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Introduction 

Well-being has a prominent profile in many academic disciplines. For example, in 

philosophy, there is Aristotle’s conception of well-being as associated with human 

flourishing or ‘eudaimonia’. In political theory, Utilitarianism defines the main goals of 

policy as maximising pleasure and minimising gain (Bache & Reardon, 2016). Much more 

recently, some national political leaders, as well as political theorists/scientists, have become 

interested in well-being as an alternative marker of national progress to economic measures 

such as gross domestic product. Although there are many debates on the nature of well-being, 

the dominant view is that well-being is inherently a psychological construct (O’Donnell et al., 

2014). Thus, psychological approaches to measuring well-being provide a platform for 

indexing the effectiveness of policy decisions made at all levels, from workplaces through to 

nation states (Layard, 2006). In relation to the workplace, such policies may include those 

directed at reducing absence rates or securing sustainable productivity gains without 

threatening worker health, wherein psychological well-being may serve as a leading 

indicator. At regional, national or even supra-national level, relevant policies pertain to 

labour market regulation and workplace health and safety. 

As such, the purpose of this chapter is to outline some of the main and emerging 

issues in the measurement of workplace well-being. We consider both positive markers of 

well-being (e.g., job satisfaction) and markers developed from research focused on indexing 

psychologically harmful effects of working practices. As we shall see, research on positive 

markers pre-dates by some decades the emergence of positive psychology (Seligman, 2002), 

that sought to direct researchers away from a primary focus on negative states and 

psychopathology. Moreover, measures of the major well-being concepts developed reflect not 

just psychological constructs per se but overlap considerably with lay/public views on what 

constitutes workplace well-being (Daniels et al., 2016), namely around job satisfaction, 
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happiness, absence of psychological ill-health and a sense of meaning and purpose in life. 

This overlap is important for two reasons. First, measures of the major concepts have a 

starting point to establish face validity. Second, the reasons for policies and practices 

developed from research on workplace well-being can be conveyed with relative ease by 

reference to scientific concepts that are easily translated into everyday language.  

At a theoretical level, the overlap is also important. There are concerns that well-

being is a social construction that needs to be understood from the point of view of research 

participants and their specific contexts (White et al., 2014). This contrasts with the dominant 

approach in the psychological (and economic) sciences, wherein well-being comprises a 

series of more specific constructs that can be measured using quantitative rating scales that 

apply across all contexts. The overlap between the theoretical constructs and corresponding 

measures developed in the psychological literature and lay/public conceptions of well-being 

considerably lessens concerns over the ontological/ epistemological status of well-being. 

There are concepts we do not cover in the chapter. We do not consider measures of 

potential workplace causes of well-being (e.g., job demands, resources, person-environment 

fit) or consequences (in-role performance, organisational citizenship, absence, presenteeism). 

Neither do we consider indicators of well-being that relate to physiology (e.g., heart rate) or 

expression of felt emotions (e.g., facial expressions of feelings of happiness that an individual 

may or may not choose to suppress). Rather we concentrate on the psychological aspects of 

well-being. Although there is overlap, physiological, expressive and psychological aspects of 

well-being are only loosely coupled (Lang, 1988).  

Psychological well-being has two major components (Waterman, 1993). The first, 

subjective well-being, consists of summative assessments of one’s life (e.g., life satisfaction) 

or life domain (e.g., job satisfaction) and affective well-being, which is the experience of 

positive affective states (e.g., joy, enthusiasm) and the relative absence of negative affective 
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states (e.g., lack of anxiety, feeling calm) (Diener, 1984). The second component is 

eudaimonic well-being which includes feelings of autonomy, mastery, personal growth, 

positive relations with others, purpose in life and self-acceptance (Ryff & Keyes, 1995). 

Following a brief history of major developments in the measurement of well-being, 

the chapter will then consider current issues and complexities in well-being assessment. The 

first of these is one not traditionally of much concern to researchers into workplace well-

being, namely, how to establish accepted monetary thresholds for changes in well-being to 

inform those who take decisions about well-being. For organisational decision makers and 

policy makers, this is a critical practical issue as it informs investment decisions: If one 

option returns more well-being gains than another for a lower price, then the former option 

should be chosen. Monetisation is also important for researchers to draw out the practical 

implications of their research more fully. We then consider the dynamics of well-being. As 

noted above, a central element of well-being relates to affective states, which are themselves 

highly volatile, and so capturing this element of well-being in particular has raised many 

issues relating to the design of measurement instruments. Looking forward, we then consider 

emerging issues in the dynamic assessment of well-being. One key element here is indexing 

variability in well-being in the same person over time. This leads to the final substantive 

section on considering variability in well-being between people and considering how to index 

well-being inequalities and why well-being inequalities might matter. 

Some highlights in the measurement of well-being 

The purpose of this brief section is not to provide a comprehensive listing of every 

measure of worker well-being, or indeed every concept. Rather, it is to give the reader an 

overview of the major concepts that have emerged, and some of the measures of those 

concepts. The choices are subjective and based on the authors’ personal favourites from their 

combined years of researching in this field. 
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One of the earliest formal, quantitative measures, is that of job satisfaction. In 1951, 

Brayfield and Rothe published an 18-item measure of job satisfaction that included items 

pertaining to how interesting workers found their jobs, boredom at work, enthusiasm for their 

job, liking for the job and how satisfied they are at work. Job satisfaction, most generally 

defined as the extent to which people like or derive pleasure from their jobs (Locke, 1976), 

has remained as one of the key indicators of workplace well-being used in work psychology 

and employment relations research. Multiple measures have been developed, tapping into 

generalised assessments of how much people like their work or satisfaction with specific 

facets of their work (e.g. job security, pay, supervision, development opportunities) which are 

then summed into an overall score. Hackman and Oldham’s Job Diagnostic Survey (1974) 

includes examples of both kinds of job satisfaction scale, although many researchers appear 

to use generalised assessments and summations of satisfaction with specific facets 

interchangeably. Generalised assessments of job satisfaction appear to confer two key 

benefits for the assessment of well-being. First, they provide a summative assessment of 

well-being in relation to work. Second, they can be assessed with just one, or a small number, 

of items (e.g., Eurofound, 2015). 

Given the growth of models of occupational stress in the 1960s and 1970s (e.g., 

French et al., 1974; Kahn et al., 1964), typologies of occupational stressors (e.g., Cooper & 

Marshall, 1976) and measures of those stressors (e.g., House & Rizzo, 1972), researchers 

needed to incorporate measures of strain as well as satisfaction in their studies. In the UK, the 

12-item measure of mental health, the GHQ12 (Goldberg, 1972), became championed as a 

short, unidimensional measure for workplace studies (Banks et al., 1980) that could 

potentially capture the influence of workplaces on clinical and subclinical mental health 

outcomes. The Maslach Burnout Inventory (MBI, Maslach et al., 1986) has been a popular 

measure to gauge the impact of workplace stressors on well-being, especially in human 
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service work. The MBI assesses burnout across three dimensions of emotional exhaustion, 

depersonalisation and reduced personal accomplishment. 

