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Abstract

Fraud, corruption, and regulatory noncompliance impose significant costs on or-
ganizations and society. Across three chapters, this thesis explores how different
governance instruments — a legal directive, an integrity training program, and a
supplier code of conduct — shape perceptions and, through them, influence ethical
conduct and compliance behaviour in public, professional, and private organiza-
tions.

The first chapter evaluates the short-term effects of the 2019 EU Whistleblower
Protection Directive’s transposition into national law on corruption perceptions.
Using panel data for 27 EU Member States and their regions from 2010 to 2023, the
analysis exploits the gradual timing of transposition in a Difference-in-Differences
design to identify early impacts. Results show a modest deterioration in expert-
assessed corruption among early adopters, with no clear changes in reporting or
actual corruption, but with rising scepticism about enforcement, consistent with
greater expert scrutiny.

The second chapter tests whether an integrity training course for Ukrainian law
students reduces corrupt behaviour. In a field experiment, students were randomly
assigned to receive the training or not. They later participated in a bribery game
as intermediaries in a potential corrupt transaction. Some (randomly selected)
students were also told that most peers had completed the training. While the
training alone had little effect on corrupt behaviour, those receiving the information
treatment overestimated peers’ integrity and behaved more ethically, aligning with
a misperceived social norm.

The third chapter uses a contextualized online experiment simulating a multi-
tier supply chain to test whether framing and incentivization of buyers’ compliance
requests affect first-tier suppliers’ behaviour through fairness perceptions. Deter-
rence sustains high monitoring of sub-suppliers, while collaborative framing reduces
strict monitoring, and incentives further erode fairness perceptions and compliance.

Collectively, these chapters show how perceptions shape the translation of rules

and expected standards of behaviour into action.
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Introduction

Fraud, corruption, and regulatory noncompliance impose significant costs on or-
ganisations and society. From large-scale corporate tax evasion, through bribery
facilitated by legal intermediaries, to factory disasters where social audits failed to
detect risks, unethical and noncompliant practices take many forms yet carry severe
economic and social costs. Governance instruments such as legal directives, integrity
training programmes, and corporate codes of conduct are key to maintaining social
order, but their existence alone rarely ensures ethical conduct or compliance more
broadly.

Van Rooij and Sokol (2021) conceptualise compliance as the interaction between
rules (R) and behaviour (B). Adopting a broad perspective, they define rules as
formal laws as well as private and informal norms that guide conduct in professional
and social settings. Likewise, their framework encompasses a wide variety of deviant
behaviours ranging from fraud and bribery, to street crime, traffic violations, and
human rights abuses.

In a similar vein, our view of compliance is broad and ex ante — that is, it
focuses on how rules shape future behaviour rather than, as traditionally done, on
how laws respond to past misconduct (Van Rooij and Sokol, 2021). In other words,
we are interested in understanding how individuals, organisations, and societies in-
terpret rules and adjust their behaviour accordingly. However, our work expands
Van Rooij and Sokol (2021)’s behavioural approach to compliance by introducing
perceptions (P) as a key link between rules and behaviour (R < P < B). In
this work, we understand compliance as a belief-driven process in which percep-
tions of enforcement credibility, collective norms, and fairness mediate how rules
are translated into action. Across three chapters, we investigate how different gov-

ernance instruments — a legal directive, an integrity training programme, and a
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supplier code of conduct — shape these perceptions and, through them, influence
behavioural responses in public, professional, and private organizations.

The first chapter evaluates the short-term effects of the 2019 EU Whistleblower
Protection Directive’s transposition into national law on corruption perceptions.
These perceptions can provide an early barometer of whether such reforms are
viewed as credible and capable of encouraging reporting and deterring wrongdo-
ing within societies. Using panel data for 27 EU Member States and 210 regions
from 2010 to 2023, the analysis exploits the gradual timing of transposition in a
Difference-in-Differences design to identify early impacts. Results show no signifi-
cant changes in citizen-based perceptions of corruption, or in composite measures
of corruption perceptions aggregating household, firm, and expert-based sources,
but a modest deterioration in expert-assessed corruption among early adopters.
Exploratory evidence indicates no change in reporting behaviour or actual corrup-
tion, but a rise in scepticism about enforcement, consistent with heightened expert
scrutiny.

The second chapter investigates whether integrity training can reduce corrupt
behaviour among intermediaries operating in a culture of widespread rule-breaking.
In collaboration with the USAID New Justice Program, we delivered an integrity
training course to undergraduate law students in Ukraine. In a field experiment,
students were randomly assigned either to receive the training or to a control group.
Afterwards, all participants took part in a bribery game, acting as intermediaries
in a potential corrupt transaction. Some (randomly selected) students also received
information indicating that most of their peers had participated in the training.
Results show that the training alone did not significantly reduce corrupt behaviour.
However, students informed that most peers had completed the training — regard-
less of whether they themselves received it — overestimated its effectiveness and
thus behaved more ethically to conform to a misperceived social norm.

The third chapter employs a contextualised online experiment simulating a
multi-tier supply chain to examine how the framing and incentivization of buyers’
social compliance requests shape first-tier suppliers’ effort allocation across produc-
tion, their own compliance, and monitoring of sub-suppliers. We compare a baseline
deterrence approach with two treatments: deterrence combined with a collaborative

“leading by example” framing, and deterrence combined with collaboration plus a
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conditional financial incentive. Results show that deterrence sustained high mon-
itoring of sub-suppliers, whereas collaborative framing reduced strict monitoring,
and incentives further eroded fairness perceptions and compliance, highlighting po-
tential risks associated with hybrid governance approaches.

Taken together, the three chapters contribute to the anti-corruption and compli-
ance literature in two main ways. First, they contribute to the growing integration
of behavioural public policy and compliance theory by showing how perceptions
mediate the translation of rules and expected standards of behaviour into action.
Although perceptions have long been recognised as important precursors of compli-
ant behaviour (Cialdini and Goldstein, 2004; Rosenson, 2009; Tankard and Paluck,
2016; Banuri, 2021), this work strengthens the case for their strategic consideration
in the design of governance tools. It highlights the need to assess the signals that
rules and standards send — particularly whether they are perceived as credibly
enforced, collectively shared, and fair — before and during implementation. Com-
munication, information, and framing are therefore not peripheral to compliance
but core instruments of governance that policymakers and regulatory actors should
harness to enhance the effectiveness of compliance systems.

Second, this work advances a methodological contribution. It demonstrates how
experimental and quasi-experimental methods can enrich compliance policy learning
at different stages of institutional and organisational reform. From assessing insti-
tutional credibility through quasi-experimental evaluation using secondary data,
to observing behavioural change as interventions unfold in the field, and testing
compliance incentives ex ante through contextualised online experiments, this work
shows how a behavioural toolkit comprising a range of quantitative methodologies
can help policymakers evaluate and possibly anticipate perceptual and behavioural

responses to anti-corruption and compliance initiatives.



Chapter 1

Signalling integrity? Early effects of
the EU Whistleblower Protection

Directive on corruption perceptions

We conduct the first evaluation of the short-term impacts of the 2019 EU Whistle-
blower Protection Directive transposition into national law on corruption percep-
tions. Using panel data for 27 EU Member States and 210 regions from 2010 to
2023, we exploit the gradual timing of the Directive’s transposition in a Difference-
in-Differences framework to identify potential early impacts. Results show no sig-
nificant changes in citizen-based perceptions of corruption (European Quality of
Government Index), or in composite measures of corruption perceptions aggregat-
ing household, firm, and expert-based sources (World Governance Indicators), but
a slight deterioration in expert-assessed corruption (V-Dem) among early adopters.
Exploratory evidence shows no changes in reporting behaviour or actual corrup-
tion but points to rising scepticism about enforcement, consistent with heightened

expert scrutiny.

OThis chapter is joint work with Oana Borcan.
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1.1. INTRODUCTION

1.1 Introduction

Corruption imposes significant costs on organizations and society. It is commonly
understood as the abuse of entrusted power for private gain (Transparency Interna-
tional, 2025). Such abuses can occur in both public and private organizations and
may take many forms, including bribery, misuse of public resources, procurement ir-
regularities, fraud, and other forms of unlawful activities. Employees working for or
closely with organizations are often the first to detect wrongdoing and are uniquely
positioned to report it. According to the Association of Certified Fraud Examiners
(2024), 43% of fraud cases are uncovered through whistleblower tips, which is more
than three times the share detected by internal audits. Despite their critical role in
exposing misconduct, few employees come forward due to fear of retaliation from
co-workers or management (Dyck et al., 2010; Transparency International Ireland,
2025). In response, governments backed by civil society have adopted whistleblower
protection laws to encourage reporting. However, empirical evidence on their effec-
tiveness in increasing detection and reducing corruption remains limited.

To address this gap, this study investigates the short-term effects of transposing
the EU Whistleblower Protection Directive into national law on corruption percep-
tions across EU Member States. Adopted in December 2019, the Directive required
all 27 countries to establish confidential reporting channels, ensure proper investiga-
tion of reported misconduct, and protect whistleblowers from retaliation (European
Parliament and Council of the European Union, 2019). While members had until
December 2021 to transpose the Directive, transposition and subsequent legal entry
into force were staggered between 2021 and 2024 (European Commission, 2024).!
We exploit this variation in timing to assess whether countries that transposed
the Directive earlier (early adopters) experienced changes in corruption perceptions
compared to those that transposed it later (late adopters).

Understanding how such reforms may influence corruption perceptions — and, in
turn, behaviour — requires unpacking the mechanisms through which whistleblower

protection laws operate. By protecting whistleblowers from retaliation, these poli-

L As of June 2024, all EU members had adopted the Directive, with 5 countries transposing it
in 2021, 9 in 2022, 11 in 2023, and the last 2 in 2024. Official transposition dates did not always
coincide with actual enforcement: in several cases, legal provisions entered into force between 0-6
months after formal transposition. Our analysis relies on the dates of transposition.



CHAPTER 1

cies aim to encourage individuals to report wrongdoing, thereby strengthening the
detection, investigation, and prosecution of legal breaches. As the expected proba-
bility of detection and punishment increases, potential wrongdoers are deterred from
engaging in corruption (Kriigel and Uhl, 2023). However, such behavioural effects
are unlikely to materialize shortly after legal transposition. Moreover, corruption is
inherently difficult to observe — becoming visible only when detected or reported. As
a result, the initial effects of such reforms are expected to operate through percep-
tions. The introduction and early implementation of measures such as confidential
reporting channels and investigative procedures generate visible institutional signals
that shape individuals’ expectations about the reporting environment, including the
ease and safety of reporting and the likelihood that misconduct will be investigated
and sanctioned. These expectations about enforcement effectiveness in turn trans-
late into broader perceptions of corruption control. When perceived as credible,
such signals can enhance confidence in corruption control; when seen as symbolic
or weakly implemented, they may instead generate scepticism. Hence, perceptions
of control of corruption can provide an early barometer of whether institutional
reforms are interpreted as credible signals of greater enforcement effectiveness and
government commitment to integrity and accountability (Reinders Folmer, 2021).
We use country- and regional-level panel data from 2010 to 2023 covering 27
EU Member States and 210 regions. We focus on perceptions of public sector cor-
ruption, as this is one of the key domains targeted by the Directive and is also
the dimension most consistently captured by comparable cross-country indicators.
Corruption perceptions are measured through three complementary indicators that
differ in their level of aggregation and sources of information, capturing perspec-
tives from citizens and experts and allowing us to account for how these groups
access, interpret, and respond to institutional and legal changes. At the regional
level, the corruption pillar of the European Quality of Government Index (EQI)
captures citizens’ perceived and experienced corruption in public service delivery,
providing granular subnational variation. Higher standardized scores indicate lower
corruption (or higher corruption control) (Quality of Government Institute, 2024).
To complement this measure with broader temporal and country-level coverage, we
use the control of corruption indicator from the World Bank’s Worldwide Gover-

nance Indicators (WGI), a composite measure of corruption perceptions aggregating
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household surveys, firm surveys, and expert assessments of the extent to which pub-
lic power is used for private gain. Higher scores indicate better corruption control
(World Bank, 2024b). Finally, we draw on the public sector corruption index from
the Varieties of Democracy project (V-Dem Institute) as an expert-based measure
at the country level, capturing assessments of the extent to which public officials
engage in bribery or theft. Higher scores reflect higher levels of corruption (or lower
corruption control) (V-Dem Institute, 2024).

We estimate a standard two-by-two Difference-in-Differences (DiD) model com-
paring early adopters (i.e., countries that transposed the Directive in 2021 or early
2022) to late adopters transposing it between late 2022 and 2024. We define treat-
ment this way to allow for a one- to two-year window after transposition for any
changes in perceptions to take place. Results show no significant changes in citizen-
based perceptions of corruption (EQI) or in composite measures of corruption per-
ceptions aggregating household, firm, and expert-based sources (WGI), but a slight
deterioration in expert-only assessments (V-Dem) among early adopters. This ap-
parent deterioration likely reflects increased scrutiny following transposition rather
than an actual decline in integrity, consistent with the absence of short-term effects
on corruption or economic crime rates in complementary objective data. Effects on
expert perceptions remain stable across dynamic specifications and do not extend
to other governance indicators. Visual DiD diagnostics confirm parallel pre-trends
between treatment and a control group that includes EU candidate countries to
increase power and comparability.

Additional exploratory evidence shows no change in actual reporting behaviour.
While respondents in early-adopting countries perceived the burden of proof as a
lesser barrier to reporting, they were also more likely to view the lack of punishment
as a key obstacle. This rise in scepticism about enforcement may help explain why
reporting did not increase in the short term. Heterogeneity tests confirm that the
observed transposition effects were primarily captured through expert perceptions,
which likely adjust faster than citizens’ views. Deterioration was stronger in coun-
tries with lower reporting activities, where concerns about impunity were higher,
corruption more pervasive and socially tolerated, and trust in government weaker.
The decline was also more marked in EU-engaged countries, suggesting that ex-

perts in such contexts may have reacted more critically to early implementation
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gaps. Taken together, these patterns point to two plausible interpretations: weak
enforcement credibility in low-trust settings and a potential “expectations gap” in
pro-EU contexts.

There is limited empirical evidence on whether institutional reforms aimed at
curbing corruption translate into measurable changes in perceptions of corruption.
Dynamic panel analysis of 82 countries using WGI and ICRG indicators shows
that greater fiscal transparency improves perceived control of corruption (Montes
and Luna, 2020), while quasi-experimental evidence from Ukraine finds that traffic
police reforms improved citizens’ perceptions of integrity in reformed institutions
(Pop-Eleches and Robertson, 2024). Yet other studies point to a paradox: reforms
designed to strengthen integrity may initially heighten perceptions of corruption by
increasing scrutiny and media exposure. In the United States, stronger campaign
finance regulations were associated with higher perceived corruption by journalists
due to intensified coverage of unethical behaviour (Rosenson, 2009). Survey exper-
iments in China similarly show that scandal-oriented anti-corruption reporting can
worsen public perceptions by exposing more corruption (Sun et al., 2022).

This study extends this literature to a supranationally mandated reform to pro-
tect whistleblowers in advanced democracies, providing the first quasi-experimental
evaluation of the short-term impacts of the 2019 EU Whistleblower Protection Di-
rective on perceptions of corruption. Our findings are consistent with the paradox
identified in previous studies, showing short-term deterioration in expert-assessed
corruption but stable citizen perceptions. In addition, the paper contributes to
the debate on perception-based indicators (Arndt and Oman, 2006; Olken, 2009;
Charron, 2015) by highlighting the analytical value of expert perceptions as early di-
agnostics of institutional credibility, especially where observable behavioural change
lags behind legal reform.

This paper also advances the literature on whistleblower protection. While the-
oretical and experimental research has examined the role and design of mechanisms
that encourage whistleblowing (Abbink et al., 2014; Choo et al., 2019; Butler et al.,
2019; Mechtenberg et al., 2020; Banuri, 2021; Kriigel and Uhl, 2023), empirical evi-
dence on their effectiveness in increasing reporting or reducing misconduct remains
limited. This is largely due to measurement and identification challenges, includ-

ing the inherent invisibility of undetected wrongdoing. Recent studies in sectoral
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or single-country settings — such as corporate governance and tax enforcement in
the United States and Israel — provide rare evidence of deterrence effects, showing
that whistleblower programs can reduce tax evasion and misreporting (Dyck et al.,
2010; Wilde, 2017; Amir et al., 2018; Johannesen and Stolper, 2021; Lee et al., 2024).
This paper extends this literature by providing the first multi-country, multi-region
quasi-experimental evaluation of the short-term effects of a multi-sectoral reform
to protect whistleblowers on corruption perceptions — an important precursor of
individuals’ willingness to report wrongdoing or refrain from misconduct.

Finally, this study further contributes to understanding how institutional cred-
ibility and trust condition the effects of whistleblower protection. Experimental
evidence highlights that credible enforcement is crucial: when sanctions are un-
certain or symbolic, whistleblowing systems fail to deter wrongdoing and can even
backfire by crowding out intrinsic compliance (Kriigel and Uhl, 2023). Credible
protection also increases reporting, but improvements in detection and deterrence
may not materialize if prosecutors become less inclined to investigate when protec-
tion is in place (Mechtenberg et al., 2020). Broader institutional trust has also been
shown to shape attitudes toward reporting and perceptions of corruption. Survey
and experimental studies in the United States and Armenia show that citizens with
greater trust in government express stronger support for whistleblowing (Antinyan
et al., 2020), while distrust amplifies perceptions of corruption (Wroe et al., 2013;
Li and Meng, 2020). Consistent with this evidence, our heterogeneity analysis sug-
gests that the Directive’s perceptual effects depend on pre-existing perceptions of
enforcement and institutional trust. When these are weak, reforms may increase
scepticism rather than reassurance. In more EU-engaged contexts, high expecta-
tions can instead amplify disappointment when implementation lags behind legal
commitments.

The rest of the paper is structured as follows. Section 1.2 provides background
on the EU Whistleblower Protection Directive. Section 1.3 outlines the conceptual
framework, the data sources, and empirical strategy. Section 1.4 presents the main
results and robustness checks. Section 1.5 discusses the broader implications of the

findings and directions for future research.
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1.2 The EU Whistleblower Protection Directive

Until recently, whistleblower protection in the European Union was either absent
or uneven across Member States and policy areas. In the early 2010s, only about
40% of Member States had dedicated whistleblower protection regulations. Exist-
ing laws differed widely in scope, application, and the level of protection offered. In
most cases, legal frameworks were sectoral rather than horizontal — that is, they
applied only to specific policy areas or categories of workers, rather than provid-
ing comprehensive protection across both the public and private sectors (Andreis,
2019).2

In response to this fragmented legal landscape, advocacy from civil society and
repeated calls from the European Parliament for a horizontal whistleblower pro-
tection law, the EU adopted the Whistleblower Protection Directive in 2019. The
Directive sets minimum standards for reporting breaches of Union law and pro-
tecting those who report them. Key provisions require the establishment of secure
reporting channels, confidentiality safeguards, follow-up procedures, and protection
against retaliation. It applies broadly across areas such as public procurement,
financial services, anti-money laundering, food safety, transport safety, consumer
protection, environmental protection, and public health (European Parliament and
Council of the European Union, 2019).

Member States were required to transpose the Directive into national law by De-
cember 2021. To support implementation, the European Commission established
an Expert Group to assist national authorities. Transposition, however, occurred
unevenly. Only 5 of the 27 Member States met the 2021 deadline, prompting
the European Commission to initiate infringement procedures (EU Whistleblowing
Monitor, 2024; European Commission, 2024). We use information from the EU
Whistleblowing Monitor — cross-checked with complementary web searches and of-
ficial national sources — to document the timing of transposition for our empirical

analysis.?

20nly a few Member States had adopted horizontal whistleblower protection laws (i.e., compre-
hensive frameworks covering both the public and private sectors) before the Directive’s adoption.
These include Malta (2013), Hungary (2013), Ireland (2014), Slovakia (2014), Sweden (2016),
France (2016), Netherlands (2016), Italy (2017), Lithuania (2019), Latvia (2019), Croatia (2019).
3The EU Whistleblowing Monitor, established by the Whistleblowing International Network
(WIN) and Transparency International (TT) Ireland, tracks each Member State’s progress in trans-
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In July 2024, the European Commission released its first assessment of the
transposition. While all countries had formally adopted the Directive by then, the
report identified major delays and inconsistencies. Key shortcomings were found in
the areas of protection conditions, liability exemptions, and penalties, which risk
undermining the Directive’s objectives (European Commission, 2024). Independent
assessments by civil society organisations reached similar conclusions. Transparency
International’s 2023 review found that 19 out of 20 Member States did not fully
comply with the Directive’s requirements in at least one of four key areas: the right
to report directly to the authorities, access to remedies and full compensation for
damage suffered, free and easily accessible advice, and effective penalties for those
violating whistleblower protections (Transparency International, 2023). Together,
these findings highlight a persistent gap between formal transposition and effective

protection in practice.

1.3 Methodology

1.3.1 Conceptual framework

Whistleblower protection laws are designed to reduce the personal and professional
risks faced by individuals who report misconduct, such as job loss, blacklisting,
workplace ostracism, and psychological harm (Schmolke and Utikal, 2025). By
protecting whistleblowers from retaliation, these policies aim to encourage individ-
uals to report wrongdoing, thereby strengthening the detection, investigation, and
prosecution of legal breaches. In turn, more credible detection and enforcement
mechanisms are expected to deter potential wrongdoing, as misconduct becomes
less likely to go undetected (Kriigel and Uhl, 2023).

While these mechanisms ultimately operate through behavioural change, such
effects are unlikely to materialize shortly after legal transposition. Moreover, cor-
ruption is inherently difficult to observe — becoming visible only when detected
or reported. As a result, the initial effects of whistleblower protection laws are

expected to operate through perceptions. Specifically, we conceptualize the trans-

posing the Directive through its various legislative stages. Today, it continues to provide updates
as countries refine and implement their laws: https://whistleblowingmonitor.eu/.
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position of the EU Whistleblower Protection Directive as triggering a chain of per-
ceptual updates. First, legal transposition, together with early implementation of
key requirements (e.g., confidential reporting channels in the workplace, designated
investigative procedures, etc.), generates visible institutional signals. Second, in-
dividuals observe these signals and update their expectations about the reporting
environment, including the ease and safety of reporting wrongdoing and the like-
lihood that reports will be followed by investigation and sanction. Third, these
updated assessments of enforcement effectiveness in turn translate into broader
perceptions of corruption control.

The direction of this effect depends on the perceived credibility of the signal.
When reforms are seen as credible and effectively implemented, they can improve
perceptions of corruption control by increasing confidence that misconduct will be
detected and sanctioned. However, when reforms are perceived as symbolic, weakly
enforced, or inconsistent with prior institutional performance, they may fail to shift
expectations or may even generate scepticism. In such cases, increased attention
to corruption — arising both from the reform itself, which may signal a previously
under-addressed problem, and from greater media exposure and public scrutiny
following its introduction — can increase the visibility of misconduct. Combined
with unmet expectations regarding enforcement, this may lead to a deterioration in
perceived corruption control in the short term.

The credibility of these signals is likely to depend on pre-existing institutional
conditions, including baseline perceptions of corruption, perceived enforcement ca-
pacity, and trust in government. Where institutional quality is higher, signals of
reform may be more readily interpreted as credible; where it is lower, they may be
discounted or interpreted as “toothless”.

Perceptions of corruption may also differ across types of observers, particularly
between citizens and experts. On one hand, citizens likely rely more on indirect
signals, personal experiences, and broader societal narratives, which may lead to
slower or more heterogeneous adjustments in perceptions. On the other hand, ex-
perts with professional or academic expertise in political and institutional processes
are likely to have greater access to information about legal reforms and their im-
plementation. As a result, experts may update their perceptions more rapidly in

response to institutional changes, as they can more readily interpret the credibility
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and implications of new legal frameworks.

Based on this, we derive our main testable hypotheses:

e H1: The transposition of the EU Whistleblower Protection Directive affects
perceptions of corruption control in the short term by signaling changes in
the reporting environment and expected enforcement, with stronger or earlier
effects expected in expert-based assessments, given their greater exposure to

information about legal reforms and their implementation.

e H2: The direction and magnitude of this effect depend on baseline insti-
tutional conditions such as pre-existing perceptions of corruption, reporting

environment, levels of trust in government, and perceived institutional capac-

ity.

