from UAE

Abstract: This study is an attempt to empirically examine the relationship between FDI and
economic performance and investigate the geographical and sectoral spillover effects from the FDI
inflows into the UAE. Using a detailed sectoral-level panel dataset covering the period 2006 — 2014
and computing the Total Factor Productivity (TFP) using growth accounting framework. The main
empirical finding indicates that FDI has a mixed relationship with economic performance in the
UAE and this relate depends on sectoral and geographical characteristics of the destinations. Our
results further show that FDI from more technologically advanced countries tends to have a positive

relationship with economic activity. The findings suggest that FDI inflows from countries with far

distance of UAE seem to bring high benefit quality of technology.

2.1 Introduction

Today's world is witnessing a sizable volume of FDIs flowing into different countries. In 2005, the
global FDI flow was around USD 1 trillion and in 2015 it reached USD 1.9 trillion, according to the
UNCTAD World Investment Report 2016. Due to these massive inflows, much attention has been

given to the relationship between FDI and economies.
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As one of the characteristics of the modern globalised economy, FDI is becoming an important
element of the strategic vision for the development of any national economy. In particular, its
development importance is further emphasised in the case of developing countries in transition,
whereas the practice shows that among these countries the fastest-growing ones are those that receive
the highest quantum of FDI inflows. FDI inflows have been regarded as having a beneficial
relationship with developing host countries, since FDI drives reform, improves quality of life and
ultimately brings prosperity (Wang and Blomstrom, 1992; Borensztein et al., 1998; Bengoa et al.,
2003; Wang et al., 2010). FDI has been suggested to be beneficial for the host country at different
levels. It creates a flow of capital across borders. It can spread best practices in corporate governance
of management. It allows transfer of technology and know-how as well as promoting competition in
the domestic market along with the domestic firms’ development and reorganization (Moura and
Forte, 2009). The FDI host country will gain through employee training while operating the new
businesses, which will eventually contribute to the development of the human capital, raise

productivity and enhance the host country’s economic performance.

This study studies the relationships between FDI and economic performance and illustrates that
FDI’s impact varies by sector. It also investigates the presence of geographical and sectoral spillover
effects of FDI, using the UAE as a case study. The UAE is an interesting case study because it is
one of the rich developing countries that pursues an active policy to attract FDIs. The goal of this
policy is to push forward and develop the UAE’s investment climate. It must be stressed that the
primary role of FDI is not to bring in capital but to bring in know-how and enhance productivity. In
our analysis we take a sectoral approach and investigate what type of FDIs by origin and sectoral
destination are most beneficial to the UAE’s economy. We carry out an empirical examination of
the relationship between the inflows of FDI and sectoral-level economic performance in the UAE.
We extend standard analyses by controlling for the technological distance between the source of FDI
and the recipient, which is done by weighting the source composition of FDI. We further study FDI
spillovers along geographical and sectoral dimensions as channels of technological diffusion. We
use a detailed FDI dataset that contains information on both the origin and the destination of FDI by
each emirate and on 14 economic sectors in the UAE over the period of 2006-2014. To answer our
guestions, we calculate the TFP and employ an accounting model that has been applied to many
countries and long been identified by several economists (Solow, 1956 and 1957; Abromovitz, 1956;
Denison, 1962). To the best of our knowledge, this is the first study about FDI distance to frontier
that uses a sectoral-level weight to distance index and FDI distance to frontier in order to explain the
UAE’s economic performance and technology spillovers from FDI inflows. Our empirical study
finds that FDI has different relationship on economic performance, depending on the destination
location. Attracting FDI inflows from source countries that are at a far distance brings higher quality

technology to the UAE. The sectoral spillover effects of FDI are highest in the primary type sector
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(which consists of one sector; mining and quarrying), as the primary sector affects the value added

of the UAE more than other sectors.

There is a long-standing opinion among economists and policymakers that FDI is a greater
contributor to long-term growth and development than any other form of capital inflow. The direct
capital financing that it provides suggests that FDI can play an important role in modernising a
national economy and promoting economic development. Moreover, economists have also reported
on the role of FDI in upgrading the host country’s economy through its relation. FDI inflows have
direct physical and human capital relationships on a host country’s outcome. Direct effects and
relationship are reflected in employment and capital formation. This creates a flow of capital
financing across borders, FDI is conceived as an addition to the capital stock of the recipient
economy (Brems, 1970) and an important source element to boost and augment human capital
(Bengoa et al., 2003).

On the other hand, there are indirect effects and related of FDIs, concerned with the diffusion of
knowledge, which is more of a qualitative aspect. FDI brings in advanced technology and captures
all the transfer from the multinational companies to the host country. This includes technology,
know-how, and new management techniques as technological spillovers into a host economy; this
improves labour qualification and increases the value-added content. The potential of FDI
technological spillovers is the positive externality of FDI that host countries hope to benefit from
(Johnson, 2005). The greatest relationship of FDI is that of technological spillovers, which occur
when the advanced technology from FDI is able to trickle down to the entire economy. FDI induces
more spillovers when the host country develops its institutions in such a way that they are able to
absorb the technology from FDI. These technological spillovers can happen via imitation, employee
training, and the introduction of new processes and products by foreign firms. Konings (2001) shows
that FDI is important for transferring technology to a host economy. FDI brings technology, which
translates into higher growth and productivity in the host country (Borensztein et al., 1998; Xu,
2000). FDI enhances the host economy, adjusts labour allocations and quality and allows the host
country to take full advantage of the potential of new technology (Young, 1991). The FDI host
country will gain employee training while operating the new businesses, which eventually
contributes to the development of human capital. Apart from the inflow of foreign currency into a
country, foreign expertise can be an important factor in improving the existing technical processes
in the country, as well as improving productivity and competitiveness, and the efficiency of
resources. It increases trade flows and creates jobs, which will reduce unemployment. FDI increases

opportunities for local businesses and eventually promotes innovation.
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The direct and indirect relationships between FDI and economic performance have largely been
explored empirically in several studies at both macro and micro levels. These studies have used data
from developed and developing countries and have been inspired by theories of the Solow-type
standard neoclassical growth models (Borensztein et al., 1998; Woo, 2009). Interestingly, despite
the proposition of the theories, there is ambiguity in the literature over the role of FDI in economic
performance. While some studies find positive relationships of FDI on the economy (Borensztein et
al., 1998; Woo, 2009) others find negative relationships or are unclear (Aitken and Harrison, 1999;
Alfaro et al., 2004).

Basu et al. (2003) use a panel cointegration framework of 23 developing countries to investigate the
relationships between FDI and economic performance. The authors’ empirical results suggest that
there is a long-term steady-state relationship between FDI and GDP for a cross-section of countries.
Hsiao and Hsiao (2006) examine the Granger causality relationships between FDI and economic
performance among eight rapidly developing East and Southeast Asian economies (China, Korea,
Taiwan, Hong Kong, Singapore, Malaysia, Philippines, and Thailand) by using panel data from 1986
to 2004. The study finds that the causality results reveal that FDI has a positive significant
relationships on economic performance directly in the studied host countries. Campos and Kinoshita
(2002) investigate the benefits of FDI in 25 Central and Eastern European and former Soviet Union
transition countries between 1990 and 1998 and employ Solow’s neoclassical model. The authors
find that FDI related positively and significantly with economic performance as the theory predicts.
Agrawal and Khan (2011) test the relationship of FDI on the economic performances of both China
and India during the period of 1993-2009 by estimating a Cobb-Douglas production function
including the following independent variables: FDI, GFCF, labour force and human capital, and
GDP as a dependent variable. The authors show that a 1% increase in FDI would result in a 0.07%
increase in GDP in China and a 0.02% increase in the GDP of India. Li and Liu (2005) identify a
positive significant relationship between FDI and economic performance based on a panel of data
for both developed and developing countries, using a large cross-country sample of 84 countries for
the period 1970-1999. Wogbe (2014) states that FDI presents one of the main bases of external
financing for developing countries. The author uses a cointegration approach to examine the
relationship between FDI and economic performance, and also points out that FDI is likely to have
a positive association on the economy since it enhances the productivity of capital through the
adoption of more reliable technologies, and efficient management and production practices. Mullen
and Williams (2005) examine the role of FDI in 48 states of the United States economic performance
over the period 1977 to 1997 by using a model that explicitly considers the stock of foreign capital.
The authors find that inward FDI plays a strong, vital role in regional economic activity and that FDI

is likely to significantly affect regional productivity and economic performance. In contrary, Aitken
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and Harrison (1999) show FDI negatively affects the productivity of domestically owned

Venezuelan firms.

Another strand of the literature has focused on sectoral-level analyses of FDI inflows. FDI can
benefit different sectors in the hosting economies in different ways. Alfaro and Charlton (2007)
examine the relationship between FDI and the economic productivity output using sectoral data from
The Organisation for Economic Co-operation and Development (OECD) member countries during
1990 to 2001 for 19 sectors and 22 countries. The model uses the Cobb-Douglas production function
in a log form. The authors note that FDI has a positive relationship with real estate, oil and chemical,
machinery, construction, and trade and repair, whereas in other sectors FDI is not statistically
significant. Vu and Noy (2009) find observable differences across sectors too; they show that FDI
causes crowding-in effects on the real estate, oil and chemical, machinery and trade and repair
sectors. The relationships on other sectors such as food products, electricity, gas, water and
construction are not significant. They say that aggregate FDI might mask differences in the
relationships between FDI on economic performance across individual sectors. Alfaro (2003)
revisits the FDI and GDP relationship, the empirical analysis uses 47 cross-country sets of data for
the period 1981-1999, and the author suggests that FDI in manufacturing is positive, while in the

primary sector it is negative and evidence from the service sector is ambiguous.

A number of studies have examined technological distance by looking at the role of technological
distance to frontier. Aiming to boost productivity and foster economic growth is an economic policy
that is context specific and depends on the country’s distance to the international technological
frontier. Distance to frontier is usually measured by the ratio or difference between a country’s
productivity measure, which is usually the TFP, and that of the FDI source country. The Neo-
Schumpeterian growth theory suggests that economics are influenced by a country’s income gap
with advanced economies that describe the international technological frontier (Aghion and Howitt,
2008). A larger distance to frontier means that countries can exploit the technologies from advanced
and developed countries (foreign firms). Furthermore, Aghion et al. (2005) reveal the benefits when
the industry is far from the frontier, but these gradually reduce as the distance to frontier is reduced.
Vandenbussche et al. (2006) examine the contribution of human capital to economy-wide
technological improvements. They show that when labour is skilled they produce a higher growth
relationship, closer to the technological frontier, taking into consideration the fact that innovation is
a relatively more skill-intensive activity than imitation. Amable et al. (2008) show the positive
relationship when the distance to the frontier is higher, and the magnitude of its relationship is lower
when it is closer to the industry at the frontier. Wu (2010) show the productivity enhancement when
a country is closer to the world technology frontier. Baltabaev (2013) investigates whether countries

with larger distances to the technology frontier have greater potential to benefit from FDI by using
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panel data for 49 countries over the period 1974-2008 and TFP. The author finds positive and
statistically significant related from the interaction of the FDI variable with the distance to the
technological frontier; the results suggest that the countries with larger technology gaps seemed to
have benefited more from FDI. Findlay (1978) was one of the inventors of the FDI spillover theory.
The author built a model to examine the relationship between FDI and technological change in a
backward region, following Gerschenkron (1962). In brief, the larger the distance to frontier and the
technological gap between the foreign firms and domestic firms, the larger the spillover effects and
relationships. In addition, the finding is that the larger the share of foreign firms in backward regions,
the faster the efficiency growth of backward firms. This theory indicates that larger distances to the
technology of foreign firms are good for host countries. The more a host country attracts foreign
firms, the more domestic firms benefit from FDI spillover effects. Sjoholm (1999) finds that a higher
technology distance to frontier is good for domestic firms to derive high benefits from FDI inflows,
by increasing the value added per employee. On the other hand, Li and Liu (2005) discover that a
large technology distance to frontier has the opposite relationship as FDI has a negative significant
sign in the interaction term with the distance to frontier. An analysis was done to test whether the

relationships between FDI on/and income growth depends on the technology distance to frontier.

There is existing literature on the relationships between FDI and economic performance through
technological and knowledge spillover effects. These papers have been influenced by theories of
spillovers from FDI inflows. According to several authors (Findlay, 1978; Wang and Blomstrom,
1992), the extent of FDI spillovers will increase with the technological gap, as it increases the
opportunities for domestic firms in a host country to obtain higher levels of efficiency through the

imitation of foreign technology.

Theories identify several spillover channels such as know-how, technological knowledge or factor
accumulation, which include physical and human capital. Blomstrdm and Kokko (1997) reveal that
FDI provides direct and indirect important channels of technology transfer and knowledge spillovers
to developing countries. Damijan and Knell (2002) study the international knowledge spillovers and
find that firms in Estonia, which were very open to FDIs, gain significant direct technology transfer
through FDI. Das (1987) and Wang and Blomstrém (1992) examine FDI's technological spillovers
from the domestic firms’ imitation of technological production of multinational corporations and
find that it is positive and significant. Javorcik (2004) reports positive spillover effects on Lithuanian
productivity from FDI. Branstetter (2005) examines the spillovers of technological information
resulting from FDI. The study finds that FDI increases the flow of knowledge spillovers at the firm
level. Haddad and Harrison (1993) discover that the technological spillovers appeared strongest in
the high-tech sector and vanished in law tech sectors. Human capital is an accumulation factor from

FDI, as domestic firms hire workers of FDI firms to transfer the new technology — labour turnover
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(Aitken and Harrison, 1999; Fosfuri et al., 2001). In terms of capital accumulation, this suggests that
the accumulation of capital in the form of FDI generates, directly and indirectly, substantial spillover
benefits (Ramirez, 2006).

Additionally, some existing scholars provide insight into the dynamic differential relationship of
technological spillovers; we distributed a number of them on geographical and sectoral spillover
dimensions. It has been suggested recently that FDI spillovers have a circumscribed geographical
dimension or, at least, that they decrease with distance (Audretsch and Feldman, 1996; Audretsch,
1998; Keller, 2002; Madariaga and Poncet, 2007), as channels of technological diffusion are
reinforced at the regional level (Girma and Wakelin, 2001; Girma, 2005; Torlak, 2004; Jordaan,
2005). Since knowledge may decay with distance, geographical spillover plays a significant role in
knowledge diffusion and innovation (Wang et al., 2010). Meanwhile, geographical proximity is
identified as an essential condition for firms or sectors to enjoy the benefits of externality,
collaboration and interactions for knowledge flows and the transfer of technology (Boschma, 2005).
Geographical distance determines the costs of technology diffusion; it is measured by destination
and firm sector. According to Madariaga and Poncet (2007), using geographical information to study
the relationship of FDI with aggregate data at the city level in China, they find that the economic
growth of Chinese cities benefits not only from their own FDI inflows but also from FDI flows to
the neighbouring cities in China. Geographic proximity is an important element in the process of
knowledge spillover (Audretsch, 1998). For example, the closer a domestic firm is located to an FDI
firm, the more frequently their employees interact with each other, as well as the more frequently
labour moves between these domestic and FDI firms. On the other hand, the probability that
knowledge flows from one firm to another decreases with geographic distance. High productivity
locations as well as low productivity areas tend to be geographically clustered, thus creating strong

spatial links or dependence between locations (Anselin, 2001).

In terms of sectoral spillover within and across sectors. Naturally, FDI’s potential to aggregate
productivity varies across sectors. Several macroeconomic studies investigate FDI’s relationship
with economic growth and the results vary. These studies do not distinguish between the different
sectors where FDI is operating and that would hide the relationships that appear within and across
sectors. Additionally, backward and forward linkages occur when output from one sector serves as
an input (like building capital) in another sector. These linkages provide a potential diffusion channel
to sector-specific knowledge through both profitable and beneficial knowledge transfer, and by
enhancing productivity and efficiency. Aykut and Sayeck (2007) examine several developing
countries where the sectoral related to the FDI on aggregate productive economic growth and they
conclude that a high share of agricultural FDI is negative for economic growth, while a high share

of manufacturing FDI is positive and has a significant relationship with economic growth. Akinlo
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(2004) reveals that the relationship between FDI in Nigeria and sectoral spillover differ depending
on the receiving sector. Recently, a few scholars have focused on technological relatedness in the
process of sectoral innovation. The basic mechanism is that technology and know-how will spill
over from one sector to another so that these sectors share technology and knowledge (Frenken et
al., 2007). Imbriani and Reganati (1999) study empirically the relationships between FDI and
productivity and focus in particular on productivity spillovers, using regional and cross-sector data
from Italy. They found that productivity levels are higher in sectors where multinational companies
have a greater active presence. Furthermore, Gorg and Greenaway (2001, 2004) state that the
availability of FDI and the presence of multinational companies have a positive relationship on firms
in high-tech sectors. Dimelis and Louri (2001) find positive evidence of spillover effects by
analysing 4056 domestic and foreign manufacturing firms operating in Greece in 1997, while Barrios
and Strobl (2002) evaluate productivity spillovers generated from FDI by using a large panel data
of Spanish manufacturing firms from 1990 to 1998. They find no convincing evidence for spillovers
in the case of Spain. According to Nunnenkamp (2002), a host country's incentives may not
essentially work in all sectors. At the same time, FDI spillover effects are not mandatory but are
more likely to happen in sectors where the productivity gap between domestic and foreign firms is
not extremely high. Thus, the benefits from FDI spillovers depend on the host country’s
technological absorptive capacity to increase its desired productivity. Some studies observe that

spillovers vary across sectors.

Informed by the above literature and in order to achieve our objectives for examining the
relationships between FDI and economic performance, technological distance to the frontier and
investigating the geographic and sectoral spillover in the UAE’s emirates, the structure of this study
is as follows: the next section provides FDI trends, followed by the conceptual framework. Then,
empirical specification is presented, followed by the empirical results and conclusion. An appendix

section is provided at the end of this chapter.

2.2 FDI trends

2.2.1 FDI trends in UAE

FDI plays a pivotal role in promoting and supporting the process of economic transformation, which
can transfer UAE’s economy from one based on oil and natural resources to a more diversified
knowledge-based economy. FDI inflow can work as a bridge for the funding gap that might face
UAE as a result of declining oil revenues. Furthermore, it generates more employment opportunities,
improves the level of income and raises the standard of living in UAE, where FDI is a major channel

in the transfer of advanced technology.
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In order to attract FDI, the UAE is working to build a unique business environment and improve the
investment climate within all the emirates. Additionally, UAE is trying to reduce and remove any
obstacles or impediments that serious investors can face. According to the Ease of Doing Business
Report 2016 published by the World Bank, UAE has maintained the rank of first among Arab
countries for the third year in a row. There is no doubt that the UAE offers major benefits, which
enables it to attract foreign investors, such as the availability of financial surpluses, world-class

infrastructure and a competitive business platform.

UAE continues to enhance its position as a preferred global FDI destination. From Figure 2.1, we
can see that historically, FDI investment steadily increased by 28.5% between 2009 and 2017. There
was, however, a sharp decrease in FDI by 95.9% between 2006 and 2008 due to the global financial

crisis.

Figure 2.1: FDI in million USD
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The UAE is seeking to attract more FDI in order to enhance economic diversification and achieve
its aim of building a knowledge-based economy. The following Figure 2.2 shows the evolution of
FDI into the UAE by economic sector in million USD during the period of 2006 to 2014. During
this period, a total of 2,707 FDI projects were recorded in the UAE, equating to a 2% share of global
FDI. These projects in the mentioned period represent a total of FDI USD 87.37 billion and a total
of 212,175 jobs were created. The volume of FDI in the UAE increased steadily by 26% from USD
10.2 billion in 2007 to USD 12.9 billion in 2014. During 2014, a total of 16,377 jobs was created
and 293 projects were created by this FDI, equating to 7.7% and 10.8% of total jobs and projects
respectively. Generally, the real estate sector is the most attractive sector for FDI in the UAE,
followed by mining and quarrying, accommodation and food services, and the manufacturing sector.

The fourth largest contributor of GDP in the UAE is the real estate sector, which accounted for 9.2%
of the total in 2014. The real estate sector has also generated the highest number of total jobs and
greatest investments with a total of 50,046 jobs and USD 18.50 billion investment, seeing significant
growth during the period from 2006 to 2014.

Figure 2.2: FDI by year and sector in million USD

246

132
682

4
2,154 2,761 3,278
686 1,287 858
2,830 800 646
1,107
— L 970 2.203 | 005 | 1,624

H

©

S 5

= = Y
ol

N
S
© | » [

2006 2007 2008 2009 2010 2011 2012 2013 2014
® Mining and quarrying (includes crude oil and natural gas) B Manufacturing
Accommodation and food services ® Financial and insurance

|
1 mReal Estate

1
e - ——— - 1

m Other sectors

Data source: fDi Intelligence

Figure 2.3 shows the FDI by year and the top five FDI source countries. Between 2006 and 2014,
India had the highest total FDI, followed by the United States and the United Kingdom. This is due
to the historic trade ties that have long existed between these economies. The presence of an Indian
community in the UAE is now helping to cement growing cultural, trade and investment relations.
Bilateral trade between India and the UAE amounted to USD 53 billion in 2015; the UAE is India's

third largest trading partner and the 10th largest investor in India in terms of FDI. Furthermore, the
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UAE is the United States’ largest export market in the Middle East region — a distinction the UAE
has held for ten straight years. During the past decade, bilateral trade has doubled, exceeding USD
24 billion in 2018. The United States has a USD 14.5 billion trade surplus with the UAE, the United
States’ fourth largest trade surplus globally. These economic exchanges support hundreds of
thousands of American jobs and contribute to growth for United States’ companies. Moreover, the
UAE is the United Kingdom’s 12th largest trading partner, reaching USD 74 billion in bilateral trade
in 2015. The UAE-United Kingdom business council has agreed an ambitious target of USD 33
billion of bilateral trade by 2020.

India increased its FDI in the UAE from USD 4.6 billion in 2006 to USD 7.4 billion in 2014. Indian
companies have emerged as important investors in the free trade zones! in UAE such as Jebel Ali
FTZ, Abu Dhabi Industrial City, Sharjah Airport, and Hamariya in Ras Al Khaima.

Figure 2.3: FDI by year and source country in million USD
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Figure 2.4 shows the number of FDI projects by year and source country in the UAE from 2006 to
2014. By number of projects, out of a total of 76 source countries, the United States was the top
source country, accounting for almost one-quarter of projects tracked. The United States was
investing in different sectors; the main investment projects were centred on administrative and
support services, manufacturing, and the financial and insurance sector. Project volume in this source
country peaked during 2011, with 91 projects tracked. Moreover, from the period 2006 to 2014, the

United States generated the highest number of total jobs, most of these being created in

! Free Trade zones (also known as free zones) are designed to boost international business by providing 100%
ownership to expatriates and single window administration convenience. In UAE, free zones are either attached
to ports or are industry specific
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manufacturing, wholesale and retail trade, the repair of motor vehicles and motorcycles, and the
administrative and support services sector. Some 403 projects, or 14.9% of FDI projects, were
recorded in 2011. This was the year in which the highest numbers of projects were recorded. During
that year, a total of 21,223 jobs were created and USD 10.1 billion capital was invested through
these projects, equating to 10% and 11.5% of total jobs and FDI respectively. This was due to the
actions of the Ministry of Economy in the UAE, which called for a speeding up of the ratification of
the draft Foreign Investment Law. This law offers foreign investors similar rights to those extended
to UAE nationals. It also called for clearer regulations governing foreign investment, especially on
property rights protection, business dispute settlement and corporate governance.

Figure 2.4: Number of FDI projects by year and source country
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2.2.2 FDI trends by emirate

Concerning UAE’s FDI allocations amongst all its emirates, Dubai accounts for the majority of FDI
projects. Total investment in Dubai resulted in the creation of 139,451 jobs and USD 53.67 billion
FDI between 2006 and 2014.

According to the available data as in Figure 2.5, we notice that Dubai’s FDI increased rapidly by
23.5% from USD 6.3 hillion in 2007 to USD 7.2 billion in 2014. For the North Emirates, 2014 was
the highest year for FDI, with FDI increasing by 57% from 2006 to 2014, to reach a total amount of
USD 4 billion in 2014. While FDI in Abu Dhabi fluctuated widely year on year from 2006 to 2014,
and fell by 20% in 2014 compared to 2006, this decline in FDI activity is due to corporate

restructurings.



Figure 2.5: FDI by year and destination emirate in million USD
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Concerning the FDI structure and the main sectors receiving FDI by emirate between 2006 and 2014,
as Figure 2.6 shows, Dubai’s FDI is centralised in the real estate sector by 25.7%, followed by the
accommodation and food services sector with a contribution of 15%, then the mining and quarrying
sector with 12.4%. According to FDI capital invested in key sectors within Abu Dhabi from 2006 to
2014, it is observed that the concentration of FDI was greatest in the manufacturing sector at 20%,
followed by the real estate sector at 19.5%. This percentage increased, allowing for the relaxation of
rules regarding foreign ownership. The freeholding of real estate properties in certain areas of Abu
Dhabi, known as Investment Zones, started in 2005 and the third largest allocation went to the
mining and quarrying sector, obtaining 16% of total FDI. In the North Emirates, the mining and
guarrying sector generated the highest value of FDI (USD 5.1 billion), equating to 34.2% of total
FDI for all economic sectors between 2006 and 2014.

Figure 2.6: Main sectors represent capital investment FDI between the period 2006 and 2014

Manufacturing , 20.0%
Other sectors , 31.5%
Real Estate, 19.5%

Accomodation and Food
services , 13.0%

Real Estate,

21.1% Real Estate, 25.7%

Accomodation and Food
services , 15.0%
Other sectors , 36.0%
Finance and Insurance ,
10.9%

Other sectors ,

Mining and Quarryi

\_

Other sectors , 31.7%
Mining and Quarrying ,
34.2%

Real Estate, 6.8%

Accomodation and Food
services , 20.5%

Data source: fDi Intelligence

26



Dubai is seen as the major hub and top destination of global FDI inflows among the UAE's emirates
for a variety of reasons, including: its reputation of economic openness, investors’ perceptions of
Dubai’s competitive advantage, founded on its safety and security and the availability of global
infrastructure, and the reputation that has been built over the years to keep pace with the rapid speed
of its economic development. Other contributing factors include: the increase in competitiveness

indicators, the conducive business environment and the business friendly regulatory environment.

The UAE’s government has identified the main economic sectors that would support the FDI
diversification in the country between the years 2015 and 2021. The emirate of Dubai has ascertained
its sector-specific needs to attract future FDI in its manufacturing, construction, real estate, financial
services, and tourism sectors, while the emirate of Abu Dhabi planned a new diversification strategy
in order to increase FDI inflow and attract new projects into five main sectors: manufacturing,
construction, tourism, transport and logistics, and financial and insurance services. With regard to
the FDI strategy for the North Emirates, the UAE’s government is targeting improvements in FDI

in manufacturing, the environment, transport and logistics, tourism, and the healthcare sector.
2.3 Conceptual framework

This section presents an overview of the theory that informs the discussion on the association of FDI
on economic performance. This overview builds on insights from Neoclassical growth theory and
the connected empirical growth-accounting framework. The existing literature proposes that the
relationship be decomposed into direct and indirect relations. In this section, a discussion identifies

the direct and indirect relationships between FDI and economic growth.

The first benefit of FDI to a host country is the possibility of bringing additional capital to the host
country. FDI capital is essential for meeting the Sustainable Development Goals in a host country.
Capital inflows support a host country's economy, and create higher output and jobs. Increased
demand of labour and a rise in wages are expected to be further relationships of FDI inflows into
developing economies. This is linked to the hope that the population in a host country will benefit
from the job opportunities created from FDI inflows, which will eventually help to increase wages.
More goods are produced in a host country from FDIs, meaning an increase in overall demand for
labour and higher wages. The goods produced in a host country are more skill intensive, so demand
for skilled labour in a host economy increases. Furthermore, FDI inflows target economies with less
skilled labour. A host country with abundant labour would experience a raise in the demand for
labour, and increase equilibrium wages in a host country. According to Nunnenkamp (2002), who
empirically analysed FDI inflows across sectors into developing countries, FDI increases wages in

all worker groups as multinational companies concentrate on technology-intensive sectors that
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demand skilled labour. A host country with a skilled labour force will benefit from FDI inflows by
offering higher wages but with regard to unskilled labour the outcome is uncertain. Moreover, FDI
can generate an inflow of physical capital and human capital into the host country (Johnson, 2005).
Pack (1994) states that high rates of FDI inflows into physical and human capital achieve high
economic growth rates and enhance a host country’s economic performance. Standard economic
growth theory states that an increase in total investment would have a positive related with country’s
economic growth. Consequently, an increase in FDI inflows would lead to an increase in a host

country’s value added and improve and enhance its economic performance.

The indirect relationship of FDI (spillover effects of FDI) on a host economy has been widely
debated in the literature. It is a vehicle for the transfer of technology and knowledge to host
economies. The transfer of technology and know-how is another potential benefit associated with
the FDI inflows into a host economy (Pavlinek, 2004). FDI is expected to expand the existing
knowledge in a host economy through labour training and skill acquisition and diffusion. Indeed,
even without a significant and huge physical capital accumulation in a host country from FDI
inflows, FDI is expected to promote and advance knowledge transfers, for example licensing and

agreements, management contracts and joint ventures (De Mello and Sinclair, 1995).

In general, multinational companies are expected and assumed to have a high level of technology,
and they are the firms that are primarily expected to carry out FDIs. These multinational companies
will have more advanced technology than the surrounding firms in the host economy, which means
that the average level of technology and productivity in the host country will be higher (Uppenberg
and Reiss, 2004). According to Blomstrom and Kokko (1997), one of the main reasons that a host

country tries to attract more FDI inflows is the possibility of technology spillovers.

On the other hand, technology brings productivity spillovers to firms within the same sector that the
FDI is in, which means that competitors will become more productive to stay competitive with
foreign and domestic firms in the same sector. Furthermore, technology brings productivity
spillovers to sectors other than the ones that FDI is in. This mainly drives a rise in the level of
knowledge of production in a host country's economy in all sectors (Uppenberg and Reiss, 2004).
According to Knell and Radosevic (2000), FDI inflows improve a host country's productivity and
affect a host country’s economic growth by increasing the returns generated in the interaction
between domestic and foreign firms. According to Javorcik (2004), spillovers from FDI take place
when the entry or presence of multinational corporations increases the productivity of domestic firms

in a host country and the multinationals do not fully internalize the value of these benefits.
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With regard to FDI technological spillovers on labour, Glass and Saggi (2002) worked theoretically
on the presence and availability of FDI and its relationship with domestic firms’ productivity. They

found positive relationship through the labour mobility channel.

From the capital accumulation inflows into a host country, FDI is expected to enhance and encourage
the incorporation of new inputs and technologies into the production function of the host economy.
The new inputs have a positive relationship on the total output growth of production function
(Feenstra and Markusen, 1994) and the new technologies; as FDI is a potential source of
productivity, FDI is expected to affect positively the total output through spillovers to domestic

firms.

2.4 Empirical specification

2.4.1 Data

Some data are at the sectoral level and emirate specific. These variables are: value added (V' A), FDI,
GFCF (K) and labour (L) of 14 sectors for each emirate destination in the UAE. The sources of these
variables are: fDi Intelligence, the Federal Competitiveness and Statistics Authority (UAE), the
Statistics Centre (Abu Dhabi) and the Dubai Statistics Center. The other variables are country
specific. These variables are: value added (VA), GFCF (K) and labour (L). The source of these
variables is the World Bank’s World Development Indicators (Constant 2005 USD). The dataset is
annual and covers the period of 2006-2014.

The three destinations of the UAE are Abu Dhabi, Dubai and North Emirates. The 14 sectors are
classified into three main economic activities for the purpose of our estimations. First, the primary
sector includes mining and quarrying (includes crude oil and natural gas). Then, the secondary sector
includes: (1) manufacturing, (2) electricity, gas, and water supply; waste management, and (3)
construction. Last is the tertiary sector, which consists of: (1) wholesale and retail trade; repair of
motor vehicles and motorcycles, (2) transportation and storage, (3) accommodation and food
services, (4) information and communication, (5) financial and insurance services, (6) real estate,
(7) administrative and support services, (8) education, (9) human health and (10) social work and

arts recreation services.

The GFCF variable for Dubai and North Emirates covers only 13 sectors excluding the
administrative and support services sector (in the tertiary sector) as it is not available in the source
for the period of 2006-2014.
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Data is in local currency — Arab Emirates Dirham (AED) — and it has been converted to USD using
a fixed exchange rate (1 USD = 3.67 AED), and then deflated by GDP- value added, adjusting all
variables to 2006 values. GFCF and labour variables are taken in their natural logarithms to reduce
any problems of heteroscedasticity. Value added is also in natural logarithm form. Data from the
World Bank’s World Development Indicators have been used to calculate the technological distance
of the FDI portfolio. To calculate TFP?, we use country-level data on GDP (GDP (constant 2005
USD)), GFCF (constant 2005 USD) and total number of workers.

For distance to the frontier variable, the weighted TFP of the source of FDI where weights are the
relative value of FDI from each source country divided by the TFP of destination UAE. The

following equation shows the distance to frontier to determine the technological intensity:

FDI ;;
jes Ljes™P! ke

TFP yag,

1)

DiStikt =

Where:

i = Emirate

Jj = Source country

k = Sector

t = Year

S = Set of source country

2 We use a Cobb-Douglas aggregate production function specification: Y = AK*L'~%, we measure it as:
0.35
A= TFP, = (:—t) (%) , Where t is a time index. As the output elasticities of coefficients are subject to
t t
change with respect to the structure of the economy and the estimation of the sample period, there is no
consensus on the values of these parameters. Ismihan and Ozcan (2005) and Bosworth and Collins (2003)
indicated that the coefficient of capital may take values between 0.35 and 0.65. In terms of the capital stock
series, based on Saad (2017) who constructed capital stock using perpetual inventory method to measure and
compute TFP of the Lebanese economy, our K is constructed using the perpetual inventory method as: k; =

(1— 8) k., + I, where I, denotes FDI investment and § is the depreciation rate (0 < § < 1). Moreover,
the initial capital stock (k,) is estimated by using: k, = g:—f& . Where g denotes the average growth rate (the
mean of GDP growth over the period of available data countries), and § denotes depreciation rate — we have
taken this to be 0.06, based on Mairesse and Jaumandreu (2005), who estimated a production function with

firm-level data and information on book values of capital stock. They estimated output elasticities between
0.06 and 0.11.
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We construct the FDI inflows in each emirate from the total FDI inflows in all UAE destinations for
the 9 years from 2006 to 2014, in order to measure the geographical spillover effect across emirate
region and between sectors during that period of time. Geographical spillover is conducted and
defined as the total FDI that flows to a given emirate in a given year, excluding that of the FDI that
flows to the given sector. To estimate the sectoral spillover effects, we construct the sectoral
spillover of the three main sectors (primary, secondary and tertiary). Primary sector spillover is
conducted as follows: for each primary sector in each emirate and each year; primary spillover equals
all FDI that flows into the UAE in this year in all primary sectors, minus the FDI that flows to the
given sector in this year. For each sector that is not a primary sector; primary spillover equals all
FDI that flows into the UAE in this year to all primary sectors. We define secondary and tertiary

spillovers in the same way.

Descriptive statistics are represented in Table 2.1. We have in total 378 observations across 14
sectors, 3 emirates and 9 years. As in some sectors we do not have information on capital, we have
360 observations in total on capital. With regard to FDI, the minimum value of FDI is zero. The
highest value added registered in the mining and quarrying sector was in Abu Dhabi in 2014 and in
terms of the lowest value added, the North Emirates was lowest in the social work and arts recreation
services sector in 2006. The technological distance observations were only 219 observations, which
this means that in some cases when the distance of the FDI portfolio was calculated, TFP was not
available for some of the source countries. We calculated as follows: first, distance was calculated
using the original weight, but the weights did not equal 1; second, the weights of the source countries
were recalculated to reflect only those countries for which TFP was available. For some
observations, distance has a value < 1 and for others it is >1. A distance below 1 means that the
weighted average of the source countries’ TFP is lower than the TFP of UAE in that year. Similarly,
a distance above 1 indicates that the weighted average of TFP of the source countries is above the
TFP of UAE in that year. The highest distance is in Dubai in 2010 in the construction sector and the
lowest distance is in North Emirates in the mining and quarrying sector in 2014. Variables’

definitions and expected signs are showing in Table 2.2.
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Table 2.1: Descriptive statistics

Variable Observation Mean [S){t::ngi Minimum Maximum
Value added 378 6654.324 13992.11 238.5 99663.4
FDI 378 231.1413 517.4048 0 4744
Capital 360 1741.016 2186.511 6.6 15865.3
Labour 378 97412.03 135989.2 2067 756209
Abu Dhabi Emirate 378 0.333333 0.472029 0 1
Dubai Emirate 378 0.333333 0.472029 0 1
Primary 378 0.071429 0.257881 0 1
Secondary 378 0.214286 0.41087 0 1
Geographical spillover 336 443.4661 688.8369 0 4746.2
Primary spillover 331 412.8462 956.3592 0 4744
Secondary spillover 336 389.7006 418.1948 0 2027.3
Tertiary spillover 336 1895.201 2011.7 0 8088.8
Distance 219 0.612307 0.429219  0.002647 1.801495
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2.4.2 Empirical model

This study intends to examine whether FDI has relationship with the economic performance of 14

sectors in three destinations in the UAE.
The base line regression model is:
InVAye = Bo+ P1FDlige—1 + B2InKipp—1 + PalnLly—q +a; + 6 + A + €t (2)

Where the subscripts i,k and t denote emirate, sector and year respectively, VA is the value added,
FDI is the value of FDI, K represents the capital and L represents the labour. All controls are in lags
to avoid problems of endogeneity.