To capture both negative and positive well-being reactions to work, measurement 

developed further in two complementary ways. One line of research sought to augment 

measurement in studies of burnout, the concept and measurement of work engagement was 

developed (Schaufeli et al., 2002), which positions positive work-related well-being to 

consist of three elements of vigour, dedication and absorption in work activities. Although 

burnout and engagement are considered to be distinct concepts, they are highly correlated 

(Schaufeli & De Witte, 2017).  

Another line of research on negative and positive well-being took as its starting point 

debates concerning the dimensional structure of affect. On the one hand, Russell (1980) 

argued for a two-dimensional structure of affect, with dimensions of pleasantness-

unpleasantness and arousal. On the other, Watson and Tellegen (1985) argued for two 

alternative dimensions of negative and positive affect, representing the degree to which 

highly activated pleasant (e.g., enthusiasm) and unpleasant (e.g., anxiety) affective states are 

experienced. Larsen and Diener (1992) argued that the difference between Russell’s and 

Watson and Tellegen’s models reflected the choice of rotation in factor analytic models.  

Research building on models of the dimensional structure of affect has produced a 

range of measures of workplace affective well-being. Some of these measures (Van Katwyk 

et al., 2000; Warr et al, 2014) have assessed affective well-being as a composite for four 

unipolar ‘facets’ on well-being: i) High pleasure/high arousal (e.g., enthusiastic); ii) high 

pleasure/low arousal (e.g., relaxed); iii) low pleasure/high arousal (e.g., anxious); iv) low 

pleasure/low arousal (e.g., depressed). Others have argued differential tendencies to response 

to positively or negatively items obscures the true bipolarity of dimensions of affective states 

in conventional factor analytic models. Correspondingly, these researchers sought to assess 
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affective well-being through measures assessing bipolar dimensions and developed through 

using more sophisticated factor analytic methods (Daniels, 2000; Warr, 1990). Warr’s 

measures capture two bipolar elements of well-being (depressed to enthusiastic, 

corresponding most closely to positive affect and anxious to contented, corresponding to 

{low} negative affect). Daniels’ measures capture five bipolar dimensions that have two 

bipolar second order factors corresponding to negative and positive affect, with high and low 

arousal states. 

In concluding this section on some, but not all major developments, in the 

measurement of well-being, there is one omission. Measures of eudaimonic well-being have 

historically attracted less attention in much work psychology research, possibly because of 

the focus on stress and/or health outcomes, including mental health outcomes. One measure 

developed for use in general populations, rather than working populations, is that developed 

by Ryff and Keyes (1995). This measure assessed six dimensions of eudaimonic well-being, 

namely autonomy, mastery, personal growth, positive relations with others, purpose in life 

and self-acceptance. In an analysis of indicators of psychological and eudaimonic well-being 

used in the European Social Survey, Huppert and So (2013) found support for two separate 

dimensions, with one reflecting items with a greater affective content (labelled ‘positive 

characteristics’) and another reflecting items with a greater eudaimonic content (learning new 

things, sense of meaning, sense of accomplishment, positive social relationships). 

Nevertheless, to date, there is no widely accepted and comprehensive measure of eudaimonic 

well-being in relation to work.  

Common metrics and conversion rates across measures 

As discussed in the preceding sections, there are many conceptions of well-being, as 

well as different measures of well-being.  The choice of well-being measure will depend on 

the use of relevant stakeholders. Within the domain of policy making and at a macro-
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economic level, Stiglitz et al. (2009) and Coyle (2014) highlighted the importance of using 

statistical metrics which can capture aspects of social progress and quality of life, which are 

absent in traditional economic indicators such as GDP (see Wallace et al (2020) for how 

Gross Domestic Well-being might be monitored across domains).  In particular policy 

domains, such as health, there was also a dissatisfaction with reliance upon cost benefit 

analysis which required monetising all elements when justifying policy choices or evaluating 

policy outcomes.  Evaluation techniques have now been developed which compared costs in 

monetary terms and benefits in quality adjusted life years and these are now embedded in 

health decision making (NICE, 2013). A similar approach is now being applied for evaluating 

workplace well-being initiatives where benefits are captured in terms of well-being (Bryce et 

al, 2020). These techniques of well-being cost-effectiveness analysis can be applied at a 

policy level (e.g., employment legislation, health and safety regulation), but have been 

developed primarily for use by employers faced with making choices between different 

workplace health and well-being initiatives. 

As discussed above, well-being is multi-dimensional and may correlate with key 

indicators such as health, education, material living standard, social connections and so on.  

Layard (2016) argues that having a singular well-being metric which serves as a common 

currency is necessary for ease of comparison across policy domains or types of intervention.  

Measures of well-being need to be meaningful to individuals, in terms of providing a 

summary or an overview measure of their quality of life.  Similarly, there needs to be a clear 

metric for decision makers who monitor well-being and thereby compare the well-being 

outcomes of various interventions or activities associated with workforce development for 

transformation. 
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National statistical agencies (e.g., UK ONS, 2011) and international organisations 

(e.g., Eurostat, 2010) responded to the recommendations of Stiglitz et al (2009)1, by 

undertaking research on what meaningful and reliable data on well-being could be collected, 

and which of these could measure people’s quality of life and inform decision making.  In the 

UK, the national statistical agency (Office of National Statistics, ONS) identified four 

questions, reflecting psychological well-being (summative, affective and eudaimonic 

components): ‘Overall, how satisfied are you with your life nowadays?’ (summative); 

‘Overall, to what extent do you think the things you do in your life are worthwhile?’ 

(eudaimonic); ‘Overall, how happy did you feel yesterday?’ (affective); and ‘Overall, how 

anxious did you feel yesterday?’ (affective).  The latter two are clearly sensitive to changing 

events and the second reflects the respondent’s value judgement on what is/not worthwhile.  

Layard (2016) recommended the first question ‘Overall, how satisfied are you with your life 

nowadays?’ be used as a common currency in measuring well-being. Responses to the 

question are made on a scale of 0 - 10, where 0 is not at all and 10 is completely. In relation 

to the workplace, the choice of a life satisfaction measure may seem unusual, when an index 

of job satisfaction may appear more relevant to workplace initiatives and policies. However, 

a metric that captures the entire life experience has the advantage of reflecting the effects of 

workplace initiatives and policies that reach beyond the workplace, such as flexible working 

practices that enhance family life or make caring responsibilities less demanding. 

In the field of health, a medical intervention which yields an additional quality of life 

adjusted year is deemed to be cost effective if it costs less than £20-30,000 (or equivalent).  