To better understand the mechanisms through which perceptions might adjust,
we conduct exploratory analysis of perception-based indicators related to reporting,
such as perceived barriers (e.g., lack of reporting channels, burden of proof, lack
of punishment, lack of protection) and awareness of reporting channels. These
indicators help identify whether the Directive has begun to shift expectations about
the feasibility and safety of reporting wrongdoing.

Finally, we examine objective behavioural outcomes, including corruption re-
porting and corruption incidence. Given the short post-transposition period, no
measurable behavioural effects are expected at this stage; rather, these outcomes
provide a reference point to assess whether perceptual shifts are accompanied by

early signs of behavioural change.

1.3.2 Data

Our analysis combines several complementary datasets, summarized in Table 1.A.1
in the Appendix. We begin with regional data from the corruption pillar of the
European Quality of Government Index (EQI), which captures citizens’ perceptions
and experiences of corruption in public service delivery (Quality of Government
Institute, 2024). The EQI, developed by the Quality of Government Institute at
the University of Gothenburg, is based on citizen surveys conducted in five waves

(2010, 2013, 2017, 2021, and 2024) at the NUTS2 regional level across the European
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Union.*

This measure provides granular subnational variation and allows us to
capture how citizen-based corruption perceptions evolve within countries. Other
EQI dimensions — quality of public services such as education, healthcare, and
police, and impartiality in their access — are used in robustness checks. Scores
are standardized as z-scores and centred on national governance values (from the
WGI) to preserve subnational variation. Higher scores indicate greater government
quality and lower perceived or experienced corruption (Charron et al., 2024).°

To complement this measure with annual data and broader country-level compa-
rability, we use the control of corruption indicator from the World Bank’s Worldwide
Governance Indicators (WGI), which measures the extent to which public power is
used for private gain, including both petty and grand corruption as well as state
capture by elites and private interests (World Bank, 2024b). The WGI covers 214
economies from 1996 to 2023 and aggregates information from over 30 data sources
reflecting the views and experiences of citizens, entrepreneurs, and experts across
the public, private, and NGO sectors. Measurements from different data sources are
first rescaled to a 0-1 range and then combined using an unobserved components
model (UCM), which adjusts for differences in scale and measurement error across
sources to produce a weighted average (Kaufmann and Kraay, 2024). By aggregat-
ing information across many sources and assigning greater weight to those that are
more strongly correlated, this approach reduces noise and improves precision, but
also tends to smooth short-term variation, as changes are only reflected when they
are consistently observed across multiple inputs. Other WGI dimensions — gov-
ernment effectiveness, political stability, rule of law, regulatory quality, and voice
and accountability — are used in our robustness checks. Scores are standardized
in units of a standard normal distribution (mean = 0, SD = 1, approximately -2.5
to 2.5), with higher values indicating stronger governance quality and control of
6

corruption.

Finally, to capture expert-only assessments of corruption, we use the public sec-

4Fieldwork for the 2024 round took place between September 2023 and March 2024. For
consistency across country- and regional-level analyses, we treat this wave as 2023.

®More details on the methodology can be found in Charron et al. (2024). The data can be
downloaded here: https://www.gu.se/en/quality-government/qog-data/data-downloads/
european-quality-of-government-index.

6More details on the methodology can be found in Kaufmann and Kraay (2024). The WGI
dataset can be downloaded here: https://www.worldbank.org/en/publication/worldwide-
governance-indicators.
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tor corruption index from the Varieties of Democracy dataset (V-Dem Institute),
which assesses the extent to which public officials engage in bribery, theft, and mis-
use of public office for private gain (V-Dem Institute, 2024). The V-Dem dataset
provides annual expert-based assessments of governance and democracy for over 200
countries from 1789 to the present. These assessments are produced by a global
network of country experts, including academics and practitioners with specialized
knowledge of national political and institutional contexts, who provide independent
ratings for each country-year. For subjective indicators such as corruption, V-Dem
typically aggregates ratings from multiple experts per country using a Bayesian
measurement model that corrects for coder bias and enhances cross-country com-
parability (Coppedge et al., 2019). Compared to the WGI, which aggregates infor-
mation from multiple sources and tends to smooth year-on-year variation, V-Dem
relies solely on expert judgments and may therefore be more sensitive to recent
institutional and legal changes. Other V-Dem dimensions — Electoral, Liberal,
Participatory, Deliberative, and Egalitarian Democracy — are used in robustness
checks. Unlike these other V-Dem indicators, which typically range from norma-
tively worse (0) to better (1), the public sector corruption index is scaled such that
higher values indicate greater perceived corruption.”

To capture more objective and behavioural dimensions of corruption and re-
porting — alongside the perceptions that shape them — we incorporate additional
data sources described in Table 1.A.1. Data from the United Nations Office on
Drugs and Crime (UNODC) provide annual national statistics on reported corrup-
tion and economic offences, including bribery, fraud, and other corruption-related
crimes (United Nations Office on Drugs and Crime, 2024).® To examine reporting
behaviour and related perceptions, we use five waves of the Eurobarometer public
opinion surveys (2013, 2017, 2019, 2022, 2023), aggregated at the country level (Eu-

robarometer, 2024).° These provide measures of corruption reporting, knowledge

"The V-Dem indicators report median estimates from a Bayesian measurement model on a
continuous latent scale (approximately -5 to +5, centred around 0). While the scale resembles a
standardized z-score, it is not normalized (mean = 0, SD = 1). More details on the methodology
can be found in Coppedge et al. (2019). The V-Dem dataset can be downloaded here: https:
//v-dem.net/data/the-v-dem-dataset/.

8This data is compiled from member state submissions, national surveys, and scientific studies,
and standardized for comparability. The dataset and more details on the methodology can be
found here: https://dataunodc.un.org/dp-crime-corruption-offences.

YEurobarometer is a series of multi-topic, pan-European surveys undertaken for the European
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of reporting channels, and perceived barriers such as unclear reporting channels,
difficulty proving wrongdoing, lack of punishment, and lack of protection. The Eu-
robarometer data also include measures of perceived and experienced corruption,
corruption tolerance, and the perceived effectiveness of national anti-corruption and
prosecution efforts.

For the exploratory heterogeneity analysis, we use baseline indicators of in-
stitutional trust in government from the OECD (2018 and the 2019-21 average)
and trust in the judiciary, public administration, and the written press from the
Eurobarometer (2018) (OECD, 2024; Eurobarometer, 2024).1° To capture differ-
ences in European integration and political engagement, we include Eurobarometer
(2018) baseline indicators of trust in the EU, perceptions of the Union’s direc-
tion, understanding of EU decision-making, and political interest, complemented
by author-compiled measures of OECD membership and EU membership maturity
(Eurobarometer, 2024).

Country-level time-variant (yearly) control variables were drawn primarily from
the World Bank’s World Development Indicators (WDI) (World Bank, 2024a).
These include standard measures of economic structure, labour market composi-
tion, and political participation. Specifically, we control for economic development
and structural characteristics (GDP per capita, total population, rural population
share, agricultural value added), labour market conditions (employment, unemploy-
ment, and female employment rates, including part-time employment), and human
capital (share of labour force with intermediate education and population with up-
per secondary education, disaggregated by gender). To account for institutional and
political factors potentially correlated with both transposition timing and corrup-
tion perceptions, we include women’s representation in national parliaments and the
Participatory Democracy Index from V-Dem. Comparable regional-level controls

were obtained from Eurostat to ensure consistency across specifications (Eurostat,

Commission since 1970, covering attitudes towards European integration, policies, institutions,
social conditions, health, culture, the economy, citizenship, security, information technology, the
environment and other topics. Standard and Special FEurobarometer surveys consist of regular
face-to-face interviews with approximately 1,000 subjects in the EU member states. The dataset
and more details on the methodology can be found here: https://europa.eu/eurobarometer/
screen/home.

YOECD data, and particularly on trust in government, can be found here: https://www.
oecd.org/en/data/indicators/trust-in-government.html.
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2024).1

Finally, to construct the treatment variable, we compiled information on the
timing of each Member State’s transposition of the Directive, distinguishing be-
tween early and late adopters. Transposition dates were obtained from the EU
Whistleblowing Monitor (2024) and cross-checked with multiple public sources, in-
cluding the European Commission (2024), Transparency International (2023), and

media reports.

1.3.3 Empirical strategy

While all EU Member States were expected to transpose the Directive by December
2021, the actual timing of transposition varied substantially across countries. Table
1.1 reports the dates of transposition into national law, which we use to construct
our treatment variable, as well as information on whether countries had already
enacted horizontal whistleblower protection laws before 2021.

We classify as early adopters the ten countries that transposed the Directive
in 2021 or during the first half of 2022 (up to July), allowing for roughly one to
two years of exposure before the 2023 data round.'? Countries that transposed the
Directive after July 2022 (late 2022-2024) constitute the main control group.

For robustness and to increase power, we also include eight EU candidate coun-
tries that were not legally required to transpose the Directive but were expected
to align their anti-corruption frameworks as part of the EU accession process. As
shown in Table 1.1, many of these EU candidates had already introduced some form
of horizontal whistleblower protection laws prior to 2021.

We exploit this variation in transposition timing and estimate treatment effects
using a canonical 2x2 Difference-in-Differences (DiD) framework. A DiD approach is
appropriate in this context because variation in the timing of transposition generates
differential exposure to the reform across countries over time, allowing us to compare

changes in outcomes between early adopters and countries not yet exposed (Angrist

HWDI data can be found here: https://datatopics.worldbank.org/world-development-
indicators/. Eurostat data can be found here: https://ec.europa.eu/eurostat/data/
database.

12Because the underlying corruption perception indicators combine citizen-based surveys and
expert assessments gathered at different points throughout each year, countries that transposed
the Directive in the second half of 2022 (mainly after July) were likely not fully exposed to the
reform for an entire year by the time 2023 data were compiled.
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Table 1.1: Timing of transposition of the EU Whistleblower Protection Directive

Country N. of Date of Early Year of adoption of pre-existing
NUTS2 regions transposition adopter horizontal whistleblower protection law
Denmark 5 24/06/21 1
Sweden 8 29/09/21 1 2016
Malta 1 15/12/21 1 2013
Lithuania 2 16/12/21 1 2019
Portugal 7 20/12/21 1
Cyprus 1 20/01/22 1
Latvia 1 20/01/22 1 2019
France 27 21/03/22 1 2016
Croatia 4 15/04/22 1 2019
Ireland 3 21/07/22 1 2014
Greece 13 11/11/22 0
Belgium 3 16/12/22 0
Romania 8 16/12/22 0
Finland 5 20/12/22 0
Netherlands 12 24/01/23 0 2016
Slovenia 2 27/01/23 0
Austria 9 01/02/23 0
Bulgaria 6 02/02/23 0
Spain 17 21/02/23 0
Ttaly 21 30/03/23 0 2017
Hungary 8 11/04/23 0 2013
Germany 16 12/05/23 0
Luxembourg 1 16,/05/23 0
Slovakia 4 01/06/23 0 2014
Czech Republic 8 07/06,/23 0
Estonia 1 15/05/24 0
Poland 17 14/06/24 0
Albania n/a n/a 0 2017
Bosnia and Herzegovina n/a n/a 0
Georgia n/a n/a 0
Moldova n/a n/a 0 2018
North Macedonia n/a n/a 0 2016
Montenegro n/a n/a 0 2016
Serbia n/a n/a 0 2014
Tiirkiye n/a n/a 0

Note: The table reports, for each EU Member State (27) and its NUTS-2 regions (210), the transposition date,
treatment status (early adopters = 1; late adopters = 0), and the year of adoption of any pre-existing horizontal
whistleblower protection law. The EU candidate countries (8) in the control group are also listed to illustrate prior
adoption of horizontal whistleblower protection laws.

and Pischke, 2009). Given that our last post-treatment year is 2023 and that
changes in perceptions are likely to emerge with a lag, we consider late adopters
(who transposed the Directive after July 2022) as effectively untreated in 2023. This
setting gives us just enough time to capture any short-term or transitional effects
for early adopters.

While recent advances in the literature have highlighted the advantages of stag-
gered Difference-in-Differences estimators in settings with heterogeneous treatment

timing (Baker et al., 2025), their application in our context is constrained by the
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limited number of countries and the uneven distribution of treatment cohorts. In
particular, most cohorts contain a relatively small number of countries, and our
post-treatment period extends only to 2023, providing limited post-treatment ob-
servations for several groups. These features result in imprecise and potentially
noisy cohort-specific estimates. For this reason, we adopt a parsimonious 2x2 DiD
framework that compares early and late adopters, allowing us to maximize sta-
tistical power and focus on short-term average treatment effect for countries with
meaningful exposure to the Directive by 2023.

We estimate the average treatment effect on the treated at time ¢ (AT'T};) using

the following specification:

Corruption Perception,, = a;+7;+ 0 DiD;;+0 post21,+ X early adopters, +0X;;+¢;;
(1.1)

Corruption Perception;, denotes the outcome (extracted from the WGI, EQI, or
V-Dem) for country or region i at time ¢, observed from 2010 to 2023 (with yearly
frequency for countries, and approximately 3-yearly frequency for regions).!® The
same specification is applied to our additional outcomes: reported corruption and
economic offences (UNODC) as well as reporting behaviour and related perceptions
(Eurobarometer).

a; represents country (or region) fixed effects which account for time-invariant
unobserved heterogeneity across jurisdictions. ~; represents time fixed effects which
control for common shocks affecting all countries. DiD;; is the treatment variable
defined as the interaction between a post-2021 indicator and a dummy for early
adopter countries. It equals 1 for years after 2021 in countries that implemented
the Directive early, and 0 otherwise. The coefficient § captures the DiD estimate
of the Directive’s average treatment effect.

The vector X;; includes time-varying control variables at the country and re-
gional level (described in more detail in Table 1.A.1). At the country level, con-
trols include: a time-varying dummy that switches to one in the year a horizontal

whistleblower protection law was adopted (before 2021), capturing prior institu-

13The 2010-2023 timeline was selected to ensure consistency between country- and regional-
level analyses. Regional data from the European Quality of Government Index (EQI) are available
only from 2010 onward, constraining the common observation period across datasets.
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tional preparedness for the Directive; the logarithm of GDP per capita (PPP, con-
stant 2021 international dollars); the share of agriculture, forestry, and fishing in
GDP; the rural population share; total and female employment rates (ages 15+);
the share of female part-time employment; the proportion of parliamentary seats
held by women; the share of the labour force with intermediate education; and the
V-Dem degree of participatory democracy. At the regional level, controls include:
the logarithm of regional population; regional unemployment rates (total and fe-
male); the share of the regional population (total and female) with at least upper
secondary education; and the logarithm of regional GDP per capita (PPP, constant
2020 international dollars). The inclusion of these variables accounts for differences
in economic structure, labour market composition, educational attainment, and in-
stitutional inclusiveness, which may jointly influence both corruption perceptions
and the pace of institutional adoption. The error terms ¢; are clustered at country
level, where variation in treatment timing occurs.

We assume no systematic anticipation effects at the national level prior to the
Directive’s enforcement in December 2021. Although the Directive was formally
adopted in December 2019, it became legally binding only upon transposition into
national law. While preparatory discussions may have occurred earlier, particu-
larly among experts, the practical implications for enforcement and institutional
behaviour were minimal before transposition. Moreover, public awareness of EU
legislative initiatives is generally low. According to Eurobarometer baseline data
(2018), only 13.7% of respondents across countries in our sample frequently dis-
cussed European political matters with friends, suggesting limited diffusion of in-
formation that could have influenced perceptions or behaviour prior to national
implementation.*

In addition, our identification strategy relies on the parallel trend assumption,
which requires that, absent treatment, treated and comparison groups would have
followed similar trends in corruption perceptions. Visual inspection of pre-treatment
trends suggests broadly parallel trajectories between early and late adopters when

EU candidates are included in the control group (Figure 1.1). This pattern weakens

14The Eurobarometer sample covers 32 countries: 27 EU Member States and 5 EU candidates.
Excluding the candidates, 13.2% of respondents reported frequently discussing EU politics with
friends.
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when restricting the sample to EU Member States only (Figure 1.A.1).

Figure 1.1: Outcome trends in control of corruption (WGI) and public sector corrup-
tion index (V-Dem) when EU members and candidates are included in the control
group
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Covariate balance tests (Table 1.A.2) show no systematic pre-treatment differ-
ences between early and late adopters when restricting the sample to EU Member
States. However, early adopters were substantially more likely to have pre-existing
national horizontal whistleblower protection laws (70% versus 23.5%, p < 0.05),
suggesting underlying differences in institutional capacity, legal preparedness, or

political commitment to transparency and accountability. These patterns indicate
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that early transposition was not random, but likely reflects pre-existing institutional
and normative conditions that made compliance with the Directive less costly or
more politically salient.

When EU candidate countries are included in the control group, this gap narrows
but remains weakly significant (p < 0.1), while a significant difference emerges in
participatory democracy (p < 0.05). At the regional level, treated and control
groups also differ in the share of the population with upper secondary education.

While such differences raise concerns about selection into early adoption, they
are likely to reflect relatively stable country characteristics that affect baseline levels
of corruption perceptions rather than their short-term evolution. Our empirical
strategy accounts for these factors by including country fixed effects, which absorb
time-invariant institutional and political differences, and time-varying covariates
capturing observable changes in economic and institutional conditions. Moreover,
early adopters do not appear to be driven by a common shock or synchronized
reform dynamic that could generate systematically different pre-treatment trends.
As such, it is plausible that these differences do not induce differential trends in
corruption perceptions prior to treatment, an assumption that is supported by the
similarity of observed pre-treatment trajectories. Under this assumption, the DiD
framework remains valid. To support this, we include all covariates in the main
specifications and conduct additional statistical and graphical tests of the parallel

trends assumption.

1.4 Main results

We begin by examining regional-level evidence based on the corruption pillar of the
European Quality of Government Index (EQI), which provides granular measures
of citizens’ perceived and experienced corruption in public service delivery. Table
1.2 reports DiD estimates for the EQI corruption dimension and its sub-indices. All
models include country and year fixed effects, the full set of time-varying covariates
listed in Table 1.A.2, and cluster-robust standard errors at the country level. Models
(2) and (3) include time-varying regional controls too. Given the limited number
of clusters, we also report p-values based on wild cluster bootstrap procedures with

20,000 replications. Control means correspond to the average outcome for control
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1.4. MAIN RESULTS

Table 1.2: Standard DiD estimates of the transposition effect of the EU Whistle-
blower Protection Directive on regional-level corruption perceptions (EQI)

EQI Corruption EQI Corruption

Variable EQI Corruption Perceptions Experience
(1) (2) (3) (1) (2) (1) (2)
Early transposition (DiD) -0.042 0.024 -0.033 0.088 0.013 0.226 0.109
[0.093]  [0.093] [0.113]  [0.111] [0.098] [0.230] [0.211]
Post transposition of EU 0.333* 0.225 0.385* 0.549 0.486 1.062**  0.991*
Directive [0.188]  [0.190] [0.217]  [0.431] [0.452] [0.407] [0.507]
Observations 1,050 933 571 617 559 617 559
R-squared 0.109 0.143 0.213 0.278 0.335 0.481 0.538
Control mean (2021) -3.3¢-5  -3.3e-5  -3.3e-5  T.le-8 7.1e-8 8.1e-8 8.1e-8
Number of regions 210 202 198 210 198 210 198
EU candidates included NO NO NO NO NO NO NO
Country controls YES YES YES YES YES YES YES
Regional controls NO YES YES NO YES NO YES
Two lags of dependent variable included NO NO YES NO NO NO NO
Clust. P-value 0.654 0.801 0.770 0.432 0.900 0.335 0.610
Boot. Std. Error 0.0933  0.0933 0.113 0.111 0.0982 0.230 0.211
Boot. P-value (DiD) 0.718 0.826 0.847 0.422 0.891 0.418 0.664

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on
regional-level perceptions of corruption, using the EQI indices. All models include country and year fixed effects
and the full list of time-varying country controls. Models (2) and (3) include time-varying regional controls too.
Standard errors (in brackets) are clustered by country. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.

countries in 2021, the last pre-treatment year. Across all specifications, we find
no statistically significant effects of early transposition on regional-level corruption
perceptions, suggesting no detectable short-term changes in citizens’ perceptions or
experiences of corruption.

To complement this analysis with annual country-level data and broader tem-
poral coverage, Table 1.3 presents corresponding DiD estimates using the control
of corruption indicator from the World Bank’s Worldwide Governance Indicators
(WGI) and the public sector corruption index from the Varieties of Democracy (V-
Dem) dataset. Model (1) restricts the sample to EU Member States, while Models
(2) and (3) extend the control group to include EU candidate countries. Model
(3) further adds two lags of the dependent variable to account for potential serial
correlation. Consistent with the EQI results, we find no statistically significant
effects on corruption perceptions as captured by the WGI, a composite indicator
combining household, firm, and expert-based sources. In contrast, estimates based
on V-Dem indicate a small, positive, and statistically significant effect on public

sector corruption, suggesting a modest deterioration in expert-assessed corruption
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Table 1.3: Standard DiD estimates of the transposition effect of the EU Whistle-
blower Protection Directive on country-level corruption perceptions (WGI & V-
Dem)

Control of corruption index  Public sector corruption index

Variable (WGI) (V-Dem)
(1) (2) (3) (1) (2) (3)

Early transposition (DiD) -0.038 -0.020 -0.006 0.029%* 0.026** 0.016*

[0.063] [0.058] [0.020] [0.012] [0.013] [0.008]
Post transposition of EU Directive 0.183 0.198%* 0.116* -0.051 -0.103***  -0.040***

[0.112] [0.109] [0.062] [0.032] [0.033] [0.013]
Observations 378 468 403 378 468 403
R-squared 0.362 0.300 0.722 0.397 0.416 0.694
Control mean (2021) 0.947 0.664 0.664 0.125 0.215 0.215
Number of countries 27 35 35 27 35 35
EU candidates included NO YES YES NO YES YES
Country controls YES YES YES YES YES YES
Two lags of dependent variable included NO NO YES NO NO YES
Clust. P-value 0.546 0.736 0.765 0.0302**  0.0498** 0.0680*
Boot. Std. Error 0.0626 0.0580 0.0204 0.0125 0.0128 0.00821
Boot. P-value (DiD) 0.623 0.783 0.764 0.0466** 0.0578* 0.0739*

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive
on country-level perceptions of corruption, using the WGI and V-Dem indices. All models include country and
year fixed effects and the full list of time-varying country controls. Standard errors (in brackets) are clustered by
country. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.

perceptions among early adopters.

Robustness checks using alternative governance indicators from EQI, WGI, and
V-Dem (Tables 1.A.4, 1.A.5, 1.A.3) as placebo outcomes confirm the absence of
treatment effects. Additional visual DiD diagnostics indicate that pre-treatment
trends are broadly parallel when EU candidate countries are included in the con-
trol group (Figure 1.2), while there is some heterogeneity in pre-trends among EU
members (Figure 1.A.2).

Exploratory analyses using UNODC country-level data on corruption and other
economic crime (Table 1.4) show no evidence of behavioural change at this stage.
This suggests that the modest deterioration in expert-assessed corruption percep-
tions among early adopters likely reflects heightened scrutiny following transposition
rather than an actual decline in integrity. Further exploratory analysis using Eu-
robarometer data on corruption reporting and perceived reporting barriers (Table
1.5) also shows no change in actual reporting behaviour. However, respondents in
early-adopting countries were less likely to view the difficulty of providing proof as

a barrier to reporting, yet more likely to cite the lack of punishment as an obsta-
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cle. This growing scepticism about enforcement may help explain the absence of a

short-term behavioural response.