To estimate the relationships between FDI and economic performance, we use a fixed-effect model.
a; is an emirate fixed effect to control for variables that vary across emirates but are constant over
time and sector; §, is a sector fixed effect to control for variables that vary across sector but are
constant over time and emirate; and A, is a time fixed effect to control for variables that vary across

time but are constant across emirate and sector.

We include the measure of the technological distance of the FDI portfolio. The regression model

becomes:

LnVAijt = Bo + 1 FDlige—1 + B2 Distyge—1 + B3 FDIDisty_ 1 + BaInKjpeq +
BsInLiy_s + Be FDIADys_1 + By FDIDXBis—q + Bg FDIPTimyg_, +
ﬁg FDISecondikt_l + +ai + 6k + /1t + Eikt (3)

Where Dist stands for technological distance and FDIDist stands for the interaction between FDI
and distance. FDIAD stands for the interaction between FDI and Abu Dhabi emirate indicator
variable, FDIDXB is the interaction term between FDI and Dubai emirate indicator, FDIPrim stands
for the interaction between FDI and primary sector indicator, and FDISecond stands for the

interaction between FDI and secondary sector indicator.

To identify and quantify FDI spillovers effects, we construct the geographical and sectoral spillovers

and regress them separately with other variables.

InVAye = Bo + B FDljge—1 + B2 InKigp—q + B3InLige 1 + By GeoSpillypeq +
Bs PrimSpilly.—1 + P SecondSpillyyi_q1 + B7 TertSpillyy,—1 + Bg Distige—q1 +
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Where GeoSpill is the geographical spillover. PrimSpill stands for primary sector spillover,

SecondSpill stands for secondary sector spillover, and TertSpill stands for tertiary sector spillover.
2.5 Empirical results

The results of the panel regressions are reported in Tables 2.3-2.6. Table 2.3 shows the base
regression of FDI and value added. We study the relationship between FDI and economic
performance. We see that FDI has an ambiguous relationship with the value added, depending on
the sector. In specifications 3.1, 3.2, 3.6 and 3.7, we find that FDI is a positive and significant
relationship with value added with a magnitude of 0.0002, 0.0003, 0,0003 and 0.0003 respectively,
as we expected. The coefficients are positive and highly significant signs at 1% level, but very small,
which suggests that the association between FDI on value added and UAE economic performance
is not large. These positive significant results for FDI are in line with Reisen and Soto (2001) and
Li and Liu (2005). Both studies focused on developed and developing countries to investigate the
relationship between FDI and economic performance and both studies found a positive and
significant association; they reported that foreign portfolios and FDI boost the host country’s
economy. This result indicates that there is a potential benefit from attracting FDI and attracting FDI

in UAE as a host country increases the economic performance of the country.

Furthermore, in the same table (Table 2.3), the results show that capital and labour have a positive
and statistically significant with value added, as we expected. This result indicates that physical
capital and human capital contribute to economic performance, probably due to the capital
accumulation and the improvement of labour productivity. In specification 3.1, the coefficient of
capital is 0.3109 and the coefficient of labour is 0.3480. That means that a 1% increase in capital
will lead to a 0.31% increase in value added, holding all else constant. While for labour, a 1%

increase in labour will leads to a 0.35% increase in value added, holding all else constant.

With regard to the capital results, the results are consistent with Levine and Zervos (1998) as they
investigated the association between capital and value added and found that capital has a positive
significant related to value added. This means that a host country with physical capital assets
increases the value added. In terms of labour, these findings are in line with Warr (2006), who
studied productivity in Thailand and Indonesia between 1981 and 2002 and found that human capital

increases GDP.

We study whether FDI has a different association with the value added depending on the location
and /or sector. In particular, potential advantages derived from FDI might differ markedly across the
primary, secondary and tertiary sectors, and the same for locations. Each location offers different

determinants of FDI to foreign investors, which might affect the levels of FDI. From specifications
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3.2-3.4, we see that the fixed effects are statistically significant, and the interaction of the sectoral-
level fixed effect reduces the positive significance magnitude of the coefficient of FDI from 0.0003
in specification 3.2 to 0.0001 in specifications 3.3 and 3.4. This result indicates that the sectors

related to the the magnitude of FDI and its related to value added.

In specification 3.5, we see whether FDI has different association and relationship depending on the
location. The interaction terms between FDI and Abu Dhabi, FDI and Dubai are not statistically
significant, either individually or in groups. This means that locations related on the magnitude of
FDI and value added.

For more detail, in specifications 3.6 and 3.7 we add primary and secondary sectors and the results
show that the primary sector has a higher value added on average. The primary sector is the average
of value added, about 1.7451 on average, compared to the secondary and tertiary sectors. In the same
these two specifications FDI becomes positively significant. This result indicates that the variation
of the association of FDI depends on sectors. Furthermore, in these two specifications and following
Alfaro and Charlton (2007), we test for differential relationship of FDI on different type sectors. We
interact FDI with sector classification, primary and secondary. We see that on average, the value
added in the primary and secondary sectors is higher than the value added in the tertiary sector. The
interaction coefficients with FDI are jointly significant. These results are in line with Alfaro and
Charlton (2007) and VVu and Noy (2009), as both found that the primary and the secondary sectors
related positively and significantly to value added compared to the tertiary sector.

In specifications 3.8 and 3.9, we look at locations by adding FDI in Abu Dhabi and FDI in Dubai.
We see in specification 3.8 that FDI in Dubai is positive and significant and FDI in Abu Dhabi has
no related with the value added. This indicates that Dubai’s FDI has a higher value added on average
compared to Abu Dhabi’s FDI and the North Emirates’ FDI. This may be due to Dubai's friendlier
business environment, excellent infrastructure, solidity of regulations, relatively diversified
economy, and political stability, which continue to position it as one of the most preferred investment
destinations, according to economists at the Institute of International Finance (2016). In specification
3.9, the interaction terms between FDI in Abu Dhabi and FDI in Dubai and the result show that it is
jointly significant at 1% level, although FDI has a higher related with the value added in both Abu
Dhabi and Dubai compared to the North Emirates. In these two specifications, FDI becomes negative
and significant by adding the location, which means that FDI is conditional on the host environment

and absorptive capacity of the host economy; this finding is in line with De Mello (1997).

From specifications 3.5-3.9, the results indicate that attracting FDI in different sectors and locations
is matter as found in different studies (Basu et al., 2003; Hsiao and Hsiao, 2006; Campos and
Kinoshita, 2002; Ray, 2012). This indicates that FDI related to the value added vary by sector.
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Indeed, from Table 2.3 with regard to FDI, we find that when we control for primary and secondary
sectors, year and interaction between sectors and FDI, the relationship between FDI and economic
performance is no longer ambiguous but rather positive and significant. This result is in line with
Alfaro and Charlton (2007) as they examined the quality of FDI and found that the relationship
between FDI and economic performance is positively significant and stopped being ambiguous
when they controlled for sectors and time. Importantly, the table also demonstrates that FDI, capital
and labour in UAE led to a higher increase in value added during the period 2006-2014. In terms of
the magnitude between them, labour has the highest magnitude on the value added, followed by
capital then FDI with small coefficients. This result is in line with the UAE government’s strategy
of attracting FDI, not to get the benefit from its capital but to benefit from foreign investors’
technologies.

The main element of Table 2.4 is the distance to frontier. We add distance and the interaction term
between FDI and distance. In specification 4.1, distance related negative and significant with a
magnitude of -0.5399. This means that the distance to technology frontier has a negative relationship
on productivity in the UAE, while the interaction term between FDI and distance has a positive
insignificant relationship with value added and its coefficient is 0.0002, similar to FDI, as it is
positive and insignificant with value added, once the distance is added, with a coefficient of 0.0001.
The association of distance of technology transfer is found to be weak with regard to UAE economic
performance, as we expected. This implies that the higher the level of technological development in
a host country, the bigger the relationship of FDI with value added and the country’s economic
performance (Baltabaev, 2014). This result is in line with Sjoholm (1999), who showed that the huge
technology gap may constitute an obstruction to the absorption of any potential spillover from FDI.
Capital and labour are found positively related to economic performance. A 1% increase in capital
leads to a 0.28% increase in value added, holding all else constant. A 1% increase in labour leads to

a 0.32% increase in value added, holding all else constant.

In specification 4.5, FDI has a negative sign and the interaction between FDI and distance is positive.
This means that the more positive the distance is, the more positive related of FDI becomes with the
value added. The FDI signs changes from a positive to negative by 1.75 level of distance greater
than the mean of distance. Distance changes from a positive to negative sign by 1485 level of FDI

greater than the mean of FDI.

We add location of FDI in specification 4.6, and we see that FDI in Abu Dhabi and FDI in Dubai
have no relationship with value added. Distance and FDI have negative insignificant signs but the
interaction between FDI and distance is positive and significant when controlling for sector and year.

This indicates that the higher the level of technological development in the host country, the bigger
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the capacity of the host country to absorb potential spillovers from FDI. This result shows the
importance of FDI in technological transfer in the UAE to enhance the country’s economic
performance; this is the UAE government’s main aim in attracting FDI, to strengthen the
technologies and reduce the technology gaps, if any. This result is consistent with Findlay (1978),

who demonstrated that the technological gap should not be huge.

We also add the specific sector in specification 4.7 and we see that the primary sector has a higher
value added, on average by 1.4067, compared to the other sectors. This result is in line with Alfaro
(2003) who revealed that FDI in the primary sector affects value added significantly. This indicates
that the primary sector dominates and controls the country's economic performance, and this is due

to the abundant and rich natural resources available in the country.

In specifications 4.10 and 4.11, distance is negatively significant and the interaction between FDI
and distance is positively significant. These results indicate that FDI’s distance away from the
frontier is catching up with diffuse technology at a fast pace. In other words, attracting FDI from a
far distance brings high technology to the host country. This result is in line with Findlay (1978),
Madariaga and Poncet (2007) and Aghion and Howitt’s (2008) empirical findings, when they
examined the technology frontier. The larger the distance to the frontier of the foreign firms, the
larger the spillover relationship.

In specification 4.11, we add distance, FDI, the interaction between FDI and distance, sectors, FDI
in Abu Dhabi and FDI in Dubai, and we control for emirates, primary secondary and year. We see
from the results that FDI in Dubai has a higher value added (the average is about 0.0012) than in the
other emirates. This indicates that Dubai’s FDI has a strong relationship with the value added and
that Dubai’s economy has diversified, as the government planned in its strategy. In the same
specification, FDI and distance are negative and significant and the interaction between FDI and
distance has a positive significant relationship with value added. This indicates that FDI inflows to
the UAE bring in technology and enhance the country’s economic performance. The positive
significance of this result means that if distance increases, the relationship between FDI and value
added becomes higher and positive. These results indicate that FDI distance away from the frontier
is catching up with diffuse technology at a fast level. In other words, attracting FDI from a far
distance brings high technology to the host country. This is in line with Findlay (1978), Madariaga
and Poncet (2007) and Aghion and Howitt’s (2008) empirical findings, when they examined the
technology frontier. The larger the distance to the frontier of the foreign firms, the larger the spillover
effects. This result is also in line with Aghion et al. (2005) and Amable et al. (2008), who showed
the positive relationship when the distance to the frontier is higher and farther. We deduce from

these results that a host country with smaller technology gaps seems to benefit less from FDI. This
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result is in line with Baltabaev (2013), who used a panel of 46 countries over 1974-2008, measured
TFP and employed the Generalized Method of Moments (GMM) estimation method to examine
technological distance and FDI. It was found that host countries with large technology gaps benefit
more from FDI inflows. Generally, from Table 2.4 the results indicate that the distance to frontier

of FDI inflows from the source countries influences on the size of the value added.

Table 2.5 focuses on the geographical spillovers from FDI and their relationship with value added.
Geographical distance determines the costs and the attenuation pattern of technology diffusion; in
all specifications the geographical spillovers have positive relationships with the value added, as we
expected, with a magnitude of 0.0001. This indicates that geographical spillovers have a positive
role and that it is important to match sectors and emirates to region, in order to enhance the economic
performance of the UAE. Geographical spillovers are positively influenced by sector. This result is
in line with Madariaga and Poncet (2007) as they investigated the geographical spillovers from FDI
in China and its related to the economic performance. The authors found that geographical spillovers
had a positive relationship with the country’s economic performance. Moreover, this positive
relationship indicates that knowledge would flow easily and rapidly among sectors and emirates
from FDI and foreign investors’ firms to domestic firms. An increase in the contribution of FDI
generates positive geographical spillovers towards the host country's firms and market. In
specification 5.4, FDI is positive by a magnitude of 0.000, and capital and labour are positively
significant. The primary sector has a higher value added on average. Distance is negatively
significant and the interaction between FDI and distance is positively insignificant on value added.
From this table we conclude that geographical spillovers from FDI matter and have a positive

relationship on knowledge spillover and diffusion in the UAE.

Table 2.6 presents the sectoral spillovers for the three main sectors (primary spillover, secondary
spillover and tertiary spillover) to see the relationship of each sector’s spillovers from FDI on value
added. Primary spillovers on value added are negative in specification 6.1 and become positive in
specifications 6.2 and 6.3 when we control the primary and sector effects. These results indicate that
FDI in the primary sector related positively with knowledge spillover and diffusion in the UAE.
These results are in line with Akinlo (2004), who revealed that the sectoral spillover from FDI
inflows in Nigeria differs depending on the receiving sector. In general, in this table the sectoral
spillovers have different signs. The result is similar for secondary spillovers. Primary spillovers and
secondary spillovers have a positive relationship with value added. In other words, the primary
sector's spillovers and the secondary sector’s spillovers from FDI inflows have larger technological
spillovers, knowledge transfer and know-how, which enhance the value added more than the tertiary
sector’s spillovers. This is due to high competition in these two sectors in the UAE as well as the

fact that these two sectors have more technologically advanced firms. This result is in line with Sun
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et al. (2017), who utilised data from the Republic of South Korea to quantify the spillover effect of
inward FDI across sectors during the period of 2000-2004. They found that there are positive FDI
spillover effects from the primary sector spillovers and secondary sector spillovers compared to the
tertiary sector spillovers. In specification 6.4 we add the control years and we see that tertiary
spillovers related positively with value added and primary spillovers and secondary spillovers
related negatively with the value added. This result indicates that each sector has technological
diffusion that spreads within the sector and across the economy. We conclude from this table that

domestic firms can benefit more from sectoral spillovers.

2.6 Conclusion

This study has examined the relationship of FDI on economic performance. It has illustrated how
the effect of FDI varies between sectors and it has explored the geographical and the sectoral extent
of FDI technological spillovers and associated spatial diffusion in the UAE. It used sectoral-level
panel data covering 14 economic sectors over the period 2006-2014 and three destinations in the
UAE, using Solow’s growth accounting technique by employing a production function model. The
empirical study finds contradictory results; FDI has different relationships with value added (Aitken
and Harrison, 1999; Alfaro et al., 2004; Keller, 2004; Keller and Yeaple, 2009; Woo, 2009)
depending on the location and sector. FDI has a higher association on the value added in both Abu
Dhabi and Dubai compared to the North Emirates and attracting FDI to the primary sector appears
to matter and it improves the economic performance more than other sectors. In terms of
technological distance, FDI flows from source countries that are far away bring higher quality
technology to the UAE. The geographical spillovers from FDI influence economic performance
positively. In addition, the quality of FDI from sectoral spillovers is positive in all sector spillovers.
In sum, the results so far suggest that the positive relationship from FDI depends on the absorptive
capacity of the destination. Finally, attracting FDI, and the entry of FDI to all sectors, will no doubt
lead to greater technological spillovers (geographical and sectoral spillovers), which will contribute

to enhancing economic performance in the country.
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2.7 Appendices

Table 2.2: Variables’ definitions and expected signs

Abbreviation Variable Definition E.XP ected Source
signs
Ln VA, Value_added  GDP deflator per ikt Federal Competitiveness and
Statistics Authority — UAE,
Statistics Centre - Abu Dhabi
and Dubai Statistics Center, The
World Bank
FDljjr—q FDI Value of FDI inflows as a percentage of GDP (FDI + fDi intelligence
deflated by GDP deflator) per ikt
Ln Kigr-1 Capital Value of GFCF of GDP taken in natural logarithms + Federal Competitiveness and
(Logarithm of GFCF deflated by GDP deflator) per ikt Statistics Authority — UAE,
Statistics Centre - Abu Dhabi
and Dubai Statistics Center, The
World Bank
Ln Ly Labour Number of worker of GDP taken in natural logarithms + Federal Competitiveness and
(Logarithm of worker deflated by GDP deflator) per ikt Statistics Authority — UAE,
Statistics Centre - Abu Dhabi
and Dubai Statistics Center, The
World Bank
Distixr-1 Distance Sum of FDI share per country, year and sector multiply it + Author calculation, data source
by the TFP for the same country, year and sector then from Penn World Table, version
divide that sum by UAE TFP for the same year and sector 9.0
Z FDI jjr —
. jes Zies FPijice
Distyy, = TFP uame
GeoSpilliz—y  Geographical Total FDI that flows to a given Emirate in a given year, + Author calculation
spillover excluding that of the FDI that flows to the given sector
D FDlyey — FDljye s
PrimSpilly—y  Primary For each primary sectors in each Emirate and each year; + Author calculation
spillover primary spillover equals all FDI that flows to UAE in this
year in all primary sector minus the FDI flows to the
given sector in this year.
Z . ZFDIP jeo1 — FDIj.
PE(AD,DXB,NE) jeprimary sector
For each sector that is not primary; primary spillover
equals all FDI that flows to UAE in this year to all
primary sector.
o ZFDI,, jio1
PE(AD,DXB,NE) jEprimary sector
SecondSpillye_y  Secondary Similar is sense as primary spillover + Author calculation
spillover
TertSpillijxe—y  Tertiary Similar is sense as primary spillover + Author calculation
spillover
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Table 2.3: Value added and FDI

Ln value added 3.1 3.2 33 3.4 3.5 3.6 3.7 3.8 3.9
FDI , 0.0002%%* 0.0003 *** 0.0001 0.0000 -0.0004 0.0003%%* 0.0003%* -0.0007* -0.0005*
(0.0001) (0.000) (0.0001) (0.0001) (0.0005) (0.0001) (0.0001) (0.0004) (0.0003)
Ln capital, 4 0.3109%** 0.3277%** 0.2087*** 0.1993*** 0.3444%%* 0.2699%*** 0.2664%** 0.3597*%* 0.2832%**
(0.0465) (0.0519 (0.2620) (0.0235) (0.0532) (0.0366) (0.0383) (0.0541) (0.0366)
Ln labour, , 0.3480%** 0.3356%** 0.7044%** 0.8015%%* 0.3279%%** 0.4614%%* 0.4676%** 0.3470%%* 0.4582%%*
(0.0369) (0.0348) (0.0718) (0.0700) (0.0351) (0.0388) (0.0386) (0.0346) (0.0391)
FDIAD, , 0.0006 0.0007 0.0005
(0.0006) (0.0005) (0.0004)
FDIDXB, 0.0008 0.0009** 0.0009
(0.0006) (0.0005) (0.0003)
Primary 1.7440%** 1.7451%%* 1.7440%** 1.7606***
(0.2047) (0.2097) (0.2047) (0.2126)
Secondary 0.1055 0.0858 0.1055 0.0643
(0.1009) (0.1053) (0.1009) (0.1081)
FDIPrim, , -0.0002%* -0.0003* 0.0005 -0.0002
(0.0001) (0.0001) (0.0003) (0.0001)
FDISecond, -0.0002 -0.0002 -0.0000 0.0000
(0.0001) (0.0002) (0.0002) (0.0002)
Constant 2.3138%%* 2.1576%** -1.3412 -2.243]1%% 2.2881%** 1.0463%* 1.1894%* 2.0392%%* 1.3348%
(0.4415) (0.4668) (0.8225 (0.8256) (0.4754) (0.5025) (0.5537) (0.5118) (0.5565)
Fixed Effects
Emirate NO YES YES YES YES YES YES YES YES
(F-test) (9.41%%%) (57.59%%%) (60.03%*%) (7.04%%%) (11.70% %) (11.22%%%) (10.14%%%) (9.53%%%)
Sector NO NO YES YES NO NO NO NO NO
(F-test) (94.10%%%) (123.29%%%)
Primary/ NO NO NO NO NO YES YES YES YES
secondary (36.27%%) (34.66%*%) (35.84%%%) (34.42% %)
(F-test)
Year NO NO NO YES NO NO YES NO YES
(F-test) (2.81%%%) (0.37%) (0.36)
Interaction
Terms
FDIPriny NO NO NO NO NO YES YES YES YES
FDISecond (2.18%) (2.11%) (0.91) (1.01)
(F-test)
FDIAD/ NO NO NO NO YES NO NO YES YES
FDIDXB (1.27) (3.74%%) (3.56%%%)
(F-test)
Observations 231 231 231 231 231 231 231 231 231
R-squared 0.4318 0.4839 0.9067 0.9158 0.4926 0.6104 0.6154 0.5061 0.6257

*p<0.1, ** p<0.05, *** p<0.01
Robust standard errors in parenthesis under coefficients



Table 2.4:

Value added, FDI and distance

Ln value

4.1 4.2 4.3 4.4 4.5 4.6 4.7 4.8 4.9 4.10 4.11
added
FDI,, 0.0001 0.0001 0.0000 0.0000 -0.0007 -0.0001 0.0001 -0.0010%* -0.0011%** -0.0010%* -0.0011%*
(0.0001) (0.0001) (0.0001) (0.0001) (0.0006) (0.0002) (0.0001) (0.0004) (0.0003) (0.0004) (0.0004)
Dist,_; -0.5399%** -0.5330%%* -0.0465 -0.0252 -0.5942%%* -0.0691 -0.4965%%* -0.0762%** -0.6049%** -0.5709%** -0.6138%**
(0.1615) (0.1491) (0.0702) (0.0774) (0.1519) (0.0801) (0.1324) (0.0848) (0.14299) (0.1282) (0.1385)
FDIDist, ; 0.0002 0.0002 0.0001 0.0001 0.0004 0.0002* 0.0002 0.0004 0.0004 0.0004* 0.0004*
(0.0003) (0.0003) (0.0001) (0.0001) (0.0003) (0.0001) (0.0002) (0.0003) (0.0003) (0.0002) (0.0003)
Ln capital, ; 0.2774%%* 0.2703%** 0.2542%%% 0.234 %% 0.3002%** 0.2404%** 0.2687*** 0.3049%** 0.2942% % 0.3040%** 0.2978%*%*
(0.0512) (0.0540) (0.2707) (0.0243) (0.0562) (0.0260) (0.0439) (0.0424) (0.0424) (0.0371) (0.0377)
Ln labour, 0.3237%%* 0.3065%** 0.6620%** 0.7766%%* 0.289]*** 0.7616%** 0.4219%** 0.4016%** 0.4105%** 0.4028%** 0.4107%***
(0.5197) (0.0425) (0.0861) (0.0833) (0.0433) (0.0857) (0.0444) (0.0449) (0.0443) (0.0445) (0.0437)
FDIAD, 0.0003 -0.0001 0.0005 0.0006 0.0006 0.0006
(0.0007) (0.0002) (0.0005) (0.0005) (0.0004) (0.0005)
FDIDXB, 0.0009 0.0001 0.0011%** 0.0012%%** 0.001 1%*** 0.0012%**
(0.0006) (0.0002) (0.0004) (0.0004) (0.0004) (0.0004)
Primary 1.4067%** 1.4130%** 1.4611%*** 1.4190%** 1.4360%**
(0.2308) (0.2178) (0.2297) (0.2073) (0.2135)
Secondary -0.0379 -0.1090 -0.0852 -0.0512 -0.0641
(0.1242) (0.1337) (0.1365) (0.1016) (0.1037)
FDIPrim, -0.0001 0.0001 -0.0000
(0.0001) (0.0001) (0.0001)
FDISecond, -0.0001 0.0002 0.0001
(0.0002) (0.0002) (0.0002)
Constant 3.2374%%* 3.1771%** -1.0613 -2.1080%* 3.3915%%* -1.9361% 1.8742%** 2.1515%%*% 2.3718%** 2.1346%** 2.3500%**
(0.5197) (0.5213) (0.9662) (0.9684) (0.5433) (0.9895) (0.6155) (0.6131) (0.6619) (0.6064) (0.6491)
Fixed Effects
Emirate NO YES YES YES YES YES YES YES YES YES YES
(F-test) (10.63%%*) (33.64%%%) (37.50%%%*) (7.82%%%) (29.32%%%) (10.86%*%*) (10.68%%%) (3.26%%%) (10.95%**) (9.64%%%)
Sector NO NO YES YES NO YES NO NO NO NO NO
(F-test) (67.21%%%) (81.63%%%*) (83.00%%%)
Primary/ NO NO NO NO NO NO YES YES YES YES YES
secondary (19.22%%%*) (22.69%%%) (21.66%*%) (23.71%%%) (22.90%%%)
(F-test)
Year NO NO NO YES NO YES NO NO YES NO YES
(F-test) (2.87%%*) (2.71%%*) (0.88) (0.93)
Interaction
Terms
FDIPrim/ NO NO NO NO NO NO Yes Yes Yes NO NO
FDISecond (0.33) (0.37) (0.09)
(F-test)
FDIAD/ NO NO NO NO YES YES NO YES YES YES YES
FDIDXB (1.81) (2.84%%%*) (5.127%%%) (5.67%%*) (5.71%%%) (6.63%%*%)
(F-test)
FDIDist / YES YES YES YES YES YES YES YES YES YES YES
FDI (1.07) (2.05) (0.76) (0.74) (0.99) (1.84) (1.23) (2.84%%%) (2.98%%:*) (3.36%%%) (3.80%%**)
Observations 178 178 178 178 178 178 178 178 178 178 178
R-squared 0.4292 0.4948 0.8972 0.9107 0.5114 0.9133 0.6005 0.6234 0.6917 0.6872 0.6877

* p<0.1, ** p<0.05, *** p<0.01

Robust standard errors in parenthesis under coefficients
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Table 2.5: Value added, FDI, Distance and Geographical spillover

Ln value added 5.1 5.2 53 54
FDI, 0.0001 -0.0000 0.0000 0.0000
(0.0001) (0.0001) (0.0001) (0.0001)
Ln capital, 0.2703%** 0.2812%%* 0.2716%** 0.2639%**
(0.0544) (0.0401) (0.0391) (0.0399)
Ln labour, 4 0.3077%** 0.4462%** 0.4219%** 0.4293%**
(0.0433) (0.0473) (0.0442) (0.0437)
Geo Spill, 0.0000 0.0001 0.0000 0.0000
(0.0001) (0.0001) (0.0001) (0.0001)
Primary 1.4180%** 1.3689%%%* 1.3771%%*
(0.2599) (0.2104) (0.2193)
Secondary -0.1204 -0.0796 -0.0910
(0.1054) (0.0998) (0.1015)
Dist, -0.5244%** -0.494 [ ##* -0.503 [ ##* -0.5295%%*
(0.1516) (0.1384) (0.1285) (0.1344)
FDIDist, 0.0002 0.0001 0.0002 0.0002
(0.0003) (0.0002) (0.0002) (0.0002)
Constant 0.1342%%* 1.7660%** 1.8701%%* 2.0891%*
(0.5465) (0.0002) (0.6209) (0.6673)
Fixed Effects
Emirate YES NO YES YES
(F-test) (10.53 %) (10.64%%%) (10.83%*¥)
Primary/ secondary NO YES YES YES
(F-test) (15.81%%%) (21.84%%%) (20.35%*¥)
Year NO NO NO YES
(F-test) 0.74)
Interaction Terms
FDIDist / FDI YES YES YES YES
(0.60) (0.20) (0.89) (0.83)
Observations 178 178 178 178
R-squared 0.4953 0.5476 0.6000 0.6141

* p<0.1, ** p<0.05, *** p<0.01

Robust standard errors in parenthesis under coefficients
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Table 2.6: Value added, FDI, Distance and Sectoral spillover

Ln value added 6.1 6.2 6.3 6.4
FDI , 0.0001%* 0.0000 0.0000 0.0000
(0.0001) (0.0001) (0.0001) (0.0001)
Ln capital, , 0.2708*** 0.2861%** 0.2659%** 0.2638%**
(0.0556) (0.0391) (0.0412) (0.0425)
Ln labour, 0.3058*%* 0.4449%** 0.422]%** 0.4275%%*
(0.0435) (0.0471) (0.0447) (0.0438)
Prim Spill, -0.0001 0.0000 0.0000 -0.0000
(0.0001) (0.0001) (0.0001) (0.0001)
Second Spill, ; -0.0001 0.0001 0.0000 -0.0001
(0.0001) (0.0001) (0.0001) (0.0001)
Tert Spill, , 0.0000 -0.0001* -0.0000 0.0000
(0.0001) (0.0000) (0.0001) (0.0001)
Primary 1.4791%%* 1.3881*** 1.3384%%*
(0.2625) (0.2246) (0.2361)
Secondary -0.0607 -0.0619 -0.1261
(0.1134) (0.1076) (0.1177)
Dist, -0.5434%%* -0.5250%** -0.5115%** -0.5309%**
(0.1478) (0.1353) (0.1271) (0.1350)
FDIDist, 0.0002 0.0002 0.0002 0.0002
(0.0003) (0.0002) (0.0002) (0.0002)
Constant 3.1969%** 1.8204%** 1.9288%** 2.1590%**
(0.5747) (0.6523) (0.6569) (0.6860)
Fixed Effects
Emirate YES NO YES YES
(F-test) (8.91%%%) (8.23%%%) (9.10%%%)
Primary/ secondary NO YES YES YES
(F-test) (16.39%*) (19.82%%%) (17.87%%#)
Year NO NO NO YES
(F-test) (0.82)
Interaction Terms
Spillover primary/secondary/tertiary YES YES YES YES
(F-test) (0.56) (2.32%) 0.17) (0.25)
FDIDist / FDI YES YES YES YES
(2.60%) (0.72) (0.99) (0.65)
Observations 178 178 178 178
R-squared 0.5000 0.5588 0.6013 0.6157
* p<0.1, ** p<0.05, *** p<0.01 44
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Chapter 3

Determinants of FDI Flows to the Gulf
Countries: A Comparison of Estimation

Techniques of a Panel Data Approach

Abstract: This study examines empirically the important determinants of FDIs in three high-income
developing countries (UAE, KSA and Qatar) and controls for government policies and strategy plans
in identifying the priority sector and priority source country. The analysis uses 14 economic sectors
and FDI inflows from 66 source countries during the period of 2006-2014 by employing the gravity
model approach. They study finds that government business strategy, market size, openness and
infrastructure are the most important determinants of FDI in our selected host countries and the

government business strategies are effective in attracting FDI.
3.1 Introduction

The potential impulses to FDI in an economy have always been of great interest to researchers.
Intuitively FDI should flow into countries that have a strong market size, low production costs for
workers, a stable economic and political environment, steady government regulations, and protective
investment incentives. This means that the governments are engaged in a policy competition by
changing the key factors of their economic policies, such as labour market conditions, corporate
taxes, trade openness, subsidies, privatization, business ownership and regulatory regime policies so

as to improve FDI activity in their countries.
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As mentioned by Chakrabarti (2001) and Banga (2003), many countries have been actively trying
to attract FDIs by offering subsidies to foreign investors, income tax holidays, and investing in
infrastructure. Determinants of FDI have been explored both theoretically and empirically.
Theoretically, these theories are significant steps towards the development of a systematic
framework for the emergence of FDI. However, the capacity of each to serve as a self-contained
general theory, which could explain all types of FDI, such as outward and inward FDI at the firm,
sectoral, and country level, has been questioned in the works of various scholars (see Agarwal, 1980;
Parry, 1985; Itaki, 1991).

Others have investigated the determinants of FDI empirically. Piteli (2010) finds that TFP is a
determinant of FDI within the two sets of countries, European Union and Non-European Union. In
terms of distance as important determinants of FDI, according to Trkulja (2005), distance,
population, transportation and market power of surrounding countries also geographic size, all play

a significant role in attracting foreign capital.

It is important to understand which factors are key for investors when it comes to decisions on
location for FDI. Investors are keen to understand what sort of political system prevails in any
particular country and what has been its recent record in terms of attracting FDIs. Furthermore,

country’s determinants of FDI would support the country’s strategy in attracting FDIs.

Several existing papers in the literature on empirical determinants of FDI in different economic
approaches employ the gravity models. The gravity model appears to be an adaptation of the law of
universal gravitation for socio-economic phenomena like FDI inflows, trade and migration (Zysk
and Smiech, 2014). Azeem et al. (2012) evaluate determinants of FDI in Pakistan by using the
gravity approach. Similarly, Wach and Wojciechowski (2016) explain the important factors of
determinants of FDI for Visegrad Group countries by using the gravity model. Furthermore, Sfar
and Mtar (2015) use the gravity model to evaluate the determinants of FDI in Tunisia. The basis of
the gravity model is linkage and interaction of different countries across borders. This model has an

indirect relationship between the destination and the base.

Motivated by the literature, we examine the important of determinants of FDI inflows through
sectoral level and country level data from 2006-2014 (host and source country), and assess whether
our selected host countries’ strategic plan has been effective by looking at the strategic plan entailed
in identifying priority sectors for FDI and priority source countries using the gravity model approach.
The focus of this study is to look at different sectors in different countries. Different sectors have
different needs such as capital, sources and labour. Furthermore, different countries have different
needs even if host countries are located in the same region. Our host countries are UAE, KSA and
Qatar. We are focusing on these three GCC countries because they ranked as being the highest FDI
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inflows receivers, with the greatest GDP amount and GDP per capita for the period 2006-2014
according to the World Bank and fDi Intelligence. A common thread in the literature about these
three countries is that they are rich in oil and their governments are trying to diversify their
economies away from oil. We have 66 source countries grouped into six source regions (Asia,
Africa, Europe, North America, South America and Australia). In particular, our goal is to take a
sectoral level approach, with 14 economic sectors grouped into primary, secondary and tertiary
sectors. We investigate bilateral inflows of FDI and their key determinants. This study uses nine
different comprehensive institutional categories: (1) government strategy, (2) market size, (3)
macroeconomic stability, (4) labour cost, (5) openness, (6) infrastructure and internet, (7) investment
incentives, (8) corruption, (9) and government regulations, to understand whether these categories
are robust determinants of FDI inflows in each host country and sector.

The previous determinants of FDI literature neglected the importance of government strategy, and
no study has covered most of these arguments in one study as well as applied government strategies
as one of the important determinants of FDIs. This study is the first in combining these three rich
developing countries which are located in the same region to identify the importance of their
determinants of FDI and illustrate their priority sector in attracting FDI. Additional to that, this study
is the first to combine sectoral and country level datasets. Thus, there is a need for further empirical
research to restructure the host country’s economy and that is why we are using a sectoral and
country level and the gravity model approach that is widely used in literature. Furthermore, we use
gravity model and since we have zero trade flow, we use Heckman is used to test for selection bias,
and the marginal effects (elasticities) of the explanatory variables are derived to help interpret the
estimated parameters. In addition, this study provides more robust results, we are censoring method
where the zero is substituted by a small positive constant an arbitrary small value one and log the
dependent variable, and then this is estimated using OLS. Furthermore, a nonlinear estimator, the
Poisson Pseudo-Maximum Likelihood (PPML), is used to deal with the zero trade observations as
it is unbiased and consists of estimates that are robust to the presence of heteroskedasticity in the
data, and naturally takes care of the zero observations on the dependent variable. We are using these
different estimation techniques as more of a robustness check. Our empirical study finds that
government business strategy, market size, openness and infrastructure are the main and most
important determinants of FDI in our selected host countries, and the host countries' government
business strategies that related to their priority sectors in which to attract FDI, priority source
countries from which to attract FDI, and allowing 100% ownership to foreign investors, are

effective.

In order to achieve our objectives, the structure of this study is as follows: The next section presents

FDI trends in UAE, KSA and Qatar, followed by a discussion of conceptual framework. Then, we
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discuss the empirical specification and empirical results. Finally, we conclude. An appendix section

is provided at the end of this chapter.
3.2 FDI trends in UAE, KSA and Qatar

FDI flows into UAE, KSA and Qatar have been increasing. Figure 3.1 below shows the FDI in
million USD in UAE, KSA and Qatar from 2006-2014. In 2014 in the UAE, FDI increased sharply
by 79% from 2013. KSA’s statistics show that FDI steadily increased by 56% between 2013 and
2014. With regard to Qatar, FDI decreased by 25.7% from 2013 to 2014,

From the period between 2006 and 2014, a total of 1,031 FDI projects were recorded in KSA,
equating to a 1.3% share of global FDI. These projects represent a total FDI of USD 127.7 billion
and a total of 141,675 jobs were created. The volume of FDI in KSA increased steadily by 16% from
USD 8.5 billion in 2007 to USD 9.9 billion in 2014. During 2014, a total of 13,020 jobs and 84
projects were created by this FDI, equating to 1% of total jobs and 1% of total projects. In terms of
Qatar and FDI, between 2006 and 2014 a total of 559 FDI projects were recorded in Qatar. These
projects represent a total FDI of USD 60.4 billion and a total of 63,777 jobs were created. During
2014, a total of 2,027 jobs were created, through 45 projects amounting to USD 1.2 billion FDI. As
regards the UAE and FDlI, the statistical facts have been mentioned in the previous chapter.

We can see that although the KSA received the greatest amount of FDI during the period 2006-2014,
the UAE attracted the highest number of projects and experienced the creation of most jobs. This
indicates that foreign investors have high levels of confidence in the UAE, strengthening its
reputation as both a trustworthy and stable home for foreign capital and an ideal location for foreign
businesses, entrepreneurs and new ventures, as the country has stable government regulations and

openness in polarising foreign labour.