Building upon this, Layard (2016) proposes that an extra unit of life satisfaction over a year 

converts to a threshold benefit of between £2,000-£3,000.  The use of a common well-being 

 
1 Their report resulted from The Commission on the Measurement of Economic Performance and Social 

Progress 
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metric – a additional unit of life satisfaction over a year – alongside a monetary benchmark of 

acceptable costs not only enables comparisons between different workplace well-being 

interventions but also well-being interventions in other domains of life.  

In practice, however, individuals may be interested in other aspects of well-being and 

researchers or organisations may monitor other variables of interest such as job satisfaction, 

engagement, mental health, self-esteem and social support.  In such cases, Layard (2016) 

proposes ‘converting’ values of other metrics into a corresponding value for the ONS life 

satisfaction by making use of conversion rates as in Table 1. The conversion rates in Table 1 

are based on empirical estimates from the analyses of Mukuria et al. (2016) and Powdthavee 

(2012), where panel data has been used to examine the impact of changes in each of the well-

being measures upon life satisfaction.   

TABLE 1 HERE 

The use of life satisfaction as a single item metric measuring well-being is not 

uncontroversial.  Huppert (2017) returns to the argument that well-being is a 

multidimensional construct which requires measurement of both the internal and external 

factors which influence it.  Recent research (Marsh et al, 2020; Ruggeri et al, 2020) has 

sought ways to bridge theory, evidence and practice by developing a composite score based 

on more complex multi-item psychological measures.  For decision makers – whether they be 

HR managers, policy makers – this approach may still be unwieldy and the simplicity of a 

single item metric such as life satisfaction remains a more pragmatic route to embedding 

well-being into organisational practice, and does not preclude using other measures in 

surveys of well-being. 

The Measurement of Affective Well-being at Work  

Affective well-being (AWB) involves a person’s evaluation of the valence and 

activation of their feelings, to constitute an emotional expression that has value or meaning 
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within a specific context. AWB will be higher if a person considers their emotional 

experience to be positive, meaningful and valuable (Frijda, 2008). A person’s AWB may or 

may not be tied to a particular event or stimulus, is differently structured depending on the 

duration and intensity of emotions experienced, and reflects an individual’s interaction with 

their environment (Bliese et al., 2017; Frijda, 2008; Wright & Cropanzano, 2000). As such, 

measures of AWB involve more than just reports of sensations, responses or feelings; AWB 

is imbued with meaning according to the individual’s evaluation of their affective experience. 

It is therefore important that both the structure of affect, and the context within which it is 

being considered (time, place, etc.), be appropriately captured and represented, in AWB 

measurement2. 

In work contexts, AWB is increasingly recognised as a salient predictor and outcome 

of job-relevant metrics and initiatives. For example, AWB has been found to predict work 

outcomes such as satisfaction (Hoffmann et al., 2014; Ilies & Judge, 2004) and success 

(Lyubomirsky et al., 2005). It is also a significant outcome of work-based predictors such as 

goal conflict (Hoffmann et al., 2014) and provision of job resources (e.g. coaching and 

autonomy) (Xanthopoulou et al., 2012a). Because of these relationships, measuring AWB at 

work has become a necessary feature of much organisational-based research, and is likely to 

influence the extent to which work policies and initiatives are sustained in the long term 

(Diener et al., 2015). Moreover, AWB is a key element of well-being and, being highly 

volatile (Xanthopoulou et al., 2012b), measures of AWB are well placed to capture short-

term and dynamic influences on changes in a person’s well-being whilst still retaining the 

ability to capture longer-term and more stable differences between people (Xanthopoulou et 

al., 2020). 

 
2 This is not to say that AWB is contained enough as a construct to only represent affect experienced within that 

context. We recognise that there are clear spillover effects of AWB, whereby how a person feels in relation to 

work will also impact their feelings at home, and vice versus (Ilies et al., 2014).  
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Levels of AWB 

Much organisational research that is concerned with measuring AWB, as either a 

predictor or outcome of work-related variables and stimuli, is also concerned with how AWB 

is constructed. AWB can be hierarchically arranged as representing three broad levels 

relating to the duration and stability of the construct (Frijda, 1993; Russell & Daniels, 2018). 

At the most stable level, trait-based characteristics of a person and their propensity to 

appraise emotions in a particular way, or express a particular emotional style over time, are 

represented (Beal & Ghandour, 2011; deNeve & Cooper, 1998; Steel et al., 2008). The level 

down from this involves relatively changeable aspects of emotional experience, usually 

framing generalised ‘mood’, or a sum of a person’s affective response over a briefer, 

aggregated period of time (e.g. last week, last month, yesterday) (Brief & Weiss, 2002; Weiss 

& Cropanzano, 1996). At the lowest, most transitory level, AWB is represented as a 

momentary construct that fluctuates in terms of discrete emotional expression, often in 

response to a specific event or stimulus (Frijda, 1993).  

Measuring AWB at any of these levels requires an adaptation in approach. For 

example, the focal instruction used with the respondent must make clear which time period is 

of interest. Asking how someone feels ‘right now’ will not capture stable, trait-based affect, 

although it is likely to be influenced by this. Further, the terms used to capture and rate the 

affective experience need to be carefully considered and scored to reflect the level of interest. 

For example, asking if a person feels ‘good’ or ‘bad’ is more likely to capture a mood 

construct. Rating discrete emotions, such as how ‘angry’ or ‘calm’ a person feels is likely to 

be momentary-based, or would need to be aggregated with other items in a composite score if 

it is to represent an overall trait-based characteristic such as ‘Hostility’ or ‘Neuroticism’. To 

provide a reliable measure of AWB, researchers also need to weigh up how long an AWB 

scale needs to be, to capture the construct effectively and reliably without causing survey 
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fatigue, which can invalidate outcomes (Gabel et al., 2000; Stanton et al., 2002). For 

example, in measuring momentary AWB, respondents may need to complete an AWB scale 

several times a day over a period (Xanthopoulou et al., 2012b). Such scales need to be 

shorter, so that response protocols are not undermined (Cranford et al., 2006; Ouweneel et al., 

2012). However, if respondents only need to complete a one-off measure (e.g. to measure 

trait-based AWB) longer scales can be justified. Table 2 summarises some of these issues. 

TABLE 2 HERE 

Considerations in the measurement of AWB at work 

Balancing the issues outlined above requires careful evaluation for the organisational 

researcher. In measuring AWB at work, we suggest that there are seven key elements to 

consider. 