Figure 1.2: Visual DiD diagnostics of pre-treatment trends in control of corruption
(WGI) and public sector corruption index (V-Dem) when EU members and candi-
dates are included in the control group
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Table 1.4: Standard DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level crime
rates (UNODC)

Variable Corruption Other forms of corruption Bribery Fraud
(1) (2) (3) (1) (2) (3) (1) (2) (3) (1) (2) (3)

Early transposition (DiD) 0.863 -0.040 3.564 -0.826  -2.120 3.078 1.159 1.090 0.877 -90.742  -98.693 -82.364

[6.868] [6.813] [2.781] [8.338]  [8.031] [2.466] [1.581] [1.405] [1.114] [63.601] [65.730] [52.963]
Post transposition of EU Directive -1.651  -1.704 -3.000 8.363 5.235 -8.119  -7.228*% -6.372* -5.439 341.990* 365.307* 87.913

[13.286] [12.364] [6.701] [20.110] [17.067] [11.066]  [3.944] [3.638] [3.495] [194.954] [186.606] [69.461]
Observations 262 302 231 218 256 195 245 293 224 237 262 195
R-squared 0.110 0.094 0.263 0.171 0.133 0.382 0.144 0.121  0.192 0.453 0.425 0.696
Control mean (2021) 25.78 25.04  25.04  24.07 23.81 23.81 5.577 5.075  5.075 449.5 405.7 405.7
Number of countries 27 35 33 24 30 28 25 33 31 27 32 30
EU candidates included NO YES YES NO YES YES NO YES YES NO YES YES
Country controls YES YES YES YES YES YES YES YES YES YES YES YES
Two lags of dependent variable included NO NO YES NO NO YES NO NO YES NO NO YES
Clust. P-value 0.901 0.995 0.209  0.922 0.794 0.223 0.470 0.443 0437 0.166 0.143 0.131
Boot. Std. Error 6.854 6.801 2774  8.316 8.013 2.459 1.577 1.402  1.111 63.45 65.59 52.81
Boot. P-value (DiD) 0.904 0.995 0.239  0.928 0.825 0.331 0.476 0.450  0.451 0.192 0.167 0.191

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level crime rates, using UNODC data. All models include
country and year fixed effects and the full list of time-varying country controls. Models (1) include EU Member States only, whereas models (2) and (3) include also EU candidate
countries in the control group. Models (3) additionally control for two lags of the dependent variable. Standard errors (in brackets) are clustered by country. P-values are reported from
both cluster-robust and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.5: Standard DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level corruption
reporting and perceived barriers (Eurobarometer)

Variable Corruption reporting Perceived barriers to reporting corruption
Knows where Has reported No clear Hard No punishment No protection
to report corruption reporting channels to prove expected for reporters
Early transposition (DiD) -0.005 -0.021 -0.009 -0.029** 0.024** -0.005
[0.017] [0.024] [0.012] [0.012] [0.011] [0.018]
Post transposition of EU Directive -0.069* 0.021 0.077%** 0.001 -0.025 -0.055%*
[0.035] [0.067] [0.025] [0.028] [0.033] [0.022]
Observations 135 133 135 135 135 135
R-squared 0.441 0.160 0.347 0.354 0.278 0.208
Control mean (2019) 0.426 0.185 0.205 0.447 0.334 0.297
Number of countries 27 27 27 27 27 27
EU candidates included NO NO NO NO NO NO
Country controls YES YES YES YES YES YES
Two lags of dependent variable included NO NO NO NO NO NO
Clust. P-value 0.788 0.391 0.463 0.0284** 0.0442%* 0.772
Boot. Std. Error 0.0168 0.0242 0.0118 0.0124 0.0114 0.0178
Boot. P-value (DiD) 0.794 0.423 0.502 0.0377** 0.0613* 0.806

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level beliefs on corruption reporting, using Eurobarometer
data. Models include only EU Member States, country and year fixed effects, and the full list of time-varying country controls. Standard errors (in brackets) are clustered by country.
P-values are reported from both cluster-robust and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Heterogeneity tests (Tables 1.6 and 1.7) confirm that the effects of transposition
were concentrated in expert-based corruption perceptions, which tend to adjust
more rapidly than citizen views and are more sensitive to awareness of the Direc-
tive’s adoption. We examined several potential mediating factors using baseline
data from the Eurobarometer (2018 or 2019) and the OECD (2018 or 2019-2021 av-
erage), grouped into three domains: (i) reporting behaviour and related corruption
perceptions, (ii) institutional readiness and trust in national institutions, and (iii)
interest and trust in EU institutions. For each indicator, countries were classified
as having high or low baseline values based on whether they fell above or below the
sample median.

In terms of reporting behaviour and related corruption perceptions, results in
Table 1.6 show that expert-assessed corruption perceptions deteriorated more in
countries where reporting activity was relatively lower, where concerns about im-
punity were stronger, and where there were fewer concerns about protections avail-
able to whistleblowers. Perceptions also deteriorated more in countries with greater
tolerance of corruption. Additional heterogeneity tests are included in Table 1.A.6.
Taken together, these patterns suggest that in contexts where corruption is viewed
as pervasive yet socially tolerated — and where enforcement is expected to be weak
— the Directive’s introduction may have increased scepticism rather than reassur-
ance among experts.

Regarding institutional trust and preparedness, results in Table 1.7 show that
deterioration in expert-assessed perceptions was stronger in countries with weaker
institutional readiness (i.e. no prior horizontal whistleblower protection law), lower
perceived effectiveness of government anti-corruption efforts and prosecutions, and
lower trust in government, in public administration, and in the media. Additional
heterogeneity tests are included in Table 1.A.7. Overall, greater deterioration re-
mained concentrated in countries with weak perceived government effectiveness.

Finally, perceptions declined more in countries with stronger support for the EU
(Table 1.A.8), suggesting that more EU-engaged contexts may have reacted more
critically to early implementation gaps, interpreting them as a sign that the Direc-
tive’s promises were not yet matched by national practice. Additional heterogeneity

tests are included in Table 1.A.8.
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1.4. MAIN RESULTS

Table 1.6: Heterogeneity analysis of reporting behaviour and corruption-related

perceptions
Variable Control of corruption (WGI) Public sector corruption (V-Dem)
1) (2) 1) (2)
High corruption reporting (Eurobarometer 2019)
Early transposition 0.094 0 0.051%* 0.033**
[0.058] [0.027] [0.020] [0.015]
Early transposition * High corruption report- -0.205%* -0.026 -0.034* -0.023*
ing
[0.082] [0.037] [0.018] [0.011]
Post transposition of EU Directive 0.211* 0.087 -0.047 -0.026
[0.104] [0.065] [0.031] [0.016]
Observations 378 324 378 324
R-squared 0.382 0.711 0.407 0.632
Control mean (2019) 0.526 0.526 0.177 0.177
Coeff: T + T*Mediator = 0 -0.111 -0.0257 0.0166 0.00958
P-value: T + T*Mediator = 0 0.174 0.421 0.135 0.245
Lack of punishment highly perceived as a reporting barrier (Eurobarometer 2019)
Early transposition -0.038 -0.009 0.014 0.008
[0.071] [0.039] [0.013] [0.009]
Early transposition * Lack of punishment -0.001 -0.012 0.024* 0.016*
barrier
[0.116] [0.040] [0.014] [0.009]
Post transposition of EU Directive 0.183 0.082 -0.050 -0.028
[0.115] [0.065] [0.031] [0.017]
Observations 378 324 378 324
R-squared 0.362 0.711 0.402 0.629
Control mean (2019) 1.249 1.249 0.071 0.071
Coeff: T + T*Mediator = 0 -0.0386 -0.0212 0.0385 0.024
P-value: T + T*Mediator = 0 0.682 0.350 0.0135%* 0.0389**
Lack of protection highly perceived as a reporting barrier (Eurobarometer 2019)
Early transposition 0.108** -0.013 0.036** 0.028**
[0.051] 0.037] [0.013] [0.010]
Early transposition * Lack of protection bar- -0.244%* -0.007 -0.012 -0.018*
rier
[0.098] [0.045] [0.013] [0.009]
Post transposition of EU Directive 0.153 0.082 -0.053 -0.032*
[0.111] [0.065] [0.033] [0.018]
Observations 378 324 378 324
R-squared 0.389 0.711 0.398 0.630
Control mean (2019) 1.13 1.13 0.0872 0.0872
Coeff: T + T*Mediator = 0 -0.136 -0.0191 0.0239 0.0105
P-value: T + T*Mediator = 0 0.0995 0.502 0.0996* 0.306
Low tolerance of corruption (Eurobarometer 2019)
Early transposition 0.048 -0.030 0.0527%%* 0.036**
[0.076] [0.029] [0.017] [0.013]
Early transposition * Low tolerance of cor- -0.121 0.020 -0.033** -0.025%*
ruption
[0.096] [0.042] [0.015] [0.010]
Post transposition of EU Directive 0.184 0.083 -0.051 -0.029
[0.113] [0.065] [0.032] [0.017]
Observations 378 324 378 324
R-squared 0.368 0.711 0.405 0.632
Control mean (2019) 0.808 0.808 0.148 0.148
Coeff: T + T*Mediator = 0 -0.0737 -0.0103 0.0191 0.0102
P-value: T + T*Mediator = 0 0.334 0.741 0.102 0.232
Number of countries 27 27 27 27
EU candidates included NO NO NO NO
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline reporting behaviour and corruption-related perceptions. All models include country and year fixed effects
and the full list of time-varying country controls. Models (2) additionally control for two lags of the dependent
variable. Standard errors (in brackets) are clustered by country. P-values are reported from both cluster-robust
and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.7: Heterogeneity analysis of readiness of and trust in national institutions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
) (2) 1) (2)
High perceived effectiveness of government anti-corruption efforts (Eurobarometer 2019)
Early transposition -0.045 -0.028 0.032%* 0.020*
[0.081] [0.022] 0.014] [0.011]
Early transp. * High perceived effectiveness 0.023 0.041 -0.010 -0.007
(govt. efforts)
[0.118] [0.045] [0.013] [0.008]
Post transposition of EU Directive 0.182 0.082 -0.051 -0.029
[0.113] [0.064] [0.032] [0.017]
Observations 378 324 378 324
R-squared 0.363 0.711 0.397 0.627
Control mean (2019) 0.845 0.845 0.141 0.141
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 -0.022 0.0122 0.0218 0.0129
P-value: T + T*Mediator = 0 0.798 0.778 0.116 0.171
High perceived effectiveness of corruption prosecutions (Eurobarometer 2019)
Early transposition -0.047 -0.028 0.029%* 0.019*
[0.072] [0.025] [0.012] [0.009]
Early transp. * High perceived effectiveness 0.061 0.087* -0.005 -0.007
(prosecutions)
[0.150] [0.046] [0.016] [0.010]
Post transposition of EU Directive 0.192* 0.098 -0.052 -0.030
[0.100] [0.064] [0.034] [0.018]
Observations 378 324 378 324
R-squared 0.363 0.713 0.397 0.627
Control mean (2019) 0.986 0.986 0.138 0.138
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 0.0137 0.0592 0.0245 0.0119
P-value: T + T*Mediator = 0 0.913 0.188 0.218 0.386
Trust in the national public administration (Eurobarometer 2018)
Early transposition -0.082 -0.038* 0.037%** 0.024**
[0.100] [0.021] [0.013] [0.011]
Early transp. * High trust in public admin- 0.093 0.047 -0.018 -0.013
istration
[0.127] 0.039] [0.012] [0.008]
Post transposition of EU Directive 0.188* 0.086 -0.052 -0.030*
[0.101] [0.062] [0.033] [0.017]
Observations 378 324 378 324
R-squared 0.367 0.712 0.400 0.629
Control mean (2018) 0.418 0.418 0.193 0.193
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 0.0108 0.00903 0.0193 0.0105
P-value: T + T*Mediator = 0 0.876 0.814 0.159 0.283
Trust in the written press (Eurobarometer 2018)
Early transposition -0.030 -0.005 0.036** 0.024**
[0.085] [0.024] [0.015] [0.010]
Early transp. * High trust in written press 0.028 -0.013 -0.026* -0.014*
[0.098] [0.038] [0.013] [0.008]
Post transposition of EU Directive 0.196* 0.097 -0.100%* -0.033**
[0.106] [0.064] [0.042] [0.015]
Observations 436 375 436 375
R-squared 0.307 0.707 0.381 0.634
Control mean (2018) 0.259 0.259 0.270 0.270
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 -0.00258 -0.0174 0.0108 0.0103
P-value: T + T*Mediator = 0 0.968 0.610 0.391 0.184
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline readiness of and trust in national institutions. All models include country and year fixed effects and the
full list of time-varying country controls. Models (2) additionally control for two lags of the dependent variable.
Standard errors (in brackets) are clustered by country. P-values are reported from both cluster-robust and wild
bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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To investigate potential mechanisms of change, we plan to complement this
analysis with organisation-level data on integrity incidents, share of employees who
reported misconduct, and general perceptions about the whistleblowing environ-
ment from the EY Global Integrity Report (Ernst & Young, 2024). The dataset
is based on a survey of 5,464 board members, senior managers, managers and em-
ployees in a sample of large organizations and public bodies in 53 countries and
territories across the Americas, Asia Pacific and Europe, the Middle East, India

and Africa.

1.5 Conclusion

This paper offers the first impact evaluation of the short-term effects of transposing
the 2019 EU Whistleblower Protection Directive into national law on perceptions
of corruption. Using panel data for EU countries from 2010 to 2023, we exploit the
gradual timing of the Directive’s transposition to identify early effects on corruption
perceptions.

Perceptions matter because they serve as an early barometer of how new anti-
corruption reforms are received and whether they are viewed as credible. As dis-
cussed, whistleblower protection laws are expected to operate initially through per-
ceptions rather than behaviour: by introducing reporting channels, protection mech-
anisms, and investigative procedures, they generate institutional signals that shape
expectations about the ease and safety of reporting and the likelihood that mis-
conduct will be detected and sanctioned. These expectations in turn translate into
broader perceptions of corruption control. Whether such signals improve or worsen
perceptions depends on their perceived credibility and on pre-existing institutional
conditions.

Our findings indicate no measurable short-term improvements in citizen-based
perceptions of control of corruption (EQI) or in composite indicators combining
citizen, firm, and expert assessments (WGI), and no changes in reporting behaviour
(Eurobarometer). By contrast, we find a modest deterioration in expert-assessed
corruption (V-Dem) among early adopters. This pattern is consistent with the
interpretation that transposition triggered increased scrutiny and a reassessment

of enforcement expectations, rather than a deterioration in underlying integrity.
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This interpretation is further supported by the absence of short-term effects on
corruption and economic crime in objective data (UNODC).

Heterogeneity analyses reinforce this interpretation. Perceptual shifts are con-
centrated among experts, who are more likely to be aware of legal reforms and better
positioned to assess their credibility. Deterioration was stronger in countries with
lower reporting activities, where concerns about impunity were higher, corruption
more pervasive and socially tolerated, and trust in government weaker. The decline
was also more marked in EU-engaged countries — suggesting that experts in such
contexts may have reacted more critically to early gaps between formal transpo-
sition and effective implementation. Taken together, these patterns point to two
plausible interpretations: weak enforcement credibility in low-trust settings and a
potential “expectations gap” in pro-EU contexts where reforms raise standards that
are not immediately met.

These results underline that the initial impact of whistleblower protection re-
forms is perceptual rather than structural. In the short-term, transposition ap-
pears to trigger a reassessment of institutional credibility rather than immediate
improvements in behaviour. This interpretation is consistent with the Eu-ropean
Commission’s 2024 assessment and civil society reviews, which document delays, in-
consistencies, and gaps in protection and enforcement (Transparency International,
2023; European Commission, 2024). Over time, however, consistent and credible
implementation could narrow this credibility gap, strengthening trust in reporting
systems and improving perceptions of corruption control as enforcement mecha-
nisms become more visible and effective.

Several limitations warrant caution. First, the short post-treatment window lim-
its our ability to capture medium- or long-term behavioural effects. Future studies
with extended panels could employ dynamic or event-study DiD models to track
temporal adjustments more fully. Second, variation in transposition timing may
be endogenous to institutional capacity or political will. While we control for ob-
servable differences, account for time-invariant heterogeneity through fixed effects,
and include EU candidate countries to improve comparability, other unobserved
time-varying factors may still bias estimates. Third, although graphical and statis-
tical diagnostics support the plausibility of parallel trends in the full sample, this

assumption is weaker among EU Member States alone. With more data in the com-
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ing years, future work could apply group-time average treatment effect estimators
that explicitly account for staggered adoption and allow for treatment effect hetero-
geneity (Baker et al., 2025). Finally, perception-based indicators — although useful
for early detection — are inherently subjective and may be only partly correlated
with actual institutional progress. Future research should revisit these relation-
ships as more post-treatment data become available and integrate more objective
indicators of reporting behaviour, enforcement outcomes, and case resolution rates.

A key policy implication is the importance of credible and consistent implemen-
tation. The effectiveness of whistleblower protection laws depends not only on their
formal adoption but also on how they are perceived in practice. Strengthening re-
porting systems, ensuring follow-up and enforcement, and improving transparency
around outcomes are essential to reinforcing credibility. The European Commis-
sion and Member States could support this process by systematically collecting
and harmonizing data on implementation quality, enforcement capacity, protection
practices, and public awareness. Such efforts would enable more rigorous evaluation
of governance reforms over time.

Despite its short-term scope, this study provides an off-the-shelf framework for
evaluating how institutional reforms operate through perceptions before translating
into behavioural change, offering a foundation for future research on the medium-

and long-term effects of whistleblower protection policies.
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CHAPTER 1

Appendix

1.A Additional tables and figures

Figure 1.A.1: Outcome trends in control of corruption (WGI) and public sector
corruption index (V-Dem) when only EU members are included in the control group
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Table 1.A.1: Summary data and statistics

Variable

Data source

Description

Obs.

Mean

Std. D.

Min

Max

Outcome variables (WGI — yearly / V-Dem — yearly / EQI — 2010, 2013, 2017, 2021, 2024 / UNODC - yearly)

Control of corruption

Government effective-

ness

Political stability and

absence of violence

Rule of law

Regulatory quality

Voice and accountabil-

ity

WGI

WGI

WGI

WGI

WGI

WGI

Extent to which public power is exercised for private gain, including both
petty and grand forms of corruption, as well as "capture" of the state
by elites and private interests. Scores range between —2.5 and 2.5, with

higher scores corresponding to better outcomes.
Quality of public services, the quality of the civil service and the degree of

its independence from political pressures, the quality of policy formulation
and implementation, and the credibility of the government’s commitment
to such policies. Scores range between —2.5 and 2.5, with higher scores

corresponding to better outcomes.
Likelihood of political instability and/or politically motivated violence,

including terrorism. Scores range between —2.5 and 2.5, with higher scores

corresponding to better outcomes.
Extent to which agents have confidence in and abide by the rules of society,

and in particular the quality of contract enforcement, property rights, the
police, and the courts, as well as the likelihood of crime and violence.
Scores range between —2.5 and 2.5, with higher scores corresponding to

better outcomes.
Ability of the government to formulate and implement sound policies and

regulations that permit and promote private sector development. Scores
range between —2.5 and 2.5, with higher scores corresponding to better

outcomes.
Extent to which a country’s citizens are able to participate in selecting

their government, as well as freedom of expression, freedom of association,
and a free media. Scores range between —2.5 and 2.5, with higher scores

corresponding to better outcomes.

35

35

35

35

35

35

0.664

0.726

0.491

0.758

0.905

0.799

0.878

0.733

0.503

0.735

0.609

0.612

-0.666

-1.073

-1.137

-0.434

-0.195

-0.860

2.333

1.960

1.194

2.013

1.907

1.609
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Table 1.A.1 continued from previous page

Variable Data source Description Obs. Mean Std. D. Min Max
Public sector corrup- V-Dem Extent to which public sector employees engage in bribery and theft. The 35 0.215 0.222 0.001 0.764
tion index index ranges from 0 to 1 (highly corrupt).
Academic freedom in- V-Dem Extent to which universities are autonomous from the state, and aca- 35 0.852 0.175 0.070 0.965
dex demics can research, teach, publish, express opinions, and participate in

academic bodies without interference, censorship, or institutional restric-

tions. The index ranges from 0 to 1 (most free).
Deliberative ~ democ- V-Dem Extent to which universities are autonomous from the state, and aca- 35 0.620 0.208 0.097 0.876
racy index demics can research, teach, publish, express opinions, and participate in

academic bodies without interference, censorship, or institutional restric-

tions. The index ranges from 0 to 1 (most democratic).
Egalitarian democracy V-Dem Extent of voting rights, the freedom and fairness of elections, freedoms of 35 0.635 0.178 0.227 0.877
index association and expression, and the protection of rights, access to power,

and distribution of resources being equal. The index ranges from 0 to 1

(most democratic).
Liberal democracy in- V-Dem Extent of voting rights, the freedom and fairness of elections, freedoms of 35 0.646 0.198 0.119 0.882
dex association and expression, civil liberties, and executive constraints. The

index ranges from 0 to 1 (most democratic).
Electoral democracy V-Dem Extent to which political leaders are elected under comprehensive voting 35 0.744 0.169 0.288 0.915
index rights in free and fair elections, and freedoms of association and expression

are guaranteed. The index ranges from 0 to 1 (most democratic).
Corruption UNODC Unlawful acts as defined in the United Nations Convention against cor- 32 25.045 38.702 0.179 204.308

ruption and other national and international legal instruments against

corruption.
Other forms of corrup- UNODC Other acts of corruption includes embezzlement, abuse of functions, trad- 28 23.811 39.765 0.000 200.468
tion ing in influence, illicit enrichment and all other acts of corruption not

mentioned above.
Bribery UNODC Promising, offering, giving, soliciting, or accepting an undue advantage 31 5.075 11.389 0.099 63.330

to or from a public official or a person who directs or works in a private
sector entity, directly or indirectly, in order that the person act or refrain

from acting in the exercise of his or her official duties.
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Table 1.A.1 continued from previous page

Variable Data source Description Obs. Mean Std. D. Min Max
Fraud UNODC Obtaining money or other benefit, or evading a liability through deceit or 29 405.716 501.598 6.624 2479.049
dishonest conduct.
EQI Corruption EQI Corruption pillar: citizens’ perceptions and experiences of bribery, nepo- 210 0.000 1.000 -2.177 2.010
tism, or misuse of public office. Higher scores correspond to lower per-
ceived or experienced corruption.
EQI Corruption per- EQI Corruption sub-pillar: citizens’ perceptions of corruption in key public 210 0.000 1.000 -2.655 2.177
ceptions services, such as police, education, and health care. Higher scores indicate
lower perceived corruption in regional public institutions.
EQI Corruption expe- EQI Corruption sub-pillar: citizens’ perceptions of corruption in key public 210 0.000 1.000 -3.295 1.449
riences services, such as police, education, and health care. Higher scores indicate
fewer personal experiences with corruption.
EQI Quality EQI Quality pillar: how citizens perceive the quality of healthcare, education, 210 0.000 1.000 -2.337 2.197
and law enforcement. Higher scores reflect better perceived quality of
public services.
EQI Impartiality EQI Impartiality pillar: whether public services are perceived to be delivered 210 0.000 1.000 -2.223 2.410
without discrimination. Higher scores indicate more impartial service
provision.
EQI Index EQI Average of three EQI pillars. 210 0.000 1.000 -2.144 2.289
Control variables (WDI — yearly / Eurostat — yearly)
Previous whistleblower ~ Authors’ compi- Binary indicator for the presence of a horizontal (cross-sector) whistle- 35 0.457 0.505 0 1
law lation blower protection law as of 2021, and time-varying dummy that switches
to one in the year a horizontal whistleblower protection law was adopted
(before 2021).
Total population (log) WDI Log of total population. 35 15.678 1.377 13.159 18.248
Rural population (%) WDI Rural population (% of total population). 35 29.364 13.882 1.883 57.002
Agriculture value WDI Agriculture, forestry, and fishing, value added (% of GDP). 35 3.550 3.472 0.191 18.358
added (%)
GDP per capita (log) WDI Log of GDP per capita, PPP (constant 2021 international §). 35 10.630 0.498 9.660 11.835
Employment rate (%) WDI Employment to population ratio, 15+, total (% of total population, mod- 35 54.202 6.401 42.439 71.937

eled ILO).
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Table 1.A.1 continued from previous page

Variable Data source Description Obs. Mean Std. D. Min Max
Female  employment WDI Employment to population ratio, 15+, female (% of female population, 35 48.206 8.258 27.934 70.243
rate (%) modeled ILO).
Women in national WDI-IPU Share of parliamentary seats held by women in the lower or single chamber 35 30.574 9.857 13.100 47.000
parliaments (%) of the national legislature, as reported by the Inter-Parliamentary Union.
Labor force with inter- WDI Share of total working-age population with intermediate education. 32 63.256 5.060 56.724 75.188
mediate education (%)
Part-time female em- WDI Part-time employment, female (% of female employment). 33 36.853 17.194 6.620 77.840
ployment (%)
Participatory democ- ~WDI-V-Dem Extent of voting rights, the freedom and fairness of elections, freedoms of 35 0.521 0.137 0.175 0.696
racy index association and expression, and citizens being able to engage in regional
and local government, civil society organizations, and direct democracy.
The index ranges from 0 to 1 (most democratic).