Figure 3.2 represents FDI inflows in UAE, KSA and Qatar as proposition of the country GDP and
it indicates the significance of FDI inflow has increased in the mentioned countries. FDI flows to
UAE has the biggest proportion percentage of it GDP during the period 2010-2014 by an average of
3.2% compared to KSA and Qatar.
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Figure 3.1: FDI in million USD

2006 2007 2008 2009 2010 2011 2012 2013 2014

—&— UAE - -8 - KSA @ Qatar

Data source: fDi Intelligence

Figure 3.2: FDI inflow as a share of GDP
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The UAE, KSA and Qatar are seeking to attract more FDI in order to enhance their progression
towards economic diversification. Figure 3.3 shows the evolution of FDI in UAE, KSA and Qatar
by economic sector in million USD during the period of 2006-2014 as three charts. Generally, the
real estate sector is the most attractive sector for FDI in the UAE, followed by mining and quarrying,
accommodation and food services, and the manufacturing sector. The real estate sector has generated
the highest number of total jobs and greatest investments with a total of 50,046 jobs and USD 18.50
billion investment. In the KSA, the mining and quarrying sector is the most attractive sector for FDI,
followed by the real estate sector, accommodation and food services, and the manufacturing sector.
The mining sector has attracted USD 81 billion investment and created the biggest number of jobs
with a total of 28,652 jobs. It has the fifth highest number of projects — 101. For Qatar, the mining
and quarrying sector also generated the greatest investments, attracting USD 23.4 billion investment.

Moreover, this sector saw the second highest number of jobs created, with a total of 8,744 jobs in
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wholesale and retail trade and 9,217 jobs in the repair of motor vehicles and motorcycles sector. The
mining and quarrying sector has the sixth highest number of projects, 34, in Qatar during the period
2006-2014.

Figure 3.3: FDI by year and sector in million USD
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The following Figure 3.4 shows the FDI by year and the top five FDI source countries in the UAE,
KSA and Qatar in million USD. Between 2006 and 2014, for the UAE as a host country, India has
the highest total FDI. It invested around USD 7.4 billion in 2014, followed by the United States and
the United Kingdom. For KSA as the host destination, the United States has the highest total FDI
followed by France and the UAE. In terms of Qatar, the United States and Bahrain are the top source
countries followed by Japan. These are all due to the several strong relationships between the
countries. Looking at the UAE’s relationship with India, the geographical location of these two
countries promotes their close economic relationship, as well as their history of trade openness
before the 1960s. The UAE maintains a steady and long-standing trade and economic relationship
with India, and India enjoys close and multifaceted bilateral ties with the UAE. As real estate is the
top sector in UAE’s FDI inflows, it continues to attract a lot of investment from Indians. According
to Dubai Land Department (2018) Indian investors occupy a leading position among the top
nationalities investing in the UAE every year. The United States, first through its oil industry and
then through government contacts, established a relationship with Saudi Arabia’s founder. American
businesses have been involved in Saudi Arabia’s oil industry since 1933 and they won a sixty-year
concession to explore Saudi Arabia; until today the United States is the largest investor in KSA in
the mining and quarrying sector. The United States also has a strong relationship with Qatar, as it is
the world’s leading exporter of liquefied natural gas, and for that reason the United States is one of

the largest investors in Qatar in the mining and quarrying sector.
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Figure 3.4: FDI by year and source country in million USD
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Figure 3.5 shows the number of FDI projects by year and source country in UAE, KSA and Qatar
from 2006-2014. In the UAE, the projects came from a total of 76 source countries, and 80 source
countries invested in the KSA. The United States was the top source country for number of projects
in these two destinations. FDI projects from the United States were investing in different sectors,
but the main investment projects were centred on administrative and support services,
manufacturing, and the financial and insurance sector. Moreover, from 2006 to 2014, the United
States generated the highest number of total jobs; most of the jobs created were in manufacturing,
wholesale and retail trade, the repair of motor vehicles and motorcycles, real estate and the
administrative and support services sector in these two destinations as host countries. For Qatar as
an attractive destination for FDI projects worldwide, the United Kingdom was the highest source
country by the number of FDI projects. It was among the 80 source countries investing in Qatar
during the period of 2006-2014, accounting for almost 19.1% of projects tracked and invested in
manufacturing, administrative and support services, information and communication, and financial

and insurance during the mentioned period of time.

In general, during the period 2006-2014, the number of projects from different source countries in
these three destinations countries has increased. The three destinations countries kept attracting a
similar range of FDI values from the same source countries that had already invested before. The
administrative and support services sector attracted a high number of projects during the period of
2006-2014 with almost the lowest value of FDI in these destination countries. This is due to the

needs of this sector, where it is inexpensive to invest.

53



Figure 3.5: Number of FDI projects by year and source country
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3.3 Conceptual framework

The economic geography theory of FDI searches for success factors in attracting FDI by a given
country, region or city in which internationally successful economic sectors operate (Porter, 1990).
The gravity approach towards FDI (Isard, 1954) utilises the gravitational force concept as an analogy
to explain the volume of FDI among countries and it explores the allocation of FDI through the study
of geography, economic or cultural distance. The gravity model is an important and effective tool
for explaining FDI between different countries. Jan Tinbergen in 1962 presented the gravity theory
between two countries (i the origin and j the destination country), which takes the following form:

YiEj

Xij =G Dy 1)

Where: X is international flow from i to j (for example: FDI), G is gravitational constant, Y; is the
relevant economic activity mass (for example: GDP, capital, labour, population) at origin i, E; is the

relevant economic activity mass at destination j and D;; is the distance between i and ;.

Since Tinbergen’s gravity theory was presented, the gravity equation has been one of the most
popular empirical tools. It has been widely and successfully used to examine and analyse a wide
range of interactions between international economies. The gravity equation assumes that the
amount of flow between two locations/destinations increases with their economic sizes and

decreases with the costs between them, measured by the distances.

The gravity model has been extensively used. Bergstrand (1985, 1989) explores the theoretical
determination of bilateral trade, with regards to which gravity equations are associated with simple
monopolistic competition models. Helpman (1987) uses a differentiated product framework with
increasing returns to scale to justify the gravity model. Recently, Deardorff (1998) demonstrated that

the gravity equation characterises many models and can be justified from standard trade theories.

Researches has focused empirically on illustrating the determinants of FDI and their relationship
with FDI using the gravity model approach. The gravity model has been used to study the
movements of a wide variety of goods and factors of production across regional and national
boundaries under many different circumstances (Oguledo and Macphee 1994). Egger and
Pfraffermayr (2004) analyse the relationship of distance as a common determinant of FDI by using
the gravity model approach. Frenkel et al. (2004) examine the determinants of FDI inflows into
emerging economies by using a panel dataset and a gravity model approach. Kahouli and Maktouf

(2015) evaluate the determinants of FDI in 39 host countries during the period 1990-2011 using a
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gravity model. Thus, the gravity model has become an appreciated approach to analyse the

importance of appealing factors for FDI (Buch et al., 2003).
3.3.1 Empirical evidence on determinants of FDIs

The literature examines a large number of variables that have been proposed to explain the
determinants of FDI. Some of these variables are derived from the theories of determinants of FDI,
while others are suggested because they make sense intuitively. Existing empirical studies
considered different combinations of variables with mixed results. Most of the variables in empirical
studies rely on UNCTAD?’s classification of the determinants of inward FDI. According to the World
Investment Report 1998 by UNCTAD, the determinants of FDI in the host country can be classified
into three main groups: political factors, business facilitation and economic factors.

Some of the factors affecting FDI inflows are legal and political factors, administrative and
institutional factors, economic conditions, and host country policies and strategies. EXxisting
empirical studies summarise the determinants of FDI inflows by bringing in the host country’s
national economy and its importance Chakrabarti (2001), Banga (2003), Blonigen (2004), Assungao
et al. (2011). In the following section we explain the determinants and their relationship with FDI in

a detailed manner.
Government strategy

There are a variety of government strategies focused on FDI and the relationship between FDI
inflows in different ways. These government strategies may assist with providing a tactical
framework to enhance FDI inflows. A host country needs to analyse its strategies and incentives that
focus on FDI, in order to find out how they attract foreign investors and FDIs. Not only that, but
foreign investors naturally prefer to see how a host country's strategies affect FDI inflows. There are
several government strategies that focus on FDI: strategy by sector, strategy by source country and

strategy based on 100% ownership incentive.

These three strategies are the main government strategies of FDI in our host countries. The
governments of the UAE, KSA and Qatar have specialised in adopting these strategies and praised
their importance in attracting FDIs. Each of these governments has selected sectors that are a priority
for foreign investment and called them strategy sectors. They also priorities a list of source countries
for FDI and call them strategy source countries. In terms of the incentives, these host countries
provide 100% ownership for foreign investors, which is rare for a developing host country to
provide. These government strategies have never been measured and tested as determinants of FDI,
although they can be seen as an advantage in attracting FDI.
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We distinguish and identify host countries government strategies based on their FDI strategy by
sector, by source country, and by the government law of 100% ownership for foreign investors.
These variables investigate the direction of the government strategy and its relationship with FDI

inflows.
Market size

Empirical literature on the determinants of FDI has shown that market size is one of the most
important determinants of FDI (Wheeler and Mody, 1992; Krugell, 2005; Asiedu, 2006; Cleeve,
2008; Tintin, 2013; Kahouli and Maktouf, 2015; Wach and Wojciechowski, 2016), indicating a
positive relationship with FDI inflows. Market size is defined as the GDP of the host countries. It is
accepted that the size of the market is significant in terms of economies of scale due to resource
utilisation and exploitation (Chakrabarti, 2001). The most common argument for the relevance of
market size and growth in attracting FDI goes like this: a large domestic market size generates
economies of scale, while a growing market improves the prospects of the market potential (Tsali,
1994). Thus, an economy with a large market size should attract more FDI and countries that have

high and sustained growth rates should receive more FDI inflows than volatile economies.

Bevan and Estrin (2004) focus on determinants of FDI across Western countries between 1994 and
2000 by using the gravity model. They state that market size as measured by GDP is a key
determinant of FDI inflows, through the use of panel datasets of bilateral flows of FDI. They were
mainly interested in countries in the European Union, particularly Eastern and Central European

countries. The results revealed that FDI is positively related to the host country and source GDP.

Morris and Jain (2016) analysed the connection between Outward Foreign Direct Investment (OFDI)
stocks, investigating 34 OECD source and 160 host countries. The gravity model variables were
used to explain the variation in the OFDI stock. The variables included population of the host country
as market size. This factor has a significant relationship with FDI. Sethi et al. (2003) consider
population as a pull factor of FDI inflows into the United States, and find a positive significant

relationship.
Macroeconomic stability

Inflation, government expenditure and value added are used to measure macroeconomic stability.

An economy with a great record of financial stability, managing inflation and interest rates will gain

foreign investors’ confidence and attract FDI, since countries with a high inflation rate are

considered risky for investment. As a rule, the higher the rate of inflation, the more discouraged the

FDI decision maker is to engage in the economy (Al-Sadig, 2009). The reason for this is that the
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anti-inflationary policies that demand a contractionary related obstruct the company’s income
generation opportunities. Thus, price stability is important to foreign investors. Empirically, Asiedu
(2006) and Schneider and Frey (1985) use the inflation rate as a proxy for economic stability, finding
a significant and negative relationship with FDI inflows. Cleeve (2008) measures macroeconomic
instability by means of nominal exchange rates and unemployment and finds a significant and

positive influence on FDI inflows.
Labour costs

Labour costs are frequently considered to be among the key economic variables in the discussion of
the determinants of FDI and the investment location decisions of firms (e.g. Havlik, 2005a). It has
been suggested that s labour-cost-related factor should be included in an empirical study explaining
FDI flows (Fontagné and Mayer, 2005). Bevan and Estrin (2000) use a panel data set of FDI flows
from 18 source countries to ten European countries from the period of 1994 to 1998. The study finds
that FDI inflow is positively and significantly affected by labour costs. Similarly, Carstensen and
Toubal (2004) use the GMM technique and find that determinants of FDI such as labour costs are
important for FDI inflows. Chakrabarti (2001) states that wage as an indicator of labour cost has
been found to be an important factor of the determinants of FDI, ranging from higher host country
wages discouraging the inflow of FDI to having no significant or positive relationship. Lower labour
costs reduce the cost of production, all other factors remaining unchanged (Schneider and Frey,
1985). However, rather than just considering low wages, it is important that wages reflect
productivity (Krugell, 2005). It is generally believed that highly educated personnel are able to learn
and adopt new technologies faster, and the cost of retraining is also less (Pigato, 2001). Thus,

countries with a large supply of cheap but skilled human capital attract more FDI.
Openness

Generally, the ratio of foreign trade volume (exports + imports) to GDP is an important indicator of
the degree of openness of a country. The more the economy is engaged in international trade activity,
the more it will succeed and attract FDIs. Trade allows the transfer of host country information to
foreign investors. Then, trade transactions may directly generate cross-border FDI inflows. The more
open the economy and the easier the trade, the more the country attracts foreign investors
(Blomstrom and Kokko, 1997). Mexico drew in FDI, despite trade and investment liberalisation,
which led many other developing countries to open up their economies (Nunnenkamp, 2002). Ang
(2008) studies the determinants of FDI in Malaysia and concludes that trade openness promotes FDI
inflows. The finding on the relationship between trade openness and FDI is also consistent with the
studies by Tintin (2013) and Sfar and Mtar (2015). On the other hand, Cleeve (2008) finds an
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insignificant link between openness and FDI. Chakrabarti (2001) measures openness by the ratio of
exports plus imports to GDP, and points out that there is mixed evidence concerning the significance

of openness in determining FDI.

Infrastructure

The availability and quality of infrastructure is an essential factor for the smooth functioning of
foreign firms. Foreign investors are expected to prefer a host country with developed and well-
established infrastructure. Strong economies provide a competitive advantage for infrastructure
investment such as transportation and communication. According to Asiedu (2004), better
infrastructure would significantly reduce the overhead costs and would thus positively affect
investor decisions in terms of the location (Shah and Ahmed, 2003).

Shah (2014) uses annual data for a panel of 90 developing countries over the years 1980-2007 and
examines the significance of the availability of good infrastructure within a developing host country
for attracting overseas investors by using a linear regression model. The author measures
infrastructure through telephone density, which positively influences overseas investor’s location
choice, and finds that the availability of infrastructure positively attracts overseas investors. Sfar and
Mtar (2015) use a gravity model to identify the determinants of FDI within Tunisia. The econometric
estimation reveals that the infrastructure factor attracted FDI within Tunisia from 1980 to 2013.

Investment incentives - Tax

Another element affecting FDI inflows is investment incentives — tax. For tax competition, there is
an obvious hypothesis that higher taxes discourage FDI. Governments must induce tax distribution
in such a way that it attracts FDI. The empirical literature remains indecisive with regard to whether

FDI is sensitive to tax incentives.

Some studies find that host country corporate taxes have a significant negative relationship with FDI
inflows. Others report that taxes do not have a significant relationship with FDI. Cassou (1997) and
Kemsley (1998) find that the host country’s corporate income taxes have a negative relationship on
attracting FDI inflows. Peter and Kiabel (2015) examine the relationship of tax incentives on
Nigerian FDI by taking annual tax revenue as a percentage of GDP. They find that the tax incentive
is negatively significant. Ang (2009) concludes that a higher corporate tax rate dampens the
relationship with FDI inflows. Nevertheless, Jackson and Markowski (1995) examine the
relationship of tax on FDI, by considering two variables of taxes: corporate profit taxation and capital
gains taxation. They conclude that taxes do not have a significant relationship with FDI. Similarly,
Root and Ahmed (1979), Porcano and Price (1996) and Gastanaga et al. (1998) conclude that taxes
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do not have a significant relationship with FDI flows. Wheeler and Mody (1992) measure investment
incentives by means of corporate taxation, and state that corporate taxation plays a minor role in the
decision regarding FDI location and has an insignificant relationship with FDI flows. These different

results may be due to the way of measuring the tax.
Corruption

Dunning (2001) argues that the level of corruption is becoming an important factor that influences
the location of foreign firms’ FDI inflows. Al-Sadig (2009) and Asiedu (2006) use the International
Country Risk Group (ICRG) corruption index and find that corruption has a significant and harmful
relationship with FDI inflows. Morrissey and Udomkerdmongkol (2012) approach corruption from
another perspective in terms of absence of corruption and control of corruption; their findings also
indicate a significant and positive relationship with inward FDI, which confirms the previous
findings. The empirical literature reached a clear agreement regarding the role of corruption to the
FDI inflows.

Government regulations

In the institutional theory, the regulatory quality of the government is seen as a created asset in the
host countries (Dunning, 2001). Regulatory quality® captures perceptions of the ability of the
government to formulate and implement sound policies and regulations that permit and promote
private sector development (World Bank - Worldwide Governance Indicators, 2018). Government
economic regulation is one of the policy decisions that matters the most for the functioning of an
economy. It concerns the extent of a country’s intervention in the market economy. A major impetus
in the trend towards a stable regulatory quality has been its connection to economic outcomes, such
as the intensity of foreign investors’ participation and FDI inflows into an economy. The empirical
literature on government regulation that fits into the constraints of this study is limited. In spite of

that, Morrissey and Udomkerdmongkol (2012) show the importance of regulatory quality, finding a

3 Regulatory quality has been measured by considering many representative and non-representative sources.
Representative sources are: Unfair competitive practices, Price controls, Discriminatory tariffs, Excessive
protections, Discriminatory taxes, Burden of government regulations, Extent and effect of taxation, Prevalence
of Trade Barriers, Intensity of Local Competition, Ease of starting a new business, Effectiveness of anti-trust
policy, Stringency of environmental regulations, Investment freedom, Financial freedom, Ease of starting a
business governed by local law?, Ease of setting up a subsidiary for a foreign firm?, Share of administered
prices, Investment profile, Regulatory burden, Tax inconsistency. The non-representative sources are: Trade
policy, Regional integration, Business regulatory environment, Business regulatory environment, How
problematic are labor regulations for the growth of your business? How problematic are tax regulations for the
growth of your business?, How problematic are customs and trade regulations for the growth of your business?
Business regulatory environment, Trade policy.
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significant and positive relationship between regulatory quality and inward FDI into 46 developing

countries. A high regulatory quality attracts higher FDI inflows.
3.3.2 Empirical evidence on zero trade flows and the estimation models

Interest in recent years has focused on developing estimation methods to accurately predict trade
flows. The gravity model explains trade relationships well, but there are still important questions to
be answered with regard to the proper estimation techniques that would give reliable estimates when
there are many zero observations in the dependent variable.

In the next section, we look at how recent theoretical developments in the trade literature account
for the existence of zero trade flows, provide a brief summary of Heckman sample selection model
and other estimation methods (OLS and PPML) as used in this study as robustness check and review

related empirical literature.
The Heckman sample selection model

Some solutions have been proposed such as selection models with a two-stage estimation procedure,
where the first-stage estimates the amount of zeros in the system, and the second stage subsequently
estimates the bilateral trade values.

For addressing the zero trade flow issue is to use a sample selection model, such as the Heckman
model. Heckman (1979)* two stage selection correction: 1) an equation for selection into trade

partners in the first stage; 2) a trade flow equation in the second).

Linder and Groot (2006) use the sample selection model and find that the information provided by
the zero value trade observations, while arbitrary truncating and censoring (OLS estimator), are ad-
hoc crude methods, and that they give less accurate results than the sample selection model. Linders
and de Groot (2006) observe that the sample selection model, which has been widely used in other
fields of applied economics, is rather novel to the literature on bilateral trade. Because the sample
selection model offers a theoretically sound and econometrically elegant solution for including zero
trade flows in the gravity model of bilateral trade, it deserves more attention in applied work. In
other word, Linders and de Groot (2006) concluded that the sample selection model is theoretically
sound and offers an econometrically elegant solution to estimating a gravity equation that includes

zero trade flows.

4 See Heckman J. (1979)
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The Heckman solution to the gravity econometric model retains the log linear transformation of the
model and treats zero trade values as censored observations. The Heckman sample selection model
consists of a sample selection (first equation) and an outcome equation (second equation). Consider

the following sample selection equation:
Yij‘t = a0+at+ai+aj—63lnDij+ uijt (2)
lnTi’}t = ag t+a; +a; +aj — f3lnD;; + & 3

Where Y7, is a latent variable and it is deciding whether or not bilateral trade between two countries

*

iand j in the sample is observed and [nT;;, determines the logarithm of the volume of bilateral trade.
u;j¢ is the error term associated with the selection process. We do not observed Y}, in the selection
equation and the logarithm of the volume of trade InT;}, in the outcome equation.

We do observe; Y;;; = 1if Y;j, > 0; and Y, = 0if ¥jj, <0;and InT;;, = InTjj, if V3, > 0and InTyj, is
not observed if ¥, <0.

The Heckman model requires that error terms u;;, and &, { = 1,..., N have a bivariate normal

distribution with zero means, standaer deviation a,, and o, and correlation p

o -N{0 o, 77 @)

The Heckman model can be estimated by the two-step procedure as suggested by Heckman (1979)
or the one-step maximum likelihood estimation. Which the one-step approach estimates the selection
and outcome equation simultaneously. Whereas, the two-step procedure first estimates the bivariate

selection equation using a probit model and generates the inverse of the Mills ratio:

[a0+at+ai+aj—83 lnDij]

Ju

A(au) = ¢[a0+at+ai+aj—63lnDi]-] (5)

Og

Where ¢ and @ are the standard normal density function and the cumulative distribution function,
respectively. The A(a,) is then included as an additional regressor, allowing the parameters 3 of

the outcome equation to be consistently estimated by the OLS method.

Liu (2009) argues that since the Heckman gravity model adopts the log linear specification as the
conventional OLS estimation, it is still subject to heteroskedasticity due to the Jensen’s inequality

problem raised by Santos Silva and Tenreyro (2006).
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The advantage of the Heckman model is that it can deal effectively with the zero trade observations
and also allows researchers to distinguish the relationship of bilateral barriers on the extensive as
well as the intensive margins of trade (Linder and Groot (2006). A small number of bilateral trade
studies using both the two-step Heckman estimation approaches have been carried out by economic
researchers (Linders and Groot, 2006; Helpman et al., 2008).

Helpman et al. (2008) use a Heckman-type selection model that is derived from theory and accounts
for firm heterogeneity and fixed trade costs that predict zero trade flows by allowing all firms in
country j to choose not to export to country i if it is not possible for any firm in country j to make a
profit shipping to country i. In other words, the model allows both positive and zero trade flows
between countries to be predicted and it also allows exports to vary according to the destination
country. Alternatives such as zero inflated models deliver biased results. Helpman et al. (2008) go
on to argue that the standard Heckman (1979) correction is valid in a world where firm heterogeneity
is not correlated with the export decision. The implication is that all firms are identically affected by
trade barriers and country characteristics; assumptions that seem reasonable for our empirical model.

We are applying the Heckman estimator in this study.

The log-linearizing model and OLS (used as robustness check)

By the presence of zero trade flows in the trade dataset and by using the gravity model, these zero
trade flows imply both theoretical and methodological problems, especially in cases where the
presence of such zero values is excessive. The logarithmic transformation of the dependent variable
is therefore problematical least in cases in which the zeros contain relevant information. From that,

the logarithm of zero is indeterminate or not feasible.

Common literature practices employed to deal with the problem of zero observations in the data are
the truncation and censoring methods (Linders and Groot, 2006; Gomez-Herrera, 2013; Kareem,
2014), and afterwards applying linear estimation techniques. With regard to the truncation method,
the zero value observations of trade flows are dropped completely from the trade data, while in the
censoring method the zero observations are replaced by a small positive number. These two methods
have no strong theoretical or empirical justification, reduce efficiency due to the loss of information
and may lead to biased estimates due to the omission of data. Furthermore, as Westerlund and
Wilhelmsson (2011) and Eichengreen and Irwin (1998) point out, the elimination of trade flows
when zeros are not randomly distributed leads to sample selection bias. Linders and Groot (2006)
and Burger et al. (2009) find inconsistent estimates. In addition, Flowerdew and Aitkin (1982) find
sensitive results to small differences in the constant substituted, which can result in distortion in the

outcomes.
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From the above and to avoid the problem of dropping zero observations and to use this estimator as
a robustness check, we are replacing the zero observations in our dependent variable with a small
number, which is one (Linnemann, 1966; Wang and Winters, 1991; MacCallum, 1995 and
Raballand, 2003) and log the dependent variable - this estimator is the only in this study that we

replaced the 0 observations 1. We use this estimator in our study as a robustness check.
The Poisson model - PPML (used as robustness check)

Attention has been given to PPML while modifying it for the gravity model. Silva and Tenreyro
(2006; 2011) advocate a PPML estimator to deal with the zero trade flows, heteroscedasticity and
the logarithm transformation. In the presence of zero observations, as well due to the logarithm
transformation of the gravity equation, OLS for both truncated and censored OLS are inconsistent

and would have a large bias (Silva and Tenreyro 2011).

To avoid the OLS problem with regard to the logarithm transformation, Silva and Tenreyro (2006)
suggest PPML as its take of observed heterogeneity. Moreover, the fixed effects PPML estimation
technique provides a natural way of dealing with zero trade flows because of its multiplicative form.
Additionally, they argue that the PPML estimator does not need to be log linearised and this
estimator is the best performing estimator that naturally deals with zero trade flows consistently as
well as giving the lowest bias among the other estimators.

Burger et al. (2009) note that the model is vulnerable to the problem of over-dispersion in the
dependent variable and excess zero flows. They suggest that the model only considers observed
rather than unobserved heterogeneity and that this is an important limitation of the PPML model.
From here, Sliver and Tenreyro (2011) find that PPML is consistent and generally well behaved
even in the presence of over-dispersion in the dependent variable, and the predominance of a large
proportion of zero observations does not affect its performance. In addition, Séren and Bruemmer
(2012) find that the PPML estimator performs quite well under over-dispersion and the authors show
that the PPML is well behaved under bhimodal distributed trade data. In other words, PPML is well
behaved in a wide range of situations and is resilient to the presence of a specific type of

measurement error of the dependent variable.

In this study as a robustness check estimator as well, we present the simulation evidence on the
performance of the PPML estimator when the data are generated by a constant elasticity model, the
dependent variable has a large proportion of zeros, and the probability of observing a zero varies

with the regressors. We employ PPML in this study as robustness check.
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Researchers have dealt with trade values of zero in many ways; every method has advantages and
disadvantages and it cannot be asserted that any one of them absolutely outperforms the others. For
that reason, it has become a frequent practice in the literature to include several estimation methods
for the same database. In this study, we are focusing on the Heckman sample selection model
(Emlinger et al., 2008; Disdier and Marette, 2010; Jayasinghe et al., 2010) and using OLS
(McCallum, 1995; Raballand, 2003) and PPML (Silva and Tenreyro, 2006; Martin and Pham, 2008)

3.4 Empirical specification

This study aims to examine what factors influence the allocation of FDI in three host countries
(UAE, KSA and Qatar) and in each 14 sector grouped into 3 categories: (primary, secondary and
tertiary) over the period 2006 -2014. The factors are classified as government strategy, market size,
macroeconomic stability, labour costs, openness, infrastructure development, tax incentives,
corruption, and government regulations. There are the three GCC countries, and 66 source countries
worldwide that are grouped into 6 source regions (Asia, Africa, Europe, North America, South
America and Australia). We are going to use three different estimation techniques (OLS, PPML and

Heckman) to investigating the performance of these estimators.
3.4.1 Data

Refer to Table 3.1 in terms of variables’ definition and expected sign. The three destination countries
of the GCC are: UAE, KSA and Qatar. The 14 sectors are classified as a classic breakdown to three
main activities of economic sectors in our estimations. First, primary sector, which includes mining
and quarrying (includes crude oil and natural gas). Second, secondary sector contains (1)
manufacturing, (2) electricity, gas, and water supply; waste management, and (3) construction.
Third, is the tertiary sector, which consists (1) wholesale and retail trade; repair of motor vehicles
and motorcycles, (2) transportation and storage, (3) accommodation and food services, (4)
information and communication, (5) financial and insurance, (6) real estate, (7) administrative and
support services, (8) education, (9) human health, and (10) social work arts recreation services. The
66 source countries are grouped as 6 regions; (1) Asia: Azerbaijan, Bahrain, Bangladesh, China,
Hong Kong, India, Iran, Iraq, Japan, Jordan, Kazakhstan, Kuwait, Lebanon, Malaysia, Nepal, Oman,
Pakistan, Philippines, Singapore, South Korea, Sri Lanka, Syria, Thailand, Turkey. (2) Africa:
Egypt, Ghana, Morocco, Nigeria, South Africa, Togo, Tunisia. (3) Europe: Austria, Belarus,
Belgium, Bulgaria, Croatia, Cyprus, Czech Republic, Finland, France, Germany, Greece, Hungary,
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Iceland, Ireland, Italy, Luxembourg, Netherlands, Norway, Poland, Portugal, Romania, Russia,
Spain, Sweden, Switzerland, United Kingdom, Ukraine. (4) North America: Bahamas, Canada,
Mexico, United States. (5) South America: Argentina, Brazil. And (6) Australia: Australia and New

Zealand.

Data regarding the host country level, sectoral level and year ikt are FDI (FDI), value added (VA),
capital - GFCF (K), worker wages(W), openness(OPN), strategic sector(GSS) and strategic
government 100% ownership for foreign investors (GSW). Data in host country level for each year
it are: native population (POP), expenditure(EXP), internet (INT) and infrastructure(INFR). Data
in source country level for each year jt are GDP(GDP) and openness(OPN). And data combines
both host and source country per year ijt are: inflation(INF), investment incentives — tax(TAX),
corruption(COR), government regulations (GREG), strategic source(GSR), distance to
technology(TFP), and distance to business(DTF).

One of the determinants of FDI category in this study is the government strategy which includes
three variables:(GSS),(GSR), and (GSW). The purpose of measuring and constructing these
variables is to investigate the host countries government strategies in attracting FDI per their priority
of sectors, source country and the effectiveness of allowing the law of 100% ownership for foreign
investors as they planned within their needs of FDIs to diversify their economies away of oil. These
variables will reflect the government strategy in attracting FDI and FDI law as a pull factor of FDI
and in existing literature no studies have linked government strategy as one factor of determinants
of FDI. For the strategic sector(GSS) variable, from the host countries government strategies 2030,
we focus on the main sectors that these host countries prioritized and mentioned them in their
government strategy 2030 of attracting FDIs. UAE’s government strategy selected priority sectors
to attract FDI. These sectors are: manufacturing, construction, real estate, human health, wholesale
and retail trade; repair of motor vehicles and motorcycles, financial and insurance, tourism, and
information and communication. In the KSA host country, sectors selected by the government’s
strategy to attract FDI are: manufacturing, human health and social work, transportation and storage,
education, wholesale and retail trade; repair of motor vehicles and motorcycles, financial and
insurance, information and communication and real estate. For Qatar, the priority sectors selected
by the government’s strategy to attract FDI are: real estate, wholesale and retail trade; repair of motor
vehicles and motorcycles, financial and insurance, manufacturing and information and
communication. For strategic source (GSR) variable, as UAE is the only host country from the
selected host countries has prioritized and identified in its government strategy specific foreign
investments countries list as source countries of FDI inflows to the UAE, we construct the FDI
inflows into UAE as a host country from the period 2006-2014 from country: United States,

Argentina, Brazil, Canada, Turkey, Germany, India, China and South Korea. For strategic
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government 100% ownership for foreign investors (GSW) variable, the selected host countries have
different incentives and subsidies they offer to attract FDIs especially the foreign ownership. The
foreign ownership law has been allowed in different years and selected different sectors in our host
countries. From this variable we are trying to assess the effectiveness of this FDI law of ownership
among the three host countries. We construct for the UAE as a host country on all of the 14 sectors
from year 2010 to 2014, and Qatar as a host country on the sector: mining and quarrying (includes
crude oil and natural gas), manufacturing, human health and social work, electricity, gas, and water
supply; waste management, and construction, education, accommodation and food services on year
2000 to 2014, real estate, information and communication, financial and insurance on year 2004 to
2014, social work arts recreation services, administrative and support services on year 2010 to 2014,
and KSA as a host country in wholesale and retail trade; repair of motor vehicles and motorcycles
sector since 2016, manufacturing from 2015 which based on our dataset that is from 2006 -2016;

KSA has no ownership allowed for foreign investors for any sectors from 2006 — 2014.

In terms of gravity model to predict distance, as the distance between origin, we look at two different
criteria of distance that illustrate the attractiveness of FDIs to the host country during the period
2006-2014, we construct two main distance variables: first, distance technological to frontier (TFP)
to captures the technology transfer from the origin distance to the selected host countries, which host
countries are able to import and exploit the technologies developed from the advanced source
countries (Gerschenkron, 1962). We measure (TFP) by calculating the TFP for host and source
country and then take the ratio of host country TFP to source country TFP. The second variable is
distance to business (DTF) which demonstrates the start business performance and the gap between
host country economy’s performance and the best performance of the source country. Moreover, its
measure complements the annual ease of doing business ranking, which compares host country
economies with one another of source country economy at a point in time, we measure (DTF) by
taking the ratio of source country DTF to host country DTF. Measurements and calculations
precisely of all variables used in the main model in this study are reported in Table 3.1 as well as the

same table represents the expected signs of each variable.

FDI data obtained from the fDi Intelligence, other host and source countries data are gained from
Federal Competitiveness and Statistics Authority — UAE, Ministry of Development Planning and
Statistics — Qatar, General Authority for Statistics — KSA, Ministry of Finance in the UAE, KSA
and Qatar, KPMG’s corporate tax table and the World Bank. As data on value added (VA) (2000
base year AED, Saudi Arabia Riyal — SAR, and Qatar Riyal - QAR), and GDP and GFCF for the
source countries attained from the World Bank’s World Development Indicators (Constant 2005
USD). The dataset is from the period of 2006-2014.
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Data in local currency — AED have been converted to USD using fixed exchange rate (1 USD = 3.67
AED), for Qatar (1 USD = 3.64 QAR), for KSA (1 USD = 3.75 SAR) and then deflated by GDP-
value added, adjusted all variables to have 2006 values. Data are between lagged to avoid problems
of endogeneity and taken in their natural logarithms to reduce the problems of heteroskedasticity to

the maximum possible extent.

Table 3.2 below represents descriptive statistics for each variable used in the empirical estimation
including number of observations, means, standard deviations, and minimum and maximum values.
From the observations, the highest FDI inflow is in KSA in 2008 in mining and quarrying sector
from USA. Highest worker wages in Qatar in 2011 especially in electricity, gas, and water supply;
waste management sector. In terms of inflation, Qatar has the highest inflation rate in 2008 and the
UAE has the highest trade openness in 2008. Looking at the capital, Qatar is the highest in 2014 in
mining and quarrying sector and KSA is the lowest capital in 2006 in social work arts recreation
services sector. Highest internet in Qatar in 2014 but KSA is the lowest in 2006. Infrastructure has
the highest in the UAE and lowest in Qatar in 2007. Looking at the tax rate, KSA is the highest tax
rate from the period 2006 to 2014 and the UAE has the lowest tax rate. UAE has the highest TFP in
2011 and distance to business in 2010, and Qatar is the lowest in 2006 in value added and TFP. FDI
has a maximum value of 20577.8 while its minimum value is 0. Qatar has the minimum native
population 209120 and KSA has the maximum of the destination native population 20800000. For
destination countries’ corruption, the minimum is -0.37 and the maximum is 1.72 and in regards the
source countries’ corruption, the minimum is -1.58 and the maximum is 2.56. Our destination
countries are less weak governance performance compared to the source countries. Similarly, to
destination countries’ regulations the minimum is -0.06 and the maximum 0.98 and for source

countries’ regulations the minimum is -1.73 and the maximum is 2.23.
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Table 3.2: Descriptive statistics

Category Variable Observations Mean gteir}gzgi Minimum  Maximum
FDI 24,948 9.893327 193.7375 0 20577.8
Business Strategy  Strategic sector 24,948 0476191 0.499443 0 1
Strategic source 24,948 0.035354 0.184676 0 1
Strategic 100% ownership 24,948 0.425926 0.494493 0 1
Market size Destination native population 24.948 6758117 8644459 209120 20800000
Macroeconomic Destination inflation
stability 24,948 5.493761 11.33025 242181  22.89956
Source inflation 24,654 5.786706 9.325484 -25.1281 103.8228
Government expenditure 24,948 324688.9 318940.2 15825 1109903
Value added 24,654 0.382099 2.144094  3.65E-05  102.8119
Labour cost Worker wages 24,948 0.072939 0.159652  0.000479  1.253073
Openness Destination openness 24,948 543803.1 1363885 0.005998 9821988
Source openness 24,654 0.038711 0.127006 6.99E-06  2.364503
Infrastructure Capital 24,948 4311.167 5460.077 18 32651.04
Internet 24,948 58.8162 19.83161  19.45955 91.49
Infrastructure 22,176 5.421669 0.667331  4.368683 6.5
Investment incentive Destination tax rate
Tax 24,948 -7.6847 19.72858 55 35
Source tax rate 24,948 24.35234 9.065477 0 55
Corruption Destination corruption 34.948 0.740741 0.612995 037 172
Source corruption 24,948 0.410051 1.130167 -1.58 2.56
Government Destination regulations
: 24,948 0.432963 0.287418 -0.06 0.98
regulation Jati
Source regulations 24.948 0.507576 0.951109 1.73 223
Gravity model Technology to frontier TFP 24,948 0.487382 0244595  0.049002  1.770529
distance Distance to business
24,948 0.973612 0.174726  0.539972 1401985
Select Destination distance to
business 24,948 69.20933 2.751759 64.48 75.26
Source distance to business 24,948 67.29209 11.84118 38.23 91.24
Asla 24,948 0.363636 0.481055 0 1
Africa 24,948 0.106061 0.307921 0 1
Europe 24,948 0.409091 0.491676 0 1
North America 24,948 0.060606 0.238611 0 1
South America 24,948 0.030303 0.171423 0 1
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3.4.2 Empirical model

In this study, we have a collected number of variables and our aim is to empirically evaluate their

relationship with FDI inflows. We begin with the following multiplicative gravity equation:

Yijke = ©Sijke + BXie + YMije + 6Ly + 600;j: + Olijie + pTyje + 0Cije + TRy +
a)Zl-jt +al~ + 5] + Ak +Vt + Eijkt (6)

Where (for more clarification in the definition for the observation, refer to Table 3.1):
Y = amount of FDI inflow in million USD per ijkt - (FDI),

S =government business strategy measured by government strategic sector that calculated as dummy
variable per ikt - (GSS) , government source country which calculated as dummy variables per ijt
- (GSR) and government strategic 100% ownership which is also calculated as dummy variable per
ikt - (GSW),

X = market size measured as number of local population per it - (POP),

M = macroeconomic stability measured by inflation, GDP deflator (annual %) per it - (INF) and
government expenditure of consumption of fixed capital in million USD per it - (EXP), value added
that calculated as the ratio of value added in million USD per jkt to GDP in million USD per it -
(VA),

L = labour cost measured by the ratio of wages in monthly average to number of workers per ikt -
w),

O = openness measured as the ratio of exports plus imports to GDP per ijt - (OPN),

I

infrastructure measured by capital which the amount of GFCF in million USD per ikt - (K),

internet users per 100 people per it - (INT) , and quality of port infrastructure per it - (INFR),

T = investment incentives measured as corporate tax rates per ijt - (TAX),

C = corruption measured as governance performance of corruption per ijt — (COR),

R = government regulations measured as governance performance of the government regulations

per ijt - (GREG),
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Z = a group of the gravity model distance variables that run with each determinant category of FDI
which include technology to frontier TFP which calculated as the ratio of TFP per it to TFP per jt -
(TFP). And distance to business which is the ratio of source country distance to frontier (DTF) to
host country DTF per ijt - (DTF).