Context. The context of the affective experience needs to be captured via the use of 

appropriate focal instructions and scoring bands. When the temporality of the experience is of 

interest then the scoring band needs to include options of frequency (e.g. Always to Never) 

and focal instructions need to refer to the time boundedness. For example, if the researcher is 

interested in momentary AWB then the focal instruction needs to ask the respondent to reflect 

on how they feel ‘right now’ or ‘at the present moment’. In considering mood, the focal 

instruction will ask the respondent to sum their experience over ‘today’ or ‘the past week’, 

for example. For stable traits, the focal instruction needs to look at ‘how you 

generally/typically feel’, or what one would ‘usually’ do or feel. Apart from temporality, 

context may involve understanding the intensity of the emotion, so focal instructions may ask 

about the ‘extent to which’ the affect was experienced, using scoring bands that refer to ‘not 

at all’ to ‘very much’. Further, the focal instruction can draw out whether AWB in relation to 

an event, experience or domain is relevant: e.g. ‘in relation to your last customer interaction’, 

or ‘when at work’. The Job Affective Well-being Scale (JAWS: van Katwyk et al., 2000) 
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provides a focal instruction that asks participants to think about their job environment, e.g., 

‘my job made me feel…’. Choosing a focal instruction that represents the context is therefore 

significant, and researchers would be well-placed to utilise AWB scales that allow for the 

focal instructions to be adapted for context (without undermining the reliability and validity 

of the measure). 

Length. The length of the AWB measure needs to be appropriate for the frequency 

with which the respondent is expected to rate their affective experiences. This is especially 

relevant when the respondent is completing measures alongside normal, day-to-day work/life 

tasks (Russell & Daniels, 2018). Too much cognitive load on the participant is likely to 

negatively impact response protocols and create invalid responses or even dropouts from 

studies (Gable et al., 2000; Scollon et al., 2003). If the respondent is frequently rating their 

momentary AWB in relation to a specific experience (e.g. over several times a day), the 

length of the AWB scale needs to be short and convenient with few items (Cranford et al., 

2006). A one-off measure, specifically if stable AWB is being captured, can afford to be 

longer and include more items without creating survey fatigue or invalidating response styles. 

Affective Structure. The nature of the ‘affective’ structure of well-being needs to be 

balanced across the scale. Although, other areas of psychology have been concerned with 

understanding the broad, universal categories of emotional expression (e.g. Ekman, 1992; 

Izard, 1977), psychologists concerned with measuring AWB have generally overlooked this 

(Frijda, 2008). As such, AWB measures can include an array of terms that vary in terms of 

categorisation, representation, activation, specificity and valence.  

For example, the 20-item Positive And Negative Affect Schedule (PANAS) (Watson 

et al., 1988) includes states that are not feelings (e.g. strong and alert), motivational terms 

(e.g. determined, inspired) and emotional feelings (e.g. afraid, nervous) (Diener et al., 2009). 

Items are considered to be of negative or positive valence, but there are more negatively 
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valenced terms relating to categories of anxiety (e.g. jittery, nervous), none relating to 

sadness, and few representing hostility (Diener et al., 2009). Low activation emotions are also 

omitted; however, when these are added to the newer 60-item version of PANAS (Watson & 

Clark, 1999) the factor structure of the PANAS is compromised, no longer cleanly 

representing two factors of AWB (a positive and a negative factor). Rather, a positive affect 

factor emerges (with only highly activated positive affect items loading strongly onto this) 

and a range of negative affect factors representing hostility, fear, low activation, low self-

esteem and other categories. Relatedly, a bias towards negative item is seen in both the long 

and short versions of the Profile of Mood States (POMS: Cranford et al., 2006; McNair et al., 

1992). The POMS captures emotional terms that represent negatively valenced items across 

categories of anxiety, depression, anger/hostility and fatigue. Positive affect is captured with 

just a fifth of its items, primarily representing vigour. 

In other models of affect, the valence and activation of the emotional term has been 

balanced equally in representations. Russell (1980), Feldman-Barrett and Russell (1998), and 

Larsen and Diener (1992) present circumplex models where there are two orthogonal factors 

representing high to low activation, and positive to negative valence. So, ‘calm’ represents 

positive valence and low activation, whereas ‘angry’ represents negative valence and high 

activation. Any term can be plotted along both factors on a continuum, and scales attempt to 

provide a balance of items accordingly (Daniels, 2000; Diener et al., 2009). The circumplex 

model does not necessarily specify from which emotional categories of affect each term 

should herald (e.g. representation of ‘fear’, ‘joy’, ‘disgust’, ‘regret’, etc.). Some circumplex 

scales, such as the Scale of Positive and Negative Experience (SPANE: Diener et al., 2009; 

Diener et al., 2010) include terms that represent both discrete emotional terms, but also broad 

categories of ‘mood’ (e.g. good, negative, pleasant) to overcome the context-dependency of 

items which, they argue, bias existing AWB measures towards certain groups.  
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Researchers choosing which AWB measures to use should therefore consider whether 

the terms used to represent affect in the scale also represent their position as to how affect is 

structured. If a circumplex structure is favoured, then scales need to represent hedonic tone 

(valence) and activation (arousal). Whether terms should reflect discrete emotions or broader 

mood items, probably depends on the level of affect being considered (e.g. using general or 

‘mood’ terms at level 3 is possibly not advisable). Further, although there is no existing 

measure of AWB that claims to have captured the breadth of relevant emotions that emerge 

in the workplace, researchers should consider whether the emotions that are referenced are 

appropriate for predicting (or being predicted by) their contingent variables in the focal 

research design. For example, using the PANAS to index ‘frustration’ may not be helpful, as 

anger items are poorly represented. Scales, such as JAWS (van Katwyk et al., 2000), include 

terms such as ‘satisfied’ and ‘inspired’, which other authors suggest should be considered 

separately to AWB (Diener et al., 2009; Ilies et al., 2007; Wright & Cropanzano, 2000) and 

potentially could create a conceptual contamination or tautology if used to predict, for 

example, job satisfaction. 

Scope. Relatedly, the terms used in an AWB scale need to represent the broad scope 

of emotional experiences felt in relation to human activity, without being biased towards 

particular cultures, age-groups (Diener et al., 2009) or other demographically relevant groups. 

For example, if a measure includes more ‘energy’ related terms, Diener et al. (2009) argue 

that these will be biased towards younger people who are more likely to agree that they are 

feeling ‘active’, ‘alert’, etc. This would result in younger people potentially being 

misconstrued as having higher levels of well-being in a context, compared with older 

responders. Across organisational research, many AWB scales have been validated and 

trialled in other national cultures (Schimmack et al., 2002). This is to be encouraged, but 

scale developers need to make clear the scope of their scale for use in different organisational 
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and national settings, by clarifying from which dictionaries original scale terms have been 

derived (and their embeddedness in the culture in question), and with which sample groups 

scales have been validated (as per Van Katwyk et al., 2000). Further, there is evidence that 

there are gender differences in the rating of emotions and tendency towards positive response 

bias which is not necessarily reflected in the actuality of experience (Fujita et al., 1991). 

More research is needed to ascertain whether ratings of AWB are biased towards people from 

certain groups or categories, and the extent to which this impacts the significance of findings. 

Researchers are encouraged to return to the original papers that detail scale development to 

understand whether validity and reliability data can applicably relate to the scope of the 

studies they wish to undertake, and the people with whom AWB will be sampled. 