Total population (log) Eurostat (re- Log of regional population. 210 14.166 0.913 10.313 16.702

gional)
Unemployment  rate Eurostat (re-  Unemployed regional population, total (% of total regional population). 206 6.542 4.180 1.600 21.400
(%) gional)
Female unemployment Eurostat (re-  Unemployed female regional population, female (% of female regional pop- 194 7.421 5.329 1.500 24.100
rate (%) gional) ulation).
Population w/ upper FEurostat (re- Regional population with upper secondary education, total (% of total 209 47.018 12.733 20.500 73.800
secondary  education  gional) regional population).
(%)
Female population w/  Eurostat (re-  Female regional population with upper secondary education, female (% 209 44.287 11.696 19.000 69.900
upper secondary edu- gional) of female regional population).
cation (%)
GDP per capita (log) Eurostat (re- Log of regional GDP per capita, PPP (2020). 205 10.254 0.377 9.116 11.366

gional)

Mechanisms and other mediators (Eurobarometer: corruption — 2013, 2017, 2019, 2022, 2023 /
OECD - 2018, 2019-21 / Eurobarometer: institutional trust — 2018, 2020)
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Table 1.A.1 continued from previous page

Variable Data source Description Obs. Mean Std. D. Min Max
Knowledge of . Lo
. Eurobarometer Share of respondents who said they know where to report corruption if 27 0.426 0.093 0.270 0.650
reporting channels
they were to experience it.
Corruption . . .
o Eurobarometer Share of respondents who experienced or witnessed corruption and re- 27 0.185 0.120 0.030 0.440
reporting
ported it.
Reporting barrier: un- Eurobarometer Share of respondents who selected “do not know where to report it” as 27 0.205 0.072 0.120 0.370
clear reporting chan- one of the main reasons why people do not report corruption.
nels
Reporting barrier: dif- Eurobarometer Share of respondents who selected “difficult to prove anything” as one of 27 0.447 0.096 0.250 0.610
ficulty to prove the main reasons why people do not report corruption.
R ting barrier:
ceporting .arrler Eurobarometer Share of respondents who selected “reporting it would be pointless because 27 0.334 0.077 0.200 0.530
lack of punishment
those responsible will not be punished” as one of the main reasons why
people do not report corruption.
R ting barrier:
SPOTURg aniler Eurobarometer Share of respondents who selected “there is no protection for those who 27 0.297 0.075 0.150 0.490
lack of protection
report corruption” as one of the main reasons why people do not report
corruption.
Low tolerance to cor- Eurobarometer Share of respondents who consider corruption to be “unacceptable”. 27 0.648 0.146 0.380 0.880
ruption
Presence of . e . .
i Eurobarometer Share of respondents who believe corruption is “widespread” in their coun- 27 0.726 0.216 0.220 0.970
corruption
try.
E i i
Xperl:_nce ° Eurobarometer Share of respondents who experienced or witnessed corruption. 27 0.071 0.034 0.020 0.150
corruption
Perceived effective-  Eurobarometer Share of respondents who agreed with the statement "government efforts 27 0.315 0.086 0.150 0.500
ness of government to combat corruption are effective".
anti-corruption efforts
Perceived effectiveness  Eurobarometer Share of respondents who agreed with the statement "there are enough 27 0.339 0.095 0.170 0.580
of corruption prosecu- successful prosecutions in my country to deter people from corrupt prac-
tions tices".
Trust in the govern- OECD, 2018 Share of respondents who reported having confidence in the national gov- 26 0.424 0.153 0.220 0.760

ment

ernment.
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Table 1.A.1 continued from previous page

Variable Data source Description Obs. Mean Std. D. Min Max
Trust in the govern- OECD, 2019-21 Share of respondents who reported having confidence in the national gov- 26 0.444 0.159 0.214 0.760
ment average ernment.
Trust in the R
udici Eurobarometer, Share of respondents who reported that they tend to trust the justice/legal 27 0.496 0.196 0.190 0.870
judiciary
2018 system in their country.
Trust in the :
. . . Eurobarometer, Share of respondents who reported that they tend to trust the public 27 0.510 0.176 0.180 0.770
public administration
2018 administration in their country.
Trust in the .
. Eurobarometer, Share of respondents who reported that they tend to trust the written 32 0.482 0.136 0.250 0.760
written press
2018 press in their country.
My voice counts in na-  Eurobarometer, Share of respondents who agreed with the statement "my voice counts in 27 0.596 0.184 0.290 0.930
tional decision-making 2019 my country".
Political interest index  Eurobarometer, Share of respondents who showed strong political interest (Eurobarome- 32 0.171 0.077 0.060 0.410
2018 ter’s calculation)
OECD member Author’s compi- If member of OECD (as of 2021). 35 0.657 0.482 0.000 1.000
lation
EU maturity Author’s compi- N. of years of EU membership(as of 2021). 35 24.800 21.909 0.000 63.000
lation
EU is going in the right  Eurobarometer, Share of respondents who feel that "things are going in the right direction 32 0.369 0.143 0.180 0.840
direction 2018 in the EU".
EU is going in the right  Eurobarometer, Share of respondents who feel that "things are going in the right direction 27 0.316 0.073 0.180 0.480
direction 2020 in the EU".
Trust in EU Eurobarometer, Share of respondents who reported that they tend to trust the EU. 32 0.475 0.112 0.250 0.720
2018
My voice counts in EU  Eurobarometer, Share of respondents who agreed with the statement "my voice counts in 27 0.488 0.157 0.230 0.770
decision-making 2019 the EU".
European political ~ Eurobarometer, Share of respondents who reported that they "frequently discuss European 32 0.137 0.059 0.040 0.240
matters are discussed 2018 political matters with their friends".
with friends
Understanding of how  Eurobarometer, Share of respondents who agreed with the statement "I understand how 32 0.626 0.094 0.440 0.820
the EU works 2018 the EU works".
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Table 1.A.2: Balance of covariates (values for 2021)

Treatment group Treatment group

Control group Control group

Control group

Control group

Variable (mean) (obs.) EU members EU members P-value EU members & EU members & P-value
’ (mean) (obs.) candidates (mean) candidates (obs.)
Country-level variables
Previous whistleblower law 0.700 10 0.235 17 0.017** 0.360 25 0.072*
Total population 15.302 10 16.130 17 0.128 15.828 25 0.314
Rural population 25.530 10 26.324 17 0.883 30.897 25 0.309
Agriculture, forestry, and fishing, value added 2.047 10 2.185 17 0.783 4.151 25 0.106
GDP per capita 10.877 10 10.808 17 0.628 10.531 25 0.062*
Employment rate 56.484 10 54.210 17 0.270 53.290 25 0.186
Female employment rate 51.484 10 48.518 17 0.211 46.895 25 0.140
Share of women in parliament 30.420 10 30.718 17 0.943 30.636 25 0.954
Labor force with intermediate education 65.335 10 61.823 17 0.067* 62.311 22 0.119
Part time female employment 39.794 10 42.428 17 0.667 35.575 23 0.526
Participatory democracy index 0.602 10 0.562 17 0.258 0.489 25 0.027**
Regional-level variables
Total population (log) 14.075 59 14.201 151 0.369 n/a n/a n/a
Unemployment rate (%) 6.481 58 6.566 148 0.896 n/a n/a n/a
Female unemployment rate (%) 6.693 56 7.717 138 0.226 n/a n/a n/a
Population w/ upper secondary ed. (%) 42.390 58 48.795 151 0.001 n/a n/a n/a
Female population w/ upper secondary ed. (%) 38.795 58 46.397 151 0.000 n/a n/a n/a
GDP per capita (log) 10.302 56 10.236 149 0.260 n/a n/a n/a

Notes: The table presents means, observations, and p-values from two-sample t-tests evaluating covariate balance between early adopters (treatment group) and two specifications of late
adopters (control groups): (1) EU members only and (2) EU members and candidate countries. P-values are based on standard country-clustered errors. Significance levels: *** p<0.01,

** p<0.05, * p<0.10.
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Table 1.A.3: Robustness check: EQI indicators (placebo outcomes)

. EQI EQI
Variable EQI Quality Impartiality
(1) (2) (3) (1) (2) (3) (1) (2) (3)

Early transposition 0.024 0.022 -0.022 -0.038 -0.037 -0.068 0.128 0.055 0.021

[0.084] [0.092] [0.115] [0.115] [0.118] [0.119] [0.086] [0.090] [0.114]
Post transposition of EU Directive 0.181%* 0.127 0.125 0.101 0.178 0.047 0.047 -0.082 -0.062

[0.078] [0.099] [0.191] [0.109] [0.115] [0.236] [0.162] [0.196] [0.205]
Observations 1050 933 571 1050 933 571 1050 933 571
R-squared 0.081 0.091 0.185 0.054 0.067 0.344 0.084 0.081 0.158
Control mean (2021) 9.52e-06 9.52e-06 9.52e-06 4.76e-06 4.76e-06 4.76e-06 1.43e-05 1.43e-05 1.43e-05
Number of regions 210 202 198 210 202 198 210 202 198
EU candidates included NO NO NO NO NO NO NO NO NO
Country controls YES YES YES YES YES YES YES YES YES
Regional controls NO YES YES NO YES YES NO YES YES
Two lags of dependent variable included NO NO YES NO NO YES NO NO YES
Clust. P-value 0.778 0.816 0.852 0.746 0.753 0.572 0.148 0.550 0.855
Boot. Std. Error 0.0840  0.0920 0.115 0.115 0.118 0.119 0.0859  0.0904 0.114
Boot. P-value 0.805 0.842 0.891 0.790 0.810 0.684 0.205 0.616 0.889

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on regional-level EQI dimensions of quality of public services such as
education, healthcare, and police, and impartiality in their access. All models include country and year fixed effects and the full list of time-varying country controls. Models (2) and (3)
include time-varying regional controls too. Models (3) additionally control for two lags of the dependent variable. Standard errors (in brackets) are clustered by country. P-values are
reported from both cluster-robust and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.

[ HHLdVHD



Ly

Table 1.A.4: Robustness check: WGI indicators (placebo outcomes)

Variable

Government Political Rule of Regulatory Voice &
effectiveness stability law quality accountability

(1) 2 ®3) (1) (2) (3) (1) 2 ®3) (1) (2) 3) (1) 2 (3)

Early transposition

Post transposition of EU Directive

Observations

R-squared

Control mean (2021)

Number of countries

EU candidates included

Country controls

Two lags of dependent variable included
Clust. P-value

Boot. Std. Error

Boot. P-value

0022 -0.006  0.009 0011  -0.020 -0.015 0006 0011 0012 0057 0058 0034 0004 0.022 -0.010
[0.068]  [0.064] [0.031] [0.055]  [0.061] [0.037] [0.056] [0.052] [0.020] [0.066] [0.064] [0.031] [0.029] [0.034] [0.014]

04197 _0.255%* -0.284%F  -0.333%* -0.127 -0.070 -0.031 0.025 -0.193 -0.063 0.023 0.079 0.115% 0.061**
(0.117]  [0.116] (0.129]  [0.128] [0.081] [0.092] [0.086] [0.024] [0.115] [0.092] [0.044] [0.047] [0.065] [0.029)]
378 468 403 378 468 403 378 468 403 378 468 403 378 468 403

0.332 0.264 0.596 0.365 0.252 0.537 0.404 0.388 0.671 0.151 0.203 0470 0.398 0486  0.774
0.726 0.726 0.726 0.491 0.491 0.491  0.758 0.758 0.758  0.905 0.905 0.905 0.799  0.799  0.799

27 35 35 27 35 35 27 35 35 27 35 35 27 35 35
NO YES YES NO YES YES NO YES YES NO YES YES NO YES YES
YES YES YES YES YES YES YES YES YES YES YES YES YES YES YES
NO NO YES NO NO YES NO NO YES NO NO YES NO NO YES

0.753 0.930 0.766 0.845 0.744 0.685 0915 0.835 0563 0.396 0372 0.286 0.893 0.511  0.468
0.0681 0.0637  0.0305 0.0547 0.0611  0.0372 0.0559 0.0522 0.0204 0.0654 0.0637 0.0313 0.0293 0.0337 0.0138
0.773 0.933 0.776 0.851 0.753 0.711 0919 0.844 0570 0453 0.425 0313 0902 0.556  0.472

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level governance measures, using the WGI dimensions of
government effectiveness, political stability, rule of law, regulatory quality, and voice and accountability. All models include country and year fixed effects and the full list of time-varying
country controls. Models (2) and (3) include EU candidates too. Models (3) additionally control for two lags of the dependent variable. Standard errors (in brackets) are clustered by
country. P-values are reported from both cluster-robust and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.A.5: Robustness check: V-Dem democracy indicators (placebo outcomes)

Variable Academic Deliberative Egalitarian Liberal Electoral
freedom democracy index democracy index democracy index democracy index
(1) (2) (3) (1) (2) 3) (1) (2) (3) (1) (2) (3) (1) (2) (3)

Early transposition 0.014 0.012  -0.003 -0.006  -0.007 -0.008 -0.006 -0.005  -0.009 0.001 0.003 0.001 0.001 0.000 -0.001

[0.014] [0.016] [0.010] [0.013]  [0.012] [0.011] [0.007] [0.007]  [0.005] [0.008] [0.007] [0.005] [0.006] [0.006] [0.004]
Post transposition of EU Directive -0.035 0.009 -0.014 -0.045** -0.036* -0.028 -0.019 -0.018 -0.011  -0.023 -0.019 -0.008 -0.004 0.003 0.005

[0.021] [0.029]  [0.009] [0.021]  [0.018] [0.018] [0.018] [0.013] [0.009] [0.018] [0.012] [0.008] [0.015] [0.010]  [0.007]
Observations 378 468 403 378 468 403 378 468 403 378 468 403 378 468 403
R-squared 0.654 0.619 0.810 0.728 0.773  0.752 0.849 0.875 0.901 0.830 0.868 0.915 0.873 0.903 0.938
Control mean (2021) 0.852  0.852 0.852 0.620 0.620  0.620 0.635 0.635 0.635 0.646 0.646 0.646 0.744 0.744 0.744
Number of countries 27 35 35 27 35 35 27 35 35 27 35 35 27 35 35
EU candidates included NO YES YES NO YES YES NO YES YES NO YES YES NO YES YES
Country controls YES YES YES YES YES YES YES YES YES YES YES YES YES YES YES
Two lags of dependent variable included ~ NO NO YES NO NO YES NO NO YES NO NO YES NO NO YES
Clust. P-value 0.344  0.452 0.763 0.646 0.533  0.466 0.456 0.456 0.127 0.877 0.709 0.834 0.846 0.948 0.873
Boot. Std. Error 0.0143 0.0156 0.00970 0.0134  0.0119 0.0108 0.00744 0.00697 0.00546 0.00775 0.00680 0.00542 0.00592 0.00586 0.00405
Boot. P-value 0.389 0471 0.771 0.671 0.551 0.481 0.468 0.471 0.146 0.870 0.702 0.840 0.858 0.953 0.884

Note: This table reports DiD estimates of the transposition effect of the EU Whistleblower Protection Directive on country-level democracy measures, using the V-Dem dimensions of
participatory, deliberative, egalitarian, liberal, and electoral democracy. All models include country and year fixed effects and the full list of time-varying country controls. Models (2)
and (3) include EU candidates too. Models (3) additionally control for two lags of the dependent variable. Standard errors (in brackets) are clustered by country. P-values are reported
from both cluster-robust and wild bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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1.A. ADDITIONAL TABLES AND FIGURES

Figure 1.A.2: Visual DiD diagnostics of pre-treatment trends in control of corrup-
tion (WGI) and public sector corruption index (V-Dem) when only EU members
are included in the control group
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Table 1.A.6: Heterogeneity analysis of reporting behaviour and corruption-related
perceptions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
1) (2) ) (2)
High knowledge of reporting channels (Eurobarometer 2019)
Early transposition -0.060 0.004 0.026 0.011
[0.066] [0.037] [0.019] [0.013]
Early transp. * High knowledge of reporting channels 0.034 -0.032 0.004 0.011
[0.100] [0.041] [0.016] [0.009]
Post transposition of EU Directive 0.176* 0.088 -0.052 -0.031*
[0.103] [0.065] [0.033] [0.018]
Observations 378 324 378 324
R-squared 0.363 0.711 0.397 0.628
Control mean (2019) 0.770 0.770 0.159 0.159
Coeff: T + T*Mediator = 0 -0.0263 -0.0275 0.0299 0.0215
P-value: T + T*Mediator = 0 0.761 0.325 0.0139** 0.023**
Unclear reporting channels highly perceived as a reporting barrier (Eurobarometer 2019)
Early transposition -0.099 -0.032 0.032%* 0.021*
[0.086] 0.022] [0.013] [0.010]
Early transp. * Unclear reporting channels barrier 0.157 0.041 -0.010 -0.008
[0.111] [0.036] [0.011] [0.008]
Post transposition of EU Directive 0.187* 0.084 -0.052 -0.029
0.099] [0.063] [0.033] [0.017]
Observations 378 324 378 324
R-squared 0.375 0.712 0.398 0.627
Control mean (2019) 0.500 0.500 0.192 0.192
Coeff: T + T*Mediator = 0 0.0582 0.0086 0.0227 0.0124
P-value: T + T*Mediator = 0 0.399 0.824 0.127 0.222
Difficulty to prove highly perceived as a reporting barrier (Eurobarometer 2019)
Early transposition -0.151 -0.005 0.031%* 0.014
[0.093] [0.028] [0.014] [0.011]
Early transp. * Difficulty to prove barrier 0.221%* -0.022 -0.006 0.007
[0.113] [0.040] [0.013] [0.010]
Post transposition of EU Directive 0.148 0.087 -0.051 -0.030
[0.110] [0.068] [0.033] [0.018]
Observations 378 324 378 324
R-squared 0.384 0.711 0.397 0.627
Control mean (2019) 0.457 0.457 0.185 0.185
Coeff: T + T*Mediator = 0 0.0704 -0.0269 0.0259 0.0209
P-value: T + T*Mediator = 0 0.215 0.428 0.0715* 0.0714*
High perceived pervasiveness of corruption (Eurobarometer 2019)
Early transposition 0.058 0.009 0.023 0.012
[0.068] [0.038] [0.014] [0.010]
Early transp. * High perceived corruption pervasiveness -0.157 -0.041 0.010 0.008
[0.111] [0.036] [0.011] [0.008]
Post transposition of EU Directive 0.187* 0.084 -0.052 -0.029
[0.099] [0.063] [0.033] [0.017]
Observations 378 324 378 324
R-squared 0.375 0.712 0.398 0.627
Control mean (2019) 1.402 1.402 0.0858 0.0858
Coeff: T + T*Mediator = 0 -0.0986 -0.0320 0.0323 0.0209
P-value: T + T*Mediator = 0 0.261 0.162 0.0158** 0.0543*
High experience of corruption (Eurobarometer 2019)
Early transposition 0.015 -0.005 0.023* 0.015
[0.057] [0.029] [0.012] [0.010]
Early transp. * High experience of corruption -0.164 -0.034 0.019 0.008
[0.141] [0.034] [0.014] [0.010]
Post transposition of EU Directive 0.196* 0.086 -0.053 -0.030*
[0.097] [0.063] [0.033] [0.017]
Observations 378 324 378 324
R-squared 0.374 0.711 0.400 0.627
Control mean (2019) 1.312 1.312 0.0699 0.0699
Coeff: T + T*Mediator = 0 -0.149 -0.0395 0.0413 0.0230
P-value: T + T*Mediator = 0 0.254 0.154 0.0172%* 0.0588*
Number of countries 27 27 27 27
EU candidates included NO NO NO NO
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline reporting behaviour and other corruption-related perceptions. All models include country and year fixed
effects and the full list of time-varying country controls. Models (2) additionally control for two lags of the dependent
variable. Standard errors (in brackets) are clustered by country. P-values are reported from both cluster-robust
and wild bootstrap tests with 20,000 replications. Signigﬁmce levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.A.7: Heterogeneity analysis of readiness of and trust in national institutions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
(1) (2) (1) (2)
Institutional preparedness (author-compiled measures)
Early transposition -0.11 -0.008 0.021 0.015%*
[0.131] [0.033] [0.015] [0.007]
Early transposition * Institutional preparedness 0.139 0.003 0.008 0.001
[0.137] [0.036] [0.015] [0.008]
Post transposition of EU Directive 0.219%* 0.116* -0.102%%* -0.040%**
[0.098] [0.061] [0.033] [0.013]
Observations 468 403 468 403
R-squared 0.307 0.722 0.416 0.694
Control mean (2021) 0.817 0.817 0.192 0.192
Number of countries 35 35 35 35
Coeff: T + T*Mediator = 0 0.0291 -0.00525 0.0288 0.0159
P-value: T + T*Mediator = 0 0.531 0.822 0.0536* 0.126
High trust in the government (OECD 2018)
Early transposition 0.061 -0.028 0.044%* 0.026*
[0.055] [0.028] [0.019] [0.014]
Early transposition * High trust (2018) -0.003 0.041 -0.026 -0.008
[0.060] [0.035] [0.021] [0.012]
Post transposition of EU Directive 0.272%%* 0.113* -0.094%* -0.033*
[0.094] 0.063] [0.044] [0.019]
Observations 364 312 364 312
R-squared 0.442 0.680 0.428 0.654
Control mean (2018) 0.533 0.533 0.178 0.178
Number of countries 26 26 26 26
Coeff: T + T*Mediator = 0 0.058 0.0131 0.0182 0.0179
P-value: T + T*Mediator = 0 0.15 0.598 0.242 0.0255%*
High trust in the government (OECD 201921 average)
Early transposition 0.061 -0.028 0.044** 0.026*
[0.055] [0.028] [0.019] [0.014]
Early transposition * High trust (2019-21) -0.003 0.041 -0.026 -0.008
[0.060] [0.035] [0.021] [0.012]
Post transposition of EU Directive 0.272%%* 0.113* -0.094%* -0.033*
[0.094] [0.063] [0.044] [0.019]
Observations 364 312 364 312
R-squared 0.442 0.680 0.428 0.654
Control mean (2019-21 avg.) 0.464 0.464 0.187 0.187
Number of countries 26 26 26 26
Coeff: T + T*Mediator = 0 0.058 0.0131 0.0182 0.0179
P-value: T + T*Mediator = 0 0.15 0.598 0.242 0.0255%*
EU candidates included YES YES YES YES
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline readiness of and trust in national institutions. All models include country and year fixed effects and the
full list of time-varying country controls. Models (2) additionally control for two lags of the dependent variable.
Standard errors (in brackets) are clustered by country. P-values are reported from both cluster-robust and wild
bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.A.7 (continued): Heterogeneity analysis of readiness of and trust in national
institutions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
(1) (2) ) (2)
Trust in the national justice system (Eurobarometer 2018)
Early transposition -0.095 -0.037* 0.027** 0.017
[0.075] [0.021] [0.013] [0.010]
Early transposition * High trust in judiciary 0.205* 0.075%* 0.007 0.001
[0.105] (0.035] [0.011] [0.007]
Post transposition of EU Directive 0.195*% 0.089 -0.051 -0.029*
[0.098] [0.062] [0.032] [0.017]
Observations 378 324 378 324
R-squared 0.380 0.713 0.397 0.626
Control mean (2018) 0.464 0.464 0.183 0.183
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 0.11 0.0382 0.0337 0.0185
P-value: T + T*Mediator = 0 0.126 0.327 0.0425%* 0.0672*
My voice counts in my country (Eurobarometer 2019)
Early transposition -0.089 -0.038 0.026** 0.020%*
[0.094] [0.024] [0.011] [0.010]
Early transp. * High perceived voice 0.104 0.043 0.005 -0.005
[0.105] [0.029] [0.012] [0.008]
Post transposition of EU Directive 0.193* 0.087 -0.051 -0.029*
[0.100] 0.063] [0.032] [0.017]
Observations 378 324 378 324
R-squared 0.368 0.712 0.397 0.627
Control mean (2019) 0.491 0.491 0.176 0.176
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 0.0147 0.00556 0.0311 0.015
P-value: T + T*Mediator = 0 0.812 0.856 0.0658* 0.163
Political interest (Eurobarometer 2018)
Early transposition 0.025 -0.019 0.022 0.020*
[0.055] [0.024] [0.014] [0.010]
Early transp. * Strong political interest index -0.1 0.019 0.008 -0.004
[0.105] 0.029] [0.013] [0.007]
Post transposition of EU Directive 0.208** 0.093 -0.103** -0.034**
[0.096] [0.063] 10.043] [0.016]
Observations 436 375 436 375
R-squared 0.311 0.708 0.376 0.633
Control mean (2018) 0.666 0.666 0.174 0.174
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 -0.0745 0.000438 0.0295 0.0154
P-value: T + T*Mediator = 0 0.468 0.987 0.0441%* 0.0414%**
EU candidates included YES YES YES YES
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline readiness of and trust in national institutions. All models include country and year fixed effects and the
full list of time-varying country controls. Models (2) additionally control for two lags of the dependent variable.
Standard errors (in brackets) are clustered by country. P-values are reported from both cluster-robust and wild
bootstrap tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.A.8: Heterogeneity analysis of interest and trust in EU institutions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
(1) (2) 1) (2)
OECD membership (author-compiled measures)
Early transposition -0.217%* -0.007 0.033** 0.014*
0.099] [0.027] [0.013] [0.008]
Early transposition * OECD membership 0.286%** 0.002 -0.01 0.002
[0.104] [0.029] [0.016] [0.007]
Post transposition of EU Directive 0.190* 0.115* -0.103%*** -0.040%**
[0.099)] [0.062] [0.033] [0.013]
Observations 468 403 468 403
R-squared 0.328 0.722 0.416 0.694
Control mean (2021) -0.129 -0.129 0.402 0.402
Number of countries 35 35 35 35
Coeff: T + T*Mediator = 0 0.0691 -0.0057 0.0231 0.016
P-value: T + T*Mediator = 0 0.163 0.808 0.137 0.0872*
EU maturity (author-compiled measures)
Early transposition -0.04 0.028 0.051%** 0.019
[0.080] [0.024] [0.018] [0.014]
Early transposition * High EU maturity 0.023 -0.039 -0.028 -0.004
[0.083] [0.035] [0.017] [0.011]
Post transposition of EU Directive 0.196* 0.118* -0.101%** -0.040%**
[0.111] [0.063] [0.033] [0.013]
Observations 468 403 468 403
R-squared 0.300 0.722 0.418 0.694
Control mean (2021) -0.238 -0.238 0.474 0.474
Number of countries 35 35 35 35
Coeff: T + T*Mediator = 0 -0.0173 -0.0103 0.0232 0.0151
P-value: T + T*Mediator = 0 0.78 0.648 0.0822* 0.0729*
EU support (Eurobarometer 2018)
Early transposition -0.083 -0.023 0.017 0.009
[0.100] [0.035] [0.013] [0.007]
Early transposition * High EU support (2018) 0.115 0.022 0.015 0.016*
[0.099] [0.036] [0.013] [0.009]
Post transposition of EU Directive 0.219** 0.100 -0.099%* -0.031%*
[0.096] [0.064] [0.043] [0.015]
Observations 436 375 436 375
R-squared 0.312 0.708 0.378 0.635
Control mean (2018) 1.188 1.188 0.125 0.125
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 0.0317 -0.000807 0.0316 0.025
P-value: T + T*Mediator = 0 0.548 0.971 0.042** 0.0235%*
EU support (Eurobarometer 2020)
Early transposition -0.100 -0.027 0.017 0.008
[0.101] [0.036] [0.012] [0.008]
Early transposition * High EU support (2020) 0.110 0.019 0.021* 0.017*
[0.098] [0.037] [0.011] [0.009]
Post transposition of EU Directive 0.206* 0.087 -0.047 -0.025
[0.102] [0.066] [0.033] [0.017]
Observations 378 324 378 324
R-squared 0.368 0.711 0.401 0.630
Control mean (2020) 1.100 1.100 0.121 0.121
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 0.0106 -0.00812 0.038 0.0252
P-value: T + T*Mediator = 0 0.845 0.742 0.0143** 0.0473%*
EU candidates included YES YES YES YES
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline interest and trust in EU institutions. All models include country and year fixed effects and the full list
of time-varying country controls. Models (2) additionally control for two lags of the dependent variable. Standard
errors (in brackets) are clustered by country. P-values are reported from both cluster-robust and wild bootstrap
tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 1.A.8. (continued): Heterogeneity analysis of interest and trust in EU insti-
tutions