The subscripts i, j, k, and t denote host country (destination country), source region, sector and year.

To estimate the relationship of determinants of FDI on FDI inflows in the three main host countries,
we use fixed effect regressions. «; is host country fixed effect to control for variables that vary across
host country but constant over source region, sector and time, &; is source region fixed effect to
control for variables that vary across source region but constant over host country, sector and time.
A is sector fixed effect to control for variables that vary across-sector within sector category
(primary, secondary and tertiary) but constant over host country, source region and time; and v, is
time fixed effect to control for variables that vary across time but constant across host country,

source region and sector.
3.5 Empirical results

The main regression results in Heckman and the OLS as well as PPML are considered as robustness
check. The determinants of FDI have a mixed influence on FDI inflows depending on which sector
is the destination of FDI.

Table 3.3 reports the estimation outcomes resulting from the Heckman estimator. Table 3.4
represents the results from the OLS estimator and Table 3.5 shows the outcomes on results by using
the PPML technique and these two estimators used as robustness check. We add all determinants of
FDI variables to avoid bias and conduct joint significance tests, and we compare the results across
different estimations. The dependent variable is the logarithm of FDI in OLS and Heckman except
for PPML regression, in which this variable is introduced in levels. Overall, the estimation
techniques seem to affect the magnitude of the coefficients as well for the sign of the parameters for
gravity variables. These different relationships are expected due to the different estimators we used.
As expected, business strategy, market size, openness and infrastructure increase FDIs inflow
regardless of the estimation method used, while tax, corruption and government regulations reduce

FDIs. Gravity variables are also highly significant, and proximity tends to increase FDIs.

One of the most important elements of determinants of FDI that are based on host countries’

government strategy plan is a business strategy, which reveals government strategies and their

relationship with FDI. By looking at the strategic sector in the three estimations in Table 3.3-3.5, we

find that it is positive and significant in all sectors as we expected. This indicates that the strategic
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sector has a higher FDI in overage. In Heckman when the business strategy is a strategic sector, the
overage of FDI is about 0.64, on average, than it’s not a strategic sector. In the OLS estimator, the
strategic sector inflows FDI by 0.0594 compared to the non-strategic sector, in PPML the strategic
sector compared to the non-strategic sector by 0.0105. The secondary sector has the highest
coefficients in all estimators used; it shows as positive significant of government strategic sector in
the secondary sector as we expected and has the biggest relationship with FDI, which indicates that
the governments’ strategies, in terms of their priority sectors in attracting FDIs specifically in the
secondary sector from the period 2006-2014, are effective and reflected their needs as they had
outlined in their planned strategy.

With regards to UAE government strategy for priority source country to attract FDI from, the
variable has a positive significant relationship with FDI inflows in all estimators and sectors as we
expected. This means that the strategic source has a higher FDI on average, and this finding indicates
that the UAE strategy plan in their selected priority source country to attract FDI from is effective
and in line with the government strategy as they had planned, and focusing on these source countries
would increase the amount of FDI more than from another source country. Generally, results in the
Heckman and PPML estimators show the highest magnitude of strategic source country compared
to OLS. In Heckman, a strategic source country compared to a non-strategic source country by
1.1451 in the tertiary sector. Based on the coefficients, North America, Asia and Europe have the
highest magnitudes in all sectors. This indicates that attracting FDI from these source countries
increases FDI inflows in the UAE in all sectors. This result is in line with UAE’s government source
country priority strategy plan for attracting FDI. The last variable in the business strategy category
is the 100% ownership strategy for foreign investors. This is as we expected and, as the governments
planned, positively significant for primary and tertiary sectors in the OLS estimator only. This means
that primary and tertiary sectors which allow 100% ownership incentive have a higher FDI on
average. Moreover, 100% ownership strategy related with FDI insignificantly in the secondary
sector in all estimators used. This indicates the ownership law of FDI needs to be reviewed by the
governments, especially as it may diminish the FDI inflows in the secondary sector. Although our
host countries allow 100% ownership in the primary, secondary and tertiary sectors, our results do
not show any relationship in the secondary sector. Perhaps it is enough to attract FDI in secondary
sectors in these host countries, and this incentive of allowing 100% ownership for foreign investors

does not promote FDI inflows in the secondary sector as the governments had expected.

Market size variable (native population in the destination country), is negative and significant in all
sectors in Heckman while in our robustness check estimators it is a positive and significant in all
sectors and especially in the secondary sector in OLS and PPML as we expected with a magnitude
of 1.4557 and 16.0803 respectively. This result is in line with Sethi et al. (2003) and Trkulja (2005)
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where the market size was population in their studies and found it as having a positive relationship
with FDI inflows. An increase in the size of a host country is associated with more FDI inflows. In
other words, an increase in the size of the population would increase FDI in secondary sectors more
than other sectors as the secondary sector includes manufacturing, electricity, gas and water supply,
waste management, and construction. These three sectors would need more investment from foreign

investors while the market size of the host county increases.

By considering the relationship between FDI inflows and macroeconomic stability (inflation,
expenditure and value added), we have mixed findings on all estimations. Destination inflation is
positive in all sectors and source inflation is positive and significant in all sector in Heckman model.
By looking at the other estimators; inflation in the destination country is negative and not significant
in the secondary sector on OLS and PPML estimations. This result is in line with the empirical
findings of Asiedu (2006) who used panel data for 22 countries over the period 1984-2000 and is
consistent with Schneider and Frey (1985) who studied 80 less developed countries. The higher the
inflation rate, the lower the FDI inflows. The negative relationship between inflation and FDI
inflows would be due to the increase in input prices, raw material costs, labour wages, capital costs
and land prices. High prices of product adversely affect domestic and foreign demand for
commodities. These factors ultimately lead to a reduction in business profits, thus discouraging FDI
inflows in a host country which has a high inflation rate. While in primary and secondary sectors,
destination inflation in the Heckman estimator is positive. For primary, a 1% increase in destination
inflation will lead to an increase of 0.1% in FDI. Similarly, to source country inflation significant in
tertiary sector in all estimations, these coefficients of inflation are showing that the increase in
consumer prices causes a decrease in inward FDIs. These findings are in line with Anitha (2012)
who investigated the relationship of inflation in India with FDI inflows from the period of 2008 —
2012 and found a positive relationship between inflation and FDI inflows. On the basis of these
different findings in different sectors, it can be said that the inflow of FDI depends on a number of
factors other than inflation and importantly, governments wanting to attract more FDIs have to
monitor and manage inflation to encourage foreign investors. Government expenditure in a
destination country is significant in Heckman and the value added has a significant relationships in
all sectors and estimations. These results indicate a country with a stable economy is one in which

foreign investors are considering to invest.

For labour costs as a determinant of FDI, worker wages related to FDI inflows. It appears that worker
wages, especially in Heckman and OLS is significant in all sectors which is indicating that the lower
wage rate acts as a pull in attracting foreign capital, and a host country with low wages tends to
attract more FDIs. This finding is in line with Chakrabarti (2001) who studied 15 developed

countries in 21 years and 11 developing countries in 23 years and found that low host country wages
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would increase the interest of foreign investors. Comparing Heckman results and other two
estimators OLS and PPML, labour costs show different results between negative and positive and
between significant and insignificant in various sectors. In Heckman and PPML the worker wage is
positive and significant in primary, secondary and tertiary sector, while in OLS is negative and not
significant relationship in primary sector as primary sector is controlled by the government and this
sector has special restrictions to attract FDI. These destination as host countries are classified as
having the highest GDP compared with other countries, so their high labour wages would reduce
FDI inflows. Moreover, the availability of FDIs and foreign firms in a host country may affect the
domestic labour market by raising the labour demand, thereby bidding up wages. The high wages
might reduce FDI inflows. In sum, different results in regards the relationship between worker wage
and FDI due to the difference sector, destination countries and technical estimators used.
Additionally, the contribution concept of different role of labour input is different due the type of
sector.

Moving to openness as one of the pull factors in the determinants of FDI, we can see mixed results.
Destination country openness has a negative sign and is significant in primary and tertiary sectors
from Heckman (-2.3190, -0.1253 respectively) and PPML (-1.3595, -0.1743 respectively), which
can be explained as follows: First, the lower level of trade openness and higher trade protection
require the foreign firms to enter the host market via FDIs. Second, our host countries in the study
are rich in natural resources, so a large proportion of their exports are resource-intensive products.
At the same time, these resource-intensive industries in the host countries are highly regulated by
the government as natural monopoly industries. Limited access to foreign capital in these industries
results in the negative sign of openness. These results stand in line with Sfar and Mtar (2015) who
examined FDI in Tunisia from 1980 — 2013 and revealed the importance of a good trade openness
as a determinant of FDI and found as well that the availability of an open economy will attract more

FDI from investors.

Infrastructure variables are capital, internet and infrastructure, and the capital used as an alternative
proxy of infrastructure is significant with FDI inflow in the secondary and tertiary sectors as
expected. This indicates the host country with higher capital would attract higher FDIs. The internet
related positively and strongly significant on FDI in Heckman and PPML which supports the
evidence that the availability of better internet in a host country leads foreign investors to choose a
particular location of the host country to invest in. Infrastructure has a negative sign in the
estimations, which implies that a host country with good infrastructure systems tends to attract a
greater amount of FDI. These findings in terms of infrastructure are comparable to those of Asiedu

(2004) and Sfar and Mtar (2015).These two studies focused on developing countries and found that
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the availability of developed infrastructure gives a unique advantage to the host country in attracting

FDIs, and this would lead the foreign investors to keep these countries on their priority list.

Investment incentives - tax is one of the determinants of FDI. Mainly, destination tax rate has a
significant negative relationship with FDI in all sectors in Hackman and other robustness check
estimations. This reflects the findings of Cassou (1997) and Kemsley (1998) who both focused on
the United States’ taxes and found a negative relationship with FDI inflows. This indicates that a
lower tax percentage in a host country would attract more amount of FDIs. For the source country,
tax rate related positively and significantly with FDI inflows, and this result indicates that whenever
a host country increases its corporate tax rate, investors experience a reduction in their existing after-
tax rate of return and start moving mobile capital from their own country to invest abroad in a country

with less tax or which has incentives and subsidies for foreign investors in terms of the tax rate.

Now to corruption, in general, when looking at the destination corruption in all sectors in Hackman
and other robustness check estimators, we find that destination corruption can have a negative
relationship with FDI. A host country with high corruption levels does not seem attractive to foreign
investors and FDI inflows because corruption creates a high degree of uncertainty, raises business
costs, negatively affecting the return on investment and reducing incentives to invest, and
diminishing FDI inflows. This result is in line with Alemu (2012) who used panel data of 16 Asian
countries and investigated the relationship between corruption and FDI. The author found that there
is a negative relationship between corruption and FDI. Furthermore, this is also in line with Castro
and Nunes (2013) after they examined 73 developed and developing countries and found a negative
relationship of corruption with FDI and indicated that keeping corruption under control might be an
important strategy for increasing FDI inflows. Corruption has no relationship with FDI in all
specifications in Heckman and same in PPML. This is in line with Akcay (2001) and Jadhav (2012),
who both found that corruption does not have a significant relationship with FDI inflows while other
determinants of FDI, such market size, openness, labour wage and tax are the most powerful

determinants of FDI in their studied countries.

Demonstrating government regulations as one of the determinants of FDI, destination country
government regulations in the Heckman model as well as in OLS estimator are positively significant
in all sectors including primary. This finding is in line with Morrissey and Udomkerdmongkol
(2012) who used annual aggregate data for 46 developing countries covering the period 1996-2009
to investigate governance regulations’ related with FDI. This finding is in line with Fazio and
Talamo (2008) who showed that the quality of government regulations, including intervention, price
controls, and free movement of capital, boosts FDI inflows. However, a destination country’s

government regulations are between positive and negative insignificance in all specifications in
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PPML estimators. For source country government regulations, there is positive and significant
relationship with FDI inflow in all sectors in Heckman. This indicates that the more regulated
government regulations, the more FDI inflows. Thus, foreign investors are more likely to invest in

countries and sectors that have no manipulation.

From gravity model distance variables, the TFP shows in the Heckman estimator as positive and
significant in all sectors’ specification and secondary. Similarly to the OLS estimator, the technology
to frontier distance is positive and significant in all sectors’ specification, secondary and tertiary
sector as well, as expected. These results indicate that foreign investors are wanting to invest in great
value economies and countries with high technology to reduce costs, as well as great business
environments. Higher TFP and greater business performance would attract higher FDIs in the
secondary and tertiary sectors, and this is what our host countries prefer as they are aiming to

diversify their economy by attracting FDIs in a sector other than primary.

In addition, in Table 3.3 we limit business strategy category by considering strategic sector variable
only and all other categories variables by employing Heckman model in all sector. We find that
strategic sector, openness and value added are positively significant. Which there results indicate
that the more FDI inflows into strategic sector, the more openness trade to international and the more
value added; the more FDI inflows to the selected host countries. Moreover, worker wages and
destination tax rate are negative and significant, same results as considering all business strategy
variables. Which these results indicate that the low average wage and limit taxation, the more FDI
inflows to the selected host countries in all sector.

Based on the coefficients, the primary sector has the highest coefficients, which indicates that the
availability of the selected determinants of FDI in our selected host countries attracts more FDI in
primary sectors. This result is contrary to UAE, KSA and Qatar governments’ general plan in terms

of its desire to attract FDI to diversify its economies away from the oil and gas sector.

3.6 Conclusion

This study has examined the importance of determinants of FDI and their relationship with FDI
inflows and assessed whether our selected host countries® strategic plan has been effective by
looking at the strategic plan entailed in identifying priority sectors and priority source countries from
66 source countries grouped in 6 regions to specific 14 sectors classified to three main sectors by
types into three allocation of developing countries from GCC (UAE, KSA and Qatar), using panel
data from 2006 -2014. The study utilized a gravity model approach, which is considered one of the
most successful empirical frameworks in international economics. The empirical study tends to
support all categories of determinants of FDIs identified in the literature that help a host country in
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attracting FDIs. Our results find that government business strategy, market size, openness and
infrastructure are the main and most important determinants of FDI in our selected host countries.
The results show that the host countries' government business strategies that related to their priority
sectors in which to attract FDI, priority source countries to attract FDI from, and allowing 100%
ownership to foreign investors are effective. Moreover, the results also find that from all of the
selected determinants of FDI, the coefficients of the primary sector are the highest in attracting FDI
compared to the secondary and tertiary sectors. This finding is against these selected host countries'
general strategy on attracting FDI, in general, the countries are aiming to attract FDI to diversify
their economies away from oil. The governments of UAE, KSA and Qatar need to study and address

new policies in this matter.
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3.7 Appendix

Table 3.1: Variables definitions and expected signs

Category

Variable

Expected

Definition .
sign

Source

Dependent
variable

Ln FDI

FDI
Ln FDI

Dependent
variable

Amount of FDI inflow in million USD per ;;, and zeros have
been replaced to ones in OLS

Amount of FDI inflow in million USD per ;, in PPML
Amount of FDI inflow in million USD per ;, in Heckman

fDi intelligence

Business
Strategy

Strategic sector

Strategic source

Strategic 100%
ownership

Dummy strategic sector = | if UAE and Manufacturing, +
Construction, Real estate, Health, Trade, Finance, Tourism,

and Information and Communication, and if KSA and

Manufacturing, Health, Transportation, Education, Trade,

Finance, Information and Communication, and Real estate, and

Qatar Real estate, Trade, Finance, Manufacturing, and

Information and Communication per ikt

Note: based on countries strategy plan 2030 that issues on

2004, some of these sectors allow 100% ownership for

foreign investors

Dummy strategic country = | if UAE and United States, +
Argentina, Brazil, Canada, Turkey, Germany, India, China and

South Korea per ijt

Dummy of government 100% ownership based on FDI law per +
country, sector and year of releasing the law of ownership =1

if UAE on all sectors on year 2010 to 2014, and if Qatar on

Mining, Manufacturing, Health, Electricity, Education,
Accommodation on year 2000 till2014, Real estate,

Information, Finance on year 2004 til12014, Arts,

administrative on year 2010 till2014, and if KSA Trade from

2016 , Manufacturing from 2015 per ikt

Note: based on KSA FDI law, there is no ownership for any

sectors from 2006 - 2014

Author calculation based on
documents

Author calculation based on
documents

Author calculation based on
documents

Market size

Ln Destination
native population

Number of local population per it

Federal Competitiveness
And Statistics Authority —
UAE, Ministry of
Development Planning and
Statistics — Qatar, General
Authority for Statistics —
KSA

Macroeconomic
stability

Destination
inflation, |
Source inflation, |

Ln Expenditure,

Ln value added |

Inflation, GDP deflator (annual %) per it -

+-
+-

Inflation, GDP deflator (annual %) per jt

Government expenditure of consumption of fixed capital in
million USD per it

Value added in million USjy,
Vale addedi}kt =

GDP in million US;;

The World Bank

The World Bank

Ministry of Finance — UAE,
Ministry of Finance — KSA,
Ministry of Finance — Qatar
Federal Competitiveness
And Statistics Authority —
UAE, Ministry of
Development Planning and
Statistics - Qatar, General
Authority for Statistics —
KSA, The World Bank

Labour cost

Ln worker wages, | Wi, = (

+/-

Wages and salaries in monthly average ik:)
Number of worler i

Federal Competitiveness
And Statistics Authority —
UAE, Ministry of
Development Planning and
Statistics — Qatar, General
Authority for Statistics —
KSA

Openness

Ln Destination
openness, |

Ln Source
openness;. |

+/-

_ (Exports+imports jt
DOPNy = ( GDPjpe )

Exports+Imports ; +/-
SOPNj = (W)

GDPj¢

Federal Competitiveness
And Statistics Authority —
UAE, Ministry of
Development Planning and
Statistics — Qatar, General
Authority for Statistics —
KSA

The World Bank
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Table 3.1 Continued: Variables definitions and expected signs

+ Federal Competitiveness
And Statistics Authority -
UAE
. L . Ministry of Development
Ln capital,_, Amount of GFCF in million USD per ikt Planning and Statiatios -
Qatar
Infrastructure General Authority for
Statistics - KSA
Ln Internet Internet users per 100 people per it +/- The World Bank
In Quality of port infrastructure, WEF (l=extremely +/-
underdeveloped to 7=well developed and efficient by The World Bank
Infrastructure . . .
international standards), per it
— T "
Investment Destination tax Corporate tax rates per it / KPMGs corporate tax
incentives - rate table
+/- N ;
Tax Source tax rate  Corporate tax rates per jt / El;ll\: G's corporate tax
. Estimate of governance (ranges from approximately - +/- The World Bank, The
Destination .
. 2.5 (weak) to 2.5 (strong) governance performance) per Worldwide Governance
corruption X .
Corruption it Indicators (WGI)
p Estimate of governance (ranges from approximately - +/- The World Bank, The
Source .
orruntion 2.5 (weak) to 2.5 (strong) governance performance) per Worldwide Governance
corrupt jt Indicators (WGI)
L Estimate of governance (ranges from approximately - + The World Bank, The
Destination .
reulations 2.5 (weak) to 2.5 (strong) governance performance) per Worldwide Governance
Government & it Indicators (WGI)
regulation Estimate of governance (ranges from approximately - + The World Bank, The
Source .
. 2.5 (weak) to 2.5 (strong) governance performance) per Worldwide Governance
regulations . .
jt Indicators (WGI)
‘ 035
oren, - () (2 *
Ln Technology T Author calculation using
to frontier TFP_; STFP, = Yie ) (Lie data source The World
" Lje / \Kje Bank
Gravity TFP.. — (STFP”)
model UE T \orEey
distance The ratio of source country DTF to country DTF - DTF +

Distance to

in start business: An economy’s distance to frontier is

reflected on a scale from 0 to 100, where O represents Doing business, The

Fixed effects

business the lowest performance and 100 represents the frontier World bank
per ijt
Country Fixed effect between KSA and Qatar - (i)

Source country

Year

Sector

Fixed effect between Asia, Africa, Europe, North
America and South America - ()

Fixed effect between year 2007 -2013 - (t)

The interaction between sectors. For secondary
specifications, the interaction between Construction and
Manufacturing sector. For tertiary specifications, the
interaction between Accommodation and food,
Administrative and support services, Arts, recreation
and other services sector, Education, Financial and
insurance sector, Human and health social work,
Information and communication, Real estate and
Transportation and storage sector - (k)

Asia

Africa

Europe

North America
South America

Azerbaijan, Bahrain, Bangladesh, China, Hong Kong,
India, Iran, Iraq, Japan, Jordan, Kazakhstan, Kuwait,
Lebanon, Malaysia, Nepal, Oman, Pakistan, Philippines,
Singapore, South Korea, Sri Lanka, Syria, Thailand,
Turkey

Egypt, Ghana. Morocco, Nigeria, , south Africa, Togo,
Tunisia

Austria, Belarus, Belgium, Bulgaria, Croatia, Cyprus
Czech republic, Finland, France Germany, Greece,
Hungary, Iceland, Ireland, Italy, Luxembourg,
Netherlands, Norway, Poland, Portugal, Romania,
Russia, Spain, Sweden, Switzerland, United Kingdom,
Ukraine

Bahamas, Canada, Mexico, United States

Argentina, Brazil
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Table 3.3: Heckman estimation results

Ln FDI All Primary Secondary Tertiary All
Business strategy Strategic sector 0.6455%%* 1.2661%* 0.2867 0.1162%**
(0.1368) (0.8495) (0.4920) (.0397)
Strategic source 1.4333%%* 0.7037 0.9050%%* 1.145]%*%*
(0.2157) (0.6616) (0.4149) (0.2237)
Strategic 100% ownership 0.0534 -5.5415 -0.7976 0.4033
(0.3634)  (54.4398)  (2.7601) (0.3505)
Market size Ln Destination native population ~ -0.8168*** -6.3528 -0.5912 -0.6176%** -0.33]3%%**
(0.3188) (13.1859) (1.7518) (0.3045) (0.0930)
Macroeconomic Destination inflation, 0.0016 0.0839 0.0118 -0.0139 0.0061
stability (0.0190) (0.0960) (0.03760 (0.0188) (0.0059)
Source inflation, 0.0213%* -0.0520 0.0250 0.0165* -0.0025
(0.0101) (0.0593) (0.0248) (0.0093) (0.0021)
Ln Government expenditure, | 0.0974 0.6151 -0.1705 0.1006 0.0312
(0.2286)  (1.6227) (0.5141) (0.2233) (0.0754)
Ln value added, ; -0.2630%** 0.0544 -0.1151 -0.4749%** 0.1075%**
(0.0631) (0.3965) (0.1968) (0.0700) (0.0158)
Labour cost Ln worker wages; | -0.1091 ** 0.4823%* 0.1509* 0.2086* -0.0923*#*
(0.0489) (0.8003) (0.2256) (0.1342) (0.0137)
Openness Ln Destination openness, | -0.2470%**  _2.3190* -0.3981 -0.1253%%* 0.0638%**
(0.0389) (1.4196) (0.4549) (0.0548) (0.0136)
Ln Source openness, | -0.1285** -0.0972 -0.1969%* 0.1138** 0.0892 %%
(0.0568)  (0.2443) (0.1068) (0.0575) (0.0087)
Infrastructure Ln capital,_, 0.0751 2.0620 -0.3472 0.1791* 0.0178
(0.0659)  (3.0760) (1.2972) (0.0952) (0.0212)
Ln Internet 0.2365* 4.7542%* 2.4518* 1.0000* 0.0440
(0.8065)  (6.3705) (2.3551) (0.7781) (0.2625)
Ln Infrastructure 3.3268 26.5258%* 20.0227* -1.4508 -0.1468
(4.5348)  (16.3378)  (10.9696) (4.2428) (1.2988)
Investment incentives - Destination tax rate -0.0523%* -0.2628 0.0400 -0.0521%* -0.0229 %3
Tax (0.0271) (0.4877) (0.1217) (0.0258) (0.0072)
Source tax rate 0.0830%** 0.3241 -0.0052 0.0551%* 0.035]1 **=*
(0.0285) (0.4991) (0.1223) (0.0270) (0.0076)
Corruption Destination corruption -0.0838 5.2593* 1.3984 -0.5432 -0.0644
(0.5243) (2.9174) (1.2078) (0.4855) (0.1710)
Source corruption 0.1871 -0.1399 0.0007 0.3095%* 0.0487
(0.1600)  (0.6469) (0.3887) (0.1625) (0.0392)
Government Destination regulations 0.0027* 2.5768* 1.4280 0.1311 0.0440
regulations (0.6041) (3.7800) (1.4249) (0.5906) (0.2464)
Source regulations 0.4515%* -0.3827 0.2528 0.1955 0.1943
(0.2146) (0.8690) (0.5025) (0.2111) (0.0525)
Gravity model distance Ln Technology to frontier TFP, 0.3449%* -0.0330 0.6954* 0.1404 0.1096%*
(0.1604) (0.4431) (0.3894) (0.1519) (0.0535)
Constant -0.2524 -9.6329 -34.7437 8.6793 -0.6117
(10.0037)  (173.7372)  (37.5354) (9.1113) (2.8562)
Fixed effects Sector YES YES YES YES
(F-test) (60.03%**) (0.29) (383.48**%)  (63.18%**)
Joint effects Business strategy YES YES YES YES
(F-test) (73.86%%%) (3.98) (51.60%¥*)  (35.90%%%)
Macroeconomic stability YES YES YES Yes YES
(F-test) (17.30%%%) (4.11) (4.14) (9.11%) (17.48%%%)
Openness YES YES YES YES YES
(F-test) (133.76%*%%)  (3.08) (5.07) (T.81%)  (157.43%%%)
Infrastructure YES YES YES YES YES
(F-test) (2.56) (5.08) (5.68) (6.22) (3.28)
Investment incentives - Tax YES YES YES YES YES
(F-test) (26.22%%*) (5.74) (2.58) (11.12%%) (27.84%%*)
Corruption YES YES YES YES YES
(F-test) (1.60) (7.97%) (2.72) (6.63%) (2.36)
Government regulations YES YES YES YES YES
(F-test) (17.34%%*) (2.25) (2.43) (17.55%%%)  (13.79%*%)
Select Destination distance to business 0.0292* 0.0335 -0.0352 0.0253 0.0284*
(0.0223)  (0.2166) (0.0797) (0.0279) (0.0213)
Source distance to business -0.0027 0.0078 -0.0001 -0.0085%** -0.0015
(0.0024) (0.0154) (0.0077) (0.0029) (0.0015)
Observations 21,905 1,564 4,691 15,650 21,905
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*p<0.1, ** p<0.05, *** p<0.01
Robust standard errors in parenthesis under coefficients



Table 3.4: OLS estimation results

Ln FDI All Primary Secondary Tertiary
Business strategy Strategic sector 0.0594%%* 0.3397%** -0.0882%#**
(0.0129) (0.0576) (0.0228)
Strategic source 0.4458%** 0.7110%** 0.4099*** 0.3949%**
(0.0613) (0.2863) (0.1127) (0.0710)
Strategic 100% ownership 0.0142 1.4362% -0.0188 0.1030%**
(0.0206) (0.9324) (0.1118) (0.0293)
Market size Ln Destination native 0.4637* -4.3534 1.4557%%% 0.0389
population (0.2981) (3.8653) (0.5778) (0.3284)
Macroeconomic stability Destination inflation, 0.0055* 0.0614* -0.0022 0.0102%**
(0.0033) (0.0378) (0.0058) (0.0039)
Source inflation, | 0.0011%* -0.0002 0.0002 0.0016%**
(0.0005) (0.0032) (0.0010) (0.0006)
Ln Government expenditure, 0.0252 0.5309 -0.0600 0.0589
(0.0432) (0.4550) (0.0859) (0.0476)
Ln value added,_, -0.0237%%* -0.1387%** -0.0657*** -0.0554%%*
(0.0058) (0.0489) (0.0150) (0.0078)
Labour cost Ln worker wages,_, -0.0197*** -0.2452 0.00171 -0.0027
(0.0053) (0.6327) (0.0178) (0.0129)
Openness Ln Destination openness, -0.0311%** 0.1270 0.0031 -0.0235%**
(0.0033) (0.1761) (0.0210) (0.0077)
Ln Source openness, -0.0349%*** -0.0264 -0.0100 -0.0102*
(0.0050) (0.0325) (0.0105) (0.0062)
Infrastructure Ln capital, ; 0.01281* 0.2812 0.1867*** -0.0237%**
(0.0069) (0.3702) (0.0764) (0.0093)
Ln Internet 1.0447%%* 4.1774%%** 1.1508%** 1.0162%**
(0.2195) (1.6505) (0.4058) (0.2541)
Ln Infrastructure -1.892 ] *** 0.0273 -2.8655% % -1 187k
(0.3371) (3.1850) (0.6764) (0.3828)
Investment incentives - Destination tax rate -0.0057%** -0.0181 0.0034 -0.0073%**
Tax (0.0017) (0.0148) (0.0050) (0.0020)
Source tax rate 0.0147%** 0.03BO*** 0.0028 0.0129%%*
(0.0020) (0.0158) (0.0056) (0.0023)
Corruption Destination corruption -0.2706%** -0.1968 -0.1982 -0.3075%%*
(0.0846) (0.5640) (0.1551) (0.0936)
Source corruption 0.0466%%* 0.2716%%* 0.0537%% 0.0500%*%
(0.0135) (0.0802) (0.0265) (0.0154)
Government regulations Destination regulations 0.2180* 1.7016* 0.1531 0.1677
(0.1189) (1.0100) (0.2131) (0.1345)
Source regulations 0.08]2%** -0.0599 0.0205 0.0869***
(0.0126) (0.0737) (0.0240) (0.0149)
Gravity model distance Ln Technology to frontier TFP_, 0.0362%%* 0.0151 0.0434* 0.0227*
(0.0144) (0.0802) (0.0263) (0.0166)
Distance to business -0.0706 -0.2792 -0.0377 -0.1202*
(0.0740) (0.4466) (0.1317) (0.0838)
KsA -1.8705%%* 17.5833 -4,4495% %% -0.4888
(0.7883) (14.0765) (1.5651) (0.8768)
Qatar 0.4779 -6.1125 1.6486%* -0.0817
(0.4585) (5.5260) (0.9007) (0.5090)
Asia 0.393] *** 1.0109%** 0.2753%** 0.3546%+**
(0.0344) (0.1543) (0.0601) (0.0413)
Africa 0.3059%** 0.7850%** 0.2715%%* 0.2744%%*
(0.0346) (0.1462) (0.0644) (0.0417)
Europe 0.28]15%%* 0.8119%** 0.22227%%* 0.2265%**
(0.0322) (0.1263) (0.0586) (0.0390)
North America 0.5855%** 1.1178%** 0.490] *** 0.5228%*%
(0.051) (0.2385) (0.0985) (0.0587)
South America -0.0522 0.0177 -0.1594%* -0.0522
(0.0440) (0.2195) (0.0741) (0.0527)
Constant -8.43806%* 31.2938 -21.897 ] %** -3.2581
(4.0690) (41.9380) (7.7091) (4.5333)
Fixed effects Country YES YES YES YES
(F-test) (8.5]1%%%) (0.89) (8.00% %) (1.69%)
Source country YES YES YES YES
(F-test) (64.54%%%) (12.62%%%) (17.57%%%) (42.35%%%)
Year YES YES YES YES
(F-test) (14.38%%*) (2.38%%) (3.97%%*) (8.96%**)
Sector YES YES YES
(F-test) (22.25%*%) (1.96%) (33.42%%%)
Joint effects Business strategy YES YES YES YES
(F-test) (25.41%%%) (4.00% %) (25.68%%%) (20.70%%%)
Macroeconomic stability YES YES YES YES
(E-test) (2.23%) (0.94) (0.22%%%) (4.38%%%)
Openness YES YES YES YES
(F-test) (97.55%%%) (0.54) (0.45%%%) (9.247%%%)
Infrastructure YES YES YES YES
(F-test) (11.46%%%) (2.22%) (6.13%%%) (8.33%%%)
Investment incentives - Tax YES YES YES YES
(F-test) (45.74%%*) (7.47%%%) (6.66%**) (18.37%%*)
Corruption YES YES YES YES
(F-test) (11.31%%%) (5.76%%%) (2.97%%) (10.91%%*)
Government regulations YES YES YES YES
(F-test) (22.40%#%) (1.65%) (0.62) (17.44%%%)
Observations 21,905 1.564 4,691 15,650
R-squared 0.0957 0.1566 0.1350 0.1165

*p<0.1, ** p<0.05, *** p<0.01
Robust standard errors in parenthesis under coefficients
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Table 3.5;: PPML estimation results

FDI All Primary Secondary Tertiary
Business strategy Strategic sector 0.0105 2.9449%** -0.1340
(0.2150) (0.7724) (0.3650)
Strategic source 0.8542%** 1.5007** 0.9966%** 0.8971**#*
(0.3370) (0.7845) (0.3077) (0.3269)
Strategic 100% ownership 0.7864 0.6997 -0.3699 0.4273
(0.8431) (3.4819) (0.9422) (0.9614)
Market size Ln Destination native population 2.0690 -1.4555 16.0803%* -7.2797*
(7.2089) (12.9347) (7.9083) (5.1357)
Macroeconomic stability Destination inflation,_, -0.0143 0.0077 -0.0249 0.0458
(0.0553) (0.1523) (0.0623) (0.0381)
Source inflation, -0.0327 0.0034 0.02]3%** -0.0332
(0.0340) (0.0473) (0.0091) (0.0333)
Ln Government expenditure,_, 0.2131 0.5390 -1.4668% 1.2001%*
(0.9080) (1.4483) (0.9770) (0.7517)
Ln value added, ; -0.2454%%* -0.7628%* -0.1854 -0.1761**
(0.0833) (0.3301) (0.1456) (0.0849)
Labour cost Ln worker wages, -0.0387 1.7359%* 0.4078* 0.5416%*
(0.0758) (0.8660) (0.2227) (0.2377)
Openness Ln Destination openness, -0.2086%** -1.3505%%* -0.0778 -0.1743%*
(0.0460) (0.5760) (0.1333) (0.1097)
Ln Source openness, -0.1247%* 0.0221 -0.0789 -0.0862
(0.0608) (0.1914) (0.0822) (0.0893)
Infrastructure Ln capital,_, 0.4337*** 1.5336* 0.5680 -0.3089*
(0.1498) (1.1617) (0.4806) (0.1816)
Ln Internet 7.5304% %% 7.6569 5.5084% 9.4037%**
(3.1087) (6.0788) (3.9660) (2.7173)
Ln Infrastructure -4.8761 -7.6737 -6.7787 -8.4914
(6.4000) (13.5584) (5.7010) (8.4346)
Investment incentives - Destination tax rate -0.1039*** -0.1699*** -0.0095** -0.1423%**
Tax (0.0321) (0.0486) (0.0440) (0.0431)
Source tax rate 0.1303%** 0.2612%** 0.0880* 0.1252%%*
(0.0323) (0.0542) (0.0573) (0.0363)
Corruption Destination corruption -0.7164 0.8190 -0.7957 -0.7415
(1.1443) (1.7322) (1.2706) (1.2711)
Source corruption -0.0461 0.5938* -0.3720* -0.2677
(0.2045) (0.3875) (0.2316) (0.3136)
Government regulations Destination regulations 1.2737 3.4015 -0.3811 1.5294
(1.7448) (3.1931) (1.9861) (1.7932)
Source regulations 0.8316%** -0.0685 1.0193%** 1.2876%%*
(0.3130) (0.5077) (0.3853) (0.5577)
Gravity model distance Ln Technology to frontier TFP,_, 0.2599 -0.4229 0.4377 0.4658*
(0.2589) (0.3532) (0.3702) (0.2984)
Distance to business -1.2620 -1.4445 0.3114 -1.7455
(1.4261) (2.2458) (1.4600) (1.4855)
KSA -2.1186 -3.7559 -44.4694** 22.7211%*
(18.1409) (44.9367) (21.3553) (14.6554)
Qatar 5.7562 -1.0244 23.1385% -8.6316
(12.0574) (19.3524) (12.7719) (8.2790)
Asia 2.3954%%* 4.9366%** 1.4344%* 1.8080***
(0.5325) (1.1656) (0.71457) (0.5799)
Africa 1.3616%* 3.BORSH** 1.7197** 1.0293
(0.7360) (1.5946) (0.8718) (0.9824)
Europe 1.16457%** 4.6721%%* 1.3597* 0.2928
(0.5551) (1.1059) (0.7383) (0.6366)
North America 2.4919%** 5.2040%** 2.0312%%* 1.8579%%*
(0.5546) (1.1405) (0.7271) (0.5789)
South America -0.1362 2.2933* -4.5596%%* -0.4184
(0.8679) (1.5828) (1.2848) (0.8844)
Constant -65.2654 -29.6228 -237.8623%* 67.6796
(108.3745) (150.9189) (107.2722) (71.0268)
Fixed effects Country YES YES YES YES
(F-test) (1.64) (0.17) (4.98%) (2.65)
Source country YES YES YES YES
(F-test) (52.24%%%) (2B.37%%*) (41.51%%%) (43.75%%*)
Year YES YES YES Yes
(F-test) (21.34%%%) (20.09%%*) (12.49%) (21.5]1%%*)
Sector YES YES YES
(F-test) (74.21%%%) (2.53%) (223.31%%%)
Joint effects Business strategy YES YES YES YES
(F-test) (7.02%) (3.68%) (29.87%%*) (7.83%%)
Macroeconomic stability YES YES YES YES
(F-test) (1.36) (0.23) (7.82%%) (3.46)
Openness YES YES YES YES
(F-test) (32.83%%%) (5.52%) (1.39) (5.80%%*)
Infrastructure YES YES YES YES
(F-test) (12.75%%%) (2.67) (3.04) (13.46%%*)
Investment incentives - Tax YES YES YES YES
(F-test) (16.58%%%) (24.26%%%) (14.54%%%) (12.85%%4)
Corruption YES YES YES YES
(F-test) (0.53) (2.59) (3.09) (2.28)
Government regulations YES YES YES YES
(F-test) (9.87%%%*) (1.16) (7.07%%) (B.66%**)
Observations 21,905 1.564 4,691 15,650
R-squared 0.2740 0.5339 0.5026 0.0278

*p<0.1, ** p<0.05, *** p<0.01
Robust standard errors in parenthesis under coefficients
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Chapter 4

Foreign Ownership and Firms’ Efficiency:
A Two-Stage Analysis of Dubai’s

Manufacturing and Construction Sectors

Abstract: This study examines the efficiency distance between foreign-owned and domestic firms
in manufacturing and construction sector. In the first part of our analysis, we use a confidential
dataset containing firm-level information for Dubai over the period 2014-2016. Within a DEA
framework, we estimate each firm’s relative efficiency score. In the second-stage, we resort to
econometric techniques to investigate the determinants of differences in efficiency, focusing on
firms’ ownership, sectoral level FDIs, and other firms’ specific factors such as composition of the
labour force, the firm size’s and its age. We find that foreign-owned firms are more efficient in both
the manufacturing and construction sectors, compared to domestic firms. We further show that the
association between the amount of FDI in manufacturing and efficiency is positive, possibly thanks
to the role of FDI in improving competitiveness in the domestic market and transferring managerial
know-how. Skilled labour is an important relationship of efficiency in manufacturing and
construction sectors. This finding may be explained by the fact that a more competent, more skilled
labour-force, better educated and better paid staff would enhance performance, productivity and
efficiency in both manufacturing and construction firms. Firm age and size do not seem to be

statistically related to efficiency among manufacturing and construction firms.
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4.1 Introduction

Host countries offer a wide range of incentives to attract FDI by foreign investors and foreign firms.
The incentives are justified on a common argument that FDI not only brings capital and labour but
also brings new technology and transfers knowledge. The potential benefits of FDI inflows, which
make foreign firms more efficient, are viewed as important in increasing the productivity and
competitiveness of domestic firms. The efficiency of the firms has a substantial influence on the
economy and the efficiency measurement is one aspect of a firm’s performance. Efficiency
measurement potentially captures a broader range of changes within firms, compared to other
traditional measurements like productivity measurement. Foreign-owned firms from developed
countries typically enjoy technological superiority and strong management capabilities, and their
technologies and management practices can be transferred to or imitated by domestic firms in
emerging markets by training domestic employees. This might increase the efficiency of the
domestic firms. Multinational companies, through their subsidiaries, may spillover into host
countries' entire economies and increase the economic performance of domestic firms (Blomstrom
and Kokko, 1998).