Scoring. The scoring approach applied to the AWB measure needs to represent the 

hierarchical level of the affective experience of interest. For example, assuming AWB can be 

expressed as a fluctuating, transitory state at the most volatile level, then momentary AWB is 

likely to best be captured by scoring affective terms as discrete items or small clusters of 

items (e.g. anxious, sad, etc.). At the next level, AWB may be experienced as a more stable, 

but still fluctuating state, such as a mood state. Scoring may therefore focus on summing or 

averaging discrete affective term items into broader-mood based categories (e.g. happy plus 

enthusiastic plus joyful may result in a generalised ‘positive’ mood). It is also possible that at 

this level, terms could themselves provide an affective summary by directly asking 

respondents if they feel in a ‘pleasant’ mood or a ‘negative’ mood. Thus, single scores for 

such aggregated terms may be sufficient for capturing mood-based AWB. It is unclear 

whether summing discrete terms or using single-item aggregate terms are synonyms for 

capturing ‘mood’-based AWB. At the highest, most stable level, AWB may be expressed as a 

trait – a representation of how one usually feels. Optimism or Neuroticism are often 

considered to be personality-based reflections of durable AWB (Brief & Weiss, 2002). These 
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constructs would usually be ‘scored’ by utilising scales of multiple items reflective of the 

stable construct, which are then summed or averaged. 

Along with the level of affect under consideration, scoring needs to appropriately 

represent factor structures. For example, when SPANE (Diener et al., 2009) is scored as an 

overall measure of well-being (taking negative items away from positive items) the two-

factor positive and negative factor structure is disrupted. In using the 20-item PANAS, only 

independent positive and negative valence is captured with the scoring approach, no unique 

activation factor is scored. Daniels’ (2000) scale can be used to represent different levels and 

factor structures, depending on how it is scored. Using Daniels’ 10-item measure, momentary 

AWB is best scored using five 2-item factors, whereas longer term, mood-based AWB (past 

week) is best scored across 2-3 factors (one PA and two NA factors) (Russell & Daniels, 

2018). It is also apparent that if a longer-form scale is used to measure AWB, but only items 

relating to specific scales are scored, then the factor structure breaks down, as the original 

contextualisation of terms has not been accounted for (Russell & Daniels, 2018). Researchers 

are therefore encouraged either to use standalone short scales when brevity is needed, or, if 

using items extracted from long-form scales, to undertake reliability, validity, and factor 

analysis checks of the reduced range of items before applying them (Boyle, 1991; Kline, 

1986; Stanton et al., 2002). Attending to the scoring of scales reveals that it is not just the 

upfront scale design and validation that matters when using AWB measures, the end-user 

scoring of scales is equally vital, to ensure that measures retain their worth in application. 

Inter and intra-individual measurement. At levels 2 and 3, AWB can be measured as 

both an inter-individual or intra-individual construct. Dynamic, within-person measures of 

AWB have been enabled by the increased use of experience sampling methods (ESM), and 

the analytical tools (such as hierarchical linear modelling) that can examine how variables 

impact, or are impacted by, repeated measures of AWB (Brief & Weiss, 2002; Ilies et al., 
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2007; Schimmack, 2003; Xanthopoulou et al., 2012b, 2020). This has been advantageous as 

work-related AWB involves understanding both the transient, fleeting feelings associated 

with work events and outcomes, alongside more enduring (between-person) affective 

tendencies. By positioning within-person ratings at a moment in time, research into the 

conceptualisation of AWB has developed substantially, not least because prior ratings can be 

used as lagged measures or predictors of subsequent ratings, enabling researchers to better 

understand cycles and fluctuations in affect in relation to other variables and stimuli (e.g. 

Park et al., 2011). In particular, using within-person measures means that changes in AWB 

can be directly related to events, especially when measures are captured directly before and 

directly after the event in question (Zhu et al., 2019). 

Further, by moving beyond between-person measurement of affect, discrete item 

measurement and specificity in terms can be enabled, which allows for greater conceptual 

concordance with contextual stimuli (e.g. job events) (Brief & Weiss, 2002). Finally, 

including intra-individual measures in analyses can overcome some of the measurement 

biases that beset any form of self-report construct. By centring repeated measures data to the 

individual’s mean, variations in AWB can be more accurately related to each participant’s 

specific experience, rather than confounded by personal biases in comparison to the overall 

group or sample (Schimmack, 2003). In designing studies of AWB, researchers are therefore 

advised to integrate both inter and intra- individual measurement, in order to better 

understand the dynamic relationship between the construct and other variables, and in terms 

of individual participant experiences across a period (Ilies et al., 2007).  

Ethics and the participant experience. In addition to the above considerations, relating 

to the structural and environmental issues involved in scale measurement, perhaps the most 

significant consideration in rating any psychological construct is the respondent. Much has 

been written about respondent biases (Schimmack et al., 2002), when it comes to response 
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styles brought about by insufficient motivation, honesty, or self-awareness (Scollon et al., 

2003) or a general tendency to more positive or negative responding (Gotlib & Meyer, 1986; 

Schimmack et al., 2002). These all need to be attended to in the design of any scale.  

Further, researchers can adhere to certain principles in designing their studies to 

ensure that AWB ratings consider the participant experience. First, researchers need to 

consider the time of day and week when respondents are asked to complete measures, as 

AWB tends to show different patterns according to when it is recorded. For example, PA 

scores appear to rise throughout the day before dropping in the evening (Clarke et al., 1989), 

suggesting that afternoon ratings of AWB will be more positive than morning ratings, which 

is important to acknowledge when using daily ratings to capture whole day effects. There are 

also day-of-week effects. For example, AWB (particularly ‘mood’) is rated lowest at the 

beginning of the working week, with positive valence more likely to be reported on weekends 

– specifically Saturdays (Kennedy-Moore et al., 1992; Ryan et al., 2010). Despite this general 

trend, asking people to rate AWB in relation to work, in their own time (e.g. after work or on 

the weekend) could feasibly produce more negative ratings from those who do not wish to be 

disturbed by thoughts of work in their time off (Derks et al., 2016; Park et al., 2011).  

Thinking about affect, and rating one’s affect, could also feasibly alter the affective 

experience. This can mean that a measure designed to capture AWB in relation to a work 

event may actually have low fidelity as the feelings being captured are – in reality – related to 

the process of rating them. Although this interference effect has not been examined in 

empirical research (to the authors’ knowledge), it would be useful to understand the extent to 

which ratings of AWB can – in and of themselves – create an ‘intervention’ that impacts 

ecological validity. With other variables, using objective measures can be useful for 

validating self-reports. However, in rating AWB, which involves a value-laden evaluation or 

emotion, objective measures may not be helpful. Physiological measures could provide some 
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construct validity for arousal ratings but cannot suggest how meaning and valence was 

imbued in the level of arousal. 

There are also issues in terms of participant memory recall (Fisher et al., 2016). 

Because momentary or mood-based AWB (level 2 and 3) can be transient constructs, asking 

people to recall in the evening how they felt earlier on that morning can be problematic. 