Variable Control of corruption (WGI) Public sector corruption (V-Dem)
(1) (2) 1) (2)
Trust in EU (Eurobarometer 2018)
Early transposition -0.101 -0.036 0.032* 0.015
[0.100] [0.025] [0.016] [0.010]
Early transp. * High trust in EU 0.143 0.043 -0.012 0.005
[0.116] [0.035] [0.016] [0.008]
Post transposition of EU Directive 0.206** 0.100 -0.102%* -0.034**
[0.095] [0.062] [0.043] [0.016]
Observations 436 375 436 375
R-squared 0.316 0.708 0.377 0.633
Control mean (2018) 0.390 0.390 0.234 0.234
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 0.0418 0.00772 0.0201 0.0199
P-value: T + T*Mediator = 0 0.496 0.79 0.142 0.0289**
My voice counts in EU (Eurobarometer 2019)
Early transposition -0.070 -0.051%* 0.023* 0.018*
0.092] [0.018] [0.012] [0.010]
Early transp. * High perceived voice in EU 0.067 0.075%* 0.012 -0.001
[0.108] [0.029] [0.013] [0.008]
Post transposition of EU Directive 0.193* 0.097 -0.050 -0.029
[0.100] [0.064] [0.032] [0.017]
Observations 378 324 378 324
R-squared 0.365 0.714 0.398 0.626
Control mean (2019) 0.576 0.576 0.163 0.163
Number of countries 27 27 27 27
Coeff: T + T*Mediator = 0 -0.00286 0.0239 0.0349 0.0171
P-value: T + T*Mediator = 0 0.966 0.444 0.0353** 0.114
Interest in EU politics (Eurobarometer 2018)
Early transposition -0.012 -0.006 0.021 0.016
[0.053] [0.024] [0.014] [0.010]
Early transp. * High interest in EU politics -0.014 -0.010 0.010 0.005
[0.108] [0.036] [0.014] [0.010]
Post transposition of EU Directive 0.200%* 0.097 -0.103%* -0.036%*
0.097] [0.063] [0.044] [0.016]
Observations 436 375 436 375
R-squared 0.307 0.707 0.377 0.633
Control mean (2018) 0.699 0.699 0.184 0.184
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 -0.026 -0.0165 0.0308 0.0206
P-value: T + T*Mediator = 0 0.808 0.621 0.0402%** 0.0285%*
Understanding of how the EU works (Eurobarometer 2018)
Early transposition -0.052 -0.022 0.023 0.015
[0.057] [0.023] [0.014] [0.010]
Early transp. * High understanding of EU 0.068 0.023 0.004 0.006
[0.086] [0.030] [0.016] [0.009]
Post transposition of EU Directive 0.192* 0.095 -0.102%* -0.035%*
[0.103] [0.063] [0.044] [0.016]
Observations 436 375 436 375
R-squared 0.309 0.708 0.376 0.633
Control mean (2018) 0.563 0.563 0.220 0.220
Number of countries 32 32 32 32
Coeff: T + T*Mediator = 0 0.0162 0.0015 0.0274 0.021
P-value: T + T*Mediator = 0 0.855 0.96 0.0807* 0.0214**
EU candidates included YES YES YES YES
Country controls YES YES YES YES
Two lags of dependent variable included NO YES NO YES

Note: The table reports heterogeneity tests examining whether the transposition effect of the EU Whistleblower
Protection Directive on country-level perceptions of corruption (using the WGI and V-Dem indices) varies by
baseline interest and trust in EU institutions. All models include country and year fixed effects and the full list
of time-varying country controls. Models (2) additionally control for two lags of the dependent variable. Standard
errors (in brackets) are clustered by country. P-values are reported from both cluster-robust and wild bootstrap
tests with 20,000 replications. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.

o4



Chapter 2

Combating corruption through
(mis)perception: Integrity training

and pluralistic ignorance in Ukraine

This paper examines the impact of formal integrity training on reducing corrupt
behaviour among intermediaries in a culture with widespread rule-breaking. We
collaborated with the USAID New Justice Program to offer an integrity training
course to undergraduate law students in Ukraine. Using a randomized design, stu-
dents were assigned to either receive the training or not. Afterwards, all students
participated in a bribery game, where they acted as intermediaries in a potentially
corrupt transaction. Some students also received information about their peers’
high participation in the integrity training. Results show that the training alone
did not significantly affect perceptions about corruption or corrupt behaviour. How-
ever, students exposed to the information treatment — regardless of whether they
themselves received the training — mistakenly believed that corruption would be
less common among trained peers and were thus significantly less likely to engage
in it. These findings suggest a silver lining of pluralistic ignorance: perceiving that
a training program shifts social norms, even when it does not, can still generate

positive behavioural change

9This chapter is joint work with Oana Borcan, Stephanie Heger, and Amrish Patel.
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CHAPTER 2

2.1 Introduction

Dishonest, fraudulent, and corrupt practices impose heavy societal costs. Globally,
corruption is estimated to cost more than $3.6 trillion annually — approximately 5%
of global GDP (World Economic Forum, 2018). In recent global surveys, roughly
1 in 4 adults worldwide reported having paid a bribe to access public services
(Transparency International, 2017). A significant portion of corruption is facilitated
by intermediaries, with 75% of cases involving a "middle man" (OECD, 2020).
This trend is alarming because intermediaries exacerbate corruption by reducing
transaction costs (Bayar, 2005), lowering the risk of detection (Hasker and Okten,
2008), and diminishing the moral costs associated with bribery (Drugov et al.,
2014). Moreover, detecting and punishing intermediaries is particularly difficult in
countries where rule-breaking is deeply embedded in the culture.

To address this, many organizations advocate for formal integrity education
programs, but little is known about their effectiveness (OECD, 2018). While early
research on integrity programs focused on self-reported measures of moral reasoning
and ethical judgment (Shaub, 1994; Desplaces et al., 2007), more recent research
examines the effects on actual behaviour although with mixed findings. The im-
pacts on behaviour in the lab are short-lived or are not reflected by real-world
outcomes (Mayhew and Murphy, 2009; Banerjee and Mitra, 2018; Harris et al.,
2022). Although integrity training may shape individual moral preferences or atti-
tudes, depending on content and delivery, it is unclear whether this carries over to
behaviour embedded in the social context, where beliefs and pressures from peers
and authority may run counter to the desired actions. This raises the question
of whether behaviour is shaped by integrity training interacted with social norms,
which can play a key role in supporting corruption (Rothstein, 2000; Kobis et al.,
2015; Abbink et al., 2018).

This paper addresses this question by examining the impact of formal integrity
training and information about training prevalence on corrupt behaviour among
intermediaries in Ukraine, a culture where rule-breaking is widespread — nearly
70% of Ukrainians report making informal payments to healthcare workers, educa-

tion officials and law enforcement agents (Kiev International Institute of Sociology,
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2015).! In collaboration with the USAID New Justice Program, we developed and
implemented a program called "Training in Ethics, Integrity, and Anti-Corruption
for Law Students" (referred to as "integrity training") for undergraduate law stu-
dents in Ukraine in May 2021.2 The program was based on the university modules
on ethics, integrity, and anti-corruption developed by the United Nations Office on
Drugs and Crime (UNODC), adapted by a team of national experts who delivered
the training. To evaluate the program’s effectiveness, we randomly assigned law
students interested in the training into two groups: those who received an invita-
tion to participate in the course and those who did not (our control group). Due
to COVID-19, the course was delivered online.

Two months after the course, all participants were invited to participate in an on-
line bribery game, where they played the role of intermediaries and decided whether
to facilitate a corrupt transaction between a firm and a public official.> We then
introduced a second intervention: an information treatment in which both trained
and untrained students were randomly assigned either to receive information about
their peers’ high participation in the integrity training or to receive no additional
information. Importantly, the information treatment did not provide explicit social
norms about corruption but was intended to test whether participants’ perceptions
of the training prevalence affected their behaviour.

To structure our thinking on how integrity training and information impact
players’ decisions, we develop a dynamic game with incomplete information that
models a corrupt transaction between a firm and a public official facilitated by
an intermediary. Intermediaries decide whether to facilitate the transaction — by
informing the firm about the size of the bribe demanded — and whether to report

the true amount or inflate it to embezzle part of the payment. Their choices depend

!Ukraine ranks 104 out of 180 countries in the 2023 Transparency International Corruption
Perception Index (CPI), due to endemic corruption (Denisova-Schmidt and Prytula, 2017).

2The United States Agency for International Development (USAID) New Justice Program was
implemented in Ukraine from October 2016 to September 2021. The program was designed to
support the Judiciary, the Government, the Parliament, the Bar, Law Schools, Civil Society, Media
and Citizens to create the conditions for independent, accountable, transparent, and effective
justice system that upholds the rule of law and to fight corruption. The program has been
succeeded by the USAID Justice for All Activity in October 2021, which continues to actively
support the Ukrainian Government and its non-governmental partners.

3Previous research has also studied the role of intermediaries on facilitating corrupt behav-
ior (Abbink et al., 2002; Barr and Serra, 2010; Drugov et al., 2014). Unlike prior work where
intermediaries were passive participants, we place their decisions at the center of the analysis.
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on their moral costs and their beliefs about the average bribe demands of peers.
The model predicts that higher moral costs, as well as beliefs that peers reduced
bribery, lower both the likelihood of facilitating corruption and the size of the bribe
demanded. Our interventions aimed to increase the moral costs of corruption and
shift beliefs about prevailing norms.

Our experimental results suggest that the integrity training alone had little im-
pact on reducing corrupt behaviour. We hypothesized that training would reduce
corrupt behaviour by increasing awareness of the costs of corruption and by in-
creasing the moral costs of engaging in corruption. To investigate these channels,
we implemented a pre- and post- training survey which collected subjects’ per-
ceptions of corruption, and the moral foundations underlying their decisions and
judgements (Haidt, 2007).* We find that training alone has no effect on their per-
ceptions of corruption, attitudes about corruption, or the moral underpinnings of
their decisions.

We also elicited subjects’ beliefs about other subjects’ behaviour. We find that
subjects who received information about their peers’ participation in the training
believed that corruption would be less common and were thus also less likely to en-
gage in corrupt behaviour to align with their misperceived social norm; that is, we
document a form of pluralistic ignorance, a phenomenon by which misperceptions
of the norm leads to behaviour consistent with the misperceived norm (Cialdini
et al., 1990; Bicchieri, 2016; Tankard and Levy Paluck, 2016). Notably and similar
to Harris et al. (2022), we find that this effect was driven by first-year law stu-
dents (Junior students), who were less likely to facilitate corruption when informed
about the prevalence of training (and also embezzled slightly less, conditional on
facilitating). In our setting, the results suggest that younger students may be more
susceptible to these (mis)perceived social norms. While training alone did not
change the attitudes or moral considerations of the Junior students, information
about the prevalence of such training effectively shifted perceptions, fostered more
ethical norms, and reduced corrupt behaviour.

Our study contributes to three main strands of literature. First, we expand

4The Moral Foundations Theory measures how important various moral considerations are
when people decide whether a behaviour is right or wrong. The five dimensions are: harm/care,
fairness/reciprocity, ingroup/loyalty, authority /respect, purity /sanctity.
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an emerging economics literature on the impacts of ethics-based interventions on
behaviour. Very few studies have addressed such questions experimentally. Banerjee
and Mitra (2018) find that an ethics module among Indian MBA students had a
short-term effect on the likelihood of demanding a bribe, but no effect on bribe
size. Mayhew and Murphy (2009)’s quasi-experimental study reveals no direct
impact of training on students’ behaviour. Harris et al. (2022) find a long-term
positive effect of integrity training on the attitudes to corruption and individual
behaviour of Ghanian traffic police officers, but the impact on field outcomes that
are influenced by corruption (such as traffic violations sent to court) fades after 3
months. The effects were driven entirely by junior police officers, whose intrinsic
motivation to serve were reactivated by the training (pointing to the role of moral
costs). However, the disappearing effects on behaviour on the job raise questions
regarding the limitations of integrity training when actors operate in a system of
corrupt social norms. Our paper highlights that such programs may require several
complementary approaches: (1) a training component to increase awareness of how
corruption harms society, and (2) spreading information about the program to shift
social norms surrounding corrupt practices.

Second, we contribute to a growing literature on social norms and corruption
by highlighting the role of expectations about others’ behaviour in shaping corrupt
practices. Social norms reflect shared beliefs about what others do (descriptive
norms) and what they approve of (injunctive norms), and these expectations can
strongly influence behaviour. Individuals may engage in corruption not because
they endorse it, but because they perceive it to be widespread or socially expected.
Experimental and survey evidence shows that higher perceived prevalence of cor-
ruption is associated with higher perceived social acceptance of such behaviour and
greater engagement in corrupt acts (Abbink et al., 2018; K6bis et al., 2015; Tankard
and Levy Paluck, 2016; Kobis et al., 2022). Importantly, such expectations may be
systematically misperceived. An emerging literature documents how pluralistic ig-
norance in a variety of contexts drives societies to undesirable outcomes such as
support for racial segregation in the U.S. (O’Gorman, 1975), support among Saudi
men for women working outside the home in Saudi Arabia (Bursztyn et al., 2020),
the lack of action against climate change in the U.S. (Andre et al., 2024), and gender

gaps in labour supply (Boneva et al., 2024). By contrast, we document a "positive"
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side of pluralistic ignorance — students who learned about the high incidence of
integrity training among their peers overestimated the effectiveness of the training
and thus behaved more ethically to conform to the misperceived social norm.

Third, we contribute to a growing but still limited literature on the role of in-
termediaries in corruption. While anecdotal evidence suggests that middlemen are
ubiquitous, economic research on their role remains scarce. Existing work shows
that intermediaries can facilitate corruption by reducing uncertainty about whom
to bribe and how much to pay, lowering detection risks, and diminishing the moral
or psychological costs associated with corrupt exchanges (Bayar, 2005; Hasker and
Okten, 2008; Drugov et al., 2014). Closest to our study, Drugov et al. (2014), exper-
imentally show that the presence of intermediaries increases corruption by reducing
the moral costs faced by both bribers and public officials. In their design, however,
intermediaries play a passive role. In contrast, we study intermediaries as active
decision-makers who can choose whether to facilitate corrupt transactions. We also
provide, to our knowledge, the first test of an integrity intervention on incentivized
corruption decisions among a natural population of future intermediaries—law stu-
dents. By targeting intermediaries directly, our study highlights an important but
understudied channel through which corruption can be sustained or curtailed.

The rest of the paper is organized as follows. Section 2.2 describes the game, the
interventions and the experimental design. Section 2.3 describes the data. Section

2.4 outlines the main results and section 2.5 concludes.

2.2 Methods and procedures

In this section, we develop and characterize the equilibrium of a bribery game with
an intermediary (Section 2.2.1). This game informs our experimental design in the
field, which is meant to test how integrity training and information about the preva-
lence of integrity training among peers affect the behaviours of the intermediaries
in the game (Section 2.2.2). Finally, based on the equilibrium predictions of the
bribery game and the experimental design, we propose a set of hypotheses to be

tested with the data (Section 2.2.3).

60



2.2. METHODS AND PROCEDURES

2.2.1 Bribery game with Intermediary

The set of players comprises an Intermediary (I), a Firm (F), a Public Official (PO)
and Society (S). Their endowments are: Y7, Yr, Ypo and Ys, respectively.

The Firm is awarded a contract of value v > 0 with probability p € (0,1).
However, if the Firm pays the Public Official’s Minimal Acceptable Bribe (MAB),
then they are awarded the contract with certainty. The MAB is privately known
by the Public Official and the Intermediary (we assume a common prior uniformly
distributed over [MAB, MAB] € N*). The Firm can only offer a bribe via the
Intermediary.

In Stage 1, the Intermediary decides whether to facilitate a bribe between the
Firm and the Public Official. If the Intermediary does facilitate, they can report the
M AB truthfully (b = MAB) to the Firm or over-report (b > MAB), the latter case
implying embezzlement. If the Intermediary does not facilitate, the Firm cannot
pay a bribe (neither corruption nor embezzlement occur) and the game ends.

If the Intermediary plays “facilitate”, the game moves to Stage 2 where the
Firm decides whether to pay the bribe or not pay. If the Firm pays (i.e., corruption
occurs), then the M AB is transferred to the Public Official, the Intermediary retains
b— MAB and Society suffers an externality cost of £ > 0. If the Firm does not pay
(i.e., corruption does not occur), they may still win the contract with probability
p, and the Public Official, the Intermediary and Society receive their endowments.

In addition to the material incentives modeled above, we also capture two psy-
chological incentives: players’ moral and conformity incentives. The Firm and the
Intermediary incur moral costs if they engage in corruption, reflecting feelings of
guilt or awareness of acting immorally (Rose-Ackerman, 1978; Della Porta and Van-
nucci, 1999; Drugov et al., 2014). Moral costs thus capture the intrinsic disutility
from engaging in corruption and are independent of others’ behaviour. In our set-
ting, the Firm incurs a cost if they pay a bribe, while the Intermediary incurs a
cost if they inform the Firm and thus facilitate the corrupt transaction. Let m; and
mp be each player’s respective, privately known marginal moral cost (we assume
uniform priors over their respective domains, [0, 7] and [0, m#|). The Firm’s moral
cost is mp multiplied by the damage to Society (E), while the Intermediary’s moral

cost is m; multiplied by the sum of £ and the amount embezzled (b — MAB).
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The Intermediary is also assumed to have social conformity concerns ¢ > 0,
reflecting a preference for aligning their behaviour with that of others in their refer-
ence group (Akerlof, 1980; Bernheim, 1994; Cialdini and Goldstein, 2004; Bicchieri
and Xiao, 2009; Tankard and Levy Paluck, 2016). Social conformity concerns thus
capture the disutility from deviating from perceived expectations about others’ be-
haviour, as individuals may experience discomfort or social pressure when their
behaviour differs from what others are perceived to do or consider acceptable. In
our setting, these concerns operate through the Intermediary’s beliefs about oth-
ers’ behaviour, captured by the expected average bribe demanded by the reference
group (ie., b). If ¢ > 0, the Intermediary suffers a social conformity cost that
depends on how different their bribe ask b is from the average bribe they believe
other Intermediaries ask for (i.e., l;), which we model as a quadratic loss function
(i.e., (b—1)?).

The game is depicted in Figure 2.1. As this is a dynamic game with incomplete
information, we use Perfect Bayesian Equilibrium as a solution concept. Since our
primary objective is to obtain comparative statics to motivate a set of hypotheses,

we will focus only on interior solutions.®

Proposition 2.1. There exists a Perfect Bayesian Equilibrium described by the
following strategy profile (and associated beliefs).

o The Intermediary facilitates a bribe iff my < m?, where m} solves:

o [0 —p) = b7 /(Emp) (b — MAB) — (b - D)% + c(b?)

i (b* — MAB + E)

o (Conditional on facilitating a bribe, the Intermediary asks for the optimal bribe:

. 1— MAB — m;Emz + 2cbEmp
b*(mI,MAB,b):U( p)+ mpLmp + 2cobmp

2(1+4 cEmpy)
o The Firm pays the bribe if:
v(l—p)—>
mp < %

50ur characterization does not solve for l~), as the comparative statics motivate some of our
experimental hypotheses.
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and does not otherwise.

Figure 2.1: Bribery game tree

not facilitate facilitate

I:Y7 —cb?
F:Yr+pv
PO : Ypo
S:Ys

I:Yr—mi(b— MAB + E) — ¢(b— b)? I:Yi+(b— MAB) —mi(b— MAB + E) — ¢(b — b)2
F:Yp+pv F:Yr+v—b—mpgFE
PO :Ypo PO :Ypo+ MAB
S YS S YS - F
Proof. All proofs are found in Section 2.A in the Appendix. m

In summary, we have a closed form solution for the optimal bribe ask, b*, which
intuitively depends on exogenous variables. Its value is larger the larger are v,
MAB and b, and the smaller are p and E. Moreover, the Intermediary decides to
facilitate a bribe and ask for b* only if its moral cost is sufficiently low (m; < m}),
since only then does his expected monetary benefit outweigh his expected moral

cost.%

6 Analogously, the Firm pays the bribe only if its moral cost is sufficiently small (mp <
v(l—p)—b)
= .
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2.2.1.1 Comparative statics

Our research question asks whether integrity training and information about the
prevalence of training among peers will cause Intermediaries to behave more eth-
ically. In terms of our model, we can think of integrity training as increasing the
Intermediary’s marginal moral cost. This can be modelled as an increase in my.
Receiving information that a large share of peers were trained can be thought of as
decreasing the Intermediary’s belief of others’ average bribe ask, b.