In this study, we examine the efficiency distance between foreign-owned firms and domestic firms
in manufacturing and construction sectors in Dubai to analyse whether ownership of manufacturing
and construction firms is associated to firms' efficiency. We also analyses whether FDI inflows and
other selected key determinants such as: composition of the labour force, firm size and firm age
affect firms’ efficiency. Using confidential firm-level panel dataset from 2014-2016, a two-stage
analysis is using in this study, in the first-stage we employ DEA to measure firms’ efficiency and in
the second-stage we use bootstrap GLS regression in order to evaluate the signs and the magnitudes
of foreign ownership, FDI and the selected key determinants on firms’ efficiency. To the best of our
knowledge, this study is the first to use this confidential dataset from Dubai, the first to measure and
analyse the efficiency of Dubai manufacturing and construction firms, the first to assess the
association of foreign ownership and FDI inflows on firm efficiency, and the first study to analyse
efficiency by applying the two-stage DEA model in Dubai firms. The study finds that foreign-owned
firms are more productive in both manufacturing and construction sectors. The association between
FDI inflows in manufacturing and firms’ efficiency is positive, due to FDI’s roles in improving
competitiveness in the domestic market and transferring knowledge. Skilled labour has an important
relationship and association with efficiency in both manufacturing and construction firms; this is
explained by the fact that a more competent, skilled and better-paid staff will enhance performance
and efficiency in both manufacturing and construction firms. Firm size and age do not appear to

help to promote the efficiency of manufacturing and construction firms.
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It is widely known in the literature that productivity increases when companies are owned by foreign
investors (Bartelsman and Doms, 2000; Lipsey and Sjoholm, 2005; Javorcik, 2008). However, there
is less analysis of the relationship of foreign-owned firms on efficiency. Generally, when a firm
becomes more efficient, it automatically becomes more productive. However, the reverse does not
hold true. For example, increased productivity does not cause higher efficiency. Productivity can
improve either due to the availability of resources, improvements in technology or increases in the
amount of capital per worker. Furthermore, it is well known that foreign investors can bring in new
technologies and know-how (Blomstrom and Kokko, 1998); yet, given the different restrictions and
constraints that a foreign owner might face compared with a domestic owner in a host country, there
is a risk that part of the productivity gain due to improved technology might reduce the firms’
efficiency. Thus, if this happens, a host country that seeks to attract FDI because of its several
benefits might lose the efficiency benefit.

Measuring efficiency is one of the main aspects of today’s world; the efficiency of firms makes
substantial changes to any economy. The non-parametric method — DEA — is a technical approach
for measuring efficiency. It uses linear programming, where the efficient frontier curve is estimated
from a series of points. Efficiency is a more comprehensive measure as it depends on input and
output variables. The mutual criteria for measuring efficiency are to maximise output and minimise
the cost; in other words, efficiency requires a firm to produce the maximum output for a given level

of input.

In 2016, the Government of Dubai launched the “Dubai Industrial Strategy 2030 to enhance and
develop the manufacturing and construction sectors. The strategic plans have several aims: to
increase the total output and value-added of the manufacturing and construction sectors, in order to
make Dubai a preferred manufacturing platform for global businesses; to promote environmentally
friendly and energy-efficient manufacturing; to make Dubai a centre for the global Islamic product
market; and to enhance the depth of knowledge and innovation in the sector. Moreover, the
Government of Dubai expects the manufacturing sector to grow by an additional USD 5 billion by
2030, creating 27,000 jobs (Dubai Executive Council, 2017).

Furthermore, the government launched new initiatives, strategic plans and new and ongoing
developments to drive the development of construction sector which has a promising outlook; as
the Education Strategic Plan 2021 and National Strategy for Higher Education 2030, the Energy
Strategy 2050, the Sheikh Zayed Housing Programme and the Tourism Strategy. These strategies
will keep the construction sector busy in addition to the on-going mega projects, such as Dubai

South, Dubai Hills Estate, Shindagha Corridor, Union Railway, Deira Islands.
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Manufacturing firms are the critical component of the economic growth of any country. In Dubali,
the contribution of manufacturing firms is increasing day by day, as they are key players in the field
of employment creation and income generation. Dubai over the last decade has been one of the
dominant powers in the regional construction market. As a consequence, according to GlobalData
2018, Dubai is the world's top city for construction. It is widely agreed that Dubai’s manufacturing
and construction firms have grown rapidly, with their contribution to GDP amounting to around
9.5% and 7.7% respectively in 2016. Dubai manufacturing has made a significant contribution to
the economic growth of the country, and additionally Dubai’s construction sector has grown rapidly
due to the new demands for infrastructures and housing, resulting from rapid domestic economic
growth. Moreover, these two sectors are instrumental to targeting and attracting FDIs from different
economies; between 2014 and 2016 they received the highest values of FDIs. Dubai attracted USD
3.7 billion and USD 2.7 billion in manufacturing and construction respectively, indicating that firms
in these two sectors play a major role in attracting FDI to enhance their productivity and
competitiveness. In 2016, Dubai employed 8.4% of their workers in manufacturing firms and 25.6%

in construction firms, the highest percentage of employed workers.

In general, FDI provides direct and indirect benefits for host economies. Often, the direct benefits
are in the form of additional capital and labour. The indirect benefits on the other hand, emerge from
the externalities resulting from the FDI and foreign firms’ presence (Hymer, 1960). The argument
for the indirect benefits is that, due to FDI inflows, the presence of foreign firms may related to
domestic firms, which might then experience increasing efficiency or productivity, raising profits
and gaining knowledge. All of these benefits come from FDI spillovers (Blomstrom and Kokko,
1998; Lipsey and Sjoholm, 2005). In the last few decades, researchers have been concerned with
efficiency or productivity spillovers and this attention is not surprising because the efficiency of
firms is an important aspect of production functions. It throws light on the efficiency of the
production environment in a host country’s economy, as well as enabling the assessment of whether
the existing and available resources are being used efficiently in the FDI regime in the recipient

economy.

The literature on the productivity of foreign firms suggests that foreign-owned firms tend to be more
productive. This could be due to technological spillovers and know-how from FDIs. This has been
revealed empirically based on samples of manufacturing firms in Venezuela, studied by Aitken and
Harrison (1999). Bartelsman and Doms (2000) discussed the factors that are most important in
explaining firm productivity; these factors are ownership, technology, openness and the quality of

the workforce. Consequently, foreign ownership has been found to be an important factor.
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A number of scholars have indicated that firms under foreign ownership are more productive than
domestic firms (Aitken and Harrison, 1999; Djankov and Peter, 2002). This interpretation is
consistent with the hypothesis that firms established overseas have an advantage over the efficiency

of firms in a host country due to the different incentives that offered by a host country.

The association between foreign ownership and FDI on efficiency have been studied in a growing
body of literature. Bottasso and Sembenelli (2004) have provided empirical evidence for the
relationship between foreign ownership and efficiency in Italian firm-level panel data for 12
manufacturing firms over the period 1978-93. They found that the foreign-owned firms had a
positive relationship with their efficiency. Saranga and Phani (2008) used DEA to study the
efficiency in the Indian pharmaceutical industry and dataset during 1992-2002, and found that
foreign-owned firms tended to be more efficient. Similarly, Suyanto and Salim (2013) studied
Indonesian pharmaceutical firms and found that foreign firms are more efficient than their domestic
competitors. Khalifah (2013) studied Malaysia’s automotive firms using panel data over the years
2000-2004. The author found that foreign-owned firms were more efficient in general. Svedin and
Stage (2016) studied the association between FDI on efficiency in Swedish manufacturing and
found that the association between foreign ownership and efficiency is positive. On the other hands,
several literature found that domestic firms are more efficient compared to foreign-owned firms.
Koirala and Koshal (1999) used firm level data of manufacturing sector in Nepal to analyse the
productivity and technology of foreign and domestic firms. The authors found that foreign firms
were technically less efficient. Zhou et al. (2008) examined the association between FDI and the
productivity of domestic firms in China and found that regions that attract more FDI tend to have
high domestic firms’ productivity and able to compete with foreign firms and be more efficient.
Bekes et al. (2009) analysed empirically the domestic Hungarian firms and found that the more
productive domestic firms are more to reap spillovers from foreign firms and tend to be more

efficient in the long run.

In an example of the theoretical literature on the FDI spillovers on a host country’s efficiency, Das
(1987) revealed that FDI inflows, FDI spillovers and foreign firms” presence in a host country's
domestic market encourage domestic firms to imitate new knowledge, which helps to increase their
efficiency or productivity. Ghali and Rezgui (2008) used a panel data for 674 of Tunisian
manufacturing firms over the period 1997 -2001 and found that FDI spillovers related positively
with firms’ efficiency. Similar findings were reported by Dimelis and Lauri (2002) when they
investigated the Greek manufacturing sector. Cross-sectional studies mostly confirm a positive
relationship between FDI and efficiency. However, more recent studies using panel data analysis
show mixed evidences. So, the relationship between FDI and firms’ efficiency still remains

unsettled and mixed. Lipsey and Sjoholm (2005) pointed out that the evidence for FDI’s relationship
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on firms' efficiency tends to vary across countries and across sectors within countries. Suyanto and
Salim (2010) found that FDI in Indonesia led to increased efficiency in one sector but reduced
efficiency in the other. Where the resutls of these two studies indicate the importance of studying
across-sector study. Kinda (2011) used manufacturing firm-level data on five developing countries
(Brazil, Morocco, Pakistan, South Africa and Vietnam) over the mid-2000s to compare the
efficiency. The author found that FDI in the recipient country had a marked relationship not only on
the efficiency of foreign-owned firms, but also on the efficiency of the local firms selling to them.

Various studies have been carried out to examine the relationship between composition of the labour
force and firms' efficiency. Batra and Tan (2003) focused on skills and efficiency in manufacturing
enterprises using firm-level data from 6 countries (Malaysia, Indonesia, Mexico, Colombia, Taiwan
and Guatemala). Skilled workers are defined as managers, engineers and professionals, technicians,
line supervisors and skilled production workers. The study found that skilled workers have a positive
and significant association with efficiency. Vu (2003) investigated the improvement of efficiency
for Vietnamese industrial enterprises firms between 1997 and 1998 by using the DEA method and
a dataset of 164 manufacturing firms. The author defined skilled labour as the proportion of skilled
workers in the total workforce, and found that number skilled labour had a positive and significant

relationship with the efficiency of manufacturing firms in Vietnam.

There are many studies that analyse the relationship between efficiency and firm size based on firm-
level datasets (Pitt and Lee, 1981; Lundvall and Battese, 2000; Kim, 2003; Alvarez and Crespi,
2003). Mengistae (1996) used a survey dataset covering a random selection of 220 firms in several
manufacturing firms in Ethiopia, to analyse the relationship between firms’ size, defined as the log
of the average employment size of the firm, and firms’ efficiency, in 1989, 1991 and 1993. The
author found a positive affect. Kim (2003) used panel data of Korean manufacturing firms to identify
and investigate whether efficiency is systematically related to firm size. The firm size was measured
as the share of an individual firm’s output to the total industry output (firm’s sales/industry’s total
sales). The empirical results showed that firm size has a positive and significant relationship with
the firms’ efficiency. From across-sectoral studies, Biggs et al. (1996) focused on firms in the food,
wood, textile and metal sectors in Ghana, Kenya and Zimbabwe, and used a survey dataset in 1992
and 1993 to investigate the relationship between firm size and firm efficiency. The authors
considered firm size as the number of workers and found a positive relationship between size and
efficiency in the selected countries. Similarly, Little et al. (1987) examined the relationship between
a firms efficiency and size by defining firm size as the number of workers in 345 firms in different
sectors in India during the period 1978-1980. The authors found that a positive association between

firm size in machine tooling firms and firm efficiency, while in other sectors association was
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insignificant. Studies observe that the association between firms’ size and efficiency tends to vary

across-sectors.

Additionally, numerous studies have analysed firm efficiency and age based on firm-level data sets.
With regard to firm age, older firms are usually considered to be more efficient than younger or
mature firms as they have already gained experience and tried to avoid making mistakes, and their
survival per se may reflect their superior efficiency. As has been long debated in existing literature,
however, the relationship between firm age and firm’s efficiency is ambiguous. Amornkitvikai and
Harvie (2010) employed SFA and a two-stage DEA approach to investigate the relationship between
firm age and firm efficiency. They used a panel dataset of 178 Thai manufacturing firms covering
the period 2000-2008 and considered age as the number of operating years. The authors found that
a firm’s age has a positive relationship with its efficiency. Similarly, Pitt and Lee (1981) found a
positive relationship between firm age and efficiency. However, Teece (1997) stated that younger
firms tend to have updated knowledge, which can make them more efficient than older firms. Other
studies have observed a negative relationship between age and efficiency, for example Chen and
Tang’s (1987) study, which used a production frontier to examine foreign firms in Taiwan's
electronics sector. Nevertheless, a number of empirical studies have reported that age has no

significant association with firms’ efficiency (Suyanto and Salim, 2010).

Lundvall and Battese (2000) examined 235 Kenyan manufacturing firms in order to investigate
whether firm’s efficiency is systematically related to firm age. They used the SFA method and found
that the relationship of firm’ age is less systematic and insignificant in all sectors except textiles on
firms’ efficiency. Tran et al. (2007) examined the efficiency performance of the manufacturing
sector in Vietnam. Using firm-level data from the period 1996-2001, the empirical study
investigated firm age (defined as the number of years since establishment) and its relationship with

efficiency. The results were mixed and ambiguous, between age and efficiency.

In order to achieve our objectives and to answers our research questions, the structure of this study
as follows: a brief overview of Dubai, followed by conceptual framework, empirical specification.

Finally, the empirical results and the conclusion. We also include an appendix at end of this chapter.
4.2 Dubai at a glance

Dubai has changed dramatically over the last three decades or so. Around 95% of Dubai’s GDP is

not oil based; rather it has become a major business hub with a more dynamic and diversified

economy in order to survive the decay or depletion of oil. Dubai enjoys a vital and strategic location

and is the biggest re-exporting centre in the Middle East region. Dubai benefits from low logistic

and operation costs, world-class infrastructure, and business friendly government policies that are
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attracting and enhancing investors. In 2016, the five top major economic sectors in Dubai by share
of GDP were: trade 26.3%, transportation 12.3%, finance 11.1%, manufacturing 9.5% and

construction 7.7%.

The three graphs below present a comparison of the manufacturing and construction sectors on the
macro level of Dubai’s economy, based on statistical data from the Dubai Statistics Center. Dubai’s
manufacturing sector is one of the primary pillars of the economy. It is the fourth largest and has
the highest percentage share of GDP, representing 9.5% of Dubai’s economy in 2016. Construction
is the activity of building and constructing houses, residential and commercial buildings,
infrastructure and civil engineering works such as roads, bridges and pipelines, as well as operation
and disposal. The construction sector development has led to an increase in the sector’s share of

Dubai’s GDP from 6.5% in 2006 to 7.7% in 2016.

Figure 4.1: Manufacturing and construction sectors contribution to GDP in Dubai (In constant price)
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The manufacturing sector is one of the main sectors of employment in Dubai, both in direct
manufacturing operations and industry-related operations. According to the Dubai Statistics Centre,
in 2016 a total of Dubai workforce estimated at around 2.6 million workers and the manufacturing
sector employed 8.4% of the total Dubai workforce. In spite of its importance, the contribution of
manufacturing as an employer decreased in the period 2006-2016; this is attributed to machines and
digital equipment replacing humans, or structural transformation that transfers an economy from
low productivity and labour- intensive economic activities to a modern economy with higher

productivity, skill-intensive activities and less labour.

The construction sector employed 25.6% of Dubai’s total workforce, in 2016. This indicates to a
great extent that the construction sector is a labour-intensive cyclical sector. The number of workers

increases with the expansion of construction works, and decreases upon their completion.
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Figure 4.2: Share of manufacturing and construction sectors workforce in Dubai’s total workforce
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FDI is one of the main and fundamental drivers of economic growth and it is considered to be a vital
and important indicator determining future growth and sustainable development in each country.
Attracting FDI has numerous benefits and a large FDI entry level allows the manufacturing and

construction sectors to make technological and advanced achievements.

Figure 4.3: Percentage contribution of manufacturing and construction sectors of total FDIs in Dubai's
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In Dubai in 2016, manufacturing sector has a share of only 4% of total foreign investment. On the
other hand, the value of FDI in the construction sector has been increasing steadily in Dubai. In
2016, Dubai’s construction sector has a share of only 3.8% of total foreign investment

4.3 Conceptual framework

In this study we employ the non-parametric measure, the DEA, and this section describes the
foundations of the DEA approach and some recent developments in the two-stage bootstrapping
technique.
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In principle, the popularity of DEA for measuring relative efficiency is due to several distinguishing
features that make it a valuable and attractive tool for performance analysis. First, DEA is a
methodology directed to frontiers rather than central tendencies (Cooper et al., 2000). Second, DEA
as a non-parametric technique thus it does not need to make distributional assumptions regarding
the residuals (Abbott and Doucouliagos, 2003). Thus, DEA rather than regression analysis is the
ideal tool to fit the data. Third, multiple inputs and outputs can be used in the DEA model without
any concerns over the relative importance of each input and output (Colbert et al., 2000). Fourth, in
comparison to traditional methods based on predefined model structures such as the Stochastic
Frontier Analysis - SFA, DEA has the advantage of avoiding the need to make prior assumptions
regarding the functional form of the best practice frontier (Cooper et al., 2000). Ruggiero (2007)
shows that the SFA model does not produce better results than DEA.

More comprehensive reviews of the methodology are presented by Lovell (1993), Ali and Seiford
(1993), Seiford (1996), Cooper et al. (2000), Kao and Liu (2011) and Memon and Tahir (2011).
Originally, Farrell (1957) proposed the piecewise-linear convex hull approach to frontier estimation.
Chames, Cooper and Rhodes (1978) coined the term DEA, then DEA received wide attention and
since then there have been a large number of papers, which have extended and applied the DEA

methodology.
4.3.1 The first-stage (DEA estimation)

The DEA is a linear programming technique based on the pioneering work of Farrell’s efficiency
measure (1957), to measure the different efficiency of Decision Making Units (DMUSs). Which is

responsible for converting multiple inputs into multiple outputs.

Let’s assume that the number of DMUs is n. Each DMU utilizes i inputs to produce k outputs. The
inputs and outputs for all of the DMUs are assumed to be strictly positive when calculating the
relative efficiency of each DMU. For each DMU, respectively, there is at least one positive input

and one positive output as well.
The DEA model used to calculate the relative efficiency of DMUj, is as follows:

To maximize the efficiency of DMU j, using fractional programming model to compute efficiency;

max(eff) = Zic i Yijo 1)

Xivi Xijo
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Where u is the weight for each output k, v; is the weight for each input i , y; ; are the outputs k
produced by each unit j; x;; are the inputs i used by each unit j; y; o are the outputs k in unit j;

X;jo are the inputs i in unit j,.
To calculate the weights for each unit;

Yk Uk Vij <1 ?)

Xivi Xij
The weights calculated are non-negative.

we,v; =0 (3)

Two fundamental types of DEA model are regularly being used in the literature. They differ
according to the orientation with which the relative efficiency is measured: the input-oriented DEA
model and the output-oriented DEA model. Input-oriented model focuses on the measurement of
the variations in input and aims at reducing inputs while holding outputs constant. Conversely,
output-oriented DEA model focuses on the measurement of variation in the output produced and

aims to maximize output while holding the input quantities constant at their current levels.

The initial DEA model, as originally presented in Charnes, Cooper, and Rhodes (CCR) (1978),
builds on the earlier work of Farrell (1957). In the CCR model, it is assumed that there are CRS.
i.e., outputs change in the same proportion as the input amounts change (Khajavi et al., 2010). The
CCR model, was followed by a model proposed by Banker, Charnes, and Cooper in 1984 which
was called BCC and was designed based on the VRS (Azar and Motameni, 2004). Theoretically in
VRS it’s assumed that the outputs do not change in proportion to the input (Khajavi et al., 2010).

In this study, we use input oriented model and use a dual problem model to solve the problems. The

CCR dual model is as follows:

Max, , = Zk Uk Yjo (4)

Subject to

Zukijo - Zvixijo <0

k i
Zvi Xiko = 1
7
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Zuk Yrj = Z Vi Xikj

k i
U, v; 20

Where the objective function is equation (4); then determines that the sum of the virtual weights of
the inputs is 1 and together with determine its orientation; then the last equation guaranties that the

weights are non-negative.
By virtue of Linear Program Duality theorem, the linear program in (4) can be transformed into:
0" = min 6;, (5)

Subject to
ZJ’kj A = Vi jo
Jj

Bj0 Xijo = in,jo A = Yro

]
4 =0

Where 6j, is the efficiency of DMU, A; means the proportion of referencing DMU when measure

the efficiency of DMU(ef f).

And to obtain a VRS model, we have to use the previous model by adding the following:

> y=1 (6)
j

From Banker et al. (1984) the VRS formula is given by:

Max, = Zk Uk Yijo — Wjo (7)

Subject to

Zkukykj — Z'Uixij —Ujo <0
l
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Zvi xijo =1

i
v =&
U = €

In the VRS approach due to the added above restriction, a convex hull of intersecting planes is
formed that envelopes the data points more tightly than the CRS conical hull and, thus, the DEA
model with VRS assumption provides efficiency scores that are always greater than or equal to those

obtained using the CRS assumption (Mamatzakis et al., 2013).
4.3.2 The second-stage (DEA GLS estimator)

Numerous researchers have regressed the DEA estimates of efficiency on variables in two-stage
procedures to account for exogenous factors that might affect the performance of producers. Simar
and Wilson (2007) argue that a serious problem in all of the two-stage DEA studies arises from the
fact that DEA efficiency estimates are serially associated. Therefore, standard approaches to
inference in the second-stage are invalid. They propose that the single and double bootstrap
procedures both permit valid inference, and that the double bootstrap procedure improves statistical
efficiency in the second-stage regression.

In this study, the input-oriented CRS and VRS models are applied to obtain the overall efficiency
(E) scores in the first-stage. By taking into account the year effect, the calculation of different
efficiencies per year has been considered. This implicitly incorporates the time effect of this study
analysis instead of computing it for the whole accumulated sample of the sector. The measure of
DEA efficiency in a first-stage 8; for any data set (X;,Y;) for each firm can be obtained by solving

the following linear programming equation (8) below:
6, = min(@>0]Y; < YL, Y; Y;6, X =230, Y; X YL, Y=1,Y=0,i=12,..,n (8)

From equation (8): X and Y are the observed inputs and outputs and = 1, 2, ... n is the firm. The
0; X; is the efficient level of inputs, O is the scalar and 'Y; is the non-negative vector of constants
defining the optimal weights of inputs to outputs. Put another way, non-zero weights 'Y; are assigned
to the efficiency scores in the frontier. 8; is the value of the efficiency scores estimated for the i

firm for which 8,;> 1. In input-oriented model, inputs should be decreased to obtain the highest
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efficiency, where 8;=1 means that the firm is considered fully efficient while 8;>1means that the

firm is inefficient, and it needs to reduce the inputs to reduce the inefficiencies.

The second-stage DEA method has been shown to be beneficial in a large number of studies such
as Ray (1988, 1991), Muniz (2002), Dijk and Szirmai (2006) and Staat (2006). Recently, Simar and
Wilson (2007) omitted the non-discretionary variables from the DEA model and introduced them in
the second-stage. Moreover, different estimators have been used in different studies as in the second-
stage analysis of the efficiency equation. Some of these models have used OLS (Dijk and Szirmai,
2006; Barnum et al., 2008, 2009), some have used GLS (Badunenko et al., 2008), logistic regression
(Ray 1988), Tobit (Kooreman, 1994) and truncated regression (Simar and Wilson, 2007). In this
study, the bootstrap method to correct for the small sample bias and serial correlation of the DEA
efficiency estimates has been applied. Bootstrapping is a repeated simulation. The DEA score is re-
estimated for each DMU from a resampling of the set of DMUs. The original estimator is applied
to each simulated sample, resulting in estimates that imitate the original unknown sampling

distribution of the estimators of interest.

GLS estimators that can simultaneously correct for serial and contemporaneous correlation, and for
heteroskedasticity, are readily available (Barnum et al., 2009). A GLS estimator takes into account
explicitly the bounded domain of the DEA efficiency estimates. The efficiency score (E) is a
fractional variable bounded between zero and one. Using it directly in a GLS estimation might
introduce a bias. From this boundary issue Ramanath (1996), Dijk and Szirmai (2006) and Aggry et

al. (2010) use the logistic transformation® (1/E) which is (1/8;) to make the efficiency continuous.
Our second-stage DEA efficiency analysis within GLS bootstraps regression method is as below:
0,=b+pZi+e (9)

In equation (9), éi is = (1/8;), b is the constant term, ¢ is statistical noise, and Z is a vector of

specific factor variables for firm i that may be related to the firms’ efficiency.
4.4 Empirical specification

As mentioned above, our goal is to investigate the association between foreign ownership, FDI and

selected key determinants of firms and firms’ efficiency, by using the DEA bootstrap approach. In

® Originally suggested by Johnson (1949), the logistic transformation is applied to analyse responses that are
restricted to a finite interval (for example (0,1)), so-called bounded outcome scores.
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the first-stage we measure the efficiency scores and in the second-stage we use GLS truncated

regression model in order to evaluate the magnitude of the control variables.

In fact, the selection of variables in efficiency studies will significantly affect the research’s finding
about the measurement of firms' efficiency in the first-stage. Differential inputs and outputs have
been combined in various studies for firm’s performance analysis, therefore, the selection of input
and output variables is important. In this study, three inputs and one output are selected for
measuring efficiency of manufacturing and construction firms, where most frequently used in
previous studies (see Table 4.1). Our input variables are: labour (number of workers), capital (fixed

assets), and raw materials (total cost of raw material inputs). The output is revenues (total revenues).

Table 4.1: Input and output variables for measuring efficiency in the first-stage from existing literature

Author Inputs Outputs

Chau and Wang (2003) Capital, Number of employees, Total revenues
Construction materials, Office
overhead expenses

Chau et al., (2005) Total assets, Capital, Construction Total revenues, Payment to
material subcontractor

El-Mashaleh et al., (2007) Number of employees, Operating Total revenues
expenses

Horta et al., (2010) Number of employees, Total Total revenues

assets, Net fixed assets
Leeetal,. (2013) Capital, Number of employees, Total revenues
Selling and administrative

expenses

In the second-stage, our dependent variable is delivered from the first-stage as mentioned in
equation (8), then we compute the logistic transformation (1/E) as mentioned in equation (9). In
terms of our selected independent variables, we build on the following literature.

Table 4.2: Control variables for second-stage from existing literature

Variable Author Finding signs

Foreign ownership Teece et al., (1997) +
Bottasso and Sembenelli (2004)
Aggrey et al., (2010)

FDI value Lipsey and Sjoholm (2005) +
Suyanto and Salim (2010)
Ghali and Rezgui (2008)

Skilled labour Batra and Tan (2003) +
Vu (2003)
Firm size Mengistae (1996) +/-

Brada et al., (1997)
Alvarez and Crespi (2003)
Firm age Lundvall and Battese (2000) +/-
Tran et al., (2008)
Park et al., (2009)
Amornkitvikai and Harvie (2010)
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Therefore, our second-stage regression model is given in the following form:

=

©,; = By + BOWN;; + ByFDI, + BsSKILL;; + By SIZE;; + BsAGE;; + € (10)

Where éit is (1/8;,), OWN, is foreign ownership, which is measured as a dummy variable, one
when the firm is foreign-owned and foreign state licensed establishment while its head office or
permanent company is outside UAE and zero otherwise. FDI, is the value of FDI in manufacturing
or construction sector. SKILL;, represents the composition of the labour force, which includes two
variables: the average wage, which is calculated by the total compensations divided by the number
of workers, and the ratio of non-Emirati workers, which is measured as the number of non-Emirati
workers/number of workers multiplied by 100. SIZE;, represents the number of workers. AGE;;
represents firm age, which includes two dummy variables, old firm, one when a firm was established
on and before 1989 and zero otherwise. And mature firm is one when a firm was established between
1990 and 1999, and zero otherwise. Finally €;; represents the statistical noise, and the subscripts i

and t denote to firm and year.
4.4.1 Data

We dataset includes 150 firms from manufacturing and 135 firms from the construction sector for
measuring the efficiency of Dubai. The data of inputs, output and firm-factors and determinant
variables collected from the Annual Economic Survey between 2014 -2016 which conducted by
Dubai Statistic Center and data has been deflated to USD.

Table 4.3: Manufacturing sector - descriptive statistics

Variable Observations Mean Standard Deviation
Number of workers 390 276.3974 898.5237
Input ;
First-stage p Fixed assets 383 197000000 1830000000
Raw materials 262 136000000 692000000
Output Revenues 390 258000000 1400000000
Foreign ownership 450 0133333 1148253
Manufacturing FDI value 450 11576.97 1498.809

Composition of labour
force - Skilled labour

Second-stage (average wage) 390 53815 67369.2
Composition of labour
force — non-Emirati 390 99.47889 2.15755
Firm size — workers 390 276.3974 898.5237
Firm age — old 450 2 4003338
Firm age — mature 450 .32 4668654
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Table 4.4: Construction sector - descriptive statistics

Variable Observations Mean Standard Deviation
Number of workers 343 1268 2635.906
Input :
First-stage p Fixed assets 323 43300000 110000000
Raw materials 261 104000000 313000000
Output Revenues 342 264000000 555000000
Foreign ownership 405 0222222 1475879
Construction FDI value 405 9457.66 1231.463
Composition of labour force -
Skilled labour (average wage) 343 35589.98 33732.98
Second-stage "
Composition of labour force —
non-Emirati 343 99.50168 5.39265
Firm size — workers 343 1268 2635.906
Firm age — old 405 3481481 476825
Firm age — mature 405 2 .4004947

The data consist 855 observations with different types of manufacturing firms and construction of
building, civil engineering and construction firm, based on the International Standard Industrial
Classification (ISIC) code. And each firm is considered as a single DMU. (For more clarifications
on variables’ definitions and expected signs see Table 4.7). For manufacturing firms: the sample
contents 150 firms where 52 firms are foreign and 98 firms are domestic. In terms of the size of the
workers in manufacturing firms; foreign firms have 81% of non-Emirati workers during the period
of 2014-2016. In regards the manufacturing firms age in the sample, 30 firms are old (20 firms are
foreign and 10 firms are domestic) while 50 firms are mature (32 firms are foreign and 18 are
domestic firms). For construction sector firms in Dubai during the period 2014-2016, the sample
contents 135 firms, where 35 are foreign firms and 100 are domestic. By looking at the firm size;
77% of non-Emirati workers work in foreign construction firms during. Moreover, 47 firms are old
(34 firms are foreign and 13 firms are domestic) and 27 firms are mature (13 firms are foreign and
14 firms are domestic) in our sample. From Tables 4.3 and 4.4, in manufacturing sector the largest
value of fixed assets was in 2015, the largest amount of raw materials was in 2016 and the highest
value of the revenues was in 2014. Whether in construction sector, 2015 had the largest value of

fixed assets, raw materials and revenues.

4.5 Empirical results

4.5.1 First-stage

DEA assigns weights to the inputs and outputs of a DMU that give it the best possible efficiency.

Table 4.5 shows the descriptive statistics for efficiency using the DEA approach. From Table 4.4

we can see that the mean efficiency for manufacturing firms under the CRS assumption is 0.654 and

for VRS assumption is 0.727, while for construction firms CRS is 0.372 and VRS is 0.440, using
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DEA. So, the efficiency is slightly greater for VRS than for CRS and this finding is in line with
Podinovski (2004), where the focus is on the gap between CRS and VRS models. Basically, the

VRS model is essentially the CRS with an additional constraint added to the linear programming

problem.

Table 4.5: Descriptive statistics for efficiency using DEA

Scale . Sector/ firms Observations Mean Stal?da.rd
assumption Deviation
5
CRS Manufacturing 262 0.654 0.227
VRS 262 0.727 0.230
2 2
CRS Construction 254 0.372 0.247
VRS 254 0.440 0.280
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Table 4.6: Yearly descriptive statistic for efficiency using DEA and summary of average efficiency

and inefficiency scores

Number of  Number of

Scale . Sector/ firms  Year Obs  Mean sD efficient inefficiency Ave.lage . Aver.age
assumption firms firms efficiency inefficiency
2014 86 0.632 0.238 16 70 19 81
CRS 2015 85 0.655 0.223 13 72 15 85
Manufacturing 2016 91 0.674 0.221 17 74 19 81
2014 86 0.705 0.240 20 66 23 77
VRS 2015 85 0.726 0.234 24 61 28 72
2016 91 0.748 0.217 27 64 30 70
2014 89 0.401 0.260 7 82 8 92
CRS 2015 94 0.339 0.214 4 90 4 96
Construction 2016 71 0.380 0.267 7 64 10 90
2014 89 0.446 0.297 13 76 15 85
VRS 2015 94 0.402 0.253 7 87 7 93
2016 71 0.483 0.289 11 60 15 85

The table above indicates VRS and CRS. VRS implies an increase in all input variables by 1%
would lead to a more than 1% increase in output. For the manufacturing sector, the VRS DEA results
above revealed that 27 of the firms in 2016 shape the frontier this represents a 30% in 2016. On the
other hand, only 24 of the firms displayed VRS in 2015, representing 28%, and 20 firms did so in
2014, representing 23%. The efficiency scores of the 262 sampled manufacturing firms based on
the CRS DEA model show that 17, 13 and 16 firms were efficient in 2016, 2015 and 2014
respectively. By looking at the mean changes over time, in CRA and VRS the mean efficiency is

changing and improving overtime.

For construction firms, based on the VRS DEA model, 11, 7, and 13 firms were efficient in 2016,
2015 and 2014, representing 15%, 7% and 15% respectively. By looking at the CRS DEA model
for the construction sector, we can see that out of 254 firms, only 7, 4, and 7 firms in 2016, 2015
and 2014 respectively were efficient. By looking at the mean changes over time, in CRA and VRS
the mean efficiency is changing and improving over time, and the mean of inefficiency is decreasing

over time.