People may end up ‘summing’ their emotions (Reis & Gable, 2000), or being unduly affected 

by the memory of a particular strong emotion, depending on their own trait-based AWB (e.g. 

pessimists may focus more on negative events and show bias towards recalling these) 

(Taylor, 1991). Finally, we have the issue of measurement fatigue for participants (Stanton et 

al, 2002, Xanthopoulou et al., 2012b). Repeated or lengthy administrations of AWB scales 

can be demotivating and tiring (Scollon et al., 2003; Gable et al., 2000). This can result in 

response styles emerging (e.g. careless or random responding; central tendency bias, etc.) 

which then invalidates the study design. The message of this section is to consider the 

psychology of participant responding, and show due ethical concern to respondents in 

designing any study that requires use of AWB measures. 

The CLASSIE framework for measuring AWB at work 

For ease of reference, we have organised the above elements into a CLASSIE 

framework. This provides a summary of the issues that researchers would do well to consider, 

prior to designing their studies of AWB and engaging in AWB measurement at work. It could 

also serve as a tool for researchers interested in advancing understanding of the structure and 

conceptualisation of the AWB construct at work, as the discussion above highlights areas that 

are still unclear and require further elucidation. Table 3 provides an overview of the 

framework. 

TABLE 3 HERE 
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Emotion dynamics 

Further to the assessment of emotional experiences, patterns of emotion fluctuations 

over time can be important markers of psychological functioning and AWB (Davidson, 2015; 

Hollenstein, 2015; Houben et al., 2015; Koval et al., 2016). As we react emotionally to 

different affective events, our AWB shifts away from our normal baseline levels and at the 

same time our emotional system tries to regulate our emotions and return them back to 

baseline levels (Kuppens et al., 2010b). To explore individual differences in the degree to 

which we react to external stimuli and how quickly or efficiently we return to baseline, 

Kuppens and Verduyn (2015) propose a 2x2 taxonomy of dynamic features. This taxonomy 

differentiates between those features that focus on variability of affective states within a 

specific time period, and other features concerned with time dependency or whether affective 

states carry over or are sustained over time. Each of these can also be applied to individual 

discrete emotions or dimensions of AWB, or can be applied to combinations of emotions or 

multiple AWB dimensions simultaneously. This suggests a combination of four potential 

dynamic signatures that relate to AWB and emotional regulation in different ways, each of 

which is discussed below. 

Emotional inertia  

Emotional inertia was first introduced by Suls et al. (1998) and refers to the 

persistence of affective states and whether these are sustained for a long time once they are 

experienced. Such lingering affective states are considered to be a failure in regulating 

emotions and their homeostatic return back to baseline levels (Houben et al., 2015; Kuppens 

et al., 2010a). As such, high emotional inertia implies that the emotional system is subject to 

a self-perpetuating process of affective states that is less open to external influences. High 

levels of inertia can be evidence of psychological maladjustment and different studies have 

shown that it is related to other measures of AWB and eudaimonic well-being (Houben et al., 
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2015), depression (Koval et al., 2016; Kuppens et al., 2010a), onset of depression in 

adolescence (Kuppens et al., 2012) and rumination (Koval et al., 2012). It should be noted 

that inertia is not indicative of lower well-being only for negative affective states. Although, 

it is more intuitive to think of inertia of negative emotions as an indicator of low AWB, 

persistence of positive emotions is also considered as indication of maladaptive emotional 

regulation and has been associated with lower AWB (Houben et al., 2015; Trull et al., 2015). 

Nevertheless, this association tends to be weaker for inertia of positive emotions and stronger 

for negative emotions (Koval et al., 2016). 

Emotional inertia is typically captured as the autocorrelation coefficient from 

successive measurements of emotions (e.g. Koval et al., 2013) and can easily be applied to 

discrete emotions, or to individual dimensions of AWB such as those discussed earlier. More 

elaborate approaches use a multilevel model to estimate autoregressive effects as random 

slopes of lagged consecutive measures of affect (Jongerling et al., 2015; Koval et al., 2016). 

Although more complex, this approach has the benefit of being integrated into a bigger model 

that allows controlling for other time dependent and time independent covariates. It is also 

possible to use this approach to model predictors of affect inertia by testing cross-level 

interactions between lagged effects with person-level covariates (Kuppens et al., 2010b). 

A key issue for the measurement of inertia is that the actual estimate may change 

according to the study design and the interval at which the successive measurements of 

emotions are collected (Ebner-Priemer & Sawitzki, 2007; Koval et al., 2013). One specific 

concern it that autocorrelation coefficients tend to wane for longer time intervals so shorter 

intervals would produce higher and incomparable estimates to longer intervals. This can 

potentially be addressed through the adoption of continuous time models that take into 

account the length of each time interval in the estimation of inertia (Oravecz et al., 2011). 

Such models are in effect the equivalent of a random effect autoregressive slope for 
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continuous time (Oravecz & Tuerlinckx, 2011) and can be ideal for capturing inertia in 

experience sampling studies with random or unequally spaced data collection. Nevertheless, 

the link between lower well-being and emotional inertia has been established for different 

timescales varying from seconds to minutes or days (Koval et al., 2013; Kuppens et al., 2012; 

Neumann et al., 2011). 

Emotional cross-lags. 

Emotional cross-lags encapsulate a similar idea as emotional inertia but apply to 

different discrete emotions or different dimensions and how they influence and perpetuate 

each other over time. Thus, cross-lagged effects reflect how different emotions can increase 

or decrease the experience of other emotions. This is referred to as emotional augmentation 

or blunting and, similar to affect inertia, at high levels can signify a self-contained system 

that is less open to external stimuli – which is characteristic of mood disorders. Combining 

emotional inertia with emotional cross-lags can allow the construction of an emotion-network 

to represent the dynamic relationships between different discrete emotions over time. The 

autoregressive and cross-regressive estimates for these emotion networks can be obtained as 

random slopes from a series of multilevel regressions (one for each emotion) or by estimating 

a multilevel vector autoregressive model for all the emotions or dimensions simultaneously 

(Bringmann et al., 2016, 2013). The strength of the autoregressive and cross-regressive 

relationships is typically referred to as the emotional density of the network and reflects the 

degree to which the whole emotional system is more resistant to change and has been 

associated with mood disorders (Pe et al., 2015). More complex metrics can be obtained from 

the emotional network by applying network analysis to further understand the resulting 

architecture of the networks. 
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Emotional variability  

Emotional variability captures the degree to which emotions fluctuate over time and it 

is considered to be indicative of the degree to which individuals are more or less sensitive to 

external stimuli (Kuppens & Verduyn, 2015). High levels of variability, which imply stronger 

emotional reactions, are generally considered to be maladaptive and meta-analytic evidence 

suggest that variability is related to numerous indicators of well-being including negative 

AWB, eudaimonic well-being as well as a number of disorders such as a depression, bipolar 

disorder, anxiety and borderline personality disorder (Houben et al., 2015). Similar to inertia, 

variability is considered to be maladaptive regardless of whether it is variability of positive or 

negative emotions (Gruber et al., 2013). Moreover, whilst it is high variability that is 

typically associated with low well-being, very low variability or reactivity can be equally 

problematic. For example, depression is associated with a decrease in emotional 

responsiveness to either positive or negative stimuli (Rottenberg et al., 2005). 