An increase in 77 and a decrease in b have the following effects on equilibrium

behaviour:

Corollary 2.1. An increase in my reduces the expected bribe asked for by the In-

termediary (conditional on informing).

Corollary 2.2. A decrease in b reduces the expected bribe asked for by the Inter-

mediary (conditional on informing).

Corollary 2.3. An increase in iy reduces the probability that the Intermediary will

inform.

Corollary 2.4. A decrease in b reduces the probability that the Intermediary will

inform.

Corollary 2.5. An increase in My reduces the ex-ante probability of the corrupt
transaction taking place. The reduction is larger the larger is E and the smaller are

p and v.

Corollary 2.6. A decrease in b increases the ex-ante probability of the corrupt

transaction taking place.

2.2.2 Experimental design

Our field experiment has three main stages. First, the recruitment and baseline
survey. Second, the training program. Third, the endline survey that included the

experimental bribery game. We describe each stage below.
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2.2.2.1 Baseline: Recruitment and survey

We collaborated with the USAID New Justice Program, who provided support
with translation, advertising campaign and recruitment of participants for the study
across 63 local universities. Interested students were invited to read the information
received via email about the project and to consent to participate to take part in the
integrity training and the corresponding study (Figure 2.B.1). We concluded the
recruitment of law students in early May 2021, reaching 496 registrations. Of these,
about half (242 randomly selected students) were offered the chance to participate
in the integrity training and the remaining 254 students were assigned to the control
group. All participants were informed of the opportunity to earn money (framed
as gifts) for completing surveys.

Along with the consent form, we collected some basic characteristics of the par-
ticipants: gender, age, university, year of study and main reason for participating
(skills, curiosity for behavioural experiments, interest in gifts, or other reasons).
Shortly after, we emailed the enrolled participants a more extensive baseline sur-
vey: Haidt’s Moral Foundations, including questions pertaining to five considera-
tions for moral judgments: Care/Harm, Fairness/Cheating, Loyalty /Betrayal, Au-
thority /Subversion, and Purity /Sanctity, questions on perception and justifiability
of corruption, and further personal characteristics, including income and career
aspirations (Figure 2.B.2). The baseline survey was completed by 323 students, ap-
proximately equally split between the assigned treatment (49%) and control group
(51%).” The survey was designed to generate baseline measures of students’ moral
values, as well as their perceptions of corruption in Ukraine.

Additionally, in early June — about two weeks after the integrity training — we
sent all study participants a short quiz unrelated to the training as a way to reduce

attrition. We received 214 complete responses.

2.2.2.2 The Integrity training

The “Training in Ethics, Integrity and Anti-Corruption for Law Students” program
(henceforth, the integrity training) was co-designed in March-April 2021 with the

"Among the 242 law students randomly assigned to the treatment group, 158 (65%) completed
the baseline survey. Of the 254 students assigned to the control group, 165 (65%) completed the
survey.
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support of the USAID New Justice Program and their higher education partners
in Ukraine. The intervention was particularly relevant to the Ukrainian context, as
the country ranked 122nd in 180 countries on Transparency International’s Corrup-
tion Perception Index (CPI), due to widespread corruption across the public sector
(Denisova-Schmidt and Prytula, 2017). A 2015 national survey showed reported
bribes were commonplace in health care (70% of respondents), secondary schools
(64%), police (51%) and higher education staff (49%) (Kiev International Institute
of Sociology, 2015).

We based our integrity and anti-corruption training on a series of peer-reviewed
University modules (14 modules on integrity and ethics and 13 modules on anti-
corruption) developed in 2018 by the United Nations Office on Drugs and Crime
(UNODC) in consultation with academic experts from over 30 countries.® These
modules aim to enhance students’ ethical awareness and understanding of corrup-
tion, equipping them with skills to behave with integrity. The modules cover both
theoretical and practical perspectives, and use interactive teaching methods such as
experiential learning and group-based work to engage students’ critical thinking and
problem solving. To the best of our knowledge, the effectiveness of such modules
has not yet been experimentally evaluated.

To adapt the UNODC modules to the local context, we conducted two focus
group discussions in March-April 2021 with representatives from 17 Ukrainian law
schools, law students and practitioners. The discussions revealed specific challenges
in combating corruption. First, Ukrainian law degrees offered ethics training of
varying quality and over-focused on theory. Second, ethics modules were often led
by faculty whose moral stance undercut their credibility. Third, absent role models
and an abundance of stories of corrupt leaders’ success led students to equate success
with dishonesty and selfishness.

Our training integrated these insights, focusing on the UNODC themes like
Challenges to Ethical Living, Ethics in Business and in Law, What is Corruption,

Public and Private Sector Corruption. Over two weeks in May 2021, our team of

8These University modules have been developed as part of the UNODC Education for Justice
(E4J) program, currently the GRACE initiative, following the Doha Declaration, which promotes
education at all ages as a means to combat crime and corruption, and build a culture of lawfulness.
They can be accessed at https://grace.unodc.org/grace/en/academia/module-series-on-
integrity-and-ethics.html.
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four Ukrainian instructors (experts in Law and Anti-corruption),? delivered six two-
hour sessions via Zoom due to Covid-19 restrictions. These included two lectures
focused on principles of ethics and anti-corruption, and four interactive workshops
including group work, discussion boards (e.g., Padlet), case study presentations
and Q& A sessions by guest legal experts with a national reputation as champions of
integrity.'? Their objective was to equip students with practical strategies to address
everyday challenges to ethical behaviour and to demonstrate that career success is
compatible with ethical behaviour. All teaching was conducted in Ukrainian.

While there was no formal assessment, students who attended at least 75% (four)
of the sessions were awarded a participation certificate from the University of East
Anglia and the USAID New Justice Program. Students were also informed about
this prior to starting training, and that participation in the training was capped at
200 participants and had to be decided by a random draw.'* Of the 242 randomly
selected students who were invited to the training, 145 students attended at least
one out of six sessions. In total, 110 students completed the minimum requirement
for receiving participation certificates (i.e., four out of six sessions).

Post-training debriefing sessions with the instructors and student feedback re-
vealed students were active (around 20% were consistently participating in conver-
sations, with the rest participating in the chat or group discussions). The students
particularly appreciated the presence of guest speakers, who illustrated that career
success is compatible with moral integrity. Students anonymously rated the training

4.77 (out of 5) despite the intense pace and online format.

9The instructors were: Nataliya Gutorova (Professor in Criminal Law the Poltava Law In-
stitute, Yaroslav Mudryi National Law University), Oleh Herasymchuk (Associate Professor of
Law at the National University Ostroh Academy), Ms. Oleksandra Keudel (Post-Doctoral Fellow
in Political Science at the Free University of Berlin) and Ms Iryna Shyba (Deputy head at EU
Anti-Corruption Initiative and executive director of DEJURE Foundation).

YOTnvited guest speakers included Mr Roman Maselko (on behalf of Judge Sergiy Bodnarenko),
Ms Antonina Prudko (Head of Secretariat at UNIC, Ukrainian Network of Integrity and Com-
pliance), Mr Artem Krykun-Trush (Attorney specialized on white-collar crime, compliance and
investigations practices at DLA Piper), Mr Oleg Klimov (President of the All-Ukrainian Phar-
maceutical Chamber), Ms Viktoria Kozachenko (Head of the Integrity Office/National Agency on
Corruption Prevention NAZK).

1For fairness considerations, interested non-participants were given access to the asynchronous
online integrity training resources upon request, once the study was completed.
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2.2.2.3 Endline: Bribery game and final survey

To minimize experimenter demand effects and capture medium-term effects of train-
ing on behaviour, the experiment was played in July, more than six weeks after the
conclusion of the integrity training. We operationalized the game described in Sec-
tion 2.2.1, which mimics the procurement process of public contracts. Like the
training, the experiment was run online due to Covid-19 restrictions. All partic-
ipants read the same instructions so that the set of actions for each player was
common knowledge (see Figure 2.B.2 for the full instructions). Moreover, we chose
to conduct a framed experiment to provide rich context and to make the decisions
salient to both law students, who played the role of Intermediaries, and to non-
law students, who played the role of Firms, Public Official and Member of Society
(Charness et al., 2007). To mitigate experimenter demand effects, all choices were
incentivized and made anonymously (Zizzo, 2010; De Quidt et al., 2018). More-
over, we generally avoided using morally loaded terms, opting for neutral wording
such as “payment” instead of “bribe”. One notable exception is the information
treatment, which stated that the participant was “part of a group in which 75% of
Intermediaries have just received an Integrity, Ethics and Anti-Corruption train-
ing”. Although this information was factual and intended to shift participants’
perceptions about the prevalence of training among peers, the use of terms such as
“anti-corruption” may have not only affected beliefs about others’ behaviour, but
also indirectly conveyed cues about what behaviour is considered appropriate. As
we did not directly elicit normative expectations in our design, we cannot empiri-
cally isolate this mechanism. Nevertheless, we expect that normative expectations
— when activated — may reinforce empirical expectations and jointly shape be-
haviour, rather than operating fully independently.

In the experiment, there are four players — the Firm, an Intermediary, a Public
Official and a Member of Society — who are randomly matched and partake in
a one-shot interaction. Each of the four players has an initial endowment of 70
UAH (about 2.55 USD in July 2021). The Public Official and the Member of So-
ciety do not make any decisions in the game, but their final payoffs are impacted
by the decisions of the Firm and the Intermediary. The Firm maximizes his pay-

off by winning a contract from the Public Official that is worth 50 UAH to the
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Firm. Public Officials are willing to accept a bribe from the Firm. The minimum
acceptable bribe for the Public Official is a randomly determined private value
€ {5UAH, 10UAH, 15UAH, 20UAH, 25UAH, 30UAH, 35UAH,40UAH}.'? The ex-

periment unfolds in four stages.

Stage 1 Intermediaries are randomly assigned to one of two information condi-
tions: truthfully informed that they are part of a group in which 75% of Interme-
diaries have received an Integrity, Ethics and Anti-Corruption training or no addi-
tional information. This novel approach of manipulating descriptive social norms
in the lab — already proposed by Krupka and Weber (2009); Bicchieri and Xiao
(2009); Abbink et al. (2018) — allowed us to control what subjects believed about
the pervasiveness of integrity training among peers — and, in turn, their expec-
tations about others’ typical behaviour (Abbink et al., 2018). Thus, we have four
treatment conditions: (1) Control, (2) Training Only, (3) Information Only, and (4)

Training + Information.

Stage 2 The Intermediary learns the Public Official’s minimum acceptable bribe
that the Firm can pay to ensure they win the contract. Without the bribe, the

Firm will win the contract with a 5% chance.

Stage 3 The Intermediary decides whether to facilitate a bribe by informing the
Firm of this confidential information. Importantly, the Intermediary can inform
the Firm of a number equal to or higher than the true minimum acceptable bribe.
For example, if the Intermediary learns that the Public Official requires a bribe of
5 and the Intermediary chooses to facilitate a bribe, the Intermediary can inform
the Firm of an amount equal to or greater than 5 (but not smaller) by choosing
from the following set: 5 UAH, 10 UAH, 15 UAH, 20 UAH, 25 UAH, 30 UAH,
35 UAH, 40 UAH. If the Intermediary chooses to inform the Firm of an amount

greater than the minimum acceptable bribe and the Firm chooses to pay, then

12The minimum acceptable bribe is exogenously and randomly determined to introduce vari-
ation in the cost of corruption across interactions while maintaining experimental control. This
randomization also implements the common prior assumed in the model, ensuring that minimum
bribe levels are uniformly distributed over [MAB, M AB] € N*. Allowing the Public Official to
choose the bribe would have resulted in a single common threshold for all Intermediaries in our
design, as only one Public Official was present in the game, and would have introduced additional
strategic considerations beyond the focus of our study.
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the Intermediary passes the minimum acceptable bribe to the Public Official and

embezzles the difference.

Stage 4 If the Intermediary "Facilitates" a bribe, then the Firm can act on that
information and “Pay” the Public Official or “Not Pay”.!3 If the Firm “Pays", the
Firm wins the contract for sure and the Member of Society incurs a cost of 35
UAH from their initial endowment to mimic the negative externality associated
with corruption. There are no partial bribes. If the Firm decides to Pay the Public
Official, the Firm must transfer the full amount reported by the Intermediary. If the
Firm does “Not Pay", the Firm will win the contract with a 5% chance. However,
if the Intermediary chooses “Not to Facilitate" a bribe, then the Firm has a 5%
chance of winning the contract.

At the conclusion of the experiment, we randomly matched Firms and Inter-
mediaries to calculate the earnings from the activity for all four roles. Given our
experimental design, we did not need as many Firms, Public Officials and Members
of Society as Intermediaries. In terms of the actual participation in the experiment,
we had 252 Intermediaries play. In addition to this pool of participants, for the
experiment we independently enrolled a further 82 students from other degrees in
Ukraine to play the role of Firms in the game, of which 40 actually played the game
and were paid based on the outcome of one randomly chosen Intermediary match.
Finally, 1 Public Official and 1 Member of Society were also paid based on a random
pairing with an Intermediary.

In September 2021, we sent an invitation to a final (endline) survey which con-
cluded in October 2021, with 186 responses in total, equally split between the
treatment (48%) and control group (52%). The endline questionnaire was identi-
cal to the baseline survey, covering moral foundations, corruption perceptions and
justifiability (Figure 2.B.2). Overall, 158 students completed both the baseline and

endline surveys, and participated in the experiment.

13Due to Covid-19 and the asynchronous online format, we elicit the Firm’s choices via the
strategy method, i.e., they are asked to make a choice between Pay and Not Pay for each potential
Informed Payment Amount.
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2.2.3 Hypotheses

Our model posits two channels through which the behaviour of the intermediaries
may be affected: the moral costs of engaging in corrupt behaviour and the beliefs
about other intermediaries’ behaviour. Our experiment is designed to exogenously
vary both. Moral costs are shifted through the random assignment of the integrity
training course. Beliefs are shifted through the random assignment of information
about the prevalence of training among peers, which affects participants’ expec-
tations about others’ behaviour. Combined, our model and experimental design

generate two sets of hypotheses.

Hypothesis 2.1. Integrity training will increase the moral cost of facilitating a

bribe and thus will

1. reduce the likelihood that an intermediary facilitates a bribe;

2. and conditional on facilitating a bribe, will reduce the amount the intermediary

embezzles.

Hypothesis 2.2. Information about the high prevalence of integrity training will
reduce the intermediary’s beliefs about the likelihood of other intermediaries facili-

tating a bribe and thus will

1. reduce the likelihood that an intermediary facilitates a bribe;

2. and conditional on facilitating a bribe, will reduce the amount the intermediary

embezzles.

To test these hypotheses, we will focus on estimating Intention-To-Treat effects

using the following specification

Y, =
Bo +pF11[Training Only Treatment)]
+ 551 [Information Only Treatment] (2.1)
+531[Training + Information Treatment]
+62V; + &
where Y; is the outcome variable of subject i (e.g., ¥; = Prob|Facilitate a bribe|,

Y; = Belief about other intermediaries’ behaviour) which we regress on treatment
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dummies (31, (2, f3) and a vector of individual characteristics (84). The omitted

group is the Control treatment unless otherwise specified.

2.3 Data

Our experiment employs a between-subject 2x2 design, in which we randomly vary
exposure to the integrity training and the information treatment. As our objective
is to estimate Intention-to-Treat (ITT) effects, we first focus on assignment to the
training offer, regardless of actual participation. Of the 496 law students who
initially agreed to participate in the study, 242 were randomly assigned to receive an
invitation to the training, while 254 were not. Among those invited, 145 students
(60%) attended at least one of the six sessions, and 110 attended at least four
sessions, thereby meeting the minimum requirement for receiving a participation
certificate. Figure 2.2a shows the distribution of training sessions attended among
students assigned to the training by cohort (Juniors = first-year students; Seniors
= students in later years), while Figure 2.2b compares non-compliance rates across
cohorts. In both figures, Senior students appear more likely to attend zero training

sessions, although this difference is not statistically significant.

Figure 2.2: Compliance with training treatment

Fraction
N

Attended No Training Sessions

I Juniors
Seniors

0 2 4 6
N. of sessions among those who received the offer, 0-6 0

(a) Training sessions attended (b) No sessions

Note: Figure 2.2a shows the distribution of training sessions attended for subjects assigned to receive training.
Figure 2.2b shows rate of non-compliance for Junior and Senior students. Senior students were 12 percentage
points more likely to attend zero training sessions (two-sided Mann-Whitney test: p-value=0.12).
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The distinction between Junior and Senior students, which we revisit throughout
the analysis, is motivated by prior evidence suggesting that individuals at earlier
stages of their professional development may respond differently to ethics-based in-
terventions (Harris et al., 2022). In our context, this distinction reflects differences
in stages of socialization (Weidman, 1989). Junior students, as first-year entrants,
are in a transition phase between prior and new social environments. While they
may still be influenced by norms and expectations formed before university, they
are newly exposed to the university setting, where they encounter new informa-
tion through both formal instruction and observation of peers’ behaviour. This
stage is typically characterised by ongoing identity formation and the updating of
beliefs about appropriate conduct as students adjust to new reference groups. In
contrast, Senior students have had longer exposure to the same institutional and
peer environment and are therefore more likely to have internalized its prevailing
norms and developed more stable beliefs. As a result, they may be less responsive
to new information or interventions that seek to shift moral preferences, beliefs and
norms. At the same time, differences between these groups may also reflect selec-
tion, as students who progress further in their studies may differ systematically in
their attitudes or motivations. While our design does not allow us to disentangle
these mechanisms, this distinction provides a useful lens to explore heterogeneous
treatment effects.

Turning to participation in the bribery game, 252 Intermediaries took part. Of
these, 123 were offered the training, of whom 95 (77%) attended at least one session.
Within the trained group, 61 also received the information treatment, while 62 did
not. Among the 254 students who were not offered the training, 129 participated
in the game; of these, 64 received the information treatment and 65 did not (see
Table 2.1). In addition, we independently recruited a further 82 students from
other degree programs in Ukraine to play the role of Firms, of whom 40 ultimately

participated in the game.

2.4 Main results

In this section, we report results from the framed field experiment. We are inter-

ested in two behavioural measures — (1) whether the intermediary was willing to
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Table 2.1: Summary statistics by treatment assignment

All Control  Training Only Information Training + Information

Prior ethics training  0.37 0.36 0.32 0.42 0.44
(0.48)  (0.48) (0.47) (0.50) (0.50)
Junior 0.45 0.42 0.44 0.39 0.54
(0.50)  (0.50) (0.50) (0.49) (0.50)
Female 0.71 0.74 0.61 0.75 0.75
(0.45)  (0.44) (0.49) (0.44) (0.43)
Enroll for Skills 0.85 0.88 0.79 0.91 0.87
(0.35)  (0.33) (0.41) (0.29) (0.34)
Enroll for Prize 0.00 0.00 0.00 0.00 0.02
(0.06)  (0.00) (0.00) (0.00) (0.13)
Observations 252 65 62 64 61

Note: This table displays means and standard deviations of the main control variables used in the analysis. We
collected additional data that we use in Section 2.4.4 and report summary statistics for those additional variables
in 2.B.1.

facilitate a bribe by reporting the public official’s minimum acceptable bribe, and
(2) conditional on facilitating a bribe, how much the intermediary embezzles for
himself — and beliefs about how the other intermediaries in the experiment will

behave.

2.4.1 Behaviour

In this section, we test Hypotheses 2.1 and 2.2.

In Figure 2.3, we display the average willingness to facilitate a bribe across
treatments for our entire sample as well as separately for Juniors and Seniors with
95% confidence intervals. Figure 2.3 shows no significant effects of the Training or
Information treatments on average willingness to facilitate a bribe. This null result
is replicated in columns (1) - (4) of Table 2.2 in regression analysis with and without
additional demographic controls.

Given our null Intention-to-Treat effect of the training treatment, we conduct
an ex-post power analysis as conducted in Spantig (2021). The study closest to ours
is Banerjee and Mitra (2018) who find that ethics training increases the probability
of behaving ethically by 97% (20% of participants in the control and 39.4% of
participants in the training treatment). Setting v = .05 and 1 — 5 = .80 and given
our sample sizes (123 in the Control and 129 subjects in the Training treatment),

we would be able to detect an increase in ethical behaviour of 17.48 percentage
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points, which corresponds to a 37.6% increase in ethical behaviour. Given that our
minimal detectable effect size of 37.6% is smaller than the effect in the previous
study (97%), we are powered enough to detect the increase found in the previous
literature.

However, as discussed above, differences in stages of socialisation may lead Ju-
nior and Senior students to respond differently to the interventions. Consistent with
this, the null result in the pooled sample masks substantial heterogeneity across co-
horts, which can be clearly seen in Figure 2.3b and is replicated in columns (4) -
(8) in Table 2.2. We find that Juniors in the Information Only and the Training +
Information treatments are 20 to 25 percentage points (approximately 33 percent)
less likely to facilitate a bribe than Juniors in the Control treatment. For these stu-
dents, the information treatment also slightly reduced embezzlement, conditional
on facilitating corruption. However, there is no significant effect of treatments on
the behaviour of the Senior students.

It is possible that the difference between Juniors and Seniors in the effects of the
Training + Information treatment is driven by differences in Training attendance
(see Figure 2.2). To investigate this, we estimate the effect of the treatments on
the treated using a Local Average Treatment Effect (Imbens and Angrist, 1994),
in which we instrument for the number of training sessions attended using the
treatment assignment. We present these results in Table 2.B.2 and obtain coefficient
estimates that are qualitatively equivalent to those in Table 2.2.

However, closer inspection of Figure 2.3 and Tables 2.2 and 2.B.2 reveal an
important difference between Juniors and Seniors: Juniors in the Control treatment
are 25 percentage points (p-value= 0.049) more likely to facilitate a bribe than
Seniors assigned to the Control treatment. The treatments appear to make the

Junior students behave more like Senior students.
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Figure 2.3: Intention-to-Treat effects

Fraction Willing to Facilitate Bribe

I Control

Training Only
=3 Norm Only
I Training + Norm

(a) Pooled sample
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Note: Figure 2.3 shows Intention-to-Treat effects with 95% confidence bars and Figure 2.3b shows Intention-to-
Treat effects for Junior and Seniors separately.
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Note: OLS regression coefficients. In columns [3], [6] & [9] we collapse all three treatments into one variable. Robust standard errors in parentheses.

p<0.05, * p<0.10.

Table 2.2: Intention-to-Treat effects on behaviour

Probability of facilitating a bribe

All students

Amount embezzled
Jrs Only  Srs Only Jrs Only  Srs Only

[1] (2] 3] 4] 5] [6] 7] 18]
Train Only Treatment 0.01 0.01 0.13 0.12 -0.15 0.12 1.18 -1.16
(0.09) (0.09) (0.12) (0.12) (0.13) (0.12) (0.89) (0.83)
Information Only Treatment -0.04 -0.04 0.12 0.1 -0.25* 0.1 -2.73** -0.1
(0.09) (0.09) (0.12) (0.12) (0.14) (0.12) (1.14) (0.79)
Train + Information Treatment 0.004 0.002 0.2 0.17 -0.21* 0.17 1.58* 0.81
(0.09) (0.09) (0.13) (0.13) (0.12) (0.13) (0.84) (0.81)
Prior ethics training 0.01 -0.006 0.12 -0.18* 0.12 2.547** -1.17
(0.07) (0.07) (0.09) (0.1) (0.09) (0.71) (0.6)
Junior -0.01 0.25**  0.35***
(0.06)  (0.12)  (0.13)
Jr X Training Only Treatment -0.27 -0.27
(0.18) (0.18)
Jr X Information Only Treatment -0.38**  -0.35**
(0.18) (0.18)
Jr X Train + Norm Treatment -0.41**  -0.38**
(0.18) (0.18)
Jr X with prior ethics training 0.28**
(0.13)
Female -0.01 0.002 0.02 0.07 -0.03 4.94%** -0.07
(0.07) (0.07) (0.07) (0.1) (0.1) (0.91) (0.63)
Enroll for Skills 0.05 0.06 0.05 0.009 0.09 0.26 -3.28***
(0.09) (0.09) (0.09) (0.12) (0.13) (0.91) (0.75)
Constant 0.55***  0.53***  0.39*** 0.36"** 0.7*** 0.37**
(0.06) (0.12) (0.13) (0.13) (0.15) (0.16)
Observations 252 252 252 252 114 138 62 76
R? 0.001 0.003 0.03 0.05 0.06 0.04

Significance levels: *** p<0.01, **
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2.4.1.1 Malleability of attitudes and morals

We hypothesized that training would change behaviour by increasing the awareness
of and changing attitudes towards corruption as well as increase the moral costs
of engaging in corrupt behaviour. In both the baseline and endline surveys, we
collected data about the subjects’ attitudes about corruption and we conducted
the 20-item Moral Foundations questionnaire to assess moral foundations at the
beginning of the study and at the conclusion.!* Ex ante we did not know through
which of the attitudes or moral foundations the training treatment would operate.
Figure 2.4 shows coefficient plots of the treatment effects on attitudes and morals.
In these regressions, we include the corresponding baseline measure of attitudes or
morals as well as our set of demographic controls. Figure 2.4a and Figure 2.4b
show that the Training Only treatment had no significant effect on either Junior or
Senior subjects’ attitudes towards corruption or their moral foundations of decision-
making, respectively. This provides further evidence consistent with the null finding
on the effect of training alone.