From the above descriptive statistics, the input-oriented VRS DEA model results are shown in Table

4.8 and they are analysed below. We keep the CRS results as a robustness check (Table 4.9).
4.5.2 Second-stage

Since the efficiency scores from the first-stage were inverted (1/8;,) and used as our dependent

variable éit which is larger or equal to 1 in the second-stage model, our results mean that any
positive coefficients represent the negative association on efficiency and vice versa. The results
from the second-stage are presented in Table 4.8, where the coefficients are bootstrapped 1000

times. This is illustrated in the two specifications for each sector below:
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For the manufacturing sector, both manufacturing specifications 8.1 and 8.2, foreign ownership is a
highly significant determinant of efficiency. In specification 8.1 and 8,2, foreign ownership has a
coefficient of -0.349 and -0.375 with highly significant signs at the 1% level respectively compared
to domestic ownership. Foreign firms have a higher banks’ efficiency on average about 0.349 and
0.375 than domestic firms in specification 8.1 and 8.2 respectively. These results indicate that
foreign-owned firms were more efficient than domestic firms during the period 2014-2016 in Dubai
in the manufacturing sector, as we expected. This result is in line with Saranga and Phani (2008),
who applied DEA to investigate the association between foreign firms’ ownership and Indian
pharmaceutical firms’ efficiency from 1992 to 2002. They found that the association between
foreign-owned firms and firms’ efficiency is positive and significant. Overall, from the magnitudes
in these two specifications, efficiency seems to be increasing over time, suggesting that catching up
with foreign firms at the frontier, although it is hard to confirm this due to the fact that this study
uses only three years of data.

Despite that, in the construction sector, foreign ownership is positive, but not significantly
associated with inefficiency in both specifications 8.3 and 8.4, indicating that among construction
firms, it is not the case that foreign-ownership conveys an efficiency advantage. This might be due
to government regulations, as the government accords priority to domestic firms in the construction
sector in all tenders offered, after domestic firms have proved their financial and technical
capabilities. Thus, foreign-owned firms only play a minor role in the market.

FDI in the manufacturing sector in specification 8.2 shown a negative significant related to firms’
efficiency, which this shows a positive association as we expected. This indicates that FDI improves
efficiency and it’s an important force driving manufacturing firms’ efficiency. The more the
manufacturing sector attracts FDIs, the more the sector’s firms become efficient. This result is in
line with Suyanto and Salim (2010) and Sun et al. (2011), both of which focused on the
manufacturing sector in developing countries, finding that FDI enhances firms’ efficiency. Recent
years have witnessed huge FDIs in the manufacturing sector in Dubai. Foreign investors are very
interested in investing heavily in Dubai’s manufacturing sector in order to facilitate their presence
in Dubai and to benefit from its strong maritime network, in light of the great expansion of the Dubai
Port. They also wish to benefit from the great exemptions and privileges granted by the Government
of Dubai. Today, many of the world's largest manufacturing firms are looking at Dubai in order to
enter into strong investment partnerships and to benefit from the export of their products to Dubai,

the UAE and countries with strong commercial ties with the emirate.

On the other hand, in the construction sector (see specification 8.4), our estimations show that the

coefficient of the FDI indicator is positive and the magnitude is 0.0000500, which means that it has
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a negative association with efficiency with small magnitude. This indicates that it does not help to
promote the efficiency of the construction sector, which is in line with Banalieva et al. (2012), who
empirically analysed efficiency performance using a sample of 645 multinational enterprises during
2000-2006. The negative relationship seen in our results might be due to the lower quality of FDI
within the sector to affect the firms' efficiency or the other possibility might be due to the recent
recession and slowdown in projects in the construction sector, a decline in the real estate market in
prices in Dubai (Bloomberg, 2014). Foreign investors have invested in Dubai because of the strength
of the sector in Dubai's economy in the past, but it has stagnated during the period of investment
flow in our studied years.

In the composition of the labour force, all specifications for manufacturing and construction, skilled
labour has a highly significant and negative coefficient, indicating that it is an important relationship
and association with efficiency in these sectors. One possible explanation of the coefficient is that a
more competent, more skilled labour force, and a better educated and better-paid staff enhance
performance, productivity and efficiency in both manufacturing and construction firms. This result
is in line with Mujaddad and Ahmed’s (2016) findings. They analysed the efficiency of
manufacturing firms in Pakistan using a methodology similar to ours and they found that skilled
labour had a positive related to efficiency. With regard to the ratio of non-Emirati employees among
firm workers, this is insignificant in all specifications, suggesting that this factor does not have a
systematic relationship with (in)efficiency in this context.

Our firm size represents the number of workers. In the manufacturing sector, the number of workers
in both specifications 8.1 and 8.2 has a positively significant coefficient. The magnitude of the
coefficients was 0.0658 and 0.0708 respectively. The results indicate a negative association with
firms’ efficiency, suggesting that the firms' absorptive capacity is an important element, but the
number of workers does not guarantee firms' efficiency. This result was also found in Aggrey et al.
(2010), where they focused on the agriculture manufacturing sector in Kenya, Tanzania and Uganda.
They used data from surveys from 2002 to 2003 and they found that the association between firm’s

size and firm efficiency is significant. Interestingly, in construction, firms’ size is not significant.

By considering the estimates of the coefficient of the dummy variables that identify old and mature
firms respectively, we can conclude that there is no significant association in our data between
efficiency and firm age. This result is consistent with Lundvall and Battesse’s (2000) findings. In
their work, they used a Stochastic Frontier model to examine 235 Kenyan manufacturing firms and

found that firms’ age is insignificantly associated with firms’ efficiency.

4.6 Conclusion
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The purpose of this study is to examine the efficiency distance between foreign-owned and domestic
firms in the manufacturing and construction sectors, which have great potential to promote
economic growth and competitiveness in Dubai. Within a DEA framework, we estimate each firm’s
relative efficiency score. In the second-stage, we resort to econometric techniques to investigate the
determinants of differences in efficiency, focusing on firms’ ownership, sectoral-level FDIs, and
other firm-specific factors such as skilled labour, the firm’s age and its size. We used a confidential

firm-level panel dataset from the period 2014-2016.

The study finds that foreign-owned firms are more efficient and productive in manufacturing
sector, compared to domestic firms. The association between FDI in manufacturing and efficiency
is positive, possibly due to the role of FDI in improving competitiveness in the domestic market
and transferring managerial know-how. Furthermore, skilled labour is an important associate of
efficiency in both manufacturing and construction sectors, indicating that a more competent, more
skilled labour force, and better educated and better-paid staff would enhance performance,
productivity and efficiency in both manufacturing and construction firms. The results also show
that firm age and size do not seem to be statistically associated to efficiency among manufacturing

and construction firms during the period 2014-2016.

From our results and comparing the manufacturing and construction sectors, our policy
recommendations are based on the Government of Dubai’s industrial strategy 2030 objectives: the
manufacturing sector has the potential to achieve the desired objectives, the government should
continue to focus and keep attention to the manufacturing sector to remain to gaining the successful
achievement from foreign and FDI entry. While for the construction sector, the government should
reconsider its objectives in order to enhance, develop and target the construction sector as a
strategic sector for the emirate. From the results, we can state that the Government of Dubai has to
review the laws and circulars of the manufacturing and construction sectors and study the
differences between them that could cause the government to fail in the achievement of its
objectives. The Dubai Government has to consider the enactment of laws for the public and private
sectors that allow domestic firms to benefit from foreign firms, for example exchanging employees
to transfer knowledge and know-how between the two sectors and enhance domestic firms so that

they become competitive and more efficient.
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4.7 Appendix

Table 4.7: Variables’ definitions and expected signs

Classification Variable Definition EZiected Source
Dependent Efficiency 1/ Efficiency score (efficiency score measured Economic Survey (2013-2016)
variable score by DEA — output: total revenues, inputs: — Dubai statistics centre
number of workers, fixed assets, raw martials)
Ownership Foreign Dummy variable, one when the firm is + Author calculation based on
ownership foreign-owned and foreign state licensed Dubai statistics centre
establishment while its head office or Data
permanent company is outside UAE and zero
otherwise per it
FDI FDI value Deflated value of FDI in-flows in + Dubai statistics centre
manufacturing and construction sectors per t
Composition of Skilled labour  Total of workers compensations/number of + Author calculation based on
labour force (Average worker per it Dubeai statistics centre
wage) Data
Non-Emirati Ratio, Number of workers non- +/- Economic Survey (2013-2016)
Emirati/number of worker *100 per it — Dubai statistics centre
Size Ln number of Number of worker taken in natural logarithms + Economic Survey (2013-2016)
worker ; per it — Dubai statistics centre
Age Old firm Dummy variable, one when the firm was +/- Author calculation based on
established on and before 1989 and zero Dubai statistics centre
otherwise per it Data
Mature firm Dummy variable, one when the firm was +/- Author calculation based on

established on and between 1990-1999 and
zero otherwise per it

Dubai statistics centre
Data
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Table 4.8: Firms’ factors and determinants of VRS efficiency scores, using a bootstrap
GLS regression for Manufacturing and Construction firms

Manufacturing Construction
1/ Efficiency score 8.1 8.2 83 84
Foreign ownership -0.349%%* -0.375%** 1.310 1.518
(0.0975) (0.0832) (1.140) (1.094)
FDI value -0.0000371* 0.0000500
(0.0000178) (0.0000747)
Skilled labour - -0.0000024 1%* -0.00000208%* -0.0000177** -0.0000191%*
Average wage (0.000000809)  (0.000000738) (0.00000686) (0.00000650)
Non-Emirati -0.0195 -0.0152 0.0104 0.0110
(0.0196) (0.0182) (0.313) (0.299)
Ln number of worker . 0.0658** 0.0708%* 0.124 0.116
(0.0237) (0.0231) (0.0677) (0.0633)
Old firm 0.0622 0.0680 -0.307 -0.319
(0.0712) (0.0709) (0.245) (0.239)
Mature firm -0.0241 -0.0306 -0.244 -0.250
(0.0594) (0.0581) (0.282) (0.289)
Constant 3.339 3.203 2.396 1.967
(1.947) (1.813) (31.13) (29.71)
Observations 238 238 221 221

* p<0.1, ** p<0.05, *** p<0.01

Robust standard errors in parenthesis under coefficients
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Table 4.9: Firm’s factors and determinants of CRS efficiency scores, using a bootstrap GLS
regression for Manufacturing and Construction firms

Manufacturing Construction
1/ Efficiency score 9.1 9.2 9.3 9.4
Foreign ownership -0.444%*% -0.464%%* 1.375 2.041
(0.0965) (0.0909) (1.114) (1.233)
FDI value -0.0000289 0.000260%*
(0.0000194) (0.0000810)
Skilled labour - -0.00000297** -0.00000271** -0.0000193** -0.0000234%**

Average wage

Non-Emirati

Ln number of worker ,

Old firm

Mature firm

Constant

Observations

(0.000000919)

-0.0172
(0.0249)

0.0362
(0.0208)

0.228%*

(0.0809)

-0.0384
(0.0675)

3.441
(2.477)

238

(0.000000863)

-0.0139
(0.0241)

0.0397
(0.0209)

0.232%%*

(0.0805)

-0.0436
(0.0665)

3.413
(2.404)

238

(0.00000612)

0.0113
(0.364)

0.201%*
(0.0656)

-0.266
(0.240)

-0.307
(0.278)

2.294
(36.29)

221

(0.00000661)

0.0156
(0.339)

0.162%*
(0.0608)

-0.294
(0.234)

-0.317
(0.269)

-0.147
(33.77)

221

* p<0.1, ** p<0.05, *** p<0.01

Robust standard errors in parenthesis under coefficients
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Chapter 5

An Analysis of Dubai’s Banking Sector
Performance: Are Foreign Banks More

Efficient than Domestic Banks?

Abstract: This study uses a two-stage approach to examine the evolution of economic efficiency in
the banking sector in Dubai. Our goal is to understand whether, similarly to what happens in other
sectors, foreign banks are more efficient than domestic ones in Dubai. We further investigate
whether FDI inflows, the composition of the labour force, the firm’s size and its age affect banks’
efficiency. Using a unique, confidential dataset of 50 banks during the period of 2013-2016, we are
able to show that foreign-owned banks are significantly more efficient than domestic ones, that the
inflow of FDI in the financial sector positively associates with banking efficiency, and that both the

presence of expatriates and skilled labour is associated with higher banking efficiency.
5.1 Introduction

Financial and insurance activities, particularly banking, play a very important role in economic
development and are instrumental in diversifying a country’s economy and broadening its sources
of economic growth (Levine, 1997; Wachtel, 2001; Petkovski and Kjosevski, 2014). Furthermore,
the banking system is a key element of the modern market economy. The availability of finance for
enterprises, and the potential to restructure and improve competitiveness in transition economies,
critically depends on the efficiency of the banking system (Hermes and Lensink, 2000; Hasan and
Marton, 2003). Dubai is no exception. The banking sector in Dubai is arguably one of the most
important and major sectors in the country. In 2016, the contribution of financial and insurance
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activities to Dubai’s GDP was 11.1%, according to the Dubai Statistics Center. Backed by its strong
banking and financial services, Dubai has retained its top ranking in the region and in the list of the
world's top financial centres. According to the Global Financial Centre Index issued in 2018, Dubai
was ranked number 1 in the Middle East and Africa and rated 19 globally. Dubai's improvement in
the global rating can be attributed to the consistent influx of foreign banks or the strength of domestic
banks in Dubai. Moreover, the future expansion within the Dubai banking sector depends on the
government’s demonstrated commitment to implementing its strategy, known as Vision 2021. This
aims to foster and promote innovation and technology in the banking sector in Dubai, enhance and
improve market efficiency, the services and solutions offered, and creates opportunities for financial

inclusion.

Banking efficiency is essential, particularly in developing economies because better-developed
banking sectors have greater ability to increase competition among banks and promote economic
growth compared to less developed banking sectors. A host country attracts FDI in the banking
sector assuming its high productive, efficiency and technological more compared the domestic
counterpart. Thus, it might affect the performance of the domestic banks in the host country.
Moreover, the availability of foreign banks helps to exert an effect on personal banking, credit cards,
and financial product innovation in the host country. Furthermore, foreign banks could improve
domestic banks' efficiency and create collaborations with strategic investors, which could improve
the corporate governance of domestic banks.

In this study, we investigate whether foreign-owned banks are more efficient than domestic banks,
and analyze whether the FDI inflow in the banking sector and other banks determinants aspects such
as: skilled labour and the bank’s size and age affects banks’ efficiency in Dubai. The study applies
the DEA and Malmquist Productivity Index - MPI methods to the measure efficiency scores in the
first-stage. We then adopt DEA Simar-Wilson double bootstrap and MPI bootstrap GLS regression
methods in the second-stage. We use bank level confidential dataset obtained from a Dubai Financial
Survey from 2013 — 2016. The motivations and contributions in this study differ to the previous
studies on transition economies and banking efficiently in certain respects. First, the dataset is
confidential, and has never been used before. The data sample covers almost all of the Dubai banking
sector, which makes it the most comprehensive database on the Dubai banking system. Second,
unlike other studies that focus on foreign and domestic banks’ efficiency, we analysis of externalities
by distinguishing FDI inflows and their relationship with banks’ efficiency. Third, for Dubai, to the
best of our knowledge, it is the first to look at the banking efficiency in Dubai by applying the DEA
and MPI methods and focusing on the ownership of banks. Moreover, the study is multi-
dimensional, which focuses on the evolution of the banks' efficiency in the banking sector and the

importance of FDI. By looking at the direct relationship between FDI in such as the ownership and
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the expatriates' labour, and the indirect relationship with FDI such as the knowledge and
technologies that Dubai's aspires to get it from FDIs. The study finds foreign banks are more efficient
than domestic banks; FDI inflows to the financial sector increase bank efficiency. Skilled labour and

expatriates enhanced banking efficiency in Dubai during the period 2013-2016.

The entry of foreign banks is like a coin with two sides; it has advantages and disadvantages in the
host country. Levine (1996) mentioned that allowing the entry of foreign banks might support and
develop a country’s access to the international capital market, enhance domestic financial
development by improving and promoting financial policies, and improve domestic financial
services’ quality by encouraging domestic banks to implement advanced banking technology and
skills. Lensink and Hermes (2004) also mentioned that the entrance of foreign banks motivates and
encourages domestic banks to improve their efficiency and increase the diversity and quality of their
financial services. Moreover, Claessens and Horen (2012) discussed the fact that foreign banks
might have more sophisticated technologies and knowledge, giving domestic banks superior risk
management skills. Jeon et al. (2011) advocate foreign bank entry, arguing that the domestic banking
market would gain benefit from the foreign banks; the existence of foreign banks is supposed to
enhance competition in the domestic banking market and ultimately improve the efficiency of the
domestic banking system and increase the availability of credit. On the other hand, Stiglitz (1993)
mentioned that the entry of foreign banks can be related to the potential costs of domestic banks,
making the competition more intense and accordingly reducing the profit and financial earnings of
domestic banks (Claessens et al., 2001). Consequently, investigating the efficiency of foreign and

domestic banks in Dubai is important to consider in order to inform policy.

Empirical evidence on banks’ efficiency finds that foreign banks are more efficient than domestic
banks. In Croatia, Igor et al. (2002), using the DEA methodology, showed that foreign-owned banks
were more efficient and had better performance than domestic banks. Similarly, Weill (2003) studied
the Czech Republic and Poland banking sector and found that foreign banks were more efficient
than domestic banks. Sturm and Williams (2004) used a DEA model and dataset from 1988-2001 to
investigate the Australian banking sector, and they found that foreign banks were more efficient than

domestic banks.

However, certain studies find that foreign banks operate less efficiently than domestic banks.
DeYoung and Nolle (1996) used data from 1985 to 1990 on United States banks to investigate the
relative efficiency of foreign-owned United States banks. They confirmed that domestic banks
outperformed foreign banks. According to Berger et al. (2000), domestic banks in developed
countries are more efficient than their foreign-owned counterparts. Isik and Hassan (2002)

investigated input and output efficiency in the Turkish banking industry to understand the
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association between ownership and efficiency measures by using the DEA method and a dataset
from 1988 to 1996. They found that domestic banks outperformed foreign ones. Yildirim and
Philippatos (2007) examined the efficiency of the banking sectors in twelve transition economies of
Central and Eastern Europe over the period 1993-2000; they found that foreign banks were less
efficient than domestically owned banks. Ong et al. (2011) used DEA approach to analyse and
compare the efficiency of foreign and domestic banks in Malaysia during the period 2002-2009;
they found that the domestic banks exhibited higher levels of efficiency than foreign bank.
Furthermore, Sufian (2007) utilized the DEA methodology to examine the relative efficiency
between the domestic and foreign banks Islamic banking operations in Malaysia during 2001-2004;
this author found that the domestic Islamic banks were more efficient compared to the foreign
Islamic banks albeit marginally.

Furthermore, a few studies have found that foreign banks are almost equally efficient as domestic
banks. Elyasiani and Mehdian (1995) showed that, even with different technologies, foreign banks
are as efficient as domestic banks. According to Vander (1996), foreign banks have almost the same

efficiency as domestic banks.

Several authors have empirically reflected the importance of FDI on the banking and financial sector
and its advantages for banks’ performance in a host country. Goldberg (2004) stated that FDI in the
banking and financial services sector is a relatively recent phenomenon, and comes in the form of
financial institutions in developing and emerging countries and establishing subsidiaries and
facilities in developing countries. Eller et al. (2006) examined FDI in the financial sector in Central
and Eastern Europe and concluded that the quality of FDI influences the financial sector’s
contributions to the performance of foreign and domestic banks in emerging markets. Sghaier and
Abida (2013), in their empirical study from North African countries, revealed that for a host country
to obtain maximum benefits from FDI inflows, it must have a well-developed banking and financial
sector. Moreover, Adeniyi et al. (2012) revealed that FDI inflows related positively and significantly

on the financial sector in Nigeria.

Various studies have discussed different aspects of banks’ efficiency, such as the association
between the composition of the labour force, the bank's age and size, and banking efficiency. A few
studies have investigated the relationship between labour skills and banking efficiency. Arvanitis
(2005) explored empirically the determinants of firms’ efficiency and performance and found that
human capital and skilled labour as important determinants of firm efficiency and performance as
they showed positive and significant relationships with firms’ efficiency. Kneer (2013) studied the
employment of highly skilled individuals in the banking sector and revealed that more highly skilled

labour in banks improves intermediation services and banks’ efficiency.
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Regarding bank size relationship with bank efficiency, Hasan and Marton (2003) showed that larger
banks were more efficient than smaller banks in Hungary. Drake et al. (2006) studied banks in Hong
Kong by using a DEA approach and they found a strong positive size efficiency relationship. Kwan
(2006) also studied Hong Kong’s banking efficiency and the results showed a positive association
between bank size and efficiency. Ariff and Can (2008) studied the efficiency of Chinese banks
using a DEA approach, and they found that medium-sized banks were the most efficient. By contrast,
Isik and Hassan (2002) found a negative relationship between bank size and efficiency for Turkish
banks. Furthermore, Leightner and Lovell (1998) found that size was insignificantly associated with

productive efficiency for both domestic and foreign banks in Thailand.

The relationship between a bank’s age and its efficiency has been assessed as positive in some
studies and negative in others. Ayadi et al. (1998) applied the DEA methodology in Nigeria to
measure the efficiency of banks and concluded that long-existing banks were the most efficient.
Jemric and Vujcic (2002) estimated the efficiency of banks in Croatia by using data from 1995-2000
and applying the DEA approach; they found that new banks founded in 1990 and later were more
efficient than old ones founded before 1990. Moyo (2018) examined the relationship between
efficiency and bank’s age in the South African banking sector using a data set of 17 domestic and
foreign banks for the period of 2004-2015. The author found that bank age was negatively related to

the efficiency and not statistically significant.

We would like to contribute to the above literature by providing evidence on the efficiency of
Dubai’s banking sector with an emphasis on the foreign versus domestic banks debate. To achieve
our objectives, the remainder of this study is as follows: the following section explains the UAE
banking sector and the structure of the Dubai banking system. The conceptual framework is
discussed next, followed by the empirical specification, empirical results and conclusion. An

appendix for the study is provided at the end of this chapter.
5.2 UAE banking sector and the structure of the Dubai banking system

The UAE and Dubai especially are playing an important role in promoting and developing the
finance sector, by developing an ambitious and realistic plan to become the financial and service
sector leader in the Middle East. The banking sector is well moderated and managed by the UAE
Central Bank.

The principal governmental and regulatory policies that govern the UAE banking sector, including

Islamic banks (except Dubai International Financial Centre - DIFC), are the UAE Federal Law No.

10 of 1980 concerning the UAE Central Bank. Islamic banking is a modern financial scheme, which

is based on the Muslim faith’s legal framework known as Sharia law. Its essence is risk sharing and
112



the finance of each operation happens with fixed and predetermined rates of return. The UAE is one
of the largest Islamic banking markets in the world, after KSA and Malaysia. According to the
Central Bank UAE (2017), 22.4% of all banking assets in the UAE, which is around USD 149.73
billion, are Sharia compliant, which represents a far steeper growth rate for Islamic finance than that

of conventional bank loans.

The Central Bank of the UAE performs key functions in the economy of the country and is a well-
established financial structure. It provides consultations and financial support to the UAE
Government and keeps control over activities of the UAE foreign and domestic banks. This is a
positive factor for the country’s growth, development and globalisation efforts because the country’s
banking sector has grown dramatically and is in a good position for international competition. In
general, the Central Bank plays a role in monitoring credit policy and supervising the financial
sector. In fact, all banks in the UAE are licensed by the Central Bank, and furthermore are subject

to the Central Bank’s requirements, laws and regulations.

The UAE Central Bank imposes quite strict requirements for the licensing of foreign and domestic
banks, as well as for the scope of their services. Based on the law, the market access for foreign
banks was limited and very restricted as foreign banks were not allowed to open more than eight
branches in the country (1980-2003). In 2003, however, laws were modified, and nowadays foreign
banks are allowed to open more than eight branches in the country, but special permission is
required.

There are a number of advantages of the banking system in the UAE as perceived by policy makers,
in particular: a stable economy and stable public policy; the guaranteed confidentiality of banking
information; an absence of currency exchange control; and a modern and reliable banking system.
In the whole history of the banking institutions there have been no cases where a domestic bank has
gone bankrupt, and it is a highly competitive market as the UAE is operating 50 banks in the country

currently.

The UAE’s government created a global financial centre called DIFC. DIFC is an offshore model, a
financial free zone and an initial move towards the complete liberalisation of the UAE banking
sector, where foreign banks can enjoy 100% ownership without any restrictions on capital
repatriation, with a zero tax rate. DIFC supports the country in becoming a hub of financial service
innovations in the region. Thus, Dubai has become an important financial centre in the UAE because

of its significant financial services sector.

Furthermore, the main player in the financial institutions is the banks, since they are the largest and

most significant in this financial sector in terms of the activities, revenues, and assets, etc. Banks are
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encouraging the accumulation of savings and enabling their allocation to the most productive
investments and activities. Banks in Dubai offer the full range of banking services, monetary
intermediation, financial leasing and other credit grants. As of 2016, according to the UAE Central
Bank, there was a total of 50 banks in Dubai, 25 domestic banks with 354 branches and 25 foreign

banks with 48 branches.
5.3 Conceptual framework

In this study we employ DEA and MPI methods in the first-stage to measure the efficiency of both
foreign and domestic banks and in the second-stage we consider the DEA Simar-Wilson bootstrap
truncated regression and MPI GLS bootstrap regression approaches to analyse the relationship
between foreign banks and FDI and its relationship with banks’ efficiency. Furthermore, this section
describes the foundations of the MPI® approach and some recent developments in the two-stage

bootstrapping technigque of Simar-Wilson.

DEA was explained in the previous chapter and we utilize MPI approach as is an index that measures
changes in productivity relative to a base year’, in other words, it uses distance functions to measure
productivity change (Caves et al., 1982). Furthermore, Malmquist is the most popular index method
to assess changes in productivity; these can be decomposed into components due to changes in
efficiency (catching up) and movements due to changes in technology (technological change).
Changes in a firm’s efficiency can be decomposed into changes due to efficiency technical change,

scale of efficiency technical change and technical change (Mukharjee et al., 2001; Sufian, 2009).
5.3.1 The first-stage (MPI estimator)

The MPI estimates the total productivity index of the units analyzed, allowing for changes in
productivity to be broken down into changes in technical efficiency and changes in technological
efficiency (Price and Weyman-Jones, 1996; Hjalmarsson and Veiderpass, 1992; Bsrro, 2008; Ahin
and Min, 2014).

Basically, the MPI is based on the output distance function defined as below:

dT(xt,y") = inf|0: (x%,3¥¢) € ] )

& The conceptual framework of DEA model has been provided in the previous chapter.
" Relevant studies include Berg et al. (1992) and Fare et al. (1994).
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Where x denotes a for inputs, yis outputs, S is the technology set, T superscript denote the
technology reference period as usually isT =torT =t + 1, and % defines the amount by which

outputs in year t could have been increased by giving the inputs used, if technology of year T had
been utilized fully.

Caves et al. (1983) argued that in MPI, the productivity movements can be measured by multi inputs
and multi outputs when inputs and outputs data are available in physical units.

dT(xt“,yt“)/dT(xt,yt) (2)

Later on, Fare et al. (1994) discussed that to measure the MPI as the geometric mean of such indices
and calculated both for year t and year t + 1 reference technologies as the follow:
1

dt(xt+lyt+t AtHL(xt+1 yt+1)12
(xtLyt) (xty™) (3)
dt(xtyt) A+ (xtyt)

M(xt+1, yt+1 xt yt) = [

Fare et al. (1994) used it into the product of technological change and technical efficiency change
as the following:

d“’l(x“'l,y“'l) I:dt(xt+1'yt+1) dt(xt,yt :I%
9

t+1 ,,t+1 .t ) —
M(x Y XY ) - dt(xt'yt) d”l(xt,yt) 'd”l(xf,y

(4)

(Change in technical efficiency) (Change in technology)

MPI can be calculated as the product of catch up (Change in technical efficiency) and frontier shift

(Change in technology) as shown below:
M = (catchingup) X (frontiershift) 5)

MPI is measured either with the distance function or any alternatives with the reciprocal of the input
distance function 6 (x,y) = [1/d(x,y)]. The reciprocal of the input distance function 6 (x,y) is
the smallest ratio by which an input can be multiplied and able to achieve a given level of output.
The distance function is equal to the measure of technical efficiency that had been proposed by
Farrell (1957) and is the basis of the efficiency distance ratios. Farrell measurement of technical
efficiency as it’s used in constructing MPI, index M > 1 indicates progress (improving) in relative
efficiency, M < 1 indicates a regress (reduction) in efficiency and M = 1 indicates the status quo

(constant).
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Moreover, MPI has important components to measure scale of efficiency; the pure efficiency
technical change which is indicate by the change in technical efficiency between two periods. The
scale of efficiency technical change which measures the scale of operation. And the technical change
index (technological change) which is the frontier shift. These components can be distinguished
based on the VRS (Fare et al., 1994) and CRS assumption. The VRS scores measure pure technical
efficiency only, while the index of CRS is a non-additive combination of pure technical and scale

efficiencies.
1
t+1 (.t t t+1 (.t t t t.t t t t t t 12
t41 e+l ot ey — Qrrs(FTLYTY) | [ders( Ryt | degs(xty®) deps(xThyt) ders(xtyf)]?
M(x Y X5y ) - t t .t t+1 (o t+1 t+1) g t oyt X t+1 ) t41 4,t+1 t+1 ot ot (6)
dVRS(x vH dVRS(x Y ) dVRS(x B4D) dCRS(x Y ) dCRS(x vH

(Pure efficiency technical change) (Scale efficiency technical change) (Technical change index)

(Total change in technical efficiency)

MPI offers a different rate of technological change for each firm and analyses of technological
change by firms. Furthermore, MPI needs neither to impose any functional form on data nor to make

any distributional assumptions for the inefficiency term.
5.3.2 The second-stage

After estimating the efficient scores for Dubai’s bank in the first-stage by employing two difference
models: DEA and MPI, then we use the efficiency scores from DEA approach in order to assess the
relationship between the efficiency scores and the specific determinants of banks in a second-stage
DEA by using the Simar-Wilson’s (2007) bootstrap truncated regression approach. This method has
been widely used in the empirical literature (Pestana et al., 2010; Wijesiri et al., 2015; Chowdhury
and Zelenyuk, 2016). While efficiency change scores from the MPI method have been used in the
second-stage as well by employing GLS bootstrap regression, also this method has been widely used
empirically (Perrigot and Barro, 2008; Barro, 2008; Halim, 2010).

5.4 Empirical specification

In order to assess the magnitude of the relationship between banks’ efficiency and the specific

determinants of banks in Dubai in the second-stage, we utilize the following equations:
éit =Bg+ B1OWN;; + B,FDI; + B3SKILL;; + B4SIZE;; + BsAGE;; + ¢€;; @)

Where éiare =(1/ éj ), the logistic transformation to make the efficiency continuous (Ramanathan,

1998). OWN;; is foreign ownership, which is measured as a dummy variable, one when the bank is
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foreign-owned and foreign state licensed establishment while its head office or permanent bank is
outside UAE and zero otherwise. FDI, is the value of FDI in the financial sector. SKILL;; represents
the composition of the labour force which includes two variables: the average wage, which is
calculated by the total compensations divided by the number of workers, and the ratio of non-Emirati
workers, which is measured as number of non-Emirati workers/number of workers multiplied by
100. SIZE;; represents the number of workers. AGE;; represents bank age, which includes two
dummy variables, old bank, one when the bank was established on and before 1989 and zero
otherwise. And mature bank is one when the bank was established on and between 1990-1999 and
zero otherwise. Finally, &;; represents the statistical noise, and the subscripts i and t denote the firm

and year.

5.4.1 Data

This empirical study covers data of the Dubai banking from 2013-2016 in order to analyze whether
foreign banks are more efficient than domestic banks in Dubai, and whether the FDI inflow and
other selected banks’ determinants aspects affect banks’ efficiency. A unique, confidential database
was constructed using firm-level data from the Annual Financial Survey operated and managed by
the Dubai Statistics Center. The data enclosed a total of 50 banks in Dubai, 25 domestics (24 private
banks established in the country, owned by an individual or group of individuals and 1 public bank
owned by local or federal government), and 25 foreign banks, defined as financial institutions whose
capital is owned by foreign nationals, be they individuals, institutions or governments. In regards
the size of the banking sector in Dubai, 89% of the workers are non-Emirati workers work in foreign
bank in Dubai during the period 2013-2016. By looking at the age of the banks, the sample contents
19 old banks (12 are foreign and 7 banks are domestic) and 18 mature banks (5 banks are foreign
and 13 are domestic banks). Although the sample contents foreign and domestic banks in Dubai; but
the sample does not illustrate the banking system in each bank such as Islamic banking or the sharia-

compliant finance due to the limitation of information.

In this study, the DEA and MPI calculations are based on three inputs and two outputs. We follow
the approach adopted by a number of other studies, such as Miller and Noulas (1996), Seiford and
Zhu (1999), Hasan and Marton (2003), Luo (2003), Bonin et al. (2005), Matthews and Mahadzir
(2006), Beccalli et al. (2006), Rezitis (2006), Chiu and Chen (2009), and Sufian (2009)and use the
number of workers, the total deposits and the fixed assets (non-financial assets)as inputs, whereas

our outputs are the banks’ revenue and the loans erogated.

The descriptive statistics reported in Table 5.1 show that, over the period of our study (2013-2016),

domestic banks dominated the foreign banks in terms of size. This holds for both the input and output
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variables by looking at the percentage differences. This is given due to the government regulation
on the size of foreign banks and most of the domestic banks are under Sharia law. For instance,
revenue and loans as output variables are higher by 41% and 73% in domestic banks compared to
foreign banks respectively. In terms of input variables, total deposits, total number of workers and
fixed assets are higher by 68%, 20% and 84% respectively in domestic banks compared to foreign
banks in the period mentioned above. For domestic banks, 2015 had the greatest value of total
deposits, fixed assets, loans and revenues. In regards foreign banks, 2015 has the greatest value of
total deposits, loans and revenues, while 2016 has the greatest value of fixed assets. Variables’
definitions and expected sings are showing in Table 5.2.

Table 5.1: Descriptive statistics

Variable Observations Mean Stagdatrd
Deviation
Number of workers 200 321.8551 706.6528
Input Deposits 200 15500000000 32000000000
First-stage Fixed assets 200 100000000 273000000
Revenues 200 627000000 1410000000
Output
Loans 200 15600000000 35100000000
Foreign ownership 200 0.3378378 0.4737739
Finance FDI value 200 54000000000 10700000000
Composition of labour
force - Skilled labour
Second-stage (average wage) 200 89392.6 2692191
Composition of labour
force — non-Emirati 200 2723131 1291.392
Bank’s size — workers 200 321.8551 706.6528
Bank’s age — old 200 0.4459459 0.4979113
Bank’s age — mature 200 0.2331081 0.4235265

Table 5.3 shows the t-tests for the input and output variables. Foreign banks have a higher number
of workers on average compared to domestic banks, the standard deviation is greater in foreign
compared to domestic banks and the p-value shows no difference between foreign and domestic
banks. There is a significant difference in the deposits in foreign and domestic banks, domestic banks
have higher deposits on average and domestic banks have a greater standard deviation. Moreover, a
partial significance was seen in fixed assets, domestic banks have higher fixed assets on average and
greater standard deviation compared to foreign banks. By looking at the output variables, we can see
that foreign banks have a higher mean revenues on average with partial significance of p-value
0.083. For loans, there is a significant difference between foreign and domestic banks of p-value

0.0005 and domestic banks’ loans are higher on average, with greater standard deviation.
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Table 5.3: Two-sample t test with equal variances for inputs and outputs variables

Foreign banks Domestic banks
Inputs
Number of Mean 162.7958 133.8082
workers Standard deviation 431.5579 390.8616
t 0.9031
P-value 0.3667
Deposits Mean 7670000000 23300000000
Standard deviation 13100000000 42100000000
t -3.4016
P-value 0.0008
Fixed assets Mean 14700000 36500000
(non financial L.
assets) Standard deviation 27200000 168000000
t -1.6822
P-value 0.0929
Outputs
Revenues Mean 295000000 185000000
Standard deviation 680000000 812000000
t 1.7305
P-value 0.0838
Loans Mean 6740000000 24500000000
Standard deviation 12900000000 46500000000
t -3.5360
P-value 0.0005
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5.5 Empirical results

In this section we present our empirical results from the first-stage where we employed DEA and
MPI. In addition, we discuss the results from the second-stage as we used two different regression

models.

5.5.1 First-stage

Firstly, we measured the efficiency scores by using input-oriented DEA in both scales for the VRS
and CRS approaches. As has been mentioned in the previous chapter, CRS means that the outputs
change in the same proportion as the input amounts change and VRS means that the outputs do not
change in proportion to the inputs. We used both of these to compare the results and see the

magnitude of the differences in values in each model.
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Figure 5.1: Mean of efficiency scores by returns to scales assumption, bank ownership and year
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Figure 5.1 presents the efficiency scores in both scale assumptions per bank ownership and year. In
general, there is an evolution, changing over time. On VRS, the average banking efficiency level for
the 25 foreign banks under examination is 78.8%. This suggests that, on average, about 21.2% of
bank resources are wasted during the provision of banking services. On the other hand, the average
banking efficiency level for the 25 domestic banks is 75.8%. This implies that on average 24.2% of
the resources are wasted. The estimates for foreign banks are slightly higher than for domestic banks
(78.8% against 75.8%) and there is a yearly evolution is showing in VRS and CRS for foreign and
domestic banks during the selected years. The mean in VRS is higher than in the CRS assumption
and these inefficiencies could also be due to the constraints faced by foreign banks, such as opening

new branches and offering diversified products.