Variability can be easily estimated by calculating dispersion of within person 

measures using standard deviation or variance (e.g. Eaton & Funder, 2001; Eid & Diener, 

1999). This can be applied to either measures of discrete emotions or affect dimensions based 

on the circumplex model. More sophisticated approaches are founded on modelling 

variability as a latent constructs using multilevel innovation variance. Innovation variance 

simply refers to the model residual from a time series model and can be estimated per person 

as a random model parameter using multilevel location scale models of repeated measures 

(Jongerling et al., 2015; Schuurman & Hamaker, 2019; Wang et al., 2012). The advantage of 

using this more complex approach is that these estimates of variability are based on the 

residual or what cannot be explained by the rest of the model. Thus, these latent estimates 

exclude any potential emotional inertia or effects of time dependent and time independent 

covariates. 
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A related concept to variability is that of instability which refers to the magnitude of 

change from one point in time to the next. Thus, in contrast to variability which focuses 

solely on the amplitude of changes in affective states, instability combines variability with 

temporal dependency (Trull et al., 2015, 2008). To capture this construct a number of 

different indices have been proposed including the mean squared successive difference 

between consecutive measurements of affective states, the proportion of acute changes in 

affect over total changes (Jahng et al., 2008) and aggregate point by point changes 

(Santangelo et al., 2014). The mean squared successive difference is the most common 

approach and although it is treated as a separate construct from measures of either variability 

or temporal variability, it is closely related to both and it is possible to express instability as a 

formula of variance and autocorrelation of within person measures of affect (Jahng et al., 

2008). It is no surprise then that, similar to emotional variability, instability has also been 

linked to negative AWB, eudaimonic well-being, as well as numerous psychological 

disorders (Houben et al., 2015; Trull et al., 2015); 

Emotional covariation  

Emotional covariation transposes the idea of affect variability to multiple dimensions 

and examines the degree to which different emotions or different dimensions of within person 

AWB covary. The substantive meaning of such contemporaneous associations of within 

person variability is that they reflect an inability to differentiate between different discrete 

emotions or affect dimensions. This is also referred to as emotional differentiation and is 

considered to be necessary for emotional regulation (Barrett et al., 2001). Individuals with 

difficulties in differentiating between emotions tend to experience more negative affect, 

depression and reduced self-esteem (Erbas et al., 2014). 

The simplest way through which emotional differentiation can be estimated is via 

within-person bivariate correlations of different affect dimensions or emotions. More 
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sophisticated approaches are based on estimating the intraclass correlation coefficient to 

represent agreement between different emotions over the duration of a study (Tomko et al., 

2015; Tugade et al., 2004). A more elaborate approach is to estimate emotional 

differentiation as a latent variable from the residual covariance matrix of a multivariate 

multilevel location-scale model. Similar to estimating variability as a residual that varies per 

person, in a multivariate model it is possible do the same for the covariance residual matrix 

(Jongerling et al., 2015). Although this is a complex approach, it has the benefits of (a) 

estimating both variability and emotional differentiation as latent parameters simultaneously, 

and (b) that estimating these constructs from a full model allows for controlling for other 

momentary, personal or contextual variables or for other dynamic processes such as inertia 

and cross-lagged effects at the same time. 

Two related concepts that also capture variability in multiple dimensions using the 

core affect model are affect pulse and affect spin (Kuppens et al., 2007; Moskowitz & Zuroff, 

2004). These measures are based on representing affect scores on the two-dimensional 

circumplex. Affect pulse, which captures the intensity of changes in affective states, is 

estimated as the within person standard deviation of the distance of each affect score on the 

circumplex and the neutral midpoint position. Affect spin, or affect quality variability, is 

calculated as the standard deviation of the angular displacement of each emotion experienced 

on the circumplex model (Beal et al., 2013; Kuppens et al., 2007). Thus, pulse captures 

variability of the intensity of emotions whilst remaining agnostic to the specific emotions, 

and spin captures the circular variability of changing emotions regardless of their intensity. 

Similar to other measures of variability and differentiation, high pulse and spin are also 

considered to be maladaptive and have been positively associated with borderline personality 

disorder (Russell et al., 2007), and personality traits such as Neuroticism and Pessimism and 

negatively with Extroversion and Optimism (Kuppens et al., 2007). 
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Assessing inequalities in well-being between people 

Inequalities matter for health and well-being. One of the most widely studied types of 

inequality is inequalities in income. Studies have consistently found an inverse correlation 

between country level income inequality and a range of health and social problem indicators, 

such that countries or regions with the highest levels of income inequality also tend to have 

worse health and social outcomes (Pickett & Wilkinson, 2015). Recorded outcomes include 

educational attainment, teenage birth rates, social mobility, crime rates, mental health 

problems and a range of other physical health outcomes. These associations are explained 

through social comparison processes, in which inequality is a social stressor that undermines 

interpersonal trust and social cohesion.  

A smaller research stream has examined well-being inequalities across countries, 

often using life satisfaction as a summative index of well-being. This research stream also 

indicates well-being inequalities are inversely associated with well-being (Goff et al., 2016). 

This association holds after taking into account factors that reflect any artefactual influence 

on the size of the correlation bought about by range restriction (i.e., the measure of well-

being is bounded by the extremes of the rating scale meaning people with very high/low and 

high/low levels of well-being will tend to bunch at the extremes of the rating scale rather than 

being differentiated). Moreover, where people have poor levels of well-being, social and 

health outcomes may be even worse for some groups that others (e.g., differentiation by 

gender and socio-economic class; Linder et al., 2019). 

We know of no research on inequalities in well-being in work organisations, although 

there is a well-developed stream of research on inequalities in how leaders treat subordinates 

(Martin et al., 2018). There are many reasons why investigating well-being inequalities in 

organisations is potentially important. If inequalities in well-being are causal in reducing 

average levels of well-being in an organisation, then there are important implications for 
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health and social outcomes of workers. If inequalities in well-being in an organisation 

undermine trust between co-workers and/or managers, then there are important implications 

for co-operation and conflict. In both cases, there are potential consequences for 

organisational performance, for example through higher absence rates (health and well-being 

path), reduced organisational citizenship or industrial disputes and grievances (trust and 

social cohesion path). 