Notably, it is not just that attitudes and morals are not malleable. By contrast
to the effects of training, subjects who received Information (either alone or in
conjunction with Training) display changes in attitudes and morals. For example,
Juniors who received Information have an increased perception that corruption
is risky and, to a lesser extent, an increased perception that people are corrupt.
These Juniors also decrease the emphasis they put on "Harm/Care" and "Ingroup
Loyalty" concerns when making decisions or moral judgements about behaviour.!?
Thus, attitudes and moral foundations show some degree of malleability within our

study but they are not significantly affected by the integrity training program.

141n total, we have 13 variables about attitudes towards corruption. To more concisely analyze
the data and to incorporate as much of the collected data as possible, we conducted a principal
component analysis to summarize the data in 4 variables.

15Consistent with the treatments having no significant effect on Senior students, we find only
one marginally significant result across 9 regressions: Information causes a marginally significant
increase in the emphasis Senior students put on the "Harm/Care" foundation, but has no other
effect on the other 8 outcomes.
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Figure 2.4: Treatment effects on attitudes and morals

[ Leaders Corrupt | [ People Corrupt | [ Corruption is Risky | [Corruption is Justified
—— —— —_—— —_——
Train Only
—_— — — —_——
Info Only
— —— —— —_——
Train + Info
1 0 1 2 0 1 2 A 0 1 2 A 0 1 2

© Juniors
Seniors

(a) Attitudes

Harm \ \ Fairness \ \ Ingroup Loyalty
Junior — — —
Senior — — —
35 4 45 5
Authority ‘ ‘ Purity
Junior | —e— —
Senior —_— —_—
35 4 45 5 35 4 45 5
(b) Morals

Note: The OLS coefficients show treatment effects relative to the control group. All regressions control for baseline
attitudes/moral preferences and the set of demographic characteristics.

2.4.2 Beliefs

In addition to behavioural measures, we also collected intermediaries’ beliefs about
the behaviour of other intermediaries in the experiment. We plot the distributions
of beliefs by treatment in Figure 2.5. The most striking feature of the data is the
difference between the beliefs of Junior and Senior students in the Control treatment

and the attenuation of these differences between Junior and Senior students in
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the Training and Information treatments. This finding mirrors what we find for

behaviour in Section 2.4.1.

Figure 2.5: Beliefs about the probability of intermediaries facilitating a bribe

15 /\ \r\,‘\/\

—— Juniors —— Juniors
Seniors Seniors

0 2 4 6 8 1 0 2 4 6 8 1
Beliefs about Others Beliefs about Others

(a) Pure Control (b) Training Only

| /J | \

—— Juniors —— Juniors
Seniors Seniors

0 2 4 6 8 1 0 2 4 6 8 1
Beliefs about Others Beliefs about Others

(c) Info Only (d) Train + Info

Note: The figures show the distribution of beliefs about the probability that Intermediaries will facilitate a bribe, by
treatment and by Seniority. The median belief of Juniors and Seniors differs only in the Pure Control (x? = 3.45,
p-value= 0.063). The median beliefs of Juniors and Seniors do not significantly differ across the three other
treatments.

To better understand the effect of treatments on beliefs for Juniors and Se-
niors we conducted quantile regression analysis to investigate how the treatments
affected different parts of the distribution. We report the coefficient plot from those

regressions in Figure 2.6.
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Figure 2.6: Effect of treatments on distribution of beliefs

| 25th Percentile | | 40th Percentile | | Median | [ 60th Percentile | [ 75th Percentile |
—e— —_—e —_— —e— ——
Control
—— —_— B —— D — —o—
Training Only
— —_— —_— —_—a —e—
Norm Only
— —e— —_—e —_—e —e—
Train + Norm
2 4 6 8 2 4 6 8 2 4 6 8 2 4 6 8 2 4 6 8
° Juniors
Seniors

Note: The figure shows treatment effects on beliefs at different points in the belief distribution.

There are three important results to highlight here. First, there is a signifi-
cant difference in beliefs between Juniors and Seniors in the control treatment. In
terms of median beliefs, Figure 2.5a shows that the median beliefs of Juniors in
the control is significantly larger than the median beliefs of Seniors in the pure
control (x? = 3.45, p-value= 0.063). In fact, we find that this pattern holds at
various percentiles across the lower half of the distribution (see the Control panel
of Figure 2.6). Second, among Junior students, the Information Only treatment
and the Training + Information treatment significantly reduce the 25th and 40th
percentile beliefs relative to the Control, but no treatments have any effect at the
higher moments of the distribution. Thus, for Juniors the treatments effectively
reduced beliefs about the probability for those students who already had relatively
low beliefs. Third, there is no effect of treatments on beliefs among Senior students.

In sum, the analysis on beliefs reveals the same pattern as the analysis on
behaviour: the Information Only and Training + Information treatments serve to

bring Junior students more in-line with Senior students.
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2.4.3 The importance of social conformity

We find that integrity training alone has no average effect on law students’ behaviour
in Ukraine. However, we find that our Information treatment does affect beliefs and
ethical behaviour, but only among Junior students. In fact, treated Junior students
behave and hold beliefs that are indistinguishable from Senior students, while Junior
students in the Control treatment are significantly more likely to engage in corrupt
behaviour (p-value=0.08) and believe others are doing the same (x> = 6.59, p-
value= 0.01) relative to everyone else (i.e., all Seniors and treated Juniors) (Figure

2.7).

Figure 2.7: Convergence of beliefs and behaviour

1 2

Willingnes to Facilitate a Bribe
>

5
. . Control, Jr /
Control, Sr —— Juniors Control
[ Train Only, St Everyone Else
B Train Only, Jr 0
=1 Norm Only, St 0 2 4 6 8 1
, @ Norm Only, Jr Beliefs about Others
(a) Behaviour (b) Beliefs

Note: The figures compare the beliefs and behaviour of Juniors in the Control with everyone else.

The fact that the training program did not have an impact on moral preferences
(or at least not one captured by corruption perceptions and considerations underly-
ing moral decisions), whilst information about a majority of peers being trained led
junior students to revise down their expectations about the incidence of corruption
and adjust their behaviours accordingly, indicates the most important mechanism
at play is social conformity. While the information treatment was purely factual
and did not spell out a descriptive or injunctive social norm, it likely led students

to update their expectations about the social norm and activated their desire to
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conform. This mechanism is similar to that in Abbink et al. (2018), who show in
a collusive bribery game that firms offered bribes twice as often to officials known
to be from a predominantly corrupt group compared to those from a mostly honest
group.

These findings underscore that integrity is not shaped in isolation, but in relation
to what individuals perceive others around them to be doing. This suggests that
shifting collective expectations may sometimes be more effective than direct moral

instruction.

2.4.4 What drives the difference between Juniors and Se-
niors?

The main driving force behind our Intention-To-Treat results for behaviour and
beliefs is that Juniors in the Control treatment think and behave significantly dif-
ferently from Seniors in the Control treatment, and that our treatments — partic-
ularly the Information treatment — bring the Juniors’ beliefs and behaviour in line
with those of Seniors. Thus, what drives this baseline difference between Juniors
and Seniors that the treatments appear to mitigate?

At baseline, before the treatments were administered, we collected several mea-
sures, including students’ moral foundations, their views of corruption and their
career motivations and aspirations. Figure 2.8 shows the average responses for Ju-
niors and Seniors across several baseline measures and we find minimal differences.
Of the 19 variables constructed and tested, we find differences between Juniors
and Seniors across 4 variables — (1) Juniors put significantly less emphasis on the
importance of maintaining or respecting authority when judging the morality of a
situation; (2) Juniors are less likely to report "to make money" as their motivation
for law school and (3) more likely to report "to make a difference" than Seniors; (4)
Juniors are also more likely to report that they aspire to work as a defense attorney

after graduation than Seniors.
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Figure 2.8: Juniors versus Seniors at baseline
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Note: Coefficients from OLS regression estimates with robust standard errors.

These stated motivations and aspirations make Junior students appear more
idealistic and driven to make a change, possibly reflecting a more pessimistic assess-
ment of the prevalence of corruption than that held by Senior students. Those with
greater exposure to their institutional environment may have had time to naturally
correct these misperceptions and adopt a more pragmatic outlook. Our treatment
likely prompted Junior students to revise their perceptions and align their behavior

with their updated beliefs about the prevailing social norms.
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2.5 Conclusion

We develop a dynamic game with incomplete information to model a corrupt trans-
action between a firm and a public official facilitated by an intermediary. Interme-
diaries decide whether to facilitate the transaction — by informing the firm about
the size of the bribe demanded — and whether to report the true amount or inflate
it to embezzle part of the payment. Their choices depend on their moral costs and
their beliefs about the average bribe demands of peers. The model predicts that
higher moral costs, as well as beliefs that peers demand smaller bribes, reduce both
the likelihood of facilitating corruption and the size of the bribe demanded. Con-
sequently, interventions that increase the moral costs of corruption or shift beliefs
about prevailing norms are expected to lower the incidence of corrupt transactions.

We test these predictions in an online experiment with law students in Ukraine.
Participants were randomly assigned to receive an interactive integrity and ethics
training over six sessions across two weeks. A month later, they played the role of in-
termediaries in a simulated bribery game. To examine the effect of perceived norms,
we further randomized half of both trained and untrained participants to receive
information that 75% of their peers had completed the integrity training. Follow-
ing prior studies, we analyze treatment effects separately for Junior (first-year) and
Senior students, who may differ in their perceptions of corruption, prevailing social
norms, and motivations for ethical behaviour.

The results reveal several surprising insights. First, the integrity training alone
did not affect behaviour, moral attitudes, or beliefs — neither overall nor within
student subgroups. Second, the information treatment also had no aggregate effect,
but it significantly reduced Juniors’ willingness to facilitate bribes. This reduction
operated through revised beliefs about the prevalence of corruption and the activa-
tion of social conformity. Junior students who initially overestimated the incidence
of corruption adjusted their expectations downward after learning that a major-
ity of peers had undergone integrity training, and in turn behaved more ethically.
For these students, the information treatment also slightly reduced embezzlement
conditional on facilitating corruption.

These findings highlight the role of pluralistic ignorance in sustaining corrupt

practices: individuals overestimate the extent of corruption among peers and con-
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form to these misperceived norms. While integrity training alone did not alter
moral preferences in the short run, information about the prevalence of such train-
ing effectively corrected misperceptions, fostered more ethical norms, and reduced
corrupt behaviour.

Importantly, the informational intervention works only because integrity train-
ing exists: without real integrity initiatives to reference, information about their
prevalence would lack credibility. Both interventions are therefore essential but act
through different channels: training builds the ethical foundation, while informa-
tion shifts social perceptions and activates conformity with those norms. Together,

they form a complementary strategy to reduce corruption.
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APPENDIX

Appendix

2.A Proofs

Proposition 2.2. There exists a Perfect Bayesian Equilibrium described by the
following strategy profile (and associated beliefs):

e Conditional on informing, the Intermediary asks for the optimal bribe of:

1 —p)+ MAB — m;Emyp + 2cbEmp
2(1+ cEmy)

b (my, MAB) = 2

e The Intermediary informs iff m; < m}, where m} solves:

*

o _ Q= p) =] /(ETE) (b — MAB) — (b — b)? + cb?
L (b* — MAB + E)

e The Firm pays the bribe if:

and does not otherwise.

Proof. We use backward induction to characterise the equilibrium. First consider
the Firm’s optimal strategy.
Following a history of b, the Firm will pay if and only if the expected utility

from paying is greater than that from not:

YF—i-v—b—mFEZYF—i-pU,

mp < (0(1—p) = b)/E.

Therefore, if mp takes values between [0, (v(1 — p) — b)/E] the Firm will pay the
bribe; if mp takes values between [(v(1 — p) — b)/E,mz| it will not.
Given the Firm’s strategy above, we now turn to the Intermediary’s optimal

strategy. Given the common uniform prior over mp, the Intermediary believes that
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if he asks for a bribe b the probability that the Firm will pay is (v(1—p)—b)/(Emr).
For a given b, the Intermediary will inform if and only if the expected utility of

informing is greater than that of not informing:

(M) [Vi+ (b— MAB) — m;(b— MAB + E) — c(b — b)?]

Emp
+ (1 - 11(1];—”%—1)) [Yr — mr(b— MAB + E) — c(b—0)?] (2.2)
>Y; — ch?.
v(l—p)—1>

—/(b— MAB) —m;(b— MAB + E) —c(b—0)?*+cb* >0.  (2.3)
ETTLF

U(l_i)_b

. _ AV 72
T (b— MAB) —¢(b—b)?+cbh

> my. 2.4
b— MAB+ E = (2.4)

To find the Intermediary’s optimal b, we identify the value of b that maximises
the Intermediary’s expected utility (conditional on informing):
0

"=

(M) (Y1 + (b— MAB) — my(b— MAB + E) — c(b— 1)?)

Emp

+ (1—M> (Yi = my(b— MAB + E) — ¢(b—)*) |

Emp
(2.5)
0— :n_[n+(b_MAB)_mI(b—MAB+E)—c(b—B)2}
v(l—p)—1> =

+ | ——=—=—) [1 — ms — 2c(b—b)]

(1 EmF ) ) (2.6)
+ = Vi milb — MAB 4 E) — c(b ~ B
+ (1 - U(lf_j—mil—b> [—my — 2c(b— B)}

- :n_(b—MAB)—F%—m[—ZC(b—B):O, (2.7)
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2 g = MAB oy v1=p)

EmF mg EmF

—my, (2.8)

_ MAB + 2Emgch +v(1 — p) — m;Emp

b 2(1 + Em_Fc)

(2.9)

Returning to the inequality determining whether the Intermediary informs, we
can then state that he will ask for bribe b*(my, M AB) if the following inequality
holds:

my; < ([U(l —p) - b*]/(Em_F)(b* —MAB) —C(b* . 6)2 +d~)2>
- (b* — MAB + E)

]

Corollary 2.7. An increase in my reduces the expected bribe asked for by the In-

termediary (conditional on informing).

Proof. An increase in m; implies an increase in the m; of a randomly drawn Inter-

mediary. Note that
ob* E
=— mr < 0.
omy 2(1+ cEmr)

Thus, the bribe asked for by a randomly drawn Intermediary will be strictly lower.

]

Corollary 2.8. An increase in b increases the expected bribe asked for by the In-

termediary (conditional on informing).

Proof. An increase in b implies an increase in a randomly drawn Intermediary’s
belief about the average bribe asked for by other Intermediaries in the population
of interest. Note that % -
* cEmp
o 2+ obm)
Thus, the bribe asked for by a randomly drawn Intermediary will be strictly greater.
This is in line with our assumption that the greater the difference between the
Intermediary’s actual bribe ask b and the belief about the average bribe asked for

by other Intermediaries b, the larger the social conformity cost they will incur. If b

increases, b will increase accordingly. O
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Corollary 2.9. An increase in my reduces the probability that the Intermediary will

inform.

Proof. Based on our previous results, the Intermediary informs iff m; < mj. An
increase in 7 does not affect the incentives of any given my, thus mj is independent
of m;. An increase in my; reduces the probability mass of the Intermediary that
satisfies the condition m; < mj, thus the probability of the Intermediary informing

is lower. [

Corollary 2.10. An increase in b increases the probability that the Intermediary

will inform.
Proof. Based on our previous results, the Intermediary informs iff m; < mj, where

[w(1 = p) — b]/(Emz)(b* — MAB) — ¢(b* — b)? + cb?
(b* — MAB + E) ‘

my; =

If m; takes values between [0, m}| the Intermediary will inform; if m; takes values
between (mj, my]| it will not. Therefore, given the common uniform prior over my,
the Intermediary’s probability of informing is % Note that
m*
0 (m:§> 2¢ch*

0 i —MAB+E)

Thus, the probability that the Intermediary will inform will be strictly greater. [J

94



2.B. ADDITIONAL TABLES AND FIGURES

2.B Additional tables and figures

Figure 2.B.1: Participant invitation flyer

St University of
- USAID [E East Anglia

=, y
gﬁw Bl AMEPMKAHCEKOTO HAPOAY

TPEHIHM 3 NMMTAHb ETUKK,
O0BPOYECHOCTI

TA NMPOTKMAI KOPYMNUII aMs
CTYOEHTIB-NPABHNKIB

10.05 - 28.05 2021

PEECTPSUTECH 3RPA3 -
JYHACTb OBEMEAKEHA!

Bl SMORETE O0M=HIATIMCE 00
b | =4 =0 O ( -
OTPKMATI NOOAPYHOK TE

MO3MAMATHMCE 3R MPHAa*

TREHHM CKMNAORETHCH 3 CERI
MEKLIF | CEMHAPIE,
OPMAHIZOBAHLKT<
HHIBEERCIMTETOM CxIOHOI AR
[BEMMKOSRIMTAHIA] & CRIBNRALD
3 NPOreaMOD USAID «HOBE
MPRBOCYOOR: TH
FALIKABMEHIAMIA MNPEBEHHFMIA
LWKOMAME SKPEHA,

LSS L

10 3RBEFUWEHHID HAB-RHHA

HHRCHKKE OTRHMBTES

- MPO BCI OETAMI
I

95



Figure 2.B.2: Questionnaires and game instructions

Baseline and endline questionnaire

Survey information

Thank you for participating. Your participation is voluntary and you may withdraw at anytime. The survey
has three sections: 1) your views on different social issues; 2) your views on corruption in the Ukrainian
society; 3) some questions about yourself. The survey will take approximately 20 minutes to complete. If you
complete the questionnaire, you will receive a gift worth 100 UAH as a shopping voucher.

Data collected will not be shared with anyone. To protect your identity, you have been assigned a numerical
identifier and your answers to this survey will be linked to your number and not to your name. Data will be
stored using the assigned number and will thus be de-identified. The de-identified data will be analysed by
the researchers and will be stored afterwards in the School of Economics at University of East Anglia (UEA),
United Kingdom or in a journal repository upon publication, where it may be downloaded by other researchers
for reanalysis.

You have signed a general consent form to participate in this research. You will shortly be asked to sign a
specific consent form for this survey. Your participation will be recorded in the School of Economics, UEA.

You will receive the gift within three weeks of completing the survey. Furthermore, if you complete this
questionnaire and ALL surveys and quizzes during this study, you will be entered in a draw for a chance to
win one of three prizes worth 1400 UAH.

If you have any concerns about this survey, please contact Dr Oana Borcan at o.borcan@uea.ac.uk, who will
endeavour to respond within 10 working days. If you are still unhappy and wish to make a formal complaint,
please email the chair of the Ethics Committee at the School of Economics, UEA, Dr David Hugh-Jones

(D.Hugh-Jones@uea.ac.uk).

Consent Form

I confirm that I have read and understood the “Survey Information” above. I understand that the data generated
during the experiment will be entirely anonymous, so that my name will not be linked to the data that is
generated. The anonymous data will be analysed by the researchers and subsequently stored at the University
of East Anglia, where it may be downloaded by other researchers. I understand that my participation is
voluntary and that I am free to withdraw at any time but I will receive a gift worth 100 UAH only if I complete
the survey in full.

O YES, I agree to take part in this survey.
O NO, I do not agree to take part in this survey.

Participant numeric identifier: ...

Date: ...

General views on social issues

Question | Coding Category

'\When you decide whether something is right or wrong, to what extent are the following considerations
relevant to your thinking? Please rate each statement below:

Q1. Whether or not someone suffered emotionally 1 Not at all relevant (This consideration has|
nothing to do with my judgments of right
and wrong)

2 Not very relevant

96



2.B. ADDITIONAL TABLES AND FIGURES

3 Slightly relevant

4 Somewhat relevant

5 Very relevant

6 Extremely relevant (This is one of the most
important factors when I judge right and|
wrong)

Q2. Whether or not some people were treated differently than others

Q3. Whether or not someone’s action showed love for his or her|
country

Q4. Whether or not someone showed a lack of respect for authority|

Q5. Whether or not someone violated standards of purity and
decency

Q6. Whether or not someone was good at math

Q7. Whether or not someone cared for someone weak or vulnerable]

Q8. Whether or not someone acted unfairly

Q9. Whether or not someone did something to betray his or her
lgroup

Q10. Whether or not someone conformed to the traditions of society

Q11. Whether or not someone did something disgusting

Q12. Whether or not someone was cruel

Q13. Whether or not someone was denied his or her rights

Q14. Whether or not someone showed a lack of loyalty

Q15. Whether or not an action caused chaos or disorder

Q16. Whether or not someone acted in a way that God would
lapprove of

IPlease read the following sentences and indicate your agreement or disagreement:

Q17. Compassion for those who are suffering is the most crucialll Strongly disagree
virtue. 2 Moderately disagree
3 Slightly disagree

4 Slightly agree

5 Moderately agree

6 Strongly agree

Q18. When the government makes laws, the number one principle]
should be ensuring that everyone is treated fairly.

Q19. I am proud of my country’s history.

Q20. Respect for authority is something all children need to learn.

Q21. People should not do things that are disgusting, even if no one|
is harmed.

Q22. It is better to do good than to do bad.

Q23. One of the worst things a person could do is hurt a defenseless|
lanimal.
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Q24. Justice is the most important requirement for a society.

Q25. People should be loyal to their family members, even when|
they have done something wrong.

Q26. Men and women each have different roles to play in society.

Q27. I would call some acts wrong on the grounds that they are|
lunnatural.

Q28. It can never be right to kill a human being.

Q29. I think it’s morally wrong that rich children inherit a lot of]
money while poor children inherit nothing.

Q30. It is more important to be a team player than to express oneself.

(Corruption in Ukraine

Q31. Now I would like you to tell us your views on corruption —
when people pay a bribe, give a gift or do a favor to other people in|
order to get the things they need done or the services they need.
How would you place your views on corruption in your country on|
a 10-point scale where “1” means “there is no corruption in my|
country” and “10” means there is abundant corruption in my|
country”. If you think there is an intermediate level of corruption,
choose the appropriate number in between.

1 There is no corruption in my country

O 0 I3 U AWK

10 There is abundant corruption in my

country

me for each group if you believe it is none of them, few of them,

IAmong the following groups of people, how many people do you believe are involved in corruption? Tell

or all of them?

Q32. State authorities

Q33. Business executives

Q34. Local authorities

Q35. The judiciary

Q36. Civil service providers (police, civil servants, doctors,
teachers)

Q37. Journalists and media

Q38. We want to know about your experience with local officials
land service providers, like police officers, lawyers, doctors, teachers|
and civil servants in your community. How often do you think]
ordinary people like yourself or people from your neighbourhood
have to pay a bribe, give a gift, or do a favor to these people in order|
to get the service you need? Does it happen never, rarely, frequently|
or always?

1 Never

2 Rarely

3 Frequently
4 Always

Q39. Can you tell me how strongly you agree or disagree with the|
following statement: “on the whole, women are less corrupt than
imen”’?

1 Strongly agree

2 Agree

3 Disagree

4 Strongly disagree
0 Hard to say
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Q40. How high is the risk in this country to be held accountable for|
lgiving or receiving a bribe, gift, favor in return for public service?
To indicate your opinion, use a 10-point scale, where “1” means “no|
risk at all” and “10” means “very high risk”.

1 No risk at all
2
3
Y
5
6
7
8

9
10 Very high risk

Q41. When a foreign firm pays a bribe, offers a gift, or does a favor
to local officials in order to get some business or service they need,
who do you think should be held accountable?

1 The foreign firm

2 The local officials

3 The local middlemen who facilitate the|
payment, gift, or favor.

4 All of the above

5 None of the above

IIn your opinion, can the situations below be justified?

Q42. Is it justifiable that student cheats on their exam because most
of their colleagues are cheating?