The DEA assigns weights to the inputs and outputs of a DMU that give it the best possible efficiency.
The approach taken was to consider banks efficient if their relative efficiency ratios = 1 and to regard
them as inefficient if they obtained a relative efficiency ratio <1. From the results of the efficiency
scores using the DEA approach for CRS and VRS techniques in the first-stage of our analysis we
can see that the mean efficiency for banking firms under the CRS to scale assumption is 0.621 and
for the VRS assumption it is 0.768. The VRS model is essentially the CRS with an additional
constraint added to the linear programming problem. The VRS DEA model results are analysed

below. The CRS results are kept as a robustness check and are shown in the appendix of this chapter.
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Since the efficiency scores are based on input orientation (the linear programming model is
configured so as to determine how much the input of a bank could contract if used efficiently in
order to achieve the same output level), the signs of the coefficients must be reversed during
interpretation for clarity in interpretation. This means that any positive coefficient represents a
negative relationship between efficiency and vice versa, since the efficiency éit is a dependent

variable after applying (1 / éj) which is > or =to 1.

Figure 5.2: MPI average efficiency change scores — input-oriented VRS model
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In the MPI approach, the model is based on input-oriented VRS, addressing the issue of reducing
the input quantities proportionally while keeping the output quantities unchanged. The meaning of
catching-up effect > 1 is that the efficiency score is increasing compared to the previous year. If the
score = 1, it means that there is no difference between the current and previous year. If the score is
< 1, then the efficiency is decreasing from the previous to the current year. An increasing catching-
up score can be interpreted as the bank’s effectiveness approaching perfect. The average efficiency
scores of each bank type can be seen in Figure 5.2. According to this figure, foreign banks’ average
efficiency scores are > 1 from the period 2013-2016, are high and show a productivity improvement
in foreign banks during the mentioned period. On the other hand, domestic banks’ efficiency scores
are < 1 from 2013-2015, indicating lower average efficiency, except for 2016 when it improved to
be > 1, showing a productivity improvement in domestic banks in this year, according to UEA
Central Bank, 2016, the capital adequacy ratio of the UAE banking system increased further during
2015/2016 to 18.9%. The 2015/2016 productivity improvement based on average efficiency scores
is the highest during the periods among both foreign and domestic banks. The results were obtained
using the VRS input-oriented DEA, which allows us to employ both the input and output variables
in order to test whether the expected results are confirmed under every efficiency and production

assumption (Siriopoulos and Tziogkidis, 2010).
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5.5.2 Second-stage

The results in the second-stage are presented in Tables 5.4 and 5.5, based on two different methods
(DEA Simar-Wilson and MPI GLS bootstrap regression). Both are under the input-oriented VRS

model. Since our efficiency scores from the first-stage in DEA and MPI were inverted (1/8;,) and

used as our dependent variable éit, which is larger or equal to 1 in the second-stage model, our
results mean that any positive coefficients represent a negative relationship with efficiency and vice

versa.

The dependent variable in Table 5.4 is based on the DEA approach and then we regressed the Simar-
Wilson model. The coefficients are loop bootstrapped 1000 times. Table 5.4 presents two
specifications, which include the explanatory variables associated with foreign ownership: FDI
inflows, the composition of the labour force, bank size and bank age. In order to test the hypothesis
on banks’ efficiency, we add these variables S0 as to be consistent with most other emerging market
studies (Isik and Hasan, 2000; Leightner and Lovell, 1998; Hasan and Marton, 2003).

In specifications 4.1 and 4.2, foreign-owned banks have a negative partially significant relationship
with banks’ efficiency with coefficient magnitude of -1.067 and -1.053 respectively. This means that
the association between foreign banks and banks’ efficiency is a positive, as we expected. Foreign
banks have a higher banks’ efficiency on average. The foreign banks, the average of banks’
efficiency by 1.067 and 1.053 compared to domestic bank in specification 4.1 and 4.2 respectively.
These results indicate that foreign-owned banks are more efficient than domestic banks. The higher
efficiency of foreign-owned banks might be attributed to their better risk management techniques or
to success in reliance on advanced modern banking techniques or to upgraded information
technologies and expertise, which have offset the potential disadvantages of not knowing the
domestic market. These results are in line with Weill (2003), who focused on banks in Czech
Republic and Poland; Igor et al. (2002) who analysed bank efficiency in Croatia between 1995 and
2000 using the DEA; and Sturm and Williams (2004), who focused on Australian banks from 1988
to 2001 using DEA, SFA and MPI. All of these studies concluded that foreign-owned banks were
more efficient than domestic banks. Our finding contradicts with those Al-Tamimi (2004), who
analysed banks’ efficiency in UAE during the period 1997-2001 using the DEA approach and
considered expense and non-interest expense as input variables and interest revenue and non-interest
revenue as outputs variables. That author had found that the domestic banks were relatively more
efficient than the foreign banks in UAE. These different findings occur for several reasons: the
location of the banks varies; the selection of input and output variables is sensitive, which might
give different results; and the selection of the years is important as Al-Tamimi selected years before

the financial crisis in 2008, which affected the whole financial sector of the country. From our
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finding, although the foreign banks are more efficient than domestic banks, domestic banks are close
to reaching the foreign banks’ evolution efficiency level, in 2018 the UAE Government held
tentative discussions over a possible merger between three domestic banks, in order to create a giant
bank capable of regional and global competition. According to financial and economic analysts (Abu
Dhabi Securities Exchange, Financial times; Global Banking News) the merger will strengthen the
country’s economic diversification and economy in the global market. The integration of UAE’s
banks would raise efficiency levels and save costs.

When we added the FDI value in the finance sector to the regression in specification 4.2, the results
show that FDI is negative and not significant (coefficient -0.235) and foreign ownership relationship
remains positive and significant on banks’ efficiency. This takes into account the FDI value variable,
which represents FDI inflows into financial service activities, insurance, reinsurance and pension
funding, auxiliary activities in the financial service and insurance activities. Our FDI finding is in
line with Bhatnagar et al. (2013), who examined the association between FDI and firm profitability

in India and found no significant relationship.

With regard to the composition of the labour force, skilled labour in specifications 4.1 and 4.2 has a
negative and significant related on banks’ efficiency, although the coefficients are small -0.000001
in both specifications, indicating that it is an important associate of banks’ efficiency as we expected.
Highly skilled labour helps to increase banks’ efficiency; the more skilled and qualified advanced
labour that banks have, the more efficient they become. Our finding is in line with Isik and Hassan
(2002), who investigated Turkish banks’ efficiency using the DEA approach during the period 1988-
1996. They found that the association between skilled labour and banks’ efficiency is positive and
they also argued that inefficient managers might be “passive in assuming higher risks and higher
profits”. Foreign banks normally hire highly skilled labour to attract better clients, and reach a higher

level of efficiency.

The ratio of non-Emirati among the banks’ workers is negative and partially significant in both
specifications, with small coefficient magnitudes: -0.00710 in specification 4.1 and -0.00695 in
specification 4.2. These suggest that expatriate labour has a positive association with banks’
efficiency, which indicates that expatriate workers with high levels of skills, knowledge and
experience might increase bank efficiency in Dubai. The larger the number of skilled expatriates,

the higher the banks’ efficiency.

The banks’ size, as measured by the number of workers, has negative coefficients: -0.252 and -2.245
in specifications 4.1 and 4.2 respectively. These two positive results suggest that this number of
workers does not have a systematic relationship with (in)efficiency in this context. Our findings are
in line with Leightner and Lovell (1998), who constructed an MPI model to examine the relationship
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between Thai bank size and their efficiency during the period 1989-1994 and found that bank size

is insignificantly associated with bank efficiency in Thailand.

Bank age includes two variables: old and mature banks. Both age categories have a negative and
insignificant association with bank efficiency. This indicates a positive and insignificant related to
banks’ efficiency in Dubai during 2013-2016. The results are in line with Moyo (2018), who focused
on South African banking during the period of 2004-2015 to examine the relationship between bank
age and bank efficiency. The author found that bank age is insignificantly associated with bank
efficiency. The results also show that the magnitudes of mature banks (-0.206 and -0.204) are larger
than old banks (-0.109 and -0.136) in specifications 4.1 and 4.2. Overall, the association magnitudes
of mature banks are larger than those of old banks, and this might be due to the knowledge

accumulation and innovation persistence experienced by old or mature banks.

The results of the second method used in the second-stage are shown in Table 5.5. We employed the
GLS bootstrap regression by considering (1/8;,) from the MPI model as a dependent variable to
estimate the relationship between foreign ownership, FDI inflows and other determinants of bank
efficiency, the same as in the previous model. The coefficients were loop bootstrapped 1000 times.
Table 5.5 includes two specifications, 5.1 and 5.2. We can compare the results with Table 5.4. We
find that FDI becomes positive and statistically significant with regard to banks’ efficiency in Dubai
during the period 2013-2016, as we expected. This result suggests that the banking sector benefits
from FDI inflows in Dubai. This result is in line with Abida (2013), who stated that FDI inflows
improve the financial sector and enhance banking efficiency. It is also in line with the views
expressed by Sghaier and Abida (2013), who suggested that FDI will have a spillover relationship
with the change of performance of the banking sector. Furthermore, this finding contradicts our
previous finding in Table 5.4 in terms of the significance due to the different methodology technique
used. Overall, the main result from Table 5.5, which is different to that of Table 5.4, suggests that
FDI inflows improve the business climate in Dubai’s banking sector as a host country, which leads

to enhanced efficiency in banks.

In general from Tables 5.4 and 5.5, we see almost similar results but the differences are in the
significance of the coefficients because of the different dependent variable. In Table 5.4, we find the
ratio of non-Emirati is a slight significant and in Table 5.5, FDI is highly significant; these

differences are due to the different methods used and different dependent variable in each method.
5.6 Conclusion

This study examine the evolution of banking efficiency in Dubai by investigating whether foreign-
owned banks are becoming more efficient and productive than domestic banks and whether FDI
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inflow in the financial sector, skilled labour, bank age and size affect banks' efficiency in Dubai. The
study uses a confidential dataset from a financial survey from 2013-2016 moderated by the Dubai
Statistics Center and a two-stage approach. In the first-stage, two methods have been applied (DEA
and MPI) to measure banks' efficiency scores and in the second-stage we adopted the Simar-Wilson

double bootstrap and GLS bootstrap regression respectively.

Despite domestic banks in Dubai enjoying strong government support and implicit guarantees that
allow them to attract funds and operate with solvent clients, foreign-owned banks have proven their
efficiency. Thus, this study reveals that the foreign banks exhibited a higher level of efficiency than
domestic banks in Dubai, consistent with other studies for transition and developing economies. FDI
inflows significantly enhance sectoral-level banking efficiency in Dubai. In addition, the
composition of the labour force, having skilled labour and skilled expatriates with high

qualifications, is associated with higher bank efficiency.

From our results, our tentative policy recommendations for Dubai’s government might be: based on
the UAE Government’s discussion on the possible merger between three selected domestic banks to
strengthen the domestic banks, enhance competitiveness and raise the levels of banking efficiency,
we encourage the merging solution of the selected domestic banks. We further suggest accelerating
the implementation of this solution to promote and enhance the banking sector so that it becomes
more competitive and diversified, with the ability to perform on an efficient global frontier. In other
words, domestic banks should strive to compete with foreign bank counterparts to make Dubai a
financial hub market with high levels of efficiency in its foreign and domestic banks. Furthermore,
the government has to consider the enactment of laws that allow domestic banks to benefit from
foreign banks, such as exchanging employees and increasing the percentage of Emiratization in
foreign banks, in order to transfer knowledge, enhance competitiveness, and improve the levels of
efficiency. The government should monitor the extent of benefiting from foreign investments in
accordance with national strategies and their suitability with economic directives and should

emphasize effective partnership between the public and private sectors.
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5.7 Appendix

Table 5.2: Variables’ definitions and expected signs

Classification Variable Definition f.:;iemed Source
Dependent Efficiency score 1/ Efficiency score (efficiency scores measured Financial Survey (2013-2016)
variable by DEA and MPI- outputs: revenues and loans, — Dubai Statistics Center
inputs: total deposits, number of workers and
non financial assets)
Ownership Foreign Dummy variable, one when the bank is foreign- + Author calculation based on
ownership owned and foreign state licensed establishment Financial Survey (2013-2016)
while its head office or permanent bank is -Dubai Statistics Center
outside UAE and zero otherwise per it
FDI FDI value Deflated value of FDI in-flowed in finance + Dubai Statistics Center
sector (included Financial service activities,
Insurance, reinsurance and pension funding, and
Activities auxiliary to financial service and
insurance activities ) taken in natural logarithms
per t
Composition  Skilled labour Total of workers’ compensations /number of + Author calculation based on
of the labour  (Average wage) workers taken in natural logarithms per it Financial Survey (2013-2016)
force -Dubai Statistics Center
Non-Emirati Ratio, number of workers non-Emirati/number +/- Financial Survey (2013-2016)
of workers *100 per it — Dubai Statistics Center
Size Number of Number of workers per in bank it + Financial Survey (2013-2016)
workers — Dubai Statistics Center
Age Old bank Dummy variable, one when the bank was +/- Author caleulation based on
established on and before 1989 and zero Financial Survey (2013-2016)
otherwise per it -Dubai Statistics Center
Mature bank Dummy variable, one when the bank was +/- Author calculation based on

established on and between 1990 -1999 and zero
otherwise per it

Financial Survey (2013-2016)
-Dubai Statistics Center
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Table 5.4: Simar-Wilson double bootstrap model in a two-stage DEA VRS

1/ Efficiency score 4.1 4.2
Foreign ownership -1.067* -1.053*
(0.470) (0.439)
FDI value -0.253
(0.716)
Skilled labour - -0.00000100%*** -0.00000100%**
Average wage (0.000000296) (0.000000289)
Non-Emirati -0.00710* -0.00695*
(0.00310) (0.00281)
Number of workers -0.252 -0.245
(0.202) (0.204)
Old bank -0.109 -0.136
(0.462) (0.464)
Mature bank -0.206 -0.204
(0.561) (0.560)
Constant 2.439% 8.644*
(1.222) (17.67)
Observations 53 53

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001
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Table 5.5: GLS bootstrap model in a two-stage MPl VRS

1/ Efficiency score 5.1 5.2
Foreign ownership -0.423%* -0.355%
(0.509) (0.509)
FDI value -0.708%**
(0.902)
Skilled labour - -0.00000000686* -0.00000000275%*
Average wage (0.0000000504) (0.0000000643)
Non-Emirati -0.0000269 -0.0000136
(0.0000760) (0.0000703)
Number of workers -0.000143 -0. 000168
(0.0412) (0.0464)
Old firm -0.0574 -0.0129
(0.0840) (0.0105)
Mature firm 0.0731 0. 0847
(0.0869) (0. 0865)
Constant 1.314%** 3.101%**
(0.170) (0.221)
Observations 52 52

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001
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Table 5.6: Simar-Wilson double bootstrap model in a two-stage DEA CRS

1/ Efficiency score 6.1 6.2
Foreign ownership -0.909* -0.911*
(0.607) (0.593)
FDI value -0.437
(0.986)
Skilled labour - -0.000000855%* -0.000000834*
Average wage (0.000000314) (0.000000330)
Non-Emirati -0.00248 -0.00253
(0.00251) (0.00265)
Number of workers -0.118 -0.123
(0.221) (0.221)
Old bank 0.542 0.570
(0.785) (0.801)
Mature bank 2.086 2.070
(0.990) (0.942)
Constant 2.607* 10.10%*
(1.652) (24.30)
Observations 69 69

Standard errors in parentheses
* p<0.05, ** p<0.01, *** p<0.001
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Chapter 6

Conclusion

FDI inflows have been viewed as a main engine for economic development in the world economy.
The benefits of FDI inflows are increasingly being accepted as evidence for that; we see that the
majority of countries have set up an advanced system to increase their prospects of attracting FDI

inflows.

There is a growing body of literature investigating the role played by FDI inflows in economic
growth. Our study expanded the scale of previous research to focus on the interrelationship between
FDI inflows, economic performance, determinants of FDI, firm ownership and firm efficiencies,
which have received little attention in the economic literature on resource-rich countries. This thesis
has attempted to fill this gap in the literature by studying different aspects of these relationships
together with the availability of FDIs. We identify empirically the importance of the determinants of
FDI and their relationship with FDI inflows. We also illustrate empirically the differences in
efficiency of firms, by looking at firm ownership and sectoral FDI in a host country in different

economic sectors.
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This chapter is the last chapter of the thesis. It provides a brief review of the main empirical findings
in Chapters 2-5, including policy considerations, followed by the limitations of the study and

suggestions for further research.
6.1 Main empirical findings

The empirical results throughout our analyses provided answers to the questions initially asked in
the introduction chapter (Chapter 1).

In Chapter 2, we examined empirically the relationships between FDI and economic performance in
the UAE’s emirates, illustrated how FDI’s related varies by sector and investigated the geographical
and sectoral extent of FDI technology spillover and its associated spatial diffusion in the UAE as a
host country. We used sectoral-level panel data over the period 2006-2014 and three destinations
among the UAE. We employed a production function model. The results showed that the relationship
between FDI and economic performance depends on the location and sector. FDI has a higher
relationship on the economic performance of both Abu Dhabi and Dubai compared to the North
Emirates and attracting FDI to the primary sector appears to matter and improve the economic
performance more than in other sectors. Furthermore, the technological distance study revealed that
FDI flows from far technological distance of source countries, bringing higher quality technology to
the UAE. Moreover, the geographical spillovers from FDI influence economic performance
positively. The sectoral spillover are higher in the primary sector, which indicates that in the mining
and quarrying sector FDI affects the value added of the UAE more than other sector spillovers. In
sum, there is a positive relationship of FDI, depending on the absorptive capacity of the destination.
Attracting FDI in all sectors will lead to greater technological spillovers (geographical and sectoral
spillovers) from FDI inflows, all of which will contribute to enhancing economic performance in the

country.

Chapter 3 examined empirically the importance of various determinants of FDI in GCC countries
and assessed whether our selected host countries’ strategic plan had been effective by looking at the
strategic plan; this entailed identifying the priority sector and the priority source country. By using a

panel dataset of FDI flows from 66 source countries to 14 specific economic sectors of three
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developing GCC countries (UAE, KSA and Qatar) during the period 2006-2014, we utilised a gravity
model approach. Empirically, the chapter supports 9 categories of FDI determinants and the results
found that government business strategy, market size, openness and infrastructure are the main and
most important determinants of FDI in our selected host countries. The results revealed that the host
countries' government business strategies i.e. identifying priority sectors to attract FDI to and priority
source countries to attract FDI from, and allowing 100% ownership by foreign investors, are

effective.

Chapters 4 and 5 empirically considered different firm sectors and methodology techniques, while
focusing on the efficiency distance between foreign-owned and domestic firms in a number of

priority sectors in Dubai.

Chapter 4 examined the efficiency distance between foreign-owned and domestic firms in the
manufacturing and construction sectors. These sectors are considered to have great potential for
promoting economic growth and competitiveness in Dubai. The study used a firm-level panel dataset
from 2014-2016 within a two-stage analysis with a DEA framework. We estimated each firm’s
relative efficiency score in the first stage and in the second stage, and truncated GLS regression to
investigate the determinants of differences in efficiency by focusing on firms’ ownership, sectoral-
level FDIs, and other firm-specific factors such as composition of the labour force, the firm’s size
and its age. The results indicate that foreign-owned firms are more productive in both the
manufacturing and construction sectors, compared to domestic firms. The association between FDIs
in manufacturing firms’ efficiency is positive. Skilled labour is an important associate of efficiency
in the manufacturing and construction sectors. Firm size and age do not seem to be statistically

associated with efficiency among manufacturing and construction firms.

In Chapter 5, we investigated the evolution of economic efficiency in the banking sector in Dubai to
understand whether foreign-owned banks are more efficient and productive than domestic banks.
We examined whether FDI inflows, the availability and composition of the labour force, the firm’s
size and its age affected banks’ efficiency during the period of 2013-2016 and were associated with
changes in efficiency scores. A two-stage approach using DEA and MPI models was used to measure

banks’ efficiency scores in the first stage and in the second stage the DEA Simar-Wilson bootstrap
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truncated regression and the MPI bootstrap GLS regression were used. The results showed that
foreign-owned banks are significantly more efficient than domestic ones. The inflow of FDI into the
financial sector positively associates with banking efficiency, and the presence of both expatriates
and skilled labour is associated with higher banking efficiency.

6.2 Further research

The four empirical chapters have been turned into papers. The four papers will be submitted to UAE’s
local government stakeholders, which are: the Abu Dhabi Executive Council, the Abu Dhabi Council
for Economic Development and the Abu Dhabi Department of Economic Development. The papers
from Chapter 4 and 5 were specifically requested to be sent to the Dubai Executive Council and the

Dubai Statistics Center. Moreover, the four papers will be submitted to journals for publication soon.

This thesis expands the scale of research on FDI. However, there are still some limitations in the
thesis. One notable aspect is data availability. In Chapters 2 and 3 the sample size was restricted to
the period 2006-2014 and for Chapters 4 and 5 the sample was unique, but only between 2013 and
2016, which constrains the degrees of freedom in the estimations when considering the number of

variables and lags.

With regard to new research based on this thesis, the following topics might be considered as

noteworthy in the area of attracting FDI to a developing country.

This thesis considered the relationship between FDI and economic performance, the importance of
determinants of FDI and the efficiency of foreign-owned firms and FDI inflow, as well as
highlighting the nationality of employees. Further research could be applied to labour market
structures, in other words, highlighting gender in the labour market, which has not yet been
considered in the UAE and the Gulf region. The research question might be centred on: Has FDI in
fact expanded women’s employment? Does FDI increase women’s wages? Does FDI affect women’s
autonomy, women’s rights or their bargaining power and does it allow them to reach top-level

management positions? The firm-level data on employment and wages according to gender make
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this research possible. Moreover, similar methodologies to those that have been employed in this

thesis might be used for the research.

Another interesting research topic could be related to the environment, CO, emissions and FDI. At
the end of 2018, the Abu Dhabi government established a new government entity to moderate energy
usage. The government has implemented several measures to limit energy use and reduce harmful
emissions. The research needs to measure CO; emission efficiency and to illustrate the impact of FDI
value, trade, technological innovation, free zone locations and environmental regulations on CO-
emission efficiency. It is possible to link all of these related areas by using firm-level panel data and

employing the DEA-Tobit model.

135



Bibliography

Abbott, M., & Doucouliagos, C. (2003). The efficiency of Australian universities: a data envelopment
analysis. Economics of Education Review, 22(1), 89-97.

Adeniyi, O. A., Omisakin, D., Olusegun, A., Egwaikhide, F., & Oyinlola, A. (2012). Foreign direct
investment, economic growth and financial sector development in small open developing
economies. Economic Analysis & Policy, 42(1).

Aggrey, N., Eliab, L., & Joseph, S. (2010). Firm size and technical efficiency in East African manufacturing
firms. Current research journal of Economic Theory, 2(2), 69-75.

Aghion, P., Bloom, N., Blundell, R., Griffith, R., & Howitt, P. (2005). Competition and innovation: An
inverted-U relationship. The Quarterly Journal of Economics, 120(2), 701-728.

Aghion, P., & Howitt, P. W. (2008). The Economics of Growth. MIT press.

Agrawal, G., & Khan, M. A. (2011). Impact of FDI on GDP: A comparative study of China and India.
International Journal of Business and Management, 6(10), 71.

Aitken, B. J., & Harrison, A. E. (1999). Do domestic firms benefit from direct foreign investment?
Evidence from Venezuela. American Economic Review, 89(3), 605-618.

Akinlo, A. E. (2004). Foreign direct investment and growth in Nigeria: An empirical investigation. Journal
of Policy modeling, 26(5), 627-639.

Alemu, A. M. (2012). Effects of corruption on FDI inflow in Asian economies. Seoul Journal of
Economics, 25(4), 387-412.

Ali, A. 1., & Seiford, L. M. (1993). The mathematical programming approach to efficiency analysis. The
Measurement of Productive Efficiency: Techniques and Applications, 120-159.

Alfaro, L. (2003). Foreign direct investment and growth: Does the sector matter. Harvard Business School,
1-31.

Alfaro, L., Chanda, A., Kalemli-Ozcan, S., & Sayek, S. (2006). How does foreign direct investment
promote economic growth? Exploring the effects of financial markets on linkages (No. w12522).
National Bureau of Economic Research.

Alfaro, L., & Charlton, A. (2007). Growth and the quality of foreign direct investment: is all FDI equal.
Harvard Business School Working Paper, No. 07-072.

136



Al-Sadig, A. (2009). The effects of corruption on FDI inflows. Cato Journal, 29, 267.

Alvarez, R., & Crespi, G. (2003). Determinants of technical efficiency in small firms. Small business
economics, 20(3), 233-244.

Amable, B., Demmou, L., & Ledezma, I. (2008). Competition, innovation and distance to frontier. Centre
d’Economie de la Sorbonne, Documents de Travail, n. 2008.64.

Amornkitvikai, Y., & Harvie, C. (2010). Identifying and measuring technical inefficiency factors: evidence
from unbalanced panel data for Thai listed manufacturing enterprises. Economics Working Paper
Series.

Anderson, J. E. (1979). A theoretical foundation for the gravity equation. The American Economic Review,
69(1), 106-116.

Anderson, J. E., & Van Wincoop, E. (2003). Gravity with gravitas: a solution to the border puzzle. The
American Economic Review, 93, 170-192.

Ang, J. B. (2009). Foreign direct investment and its impact on the Thai economy: the role of financial
development. Journal of Economics and Finance, 33(3), 316-323.

Anitha, R. (2012). Foreign direct investment and economic growth in India. International Journal of
Marketing, Financial Services & Management Research, 1(8), 108-125.

Anselin, L. (2001). Spatial econometrics. A companion to theoretical econometrics, 310330.

Ariff, M., & Luc, C. (2008). Cost and profit efficiency of Chinese banks: A non-parametric analysis. China
Economic Review, 19(2), 260-273.

Arvanitis, S. (2005). Computerization, workplace organization, skilled labour and firm productivity:
Evidence for the Swiss business sector. Economics of innovation and new technology, 14(4), 225-
249.

Asiedu, E. (2004). Policy reform and foreign direct investment in Africa: Absolute progress but relative
decline. Development Policy Review, 22(1), 41-48.

Asiedu, E. (2006). Foreign direct investment in Africa: The role of natural resources, market size,
government policy, institutions and political instability. World Economy, 29(1), 63-77.

Assuncdo, S., Forte, R., & Teixeira, A. (2011). Location determinants of FDI: A literature review.
Faculdeda De Economia Universidade do Porto Working Papers, No. 433

Audretsch, D. B., & Feldman, M. P. (1996). R&D spillovers and the geography of innovation and
production. The American economic review, 86(3), 630-640.

Audretsch, B. (1998). Agglomeration and the location of innovative activity. Oxford Review of Economic
Policy, 14(2), 18-29.

Ayadi, O., Adebayo, A. O., & Omolehinwa, E. (1998). Bank performance measurement in a developing
economy: an application of data envelopment analysis. Managerial Finance, 24(7), 5-16.

137



Aykut, D., & Sayek, S. (2007). The role of the sectoral composition of foreign direct investment on growth.
Do multinationals feed local development and growth?. Elsevier 22, 35-62.

Azeem, S. W., Hussain, H., & Hussain, R. Y. (2012). The Determinants of Foreign Investment in Pakistan:
A Gravity model analysis. LogForum, 8(2).

Badunenko, O., Fritsch, M., & Stephan, A. (2008). What drives the productive efficiency of a firm? The
importance of industry, location, R&D, and size. DIW Discussion Papers, No. 775.

Baltabaev, B. (2013). FDI and Total Factor Productivity Growth: New Macro Evidence. Working Papers.
Monash Univ., Department of Economics.

Banalieva, E. R., Santoro, M. D., & Jiang, J. R. (2012). Home region focus and technical efficiency of
multinational enterprise. Management International Review, 52(4), 493-518.

Banga, R. (2003). Impact of government policies and investment agreements on FDI inflows. Indian
Council for Research on International Economic Relation Working Paper, 116.

Bengoa, M., & Sanchez-Robles, B. (2003). Foreign direct investment, economic freedom and growth: new
evidence from Latin America. European Journal of Political Economy, 19(3), 529-545.

Bank, W. (2016). Ease of Doing Business. Washington DC: World Bank.

Banker, R. D., Charnes, A., & Cooper, W. W. (1984). Some models for estimating technical and scale
inefficiencies in data envelopment analysis. Management Science, 30(9), 1078-1092.

Banker, R. D., & Morey, R. C. (1986). Efficiency analysis for exogenously fixed inputs and outputs.
Operations Research, 34(4), 513-521.

Barnum, D. T., Gleason, J. M., Karlaftis, M. G., Schumock, G. T., Shields, K. L., Tandon, S., & Walton,
S. M. (2012). Estimating DEA confidence intervals with statistical panel data analysis. Journal of
Applied Statistics, 39(4), 815-828.

Barrios, S., & Strobl, E. (2002). Foreign direct investment and productivity spillovers: Evidence from the
Spanish experience. Weltwirtschaftliches Archiv, 138(3), 459-481.

Barro, R. J., & Sala-i-Martin, X. (1995). Economic Growth, McGraw-Hill. New York.

Barros, C. P. (2008). Efficiency analysis of hydroelectric generating plants: A case study for Portugal.
Energy Economics, 30(1), 59-75.

Barros, C. P., & Assaf, A. (2009). Bootstrapped efficiency measures of oil blocks in Angola. Energy Policy,
37(10), 4098-4103.

Barros, C. P., & Garcia-del-Barrio, P. (2011). Productivity drivers and market dynamics in the Spanish
first division football league. Journal of Productivity Analysis, 35(1), 5-13.

138



Bevan, A. A., & Estrin, S. (2000). The determinants of foreign direct investment in transition economies.
Centre for New and Emerging Markets, Discussion Paper Number 9, London Business School,
London.

Basu, P., Chakraborty, C., & Reagle, D. (2003). Liberalization, FDI, and growth in developing countries:
A panel cointegration approach. Economic Inquiry, 41(3), 510-516.

Batra, G., & Tan, H. (2003). SME technical efficiency and its correlates: Cross-national evidence and
policy implications. World Bank Institute Working Paper, 9.

Beccalli, E., Casu, B., & Girardone, C. (2006). Efficiency and stock performance in European banking.
Journal of Business Finance & Accounting, 33(1-2), 245-262.

Békeés, G., Kleinert, J., & Toubal, F. (2009). Spillovers from multinationals to heterogeneous domestic
firms: Evidence from Hungary. World Economy, 32(10), 1408-1433.

Berger, A. N., DeYoung, R., Genay, H., & Udell, G. F. (2000). Globalization of financial institutions:
Evidence from cross-border banking performance. Brookings-Wharton papers on financial
services, 2000(1), 23-120.

Berger, A. N., & Mester, L. J. (1997). Inside the black box: What explains differences in the efficiencies
of financial institutions?. Journal of Banking & Finance, 21(7), 895-947.

Berger, C. (1993). Kano's methods for understanding customer-defined quality. Center for Quality
Management Journal, 2(4), 3-36.

Berger, A. N., & Humphrey, D. B. (1997). Efficiency of financial institutions: International survey and
directions for future research. European Journal of Operational Research, 98(2), 175-212.

Berger, A. N., & Mester, L. J. (1997). Inside the black box: What explains differences in the efficiencies
of financial institutions?. Journal of Banking & Finance, 21(7), 895-947.

Bergstrand, J. H. (1989). The generalized gravity equation, monopolistic competition, and the factor-
proportions theory in international trade. The Review of Economics and Statistics, 143-153.

Bergstrand, J. H. (1985). The gravity equation in international trade: some microeconomic foundations and
empirical evidence. The Review of Economics and Statistics, 474-481.

Bevan, A. A., & Estrin, S. (2004). The determinants of foreign direct investment into European transition
economies. Journal of Comparative Economics, 32(4), 775-787.

Bhatnagar, V. K. (2013). Impact of foreign direct investment on the profitability: a study of telecom
companies in India. Indus Valley Publications, Jaipur, pp.298-305.

Biggs, T., Shah, M., & Srivastava, P. (1996). Technological capability and learning in African firms. World
Bank (Africa Region) Technical Paper.

Blomstrom, M. & Kokko, A. (1997). Regional Integration and Foreign Direct Investment, National Bureau
of Economic Research, Working No. 6019.

139



Blonigen, B. A. (2005). A review of the empirical literature on FDI determinants. Atlantic Economic
Journal, 33(4), 383-403.

Blonigen, B. A., & Piger, J. (2014). Determinants of foreign direct investment. Canadian Journal of
Economics/Revue Canadienned' Economique, 47(3), 775-812.

Bloom, N., Mahajan, A., McKenzie, D., & Roberts, J. (2010). Why do firms in developing countries have
low productivity?. American Economic Review, 100(2), 619-23

Bloom, N., & Van Reenen, J. (2010). Why do management practices differ across firms and countries?.
Journal of Economic Perspectives, 24(1), 203-24.

Bloom, N., Guvenen, F., Smith, B. S., Song, J., & von Wachter, T. (2018, May). The disappearing large-
firm wage premium. In AEA Papers and Proceedings (Vol. 108, pp. 317-22).

Bloom, N., Manova, K., Van Reenen, J., Sun, S. T., & Yu, Z. (2018). Managing trade: evidence from
China and the US (No. w24718). National Bureau of Economic Research.

Borensztein, E., De Gregorio, J., & Lee, J. W. (1998). How does foreign direct investment affect economic
growth?. Journal of International Economics, 45(1), 115-135.

Boschma, R. (2005). Proximity and innovation: a critical assessment. Regional Studies, 39(1), 61-74.

Bosworth, B., & Collins, S. M. (2003). The empirics of growth: An update. Brookings Papers on Economic
Activity, 2003(2), 113-206.

Bottasso, A., & Sembenelli, A. (2004). Does ownership affect firms’ efficiency? Panel data evidence on
Italy. Empirical Economics, 29(4), 769-786.

Bonin, J. P., Hasan, 1., & Wachtel, P. (2005). Bank performance, efficiency and ownership in transition
countries. Journal of Banking & Finance, 29(1), 31-53.

Buch, C. M., Kokta, R. M., & Piazolo, D. (2003). Foreign direct investment in Europe: Is there redirection
from the South to the East?. Journal of Comparative Economics, 31(1), 94-109.

Branstetter, L. (2006). Is foreign direct investment a channel of knowledge spillovers? Evidence from
Japan's FDI in the United States. Journal of International Economics, 68(2), 325-344.

Brems, H. (1970). A growth model of international direct investment. The American Economic Review,
60(3), 320-331.

Burger, M., Van Oort, F., & Linders, G. J. (2009). On the specification of the gravity model of trade: zeros,
excess zeros and zero-inflated estimation. Spatial Economic Analysis, 4(2), 167-190.

Carstensen, K., & Toubal, F. (2004). Foreign direct investment in Central and Eastern European countries:
a dynamic panel analysis. Journal of Comparative Economics, 32(1), 3-22.

Cassou, S. P. (1997). The link between tax rates and foreign direct investment. Applied Economics, 29(10),
1295-1301.

140



Casson, M. (1983). The Growth of International Business, London, Allen and Unwin.

Castro, C., & Nunes, P. (2013). Does corruption inhibit foreign direct investment?. Politica. Revista de
Ciencia Politica, 51(1), 61-83.

Campos, N. F., & Kinoshita, Y. (2002). Foreign direct investment as technology transferred: Some panel
evidence from the transition economies. The Manchester School, 70(3), 398-419.

Caves, D. W., Christensen, L. R., & Diewert, W. E. (1982). The economic theory of index numbers and
the measurement of input, output, and productivity. Econometrica: Journal of the Econometric
Society, 1393-1414.

Caves, R. E., & Barton, D. R. (1990). Technical efficiency in US manufacturing industries. Cambridge,
Mass., MIT Press.

Charnes, A., Cooper, W. W., & Rhodes, E. (1978). Measuring the efficiency of decision making units.
European Journal of Operational Research, 2(6), 429-444.

Chen, T. J., & Tang, D. P. (1987). Comparing technical efficiency between import-substitution-oriented
and export-oriented foreign firms in a developing economy. Journal of Development Economics,
26(2), 277-289.

Chowdhury, H., & Zelenyuk, V. (2016). Performance of hospital services in Ontario: DEA with truncated
regression approach. Omega, 63, 111-122.

Christensen, L. R., Jorgenson, D. W., & Lau, L. J. (1973). Transcendental logarithmic production frontiers.
The review of economics and statistics, 28-45.

Chiu, Y. H., & Chen, Y. C. (2009). The analysis of Taiwanese bank efficiency: Incorporating both external
environment risk and internal risk. Economic Modelling, 26(2), 456-463.

Chakrabarti, A. (2001). The determinants of foreign direct investments: Sensitivity analyses of cross-
country regressions. Kyklos, 54(1), 89-114.

Claessens, S. (2009). Competition in the financial sector: Overview of competition policies. The World
Bank Research Observer, 24(1), 83-118.

Claessens, S., Demirgi¢-Kunt, A., & Huizinga, H. (2001). How does foreign entry affect domestic banking
markets?. Journal of Banking & Finance, 25(5), 891-911.

Van Horen, N., & Claessens, S. (2012). Foreign banks: Trends, impact and financial stability. International
Monetary Fund.

Cleeve, E. (2008). How effective are fiscal incentives to attract FDI to Sub-Saharan Africa?. The Journal
of Developing Areas, 135-153.

Colbert, A., Levary, R. R., & Shaner, M. C. (2000). Determining the relative efficiency of MBA programs
using DEA. European Journal of Operational Research, 125(3), 656-669.

141



Cooper, W. W., Seiford, L. M., & Tone, K. (2000). Data envelopment analysis. Handbook on Data
Envelopment Analysis, International Series in Operations Research & Management Science 71: 1-
39.