The question then becomes one of deciding on the best means of assessing well-being 

inequalities. Asides from deciding on the best aspect of well-being to use (life satisfaction, 

job satisfaction, affective well-being), there are choices concerning the best means of 

assessing inequality through the distribution of well-being scores in a given unit (country, 

organisation, team). Quick and Devlin (2018) reviewed a number of ways of assessing well-

being inequalities. They divided these into measures of dispersion (e.g., standard deviation, 

variance, coefficient of variation, Gini coefficient) and measures based on a threshold (e.g., 

average well-being of the bottom 20% of the well-being distribution compared to average 

well-being of the top 80% of the distribution, percentage of the distribution falling below a 

given well-being score). 

Quick and Devlin (2018) note that measures based on dispersion each have their own 

weaknesses. However, one critical weakness shared by most measures of dispersion is that 

they do not capture the difference in well-being between the best and worst off in well-being 

terms. Put another way, interventions focused on reducing well-being inequalities through 

minimising the standard deviation of well-being could work just as easily through reducing 

the well-being of the best off as increasing the well-being of the worst off. In policy terms at 

least, this would make very little sense. Measures based on thresholds can capture differences 

between the best and worst off, but the choice of thresholds would appear to be arbitrary. 

This could be especially problematic in policy applications, where the choice of threshold 
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could be manipulated to suit some rather than other policy options. However, the relative 

advantages and disadvantages of different approaches to assessing well-being inequalities in 

organisational research has yet to be investigated. 

Conclusions 

Theoretical approaches to understanding well-being have a long history and research 

on the assessment of psychological well-being has produced an enormous volume of research 

that includes the assessment of workplace well-being. This has led to a range of different 

instruments, some more suited to some theoretical approaches, methodologies and 

applications than others. Notwithstanding, although we have well developed knowledge of 

how to assess the level of someone’s well-being at a given moment in time, they are four 

clear conclusions. First, making an assessment of well-being is not straightforward and 

involves a number of design choices (see Table 3). Second, far less research has examined 

variability in markers of workplace well-being and the implications of variability, whether 

variability relates to patterns in the dynamics of well-being over time or variability relates to 

inequalities in well-being within social groups. Third, although recent developments in well-

being economics have provided a way of monetising well-being policy options for 

(managerial) decision makers, this is a relatively new field of research that has yet to come 

fully to terms with the multi-dimensional and dynamic nature of well-being and how to 

incorporate concerns about minimising well-being inequalities between people into the 

calculations. Fourth, and summarising the first three conclusions, there is much we know but 

much we still do not know about the measurement of workplace well-being. 
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Table 1: Conversion rates for different measures of well-being into life satisfaction. 

Well-being measure Range Exchange rate 

Life satisfaction (ONS3) 0-10 1 

Satisfaction with Life Scale4 5-35 0.24 

Worthwhile (ONS) 0-10 0.75 

Happy (ONS) 0-10 0.72 

Anxious (ONS) 0-10 0.35 

General Health Questionnaire5 0-36 -0.21 

Short Warwick Edinburgh Mental Well-being Scale6 7 7-35 0.25 

Satisfaction with job (BHPS8) 1-7 0.49 

Satisfaction with income (BHPS) 1-7 0.61 

Satisfaction with amount of leisure time (BHPS) 1-7 0.57 

Satisfaction with use of leisure time (BHPS) 1-7 0.62 

Satisfaction with social life (BHPS) 1-7 0.60 

Satisfaction with health (BHPS) 1-7 0.63 

Source: Bryce et al. 2020 

  

 
3 Office of National Statistics (ONS, 2011) 

4 Pavot and Diener (2008) 

5 Goldberg and Williams (1988) 

6 Kammann and Flett (1983) 

7 Stewart-Brown et al. (2009)  

8 British Household Panel Survey (Taylor et al., 2018) 
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Table 2: Measuring AWB at different levels. 

Level Affective 

structure 

Duration 

of affective 

experience 

Example Suggested focal 

instruction 

Suggested scoring approach Recommended scale length 

1 Trait-based Stable Optimism; 

Neuroticism 

“To what extent 

are you 

generally…” 

Summing/averaging scale items to 

provide an overall score representing 

each trait-based factor (potentially 

bipolar) 

Can be lengthier; usually a one-off 

administration  

2 Summative, 

aggregate 

of emotion  

Fluctuates 

somewhat 

Positive 

Affect 

(PA); Bad 

mood 

“Over the past 

week, to what 

extent have you 

felt…” 

Summing/averaging scale items of 

discrete emotional terms (potentially 

related to valence and/or arousal) 

OR using individual scores from 

aggregated item terms (such as 

bad/good, positive/negative mood 

states). 

Several factors may be represented 

(potentially bipolar). 

Can be one-off or repeated 

administration (e.g. every day for 10 

working days), so needs to be shorter. 

3 Discrete 

emotions or 

feelings 

Momentary 

fluctuation 

Tired; 

Enthusiastic 

“At the present 

time, to what 

extent do you 

feel…” 

Individual item scores or 

summing/averaging item scores to 

represent discrete affective clusters of 

items (potentially bipolar). 

Repeated administrations likely (e.g. in 

response to daily events), so needs to be 

shortest form with the fewest scale 

items. 
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Table 3: The CLASSIE framework for measuring AWB at work 

 Measurement issue Consideration Future research 

C Context The focal instruction (and scoring bands) should be made 

relevant to the temporality and intensity of the construct 

and/or the event, experience or domain (e.g., work) of interest. 

Does the reliability and validity of the 

scale change when the focal instruction 

is changed to reflect a different 

context? 

L Length Inclusion of the number of items must consider the 

participants’ available time and cognitive load in rating (e.g., 

the frequency with which the scale is administered, concurrent 

use of other scales, and engagement with other tasks). 

Ensure short-form measures are valid 

and reliable in their own right. 

A Affect Structure Choose scales that reflect the theoretical affective structure of 

interest. Ensure concordance of scales with associated 

variables of interest. 

What are the broad, universal 

categories of AWB in relation to 

valence and arousal constructs at 

work? 

S Scope Check the scope of the sample used in the original scale 

development, and check that scale items will not adversely 

bias results from any demographic group or culture. 

More research is needed to ascertain 

how scale items may bias well-being 

ratings for different groups. 

S Scoring Ensure hierarchical levels and factor structures of AWB is 

appropriately represented by the aggregation or summation of 

item scores. 

Do aggregate terms (e.g., positive) 

capture level 2 mood in the same way 

as summing discrete terms (e.g., joy, 

enthusiasm, vigour)? 

I Inter- and intra-individual 

measurement 

Use within- and between- measures and analyses of AWB, 

wherever possible. Measure affect change by taking pre-event 

ratings. 

Continue to investigate work-based 

relationships between inter- and intra- 

individual AWB and work activity 

(including cyclical or longitudinal 

fluctuations). 

E Ethics and the participant Capture variations in participant responding that may be due 

to response bias, time of day or week effects, memory recall 

biases, etc. 

Examine interference effects in studies 

and how rating affect can change the 

affective experience, potentially 

negating ecological validity. 

 