Corcoran, A., & Gillanders, R. (2015). Foreign direct investment and the ease of doing business. Review
of World Economics, 151(1), 103-126.

Das, S. (1987). Externalities, and technology transfer through multinational corporations A theoretical
analysis. Journal of International Economics, 22(1-2), 171-182.

Deardorff, A. (1998). Determinants of bilateral trade: does gravity work in a neoclassical world?. In J.A.
Frankel (ed.), The Regionalization of the World Economy (pp. 7-32). University of Chicago Press.

De Gregorio, J. (1992). Economic growth in latin america. Journal of Development Economics, 39(1), 59-
84.

De Mello, L. R. (1997). Foreign direct investment-led growth: evidence from time series and panel data.
Oxford Economic Papers, 51(1), 133-151.

De Mello, L. R., & Sinclair, M. T. (1995). Foreign direct investment, joint ventures and endogenous
growth. UK: Mimeo, Department of Economics, University of Kent.

DeYoung, R., & Nolle, D. E. (1996). Foreign-owned banks in the United States: Earning market share or
buying it?. Journal of Money, Credit and Banking, 28(4), 622-636.

Di Mauro, F. (1999). The effects of economic integration on FDI flows: an empirical analysis and a
comparison with trade. Centre for European Policy Studies.

Dimelis, S., & Louri, H. (2001). Foreign direct investment and efficiency benefits: a conditional quantile
analysis. Oxford Economic Papers, 54:449-69.

Disdier, A. C., & Marette, S. (2010). The combination of gravity and welfare approaches for evaluating
nontariff measures. American Journal of Agricultural Economics, 92(3), 713-726.

Van Dijk, M., & Szirmai, A. (2006). Industrial policy and technology diffusion: evidence from paper
making machinery in Indonesia. World Development, 34(12), 2137-2152.

Din, M. U., Ghani, E., & Mahmood, T. (2007). Technical efficiency of Pakistan's manufacturing sector: A
stochastic frontier and data envelopment analysis. The Pakistan Development Review, 1-18.

Dunning, J. H. (1977). Trade, location of economic activity and the MNE: A search for an eclectic
approach. In The international allocation of economic activity (pp. 395-418). Palgrave Macmillan,
London.

Dunning, J. H. (1980). Toward an eclectic theory of international production: Some empirical tests. Journal
of international business studies, 11(1), 9-31.

Dunning, J.H., (1988). Explaining International Production, Unwin Hyman, London.

142



Dunning, J.H. (1992). Multinational enterprises and the global economy. Wokingham, UK and Reading,
MA: Addison-Wesley Publishing Company.

Dunning, J. H. (1993). Multinational Enterprises and the Global Economy, Harlow, Essex: Addison
Wesley Publishing Co.

Dunning, J. H. (2001). The eclectic (OLI) paradigm of international production: past, present and future.
International Journal of the Economics of Business, 8(2), 173-190.

Drake, L., Hall, M. J., & Simper, R. (2006). The impact of macroeconomic and regulatory factors on bank
efficiency: A non-parametric analysis of Hong Kong’s banking system. Journal of Banking &
Finance, 30(5), 1443-1466.

Edy Halim, R. (2010). Marketing productivity and profitability of Indonesian public listed manufacturing
firms: an application of data envelopment analysis (DEA). Benchmarking: An International
Journal, 17(6), 842-857.

Egger, P. (2000). A note on the proper econometric specification of the gravity equation. Economics
Letters, 66(1), 25-31.

Egger, P., & Pfaffermayr, M. (2003). The proper panel econometric specification of the gravity equation:
A three-way model with bilateral interaction effects. Empirical Economics, 28(3), 571-580.

Egger, P., & Pfaffermayr, M. (2004). Distance, trade and FDI: a Hausman-Taylor SUR approach. Journal
of Applied Econometrics, 19(2), 227-246.

Eichengreen, B., & Irwin, D. A. (1998). The role of history in bilateral trade flows. In J. A. Frankel, ed.,
The regionalization of the world economy (pp. 33-62). University of Chicago Press.

El-Mashaleh, M. S., Edward Minchin Jr, R., & O’Brien, W. J. (2007). Management of construction firm
performance using benchmarking. Journal of Management in Engineering, 23(1), 10-17.

Elyasiani, E., & Mehdian, S. (1990). Efficiency in the commercial banking industry, a production frontier
approach. Applied Economics, 22(4), 539-551.

Elyasiani, E., & Mehdian, S. (1995). The comparative efficiency performance of small and large US
commercial banks in the pre-and post-deregulation eras. Applied Economics, 27(11), 1069-1079.

Emlinger, C., Jacquet, F., & Lozza, E. C. (2008). Tariffs and other trade costs: assessing obstacles to
Mediterranean countries' access to EU-15 fruit and vegetable markets. European Review of
Agricultural Economics, 35(4), 409-438.

Eller, M., Haiss, P., & Steiner, K. (2006). Foreign direct investment in the financial sector and economic
growth in Central and Eastern Europe: The crucial role of the efficiency channel. Emerging Markets
Review, 7(4), 300-319.

Farrell, M. J. (1957). The measurement of productive efficiency. Journal of the Royal Statistical Society:
Series A (General), 120(3), 253-281.

143



Fére, R., Grosskopf, S., Lindgren, B., & Roos, P. (1992). Productivity changes in Swedish pharamacies
1980-1989: A non-parametric Malmquist approach. Journal of productivity Analysis, 3(1-2), 85-
101.

Fare, R., Grosskopf, S., Norris, M., & Zhang, Z. (1994). Productivity Growth, Technical Progress, and
Efficiency Change in Industrialized Countries. The American Economic Review, 84(1), 66-8.

Feenstra, R. C., & Markusen, J. R. (1994). Accounting for growth with new inputs. International Economic
Review, 429-447.

Findlay, R. (1978). Relative backwardness, direct foreign investment, and the transfer of technology: a
simple dynamic model. The Quarterly Journal of Economics, 92(1), 1-16.

Flowerdew, R. and Aitkin, R. (1982). A method of fitting the gravity model based on the Poisson
distribution. Journal of Regional Science, 22 pp. 191-202

Fosfuri, A., Motta, M., & Rende, T. (2001). Foreign direct investment and spillovers through workers’
mobility. Journal of International Economics, 53(1), 205-222.

Fontagné, L., & Mayer, T. (2005). Determinants of location choices by multinational firms: A review of
the current state of knowledge. Applied Economics Quarterly, 51, 9-34.

Frenkel, M., Funke, K., & Stadtmann, G. (2004). A panel analysis of bilateral FDI flows to emerging
economies. Economic systems, 28(3), 281-300.

Gastanaga, V. M., Nugent, J. B., & Pashamova, B. (1998). Host country reforms and FDI inflows: How
much difference do they make?. World development, 26(7), 1299-1314.

Gerschenkron, A. (1962). Economic backwardness in historical perspective: a book of essays (No. 330.947
G381). Cambridge, MA: Belknap Press of Harvard University Press.

Ghali, S., & Rezgui, S. (2008). FDI contribution to technical efficiency in the Tunisian manufacturing
sector.

Girma, S. (2005). Absorptive capacity and productivity spillovers from FDI: a threshold regression
analysis. Oxford bulletin of Economics and Statistics, 67(3), 281-306.

Girma, S., & Wakelin, K. (2001). Regional underdevelopment: is FDI the solution? A semiparametric
analysis. GEP Research Paper, 1(11), University of Nottingham, UK.

Glass, A. J., & Saggi, K. (2002). Intellectual property rights and foreign direct investment. Journal of
International economics, 56(2), 387-410.

Goldberg, L. G., & Saunders, A. (1981). The determinants of foreign banking activity in the United States.
Journal of Banking & Finance, 5(1), 17-32.

Goldberg, L. G., & Saunders, A. (1981). The growth of organizational forms of foreign banks in the US:
Note. Journal of Money, Credit and Banking, 13(3), 365-374.

144



Goldberg, L. (2004). Financial-sector FDI and host countries: New and old lessons (No. w10441).
National Bureau of Economic Research.

Gomez-Herrera, E. (2013). Comparing alternative methods to estimate gravity models of bilateral trade.
Empirical Economics, 44(3), 1087-1111.

Gorg, H., & Greenaway, D. (2001). Foreign direct investment and intra-industry spillovers: a review of the
literature. GEP Research Paper, no. 2001/37. Nottingham, U.K.: Leverhulme Centre for Research
on Globalisation and Economic Policy.

Gorg, H., & Greenaway, D. (2004). Much Ado about Nothing? Do Domestic Firms Really Benefit from
Foreign Direct Investment?. World Bank Research Observer, Vol. 19, No. 2, pp. 171-197.

Haddad, M., & Harrison, A. (1993). Are there positive spillovers from direct foreign investment?: Evidence
from panel data for Morocco. Journal of development economics, 42(1), 51-74.

Harris, R., & Robinson, C. (2002). The effect of foreign acquisitions on total factor productivity: plant-
level evidence from UK manufacturing, 1987-1992. Review of Economics and Statistics, 84(3),
562-568.

Harris, R., & Robinson, C. (2004). Industrial policy in Great Britain and its effect on total factor
productivity in manufacturing plants, 1990-1998. Scottish Journal of Political Economy, 51(4),
528-543.

Hasan, 1., & Marton, K. (2003). Development and efficiency of the banking sector in a transitional
economy: Hungarian experience. Journal of Banking & Finance, 27(12), 2249-2271.

Haveman, J., & Hummels, D. (2004). Alternative hypotheses and the volume of trade: the gravity equation
and the extent of specialization. Canadian Journal of Economics/Revue canadienne d'économique,
37(1), 199-218.

Havlik, P. (2005). Unit labour costs in the new EU member states. wiiw Statistical Reports Nr. 1, The
Vienna Institute for International Economic Studies (wiiw), Vienna.

Heckman, J. J. (1979). Sample selection bias as a specification error. Econometrica: Journal of the
econometric society, 153-161.

Helmy, H. E. (2013). The impact of corruption on FDI: is MENA an exception?. International Review of
Applied Economics, 27(4), 491-514.

Helpman, E., & Krugman, P. R. (1985). Market structure and foreign trade: Increasing returns, imperfect
competition, and the international economy. MIT press.

Helpman, E. (1989). Monopolistic competition in trade theory (No. 2123-2018-4869).

Helpman, E., & Krugman, P. R. (1985). Market structure and foreign trade: Increasing returns, imperfect
competition, and the international economy. MIT press.

Helpman, E., Melitz, M., & Rubinstein, Y. (2008). Estimating trade flows: Trading partners and trading
volumes. The quarterly journal of economics, 123(2), 441-487.

145



Hermes, N., & Lensink, R. (2000). Financial system development in transition economies. Journal of
Banking & Finance, 24(4), 507-524.

Hjalmarsson, L., & Veiderpass, A. (1992). Productivity in Swedish electricity retail distribution. The
Scandinavian Journal of Economics, S193-S205.

Hsiao, F. S., & Hsiao, M. C. W. (2006). FDI, exports, and GDP in East and Southeast Asia—Panel data
versus time-series causality analyses. Journal of Asian Economics, 17(6), 1082-1106.

Hymer, S. H. (1976). International operations of national firms. MIT press.

Imbriani, C., & Reganati, F. (1999). Productivity spillovers and regional differences: some evidence on
the italian manufacturing sector. Universita. Dipartimento di scienze economiche.

Isard, W. (1954). Location theory and trade theory: short-run analysis. The Quarterly Journal of
Economics, 305-320.

Isik, I., & Hassan, M. K. (2002). Technical, scale and allocative efficiencies of Turkish banking industry.
Journal of Banking & Finance, 26(4), 719-766.

Ismihan, M., & Metin-Ozcan, K. (2005, December). Sources of growth in the Turkish economy, 1960-
2004. In ERF12th Annual Conference. Cairo, Egypt.

Jadhav, P. (2012). Determinants of foreign direct investment in BRICS economies: Analysis of economic,
institutional and political factor. Procedia-Social and Behavioral Sciences, 37, 5-14.

Jackson, S., & Markowski, S. (1995). The Attractiveness of Countries to Foreign Direct Investment—
Implications for the Asia-Pacific Region. Journal of World Trade, 29(5), 159-179.

Javorcik, B. S., & Spatareanu, M. (2008). To share or not to share: Does local participation matter for
spillovers from foreign direct investment?. Journal of Development Economics, 85(1-2), 194-217.

Jayasinghe, S., Beghin, J. C., & Moschini, G. (2010). Determinants of world demand for US corn seeds:
the role of trade costs. American Journal of Agricultural Economics, 92(4), 999-1010.

Jemric, 1., & Vujcic, B. (2002). Efficiency of Banks in Croatia: A DEA approach. Comparative Economic
Studies, 44(2-3), 169-193.

Jeon, B. N., Olivero, M. P., & Wu, J. (2011). Do foreign banks increase competition? Evidence from
emerging Asian and Latin American banking markets. Journal of Banking & Finance, 35(4), 856-
875.

Johnson, N. L. (1949). Systems of frequency curves generated by methods of translation. Biometrika,
36(1/2), 149-176.

Johnson, A. (2005). Host country effects of foreign direct investment: The case of developing and transition
economies (Doctoral dissertation, Jénkdping International Business School).

146



Jordaan, J. A. (2005). Determinants of FDI-induced externalities: New empirical evidence for Mexican
manufacturing industries. World Development, 33(12), 2103-2118.

Kahouli, B., & Maktouf, S. (2015). The determinants of FDI and the impact of the economic crisis on the
implementation of RTAs: A static and dynamic gravity model. International Business Review,
24(3), 518-529.

Kao, C., & Lu, S. T. (2011). Scale efficiency measurement in data envelopment analysis with interval data:
A two-level programming approach. Journal of CENTRUM Cathedra: The Business and Economics
Research Journal, 4(2), 224-235.

Kareem, F. O. (2014). Modeling and Estimation of Gravity Equation in the Presence of Zero Trade: A
Validation of Hypotheses Using Africa’s Trade Data (No. 711-2016-48499).

Keller, W. (2002). Geographic localization of international technology diffusion. American Economic
Review, 92(1), 120-142.

Keller, W. (2004). International technology diffusion. Journal of Economic Literature, 42(3), 752-782.

Keller, W., & Yeaple, S. R. (2009). Multinational enterprises, international trade, and productivity growth:
firm-level evidence from the United States. The Review of Economics and Statistics, 91(4), 821-
831.

Kemsley, D. (1998). The effect of taxes on production location. Journal of Accounting Research, 36(2),
321-341.

Khalifah, N. A. (2013). Ownership and technical efficiency in Malaysia's automotive industry: A stochastic
frontier production function analysis. The Journal of International Trade & Economic
Development, 22(4), 509-535.

Kim, S. (2003). Identifying and estimating sources of technical inefficiency in Korean manufacturing
industries. Contemporary Economic Policy, 21(1), 132-144.

Kinda, T. (2012). Foreign ownership, sales to multinationals and firm efficiency: the case of Brazil,
Morocco, Pakistan, South Africa and Vietnam. Applied Economics Letters, 19(6), 551-555.

Kneer, C. (2013). The absorption of talent into finance: Evidence from us banking deregulation. De
Nederlandsche Bank Working Paper, No. 391.

Knell, M., & Radosevic, S. (2000). FDI, technology transfer and growth in economic theory. Integration
Through FDI: Making Central European Industries Competitive. Cheltenham, UK, Edward Elgar,
28-49.

Koirala, G. P., & Koshal, R. K. (1999). Productivity and technology in Nepal:: An analysis of foreign and
domestic firms. Journal of Asian Economics, 10(4), 605-618.

Kooreman, P. (1994). Nursing home care in The Netherlands: a nonparametric efficiency analysis. Journal
of health economics, 13(3), 301-316.

147



Krugell, W. (2005). The Determinants of Foreign Direct Investment in Africa, Multinational Enterprises,
Foreign Direct Investment and Growth in Africa: South-Afirican Perspectives, Physica-Verlag
GmbH and Co, Berlin.

Kwan, S. H. (2006). The X-efficiency of commercial banks in Hong Kong. Journal of Banking & Finance,
30(4), 1127-1147.

Le, V., & Harvie, C. (2010). Firm performance in Vietnam: Evidence from manufacturing small and
medium enterprises. University of Wollongong Economics, Working Paper Series 04-10, pp. 1-33.

Lee, J., Lee, Y., & Kim, J. (2013). Assessing the Risks of Asian Development Projects: A Theoretical
Framework and Empirical Findings. Journal of Asian Architecture and Building Engineering,
12(1), 25-32.

Leightner, J. E., & Lovell, C. K. (1998). The impact of financial liberalization on the performance of Thai
banks. Journal of Economics and Business, 50(2), 115-131.

Lensink, R., & Hermes, N. (2004). The short-term effects of foreign bank entry on domestic bank
behaviour: Does economic development matter?. Journal of Banking & Finance, 28(3), 553-568.

Levine, R. (1997). Financial development and economic growth: Views and agenda. Journal of Economic
Literature 35, pp. 688-726.

Levine, R. (1996). Foreign banks, financial development, and economic growth. International financial
markets: Harmonization versus competition, 7, 224-54.

Levine, R., & Zervos, S. (1998). Stock markets, banks, and economic growth. American economic review,
537-558.

Li, K. & Qi, SZ. (2013). Analysis of the transmission channel of FDI in China’s industrial energy efficiency
based on the level of forward and backward linkages. J China University Geosciences (Soc Sci Ed),
4:27-33.

Li, X., & Liu, X. (2005). Foreign direct investment and economic growth: an increasingly endogenous
relationship. World Development, 33(3), 393-407.

Linders, G. J., & De Groot, H. L. (2006). Estimation of the gravity equation in the presence of zero flows.

Linnemann, H. (1966). An econometric study of international trade flows (No. 42). North-Holland Pub.
Co..

Lipsey, R. E., & Sjéholm, F. (2004). Foreign direct investment, education and wages in Indonesian
manufacturing. Journal of Development Economics, 73(1), 415-422.

Lipsey, R.E. (2006). Measuring Foreign Direct Investment. Paper Prepared for the 29th General
Conference of the International Association for Research in Income and Wealth, Joensuu, Finland,
August 20-26.

Little, I. M. D., Mazumdar, D., Page, J. M., & Mundial, B. (1987). Small Manufacturing Enterprises. New
York: Oxford University Press.

148



Lundvall, K., & Battese, G. E. (2000). Firm size, age and efficiency: evidence from Kenyan manufacturing
firms. The Journal of Development Studies, 36(3), 146-163.

Luo, X. (2003). Evaluating the profitability and marketability efficiency of large banks: An application of
data envelopment analysis. Journal of Business Research, 56(8), 627-635.

Madariaga, N., & Poncet, S. (2007). FDI in Chinese cities: Spillovers and impact on growth. World
Economy, 30(5), 837-862.

Mairesse, J., & Jaumandreu, J. (2005). Panel-data estimates of the production function and the revenue
function: What difference does it make?. Scandinavian Journal of Economics, 107(4), 651-672.

Maisom, A., Arshad, M., & Amdzah, N. A. (1994). Productivity and efficiency in Malaysian manufacturing
sector: atime series analysis. In Proceedings of the First Malaysian Econometric Conference. Kuala
Lumpur: Malaysian Institute of Economic Research.

Malmaquist, S. (1953). Index numbers and indifference surfaces. Trabajos de Estadistica y de Investigacion
Operativa, 4(2), 209-242.

Martin, W., & Herath, G. (2008). Estimating the Gravity Model When Zero Trade Flows Are Frequant.
School of Accounting, Economics and Finance, Deakin University.

Matthews, K., & Ismail, M. (2006). Efficiency and productivity growth of domestic and foreign commercial
banks in Malaysia (No. E2006/2). Cardiff economics working papers.

McCallum, J. (1995). National borders matter: Canada-US regional trade patterns. The American Economic
Review, 85(3), 615-623.

Melitz, J. (2007). North, South and distance in the gravity model. European Economic Review, 51(4), 971-
991.

Memon, M. A., & Tahir, I. M. (2011). Relative efficiency of manufacturing companies in Pakistan using
data envelopment analysis. International Journal of Business and Commerce, 1(3), 10-27.

Mengistae, T. (1996). Age-size effects in productive efficiency: A second test of the passive learning model.
University of Oxford, Institute of Economics and Statistics, Centre for the Study of African
Economies.

Mencinger, J. (2003). Does foreign direct investment always enhance economic growth?. Kyklos, 56(4),
491-508.

Miller, S. M., & Noulas, A. G. (1996). The technical efficiency of large bank production. Journal of
Banking & Finance, 20(3), 495-509.

Morris, S., & Jain, P. (2016). Determinants of Outward FDI: Empirical Analysis of OECD Source
Countries. Available at SSRN 2733040.

Morrissey, O., & Udomkerdmongkol, M. (2012). Governance, private investment and foreign direct
investment in developing countries. World Development, 40(3), 437-445.

149



Forte, R., & Moura, R. (2013). The effects of foreign direct investment on the host country's economic
growth: theory and empirical evidence. The Singapore Economic Review, 58(03), 1350017.

Moyo, B. (2018). An analysis of competition, efficiency and soundness in the South African banking
sector. South African Journal of Economic and Management Sciences, 21(1), 1-14.

Mujaddad, H. G., & Ahmad, H. K. (2016). Measuring efficiency of manufacturing industries in Pakistan:
an application of DEA double bootstrap technique. Pakistan Economic and Social Review, 54(2),
363.

Mukherjee, K. (2008). Energy use efficiency in US manufacturing: A nonparametric analysis. Energy
Economics, 30(1), 76-96.

Mullen, J. K., & Williams, M. (2005). Foreign direct investment and regional economic performance.
Kyklos, 58(2), 265-282.

Mufiiz, M. A. (2002). Separating managerial inefficiency and external conditions in data envelopment
analysis. European Journal of Operational Research, 143(3), 625-643.

Nunnenkamp, P. (2002). Determinants of FDI in developing countries: has globalization changed the rules
of the game? (No. 1122). Kiel Working Paper.

Obwona, M. B. (2001). Determinants of FDI and their impact on economic growth in Uganda. African
Development Review, 13(1), 46-81.

OECD (1999), Social Enterprises, OECD, Paris.
OECD. (2016). Social Enterprises, OECD, Paris.

Oguledo, V., & MacPhee, C. R. (1994). Gravity models: a reformulation and an application to
discriminatory trade arrangements. Applied Economics, 26(2), 107-120.

Ong, T. S., Teo, C. L., & Teh, B. H. (2011). Analysis on financial performance and efficiency changes of
Malaysian commercial banks after mergers and acquisitions. International Journal of Business and
Management Tomorrow, 1(2), 1-16.

OPEC. (2015). Annual Statistical Bulletin. Vienna: OPEC.

Ouellette, P., & Vierstraete, V. (2004). Technological change and efficiency in the presence of quasi-fixed
inputs: a DEA application to the hospital sector. European Journal of Operational Research, 154(3),
755-763.

Pack, H. (1994). Endogenous growth theory: intellectual appeal and empirical shortcomings. Journal of
Economic Perspectives, 8(1), 55-72.

Page Jr, J. M. (1984). Firm size and technical efficiency: applications of production frontiers to Indian
survey data. Journal of Development Economics, 16(1-2), 129-152.

150



Park, Y., Shin, J., & Kim, T. (2010). Firm size, age, industrial networking, and growth: A case of the
Korean manufacturing industry. Small Business Economics, 35(2), 153-168.

Pavlinek, P. (2004). Regional development implications of foreign direct investment in Central Europe.
European Urban and Regional Studies, 11(1), 47-70.

Perrigot, R., & Barros, C. P. (2008). Technical efficiency of French retailers. Journal of Retailing and
Consumer Services, 15(4), 296-305.

Pestana Barros, C., Assaf, A., & Sa-Earp, F. (2010). Brazilian football league technical efficiency: a Simar
and Wilson approach. Journal of Sports Economics, 11(6), 641-651.

Peter, G. T. & Kiabel, B. D. (2015). Tax Incentives and Foreign Direct Investment in Nigeria. Journal of
Economics and Finance, 2321- 5925.Volume 6, Issue 5.

Petkovski, M., & Kjosevski, J. (2014). Does banking sector development promote economic growth? An
empirical analysis for selected countries in Central and South Eastern Europe. Economic research-
Ekonomska istrazivanja, 27(1), 55-66.

Pigato, M. (2001). Information and communication technology, poverty, and development in sub-Saharan
Africa and South Asia. Washington, DC: World Bank.

Piteli, E. E. (2010). Determinants of foreign direct investment in developed economies: A comparison
between European and non-European countries. Contributions to Political Economy, 29(1), 111-
128.

Pitt, M. M., & Lee, L. F. (1981). The measurement and sources of technical inefficiency in the Indonesian
weaving industry. Journal of Development Economics, 9(1), 43-64.

Podinovski, V. V. (2004). Bridging the gap between the constant and variable returns-to-scale models:
selective proportionality in data envelopment analysis. Journal of the Operational Research Society,
55(3), 265-276.

Porcano, T. M., & Price, C. E. (1996). The effects of government tax and nontax incentives on foreign
direct investment. Multinational Business Review, 4(1), 9.

Porter, M. E. (1990). The competitive Advantage of nations Macmillan press LTD.

Price, C. W., & Weyman-Jones, T. (1996). Malmquist indices of productivity change in the UK gas
industry before and after privatization. Applied Economics, 28(1), 29-39.

Raballand, G. (2003). Determinants of the negative impact of being landlocked on trade: an empirical
investigation through the Central Asian case. Comparative Economic Studies, 45(4), 520-536.

Rahmah, 1. (1999). Contribution of Input Quality to Labor Productivity in the SMEs in Malaysia. In
Department of Statistics Economics Workshop, Port Dickson.

Rahmah, 1. (2003, July). Contribution of Human Capital to Malaysian Economic Growth and Labor

Productivity. In 15th MEA Convention: The Malaysian Economy at the Crossroad: Challenges and
Opportunities, Kuala Lumpur.

151



Ismail, R., & Jajri, 1. (2000). Sources of labour productivity growth in large scale industries in Malaysia.
Jurnal Ekonomi Malaysia, 34, 59-75.

Ramanathan, R. (1998). Introductory econometrics with applications. Harcourt Brace College Publishers.

Ray, S. C. (1991). Resource-use efficiency in public schools: A study of Connecticut data. Management
Science, 37(12), 1620-1628.

Ray, S. (2012). Impact of foreign direct investment on economic growth in India: A co integration analysis.
Advances in Information Technology and Management, 2(1), 187-201.

Reisen, H., & Soto, M. (2001). Which types of capital inflows foster developing-country growth?.
International finance, 4(1), 1-14.

Rezitis, A. N. (2006). Productivity growth in the Greek banking industry: A non-parametric approach.
Journal of Applied Economics, 9(1), 119-138.

Rodrik, D. (1999). The new global economy and developing countries: making openness work.
Washington, DC: Overseas Development Council.

Romer, P. M. (1990). Endogenous technological change. Journal of political Economy, 98(5, Part 2), S71-
S102.

Root, F. R., & Ahmed, A. A. (1979). Empirical determinants of manufacturing direct foreign investment
in developing countries. Economic Development and Cultural Change, 27(4), 751-767.

Ruggiero, J. (2007). A comparison of DEA and the stochastic frontier model using panel data. International
Transactions in Operational Research, 14(3), 259-266.

Saad, W. (2017). Economic Growth and Total Factor Productivity in Lebanon. International Journal of
Economics and Finance, 9(2), 159-171.

Saranga, H., & Phani, B. V. (2009). Determinants of operational efficiencies in the Indian pharmaceutical
industry. International Transactions in Operational Research, 16(1), 109-130.

Seiford, L. M. (1996). Data envelopment analysis: the evolution of the state of the art (1978-1995). Journal
of Productivity Analysis, 7(2-3), 99-137.

Schneider, F., & Frey, B. S. (1985). Economic and political determinants of foreign direct investment.
World Development, 13(2), 161-175.

Schwab, K. (2014-2015). The Global Competitiveness Report. Geneva: World Economic Forum.

Seiford, L. M., & Zhu, J. (1999). Profitability and marketability of the top 55 US commercial banks.
Management Science, 45(9), 1270-1288.

Seiford, L. M., & Zhu, J. (1999). An investigation of returns to scale in data envelopment analysis. Omega,
27(1), 1-11.

152



Sethi, D., Guisinger, S. E., Phelan, S. E., & Berg, D. M. (2003). Trends in foreign direct investment flows:
a theoretical and empirical analysis. Journal of International Business Studies, 34(4), 315-326.

Sfar, S. B. E., & Mtar, K. (2015). The Determinants of FDI in Tunisia: An Empirical Study Through A
Gravity Model. Asian Economic and Financial Review, 5(12), 1306-1314.

Sghaier, I. M., & Abida, Z. (2013). Foreign direct investment, financial development and economic growth:
Empirical evidence from North African countries. Journal of International and Global Economic
Studies, 6(1), 1-13.

Shah, Z., & Ahmed, Q. M. (2003). The determinants of foreign direct investment in Pakistan: An empirical
investigation. The Pakistan Development Review, 42(4), pp-697.

Shah, M. H. (2014). The significance of infrastructure for FDI inflow in developing countries. Journal of
Life Economics, 1(2), 1-16.

Silva, J. S., & Tenreyro, S. (2006). The log of gravity. The Review of Economics and Statistics, 88(4), 641-
658.

Silva, J. S., & Tenreyro, S. (2011). Further simulation evidence on the performance of the Poisson pseudo-
maximum likelihood estimator. Economics Letters, 112(2), 220-222.

Simar, L., & Wilson, P. W. (2000). Statistical inference in nonparametric frontier models: The state of the
art. Journal of Productivity Analysis, 13(1), 49-78.

Simar, L., & Wilson, P. W. (2007). Estimation and inference in two-stage, semi-parametric models of
production processes. Journal of Econometrics, 136(1), 31-64.

Smriti, T. N., & Khan, M. H. R. (2018). Efficiency Analysis of Manufacturing Firms Using Data
Envelopment Analysis Technique. Journal of Data Science, 16(1), 69-77.

Solow, R. M. (1957). Technical change and the aggregate production function. The Review of Economics
and Statistics, 312-320.

Solow, R. M. (1956). A contribution to the theory of economic growth. The Quarterly Journal of
Economics, 70(1), 65-94.

Soren, P. & B. Bruemmer (2012). Bimodality and the Performance of PPML, Institute for Agriceconomics
Discussion paper 1202, Georg-August Universitat Gottingen, Germany.

Sufian, F. (2007). The efficiency of Islamic banking industry in Malaysia: Foreign vs domestic banks.
Humanomics, 23(3), 174-192.

Sufian, F. (2009). Determinants of bank efficiency during unstable macroeconomic environment:
Empirical evidence from Malaysia. Research in International Business and Finance, 23(1), 54-77.

Sun, H. (2018). Foreign investment and economic development in China: 1979-1996. Routledge.

153



Sun, P. Y., Wy, L. C,, & Chen, S. Y. (2011). On the nonlinear relationship between FDI and energy
consumption intensity in an open economy: analysis based in the framework of environmental
Kuznets curve. Journal of Finance and Economics, 8, 79-90.

Sun, L., Lee, I. H., & Hong, E. (2017). Does foreign direct investment stimulate new firm creation? In
search of spillovers through industrial and geographical linkages. Small Business Economics, 48(3),
613-631.

Salim, R. A. (2010). Sources of productivity gains from FDI in Indonesia: is it efficiency improvement or
technological progress?. The Developing Economies, 48(4), 450-472.

Suyanto, & Salim, R. (2011). Foreign direct investment spillovers and technical efficiency in the
Indonesian pharmaceutical sector: firm level evidence. Applied Economics, 45(3), 383-395.

Staat, M. (2006). Efficiency of hospitals in Germany: a DEA-bootstrap approach. Applied Economics,
38(19), 2255-2263.

Stiglitz, J. E. (1993). The role of the state in financial markets. The World Bank Economic Review,
7(suppl_1), 19-52.

Sturm, J. E., & Williams, B. (2004). Foreign bank entry, deregulation and bank efficiency: Lessons from
the Australian experience. Journal of Banking & Finance, 28(7), 1775-1799.

Svedin, D., & Stage, J. (2016). Impacts of foreign direct investment on efficiency in Swedish
manufacturing. SpringerPlus, 5(1), 614.

Teece, D. J., Pisano, G., & Shuen, A. (1997). Dynamic capabilities and strategic management. Strategic
Management Journal, 18(7), 509-533.

The Global Financial Centres Index 23.
Tintin, C. (2013). The determinants of foreign direct investment inflows in the Central and Eastern
European Countries: The importance of institutions. Communist and Post-Communist Studies,

46(2), 287-298.

Tinbergen, J. J. (1962). Shaping the world economy; suggestions for an international economic policy.
New York: Twentieth Century Fund.

Torlak, E. (2004). Foreign Direct Investment, Technology Transfer, and Productivity Growth in Transition
Countries Empirical Evidence from Panel Data. Cege discussion paper, No. 26. Center for
European, Governance and Economic Development Research, University of Goettingen.

Tran, T. B., Grafton, R. Q., & Kompas, T. (2008). Firm efficiency in a transitional economy: Evidence
from Vietnam. Asian Economic Journal, 22(1), 47-66.

Trkulja, J. (2005). Geographic Factors as Determinants of Foreign Direct Investment in Eastern Europe's
Transitioning Economies. Honors Projects, 4.

Tsai, P. L. (1994). Determinants of foreign direct investment and its impact on economic growth. Journal
of economic development, 19(1), 137-163.

154



UNCTAD. (1998). World Investment Report. Geneva: United Nations.
UNCTAD. (2015). World Investment Report. Geneva: United Nations.
UNCTAD. (2016). World Investment Report. Geneva: United Nations.

Uppenberg, K., & Riess, A. (2004). Determinants and growth effects of foreign direct investment. EIB
Papers, 9(1), 52-84.

Vandenbussche, J., Aghion, P., & Meghir, C. (2006). Growth, distance to frontier and composition of
human capital. Journal of Economic Growth, 11(2), 97-127.

Vander Vennet, R. (1996). The effect of mergers and acquisitions on the efficiency and profitability of EC
credit institutions. Journal of Banking & Finance, 20(9), 1531-1558.

Vernon, R. (1966). International investment and international trade in the product cycle, Quarterly Journal
of Economics, no 80.

Vu, T. B., & Noy, I. (2009). Sectoral analysis of foreign direct investment and growth in the developed
countries. Journal of International Financial Markets, Institutions and Money, 19(2), 402-413.

Vu, Q. N. (2003). Technical efficiency of industrial state-owned enterprises in Vietnam. Asian economic
journal, 17(1), 87-101.

Wach, K., & Wojciechowski, L. (2016). Determinants of inward FDI into Visegrad countries: Empirical
evidence based on panel data for the years 2000-2012. Economics and Business Review, 2(1), 34-
52.

Wachtel, P. (2001). Growth and Finance: What do we know and how do we know it?. International
Finance, 4(3), 335-362.

Wang, Z. K. & Winters, L.A. 1991. The Trading Potential of Eastern Europe, CEPR Discussion Paper, no.
610, London.

Wang, J. & Blomstom, M. (1992). Foreign investment and technology transfer. European Economic
Review, 36(1), 137-155.

Wang, C. C,, Lin, G. C., & Li, G. (2010). Industrial clustering and technological innovation in China: new
evidence from the ICT industry in Shenzhen. Environment and Planning A, 42(8), 1987-2010.

Warr, P. G. (2006). Productivity growth in Thailand and Indonesia: how agriculture contributes to
economic growth (No. 417-2016-26412).

Weill, L. (2003). Banking efficiency in transition economies: The role of foreign ownership. Economics of
Transition, 11(3), 569-592.

Westerlund, J., & Wilhelmsson, F. (2011). Estimating the gravity model without gravity using panel data.
Applied Economics, 43(6), 641-649.

155



Wheeler, D., & Mody, A. (1992). International investment location decisions: The case of US firms.
Journal of International Economics, 33(1-2), 57-76.

Wijesiri, M., Vigano, L., & Meoli, M. (2015). Efficiency of microfinance institutions in Sri Lanka: a two-
stage double bootstrap DEA approach. Economic Modelling, 47, 74-83.

Wogbe Agbola, F. (2014). Modelling the impact of foreign direct investment and human capital on
economic growth: empirical evidence from the Philippines. Journal of the Asia Pacific Economy,
19(2), 272-289.

Woo, J. (2009). Productivity growth and technological diffusion through foreign direct investment.
Economic Inquiry, 47(2), 226-248.

Wu, H. (2010). Distance to frontier, intellectual property rights, and economic growth. Economics of
Innovation and New Technology, 19(2), 165-183.

Wu, J., Jeon, B. N., & Luca, A. C. (2010). Foreign bank penetration, resource allocation and economic
growth: Evidence from emerging economies. Journal of Economic Integration, 166-192.

Xu, B. (2000). Multinational enterprises, technology diffusion, and host country productivity growth.
Journal of Development Economics, 62(2), 477-493.

Young, A. (1991). A tale of two cities: Factor Accumulation and Technical Change in Hong Kong and
Singapore. National Bureau of Economic Research Macroeconomic Annual, 7, pp. 13-54.

Young, A. (1995). The tyranny of numbers: confronting the statistical realities of the East Asian growth
experience. The Quarterly Journal of Economics, 110(3), 641-680.

Yildirim, H., & Philippatos, G. C. (2007). Efficiency of banks: Recent evidence from the transition
economies of Europe, 1993-2000. European Journal of Finance, 13(2), 123-143.

Zhou, D, Li, S., & David, K. T. (2002). The impact of FDI on the productivity of domestic firms: the case
of China. International Business Review, 11(4), 465-484.

Zulaifah, O., & Maisom, A. (2001). Pattern of Total Factor Productivity Growth in Malaysian
Manufacturing Industries, 1985-1995. Selected Readings on Economic Analysis of Industries and
Natural Resources.

Zysk, W., & Smiech, S. (2014). The influence of foreign direct investment on foreign trade in the Visegrad
countries from 2001 to 2011. Entrepreneurial Business and Economics Review, 2(3), 7.

156