1 Never

2 Rarely

3 Frequently
4 Always

Q43. Is it justifiable that a judge who is about to retire accepts a|
bribe from a defendant?

1 Never

2 Rarely

3 Frequently
4 Always

Q44. Is it justifiable that a public hospital manager purchases the|
products of a pharmaceutical company without a bid for tender, after|
attending a conference sponsored by the pharmaceutical company?

1 Never

2 Rarely

3 Frequently
4 Always

IRespondent profile

Q45. Household income? Please tell us about the approximate|
household income of your primary family? Select one of the]
categories below (Put into bins that are reasonable for Ukraine).

1 We need to save money for food

2 We have enough money for food, but we
meed to save or borrow money for buying
clothes and shoes

3 We have enough money for food and
necessary clothing and shoes, but we need to
save or borrow money for other purchases|
like a good suit, a mobile phone, or a|
Ivacuum cleaner

4 We have enough money for food, clothing,
shoes, and other purchases, but we need to
save or borrow money for purchasing more
expensive things (e.g., appliances)

5 We have enough money for food, clothes,|
shoes, and expensive purchases, but we need
to save or borrow money for purchases like
la car or an apartment

6 1 We can buy anything at any time

7 Difficult to answer

Q46. Do you currently have any employment?

0 No
1 Yes

Q46a. If your answer to Q46 was “Yes”, what is your currentUp to 3000,0

income? Select one of the categories below.

3000,1-8000,0
3000,1-12000,0
12000,1-17000
17000,1-20000
20000,1 and more
Prefer not to say

Q47. Are you paying tuition fees for your university studies?

0 No

1Yes
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Q48. Are you receiving a scholarship for these studies?

0 No
1 Yes

Q49. What job do you aspire to have?

1 Judge or prosecutor
2 Defense attorney

3 Corporate lawyer

4 Other

Q49a. If answered “Other” in Q49, can you tell us your choice?

Q50. What is the main reason you chose a degree in Law?

1 I want to make money

2 It was my parents’ aspiration for me

3 It is a career that has prestige and power in|
society

4 I believe I can make a difference in this|
justice system

5 I have the talents and skills to pursue this|
career.

6 Other

Q50a. If answered “Other” in Q50, can you tell us your choice?

[text]

Q51. In the past year, how often have you cheated (or plagiarized),
in university exams?

1 Never

2 A few times
3 Many times
4 Always

Q52. In the past year, how often have you made payments, given|
gifts or favours to obtain to improve your school or university|
imarks?

Q53. In the past 4 weeks, have you had to make a payment, give a|
gift or a favour to any public servant (for example teachers, doctors|
or the police) to obtain a service that should be free.

1 No
2 Yes, a few times
3 Yes, many times

Q54. In the past year, how often have you witnessed a colleague or]
la university teacher behave unethically?

1 No
2 Yes, a few times
3 Yes, many times

Q55. In the past year, have you reported unethical behaviour of aj
colleague or a university teacher?

1 Never
2 A few times
3 Many times
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Experimental instructions and belief elicitation

General information

Thank you for participating. Your participation is voluntary, and you may withdraw at any time without
penalty. The activity will take approximately 25 minutes to complete. If you decide to participate in this
activity, you will receive a gift of 50 UAH as mobile top-up. You will also have the opportunity to receive an
additional gift depending on your choices and chance, to compensate you for your time and effort. You will
receive detailed instructions that will explain your choices and how those choices will affect your final
earnings.

Data collected will not be shared with anyone. No participant will know the identity of other participants. To
protect participants, you have been assigned a numerical identifier and your decisions in this experiment will
be linked to your number and not to your name. Data will be stored using the assigned number and will thus
be de-identified. The de-identified data will be analysed by the researchers and will be stored afterwards in the
School of Economics at University of East Anglia (UEA), United Kingdom or in a journal repository upon
publication, where it may be downloaded by other researchers for reanalysis.

You have signed a general consent form to participate in this research. You will shortly be asked to sign a
consent form for this activity. You will receive the gifts in the form of a mobile top-up within 3 weeks of
completing the activity. Your participation will be recorded in the School of Economics, UEA.

We have a strict “no deception policy” and thus everything in these instructions is true and accurate. If you
have any questions about this or wish to know more about the research behind this activity, please contact Dr
Oana Borcan at o.borcan@uea.ac.uk.

If you have any complaints or concerns about this research, please email the chair of the Ethics Committee at
the School of Economics, UEA, Dr David Hugh-Jones (D.Hugh-Jones@uea.ac.uk)

Consent form

I confirm that I have read and understood the “General information” sheet dated ... which I may keep for my
records. [ agree to take part in this experiment by undertaking a number of computer-based tasks. [ understand
that the data generated during the experiment will be entirely anonymous, so that my name will not be linked
to the data that is generated. The anonymous data will be analysed by the researchers and subsequently stored
at the University of East Anglia, where it may be downloaded by other researchers. I understand that my
participation is voluntary and that I am free to withdraw at any time.

Participant numeric identifier: ...

Date: ...

General instructions
You will be playing a role in a simple activity with other participants.

This activity involves four players, each playing a different role. Your role will be either a Firm, an
Intermediary, a Public Official or a Member of Society. You will be matched with three other participants, and
roles will be anonymously and randomly assigned. At no point will you learn the identity of the other members
from your group.

The activity is meant to mimic the procurement process of public contracts. Each of the four players in your
game will have a budget of 70 UAH to start. The Public Official and the Member of Society do not make any
decisions in the game, but their final payoffs are impacted by the decisions of the Firm and the Intermediary.

101



CHAPTER 2

The Firm wants to win a contract from the Public Official that is worth 50 UAH to the Firm. The Intermediary
will choose whether to help the Firm win the contract by informing the Firm of a piece of confidential
information. If the Firm receives the confidential information from the Intermediary, the Firm decides whether
or not to act upon this information.

The game proceeds as follows:

First, the Intermediary learns a piece of confidential information from the Public Official. This piece of
confidential information is the amount the Public Official must receive as a payment to award the public
contract to the Firm with a 100% chance. Without this payment, the Firm will win the contract with a 5%
chance. The amount the Public Official must receive as a payment is determined randomly. A random number
generator chooses one of the following amounts randomly and each amount has an equal chance of being
chosen: 5 UAH, 10 UAH, 15 UAH, 20 UAH, 25 UAH, 30 UAH, 35 UAH, 40 UAH.

Second, the Intermediary decides whether or not to inform the Firm of this confidential information. The choice
here is to Inform or Not Inform. Important Note: The Intermediary can inform the Firm of a number equal to
or higher than the amount required by the Public Official. For example, if the Intermediary learns that the
Public Official requires a payment of 5 and the Intermediary chooses to Inform the Firm, the Intermediary can
choose 5, or a number greater than 5 (but not smaller) from the following set: 10 UAH, 15 UAH, 20 UAH, 25
UAH, 30 UAH, 35 UAH, 40 UAH. We call the “5” the True Payment Amount and for example the “10” the
Informed Payment Amount. If the Intermediary chooses to inform the Firm of 10 and the Firm chooses to Pay,
then the Intermediary passes the 5 to the Public Official and can keep the remaining difference 10-5.

Third, the Firm’s action depends on the Intermediary’s action. If the Intermediary informs the Firm about the
confidential information, then the Firm can act on that information and Pay the Public Official or Not Pay. If
the Firm Pays, the Firm wins the contract for sure. If the Firm does Not Pay, the Firm will win the contract
with a 5% chance. Moreover, the decision to Pay has a negative effect on the Member of Society’s payoff: if
the Firm decides to Pay, then Society loses 35 UAH (half) of their endowment. Important Note: There are no
partial payments. If the Firm decides to Pay the Public Official, the Firm must transfer the full Informed
Payment Amount reported by the Intermediary. If the Intermediary does Not Inform the Firm, then the Firm
can only choose to Not Pay and there is a 5% chance of winning the contract. The final amount of the gift you
receive will be rounded to the next integer up.

Specific instructions

Intermediary

Your role

You have been assigned to the role of Intermediary in today’s activity.

To begin with, you have 70 UAH as initial budget, like all the other players participating in the activity.

You will shortly receive a piece of confidential information, that is the True Payment Amount which the Public
Official must receive to award the public contract worth 50 UAH to the Firm.

The experiment begins with your decision as Intermediary: you have to decide whether you want to inform the
Firm or not. If you want to inform, you will have to choose what amount you would like to report.

Possible scenarios

If you choose not to inform the Firm, there will not be a deal between the two of you and the Firm will win the
public contract with a 5% chance. If that is the case, earnings will be as follows:

e You: 70 UAH

e The Firm: 70 UAH plus a 5% chance of an additional 50 UAH

e The Public Official: 70 UAH

e The Member of Society: 70 UAH
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If you choose to inform the Firm, earnings will depend both on the Firm’s and your decisions. If the Firm
decides to pay the Informed Payment Amount, the deal is done: the Firm has to pay the full amount and will
win the public contract with a 100% chance. The Public Official will receive their True Payment Amount and
you will keep the difference between the Informed Payment Amount and the True Payment Amount. The
Member of Society will lose half of their initial endowment, i.e. 35 UAH. In other words, if you decide to
inform the Firm, and they accept to pay the Informed Payment Amount, earnings will be as follows:

e You: 70 UAH + Informed Payment Amount — True Payment Amount

e  The Firm: 70 UAH — Informed Payment Amount + 50 UAH

e The Public Official: 70 UAH + True Payment Amount

e The Member of Society: 70 UAH — 35 UAH

If the Firm refuses to pay the Informed Payment Amount, there will not be a deal and the Firm will win the
public contract with a 5% chance. If that is the case, earnings will be as follows:

e  You: 70UAH

e  The Firm: 70UAH plus a 5% chance of an additional SOUAH

e The Public Official: 70UAH

e The Member of Society: 70UAH

Example

Please select a value of your choice for both the True and the Informed Payment Amount to see how your final
earnings will change accordingly.

Remember that you can inform the Firm of a number equal to or higher than the True Payment Amount.

e  True Payment Amount (dropdown menu with all values)
e Informed Payment Amount (dropdown menu with all values)

Your final earning are: (formula that calculates final payoff)
Questions to check your comprehension

The following questions will help you understand the consequences associated with the different options you
choose in this experiment.

1) What are your monetary earnings if you decide not to inform the Firm? (70)

2) The Intermediary can inform the Firm of a number equal to or higher than the True Payment Amount.
(TRUE)

3) Let’s assume that the Public Official’s True Payment Amount is 15 UAH, that you choose to report to the
Firm 30 UAH as Informed Payment Amount, and that the Firm accepts to pay it. What are the resulting
monetary earnings for the Member of Society? (35)

Now make your decision...

We will now reveal the piece of confidential information. We will then match your decision to those of the
Firm you have been paired with to calculate the earnings you are entitled to. Don’t forget that your decisions
here are binding and you cannot change your mind once you have made your choice.

(Descriptive social norm variation)

Just to let you know, you are part of a group in which 75% of Intermediaries have just received an Integrity,
Ethics and Anti-Corruption training / No information

The True Payment Amount which the Public Official must receive to serve the Firm is (random number).

Would you like to inform the Firm about this confidential information? Please select one of the two options
below:
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e Yes
e No
(If Yes)

Please select the Informed Payment Amount that you want to report to the Firm:
SUAH, 10UAH, 15UAH, 20UAH, 25UAH, 30UAH, 35UAH, 40UAH.

We want to hear from you

In this section, we will ask you some questions about your opinion of what the other Intermediaries in the game
have decided to do. You have an opportunity to earn additional bonuses if you answer the following 5
questions. The closer your guesses are to the actual decisions of the other players, the higher your bonus will

be. Note that only one question will be picked at random to calculate your additional bonus.

1. We have asked all the Intermediaries to decide whether they want to inform the Firm. Guess what
share of all Intermediaries who took part in this game decided to “Inform”? Remember, the closer
your guess is to the true percentage, the more bonus you earn.

Slider with 0-100% in increments of 10%

Your bonus will be calculated as follows:

If the difference between | Larger Between Between Between Between Exactly
your answer and the true | than 51 % and | 30% and | 10 and | 1% and | 0%
share of Intermediaries who | 70% 70% 50% 30% 10%

“Informed” is:

You earn 40 UAH with | 10% 30% 50% 70% 90% 100%
probability:

2. We have asked all the Intermediaries to guess what share of Intermediaries who took part in this game
they think they decided to “Inform”. Guess what the average Intermediary answered to this question.
Remember, the closer your guess is to the true percentage, the more bonus you earn.

Slider with 0-100% in increments of 10%

Your bonus will be calculated as follows:

If the difference between | Larger Between Between Between Between Exactly
your answer and the true | than 51 % and | 30% and | 10 and | 1% and | 0%
share of Intermediaries who | 70% 70% 50% 30% 10%

“Informed” is:

You earn 40 UAH with | 10% 30% 50% 70% 90% 100%
probability:

3. All Intermediaries who chose to inform were asked how much they wanted to inform. Guess how
large was the amount overreported on average? (Example: if the True Payment Amount is 20 UAH
and the Intermediary informed 30 UAH, the amount overreported is 30-20 = 10 UAH). Remember,
the closer your guess is to the true percentage, the more bonus you earn.

0 UAH, 5 UAH, 10 UAH, 15 UAH, 20 UAH, 25 UAH, 30 UAH, 35 UAH.

Your bonus will be calculated as follows:
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If the difference between | Larger Between Between Between | Between | Exactly 0
your answer and the true | than 30 | 26 and 30 | 16 and 25 | 6 and 15 |1 and 5

average amount | UAH UAH UAH UAH UAH

overreported is:

You earn 40 UAH with | 10% 30% 50% 70% 90% 100%
probability

4. We asked all the Intermediaries to guess how much other Intermediaries overreported on average.
Guess what the average Intermediary answered to this question? Remember, the closer your guess is

to the true percentage, the more bonus you earn.

0 UAH, 5 UAH, 10 UAH, 15 UAH, 20 UAH, 25 UAH, 30 UAH, 35 UAH.

Your bonus will be calculated as follows:

If the difference between | Larger Between Between Between | Between | Exactly 0
your answer and the true | than 30 | 26 and 30 | 16 and 25 | 6 and 15 [ 1 and 5

average amount | UAH UAH UAH UAH UAH

overreported is:

You earn 40 UAH with | 10% 30% 50% 70% 90% 100%
probability

5. We have asked all the Firms to decide whether they want to pay the amount informed by the
Intermediary. Guess how much the average Firm was willing to pay at most? Remember, the closer

your guess is to the true percentage, the more bonus you earn.

0 UAH, 5 UAH, 10 UAH, 15 UAH, 20 UAH, 25 UAH, 30 UAH, 35 UAH, 40 UAH.

Your bonus will be calculated as follows:

If the difference between | Larger Between Between Between | Between | Exactly 0
your answer and the true | than 30 | 26 and 30 | 16 and 25 | 6 and 15 | 1 and 5

average amount | UAH UAH UAH UAH UAH

overreported is:

You eamn 40 UAH with | 10% 30% 50% 70% 90% 100%
probability:

Thank you for your participation!

At the end of the game, you will be randomly matched with a Firm, a Public Officer and a Member of Society
and your respective choices will be enacted. We will let you know the gift value you have earned, and you will
receive your gift by email in the next 14 days.

Firm

Your role

You have been assigned to the role of Firm in today’s activity.

To begin with, you have 70 UAH as initial budget, like all the other players participating in the activity.
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The decision situation begins with the Intermediary’s choice of whether to Inform or Not Inform you about the
amount that the Public Official needs to receive in order to award you a contract worth 50 UAH.

Possible scenarios...

On one hand, if the Intermediary chooses not to inform, there is no possible deal between you and the
Intermediary, and you will win the public contract with a 5% chance. If that is the case, earnings will be as
follows:

e You: 70 UAH plus a 5% chance of an additional 50 UAH

e The Intermediary: 70 UAH

e The Public Official: 70 UAH

e The Member of Society: 70 UAH

On the other hand, if the Intermediary chooses to inform, you have then two options: 1) you can accept to pay
the Intermediary’s Informed Payment Amount; or 2) you can refuse to make the payment.

If you choose to refuse to pay the Informed Payment Amount, there will not be a deal between you and the
Intermediary and you will win the public contract with a 5% chance. If that is the case, earnings will be as
follows:

e You: 70 UAH plus a 5% chance of an additional 50 UAH

e The Intermediary: 70 UAH

e The Public Official: 70 UAH

e The Member of Society: 70 UAH

If you decide to accept to pay the Informed Payment Amount, it means that the deal is done: you have to pay
the full amount informed by the Intermediary and will win the public contract with a 100% chance. The Public
Official will receive his True Payment Amount and the Intermediary will keep the difference between the
Informed Payment Amount and the True Payment Amount. The Member of Society will lose half of their
initial endowment, that is 35 UAH. In other words, if you decide to accept to pay the Intermediary, earnings
will be as follows:

e You: 70 UAH - Informed Payment Amount + 50 UAH

e  The Intermediary: 70 UAH + Informed Payment Amount — True Payment Amount

e The Public Official: 70 UAH + True Payment Amount

e The Member of Society: 70 UAH — 35 UAH

Example

Please select a value of your choice for both the True and the Informed Payment Amount to see how your final
earnings will change accordingly.

Remember that the Intermediary can inform you about a number equal to or higher than the True Payment
Amount.

e  True Payment Amount (dropdown menu with all values)
e Informed Payment Amount (dropdown menu with all values)

Your final earning are (formula that calculates final payoff)
Questions to check your comprehension

The following questions will help you understand the consequences associated with the different options you
choose in this experiment.

1. What are your monetary earnings if the Intermediary decides not to inform you? (70 UAH plus a 5%
chance of an additional 50 UAH)

2. The Intermediary can inform the Firm of a number equal to or higher than the True Payment Amount.
(TRUE)
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3. Let’s assume that the Public Official’s True Payment Amount is 15 UAH, that the Intermediary
chooses to inform you that the Informed Payment Amount is 30 UAH, and that you accept to pay it.
What are the resulting monetary earnings for the Member of Society? (35)

Now make your decision...
We would now like to ask you whether you would accept or refuse to pay any possible amount that the
Intermediary might report to you. We will then match your decisions to those of the Intermediary you have

been paired with to calculate the gift you are entitled to.

Your decisions here are binding and you cannot change your mind once you have made your choice. We will
not allow inconsistencies in the decisions, i.e. cannot reject 10 UAH but accept 15 UAH.

Please tick the appropriate buttons below to let us know whether you would pay or not the Informed Payment
Amount, for all possible amounts:

Informed Payment Amount Your decision

5 UAH Pay Not Pay
10 UAH Pay Not Pay
15 UAH Pay Not Pay
20 UAH Pay Not Pay
25 UAH Pay Not Pay
30 UAH Pay Not Pay
35 UAH Pay Not Pay
40 UAH Pay Not Pay

Thank you for your participation!

At the end of the game, you will be randomly matched with an Intermediary, a Public Officer and a Member
of Society and your respective choices will be enacted. We will let you know the gift value you have earned,
and you will receive your gift by email in the next 14 days.

Public Officer

Your role

You have been assigned to the role of Public Officer in today’s activity.

To begin with, you have 70 UAH as initial budget, like all the other players participating in the activity.

The True Payment Amount that you must receive to award the public contract to the Firm with a 100% chance
is (random number).

Thank you for your participation!
At the end of the game, you will be randomly matched with a Firm, an Intermediary and a Member of Society

and your respective choices will be enacted. We will let you know the gift value you have earned and you will
receive your gift by email in the next 14 days.

Member of Society

Your role
You have been assigned to the role of Member of Society in today’s activity.

To begin with, you have 70 UAH as initial budget, like all the other players participating in the activity.

Thank you for your participation!
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At the end of the game, you will be randomly matched with a Firm, an Intermediary and a Public Official and
your respective choices will be enacted. We will let you know the gift value you have earned, and you will
receive your gift by email in the next 14 days.
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Table 2.B.1: Summary statistics by treatment assignment

All Control  Training Only Information Training + Information

Prior ethics training 0.37 0.36 0.32 0.42 0.44
(0.48)  (0.48) (0.47) (0.50) (0.50)
Junior 0.45 0.42 0.44 0.39 0.54
(0.50)  (0.50) (0.50) (0.49) (0.50)
Female 0.71 0.74 0.61 0.75 0.75
(0.45)  (0.44) (0.49) (0.44) (0.43)
Enroll for Skills 0.85 0.88 0.79 0.91 0.87
(0.35)  (0.33) (0.41) (0.29) (0.34)
Enroll for Prize 0.00 0.00 0.00 0.00 0.02
(0.06)  (0.00) (0.00) (0.00) (0.13)
Corrupt Leaders 0.00 -0.08 0.10 -0.14 0.09
(0.95)  (1.00) (0.88) (1.03) (0.90)
Corrupt People 0.07 0.01 0.15 -0.14 0.12
(0.94)  (0.97) (0.82) (0.88) (0.98)
Corruption is Risky 0.05 0.21 -0.15 0.27 -0.09
(0.94)  (0.89) (1.01) (0.87) (0.94)
Corruption is Justified -0.04 -0.03 -0.00 -0.00 -0.11
(0.91)  (0.96) (0.84) (0.88) (0.86)
Make Money 0.06 0.05 0.12 0.06 0.02
(0.24)  (0.21) (0.33) (0.24) (0.14)
For Parents 0.01 0.02 0.02 0.04 0.00
(0.12)  (0.14) (0.14) (0.20) (0.00)
For Prestige 0.12 0.11 0.16 0.10 0.10
(0.33)  (0.32) (0.37) (0.30) (0.31)
Make a Difference 0.40 0.39 0.37 0.37 0.48
(0.49)  (0.49) (0.49) (0.49) (0.50)
Have Right Skills 0.31 0.32 0.24 0.31 0.33
(0.46)  (0.47) (0.43) (0.47) (0.48)
Other Reason 0.09 0.11 0.08 0.12 0.06
(0.29)  (0.32) (0.28) (0.33) (0.24)
Judge or Prosecutor 0.27 0.26 0.27 0.25 0.31
(0.45)  (0.44) (0.45) (0.44) (0.47)
Defense Attorney 0.37 0.34 0.43 0.37 0.35
(0.48)  (0.48) (0.50) (0.49) (0.48)

Continued on next page
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Table 2.B.1 (continued)

All Control Training Only Information Training + Information
Corporate Attorney 0.13 0.17 0.08 0.14 0.08
(0.33)  (0.37) (0.28) (0.35) (0.28)
Care 4.74 4.82 4.60 4.80 4.70
(0.64)  (0.63) (0.67) (0.68) (0.63)
Fairness 4.76 4.76 4.77 4.75 4.75
(0.59)  (0.63) (0.47) (0.64) (0.64)
Ingroup Loyalty 4.25 4.24 4.23 4.22 4.29
(0.66)  (0.69) (0.60) (0.69) (0.68)
Authority 3.70 3.74 3.64 3.81 3.67
(0.75)  (0.81) (0.65) (0.78) (0.72)
Purity 4.00 4.10 3.87 4.14 3.90
(0.80)  (0.83) (0.76) (0.85) (0.76)
Observations 252 129 62 64 61

Note: This table displays means and standard deviations of the main control variables used in the analysis.
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Table 2.B.2: Local Average Treatment Effects

All students

Juniors Only

Seniors Only

1] 2] 3] 4] [5] 16] 7] 18] 9]
Attend Training 0.01 0.01 0.02 -0.16 -0.17 -0.18% 0.17 0.15 0.14
(0.11) (0.11) (0.07) (0.15) (0.15) (0.1) (0.16)  (0.16)  (0.09)
Norm Only Treatment -0.04 -0.04 -0.25* -0.26* 0.12 0.1
(0.09) (0.09) (0.13) (0.13) (0.11) (0.12)
Attend Training + Norm Treatment  0.005 0.003 -0.25*  -0.26* 0.29 0.25
(0.12) (0.12) (0.15) (0.15) (0.18)  (0.18)
Treated -0.09 -0.3 0.01
(0.15) (0.27) (0.17)
Junior -0.01 -0.003
(0.06) (0.06)
Prior ethics training 0.01 0.02 -0.17  -0.18* 0.12 0.14
(0.07) (0.07) (0.1) (0.1) (0.09)  (0.09)
Enroll for Skills 0.05 0.05 0.03 0.03 0.07 0.07
(0.09) (0.09) (0.12) (0.12) (0.13)  (0.13)
Female -0.01 -0.02 0.07 0.07 -0.03  -0.04
(0.07) (0.07) (0.1) (0.1) (0.1) (0.1)
Constant 0.55***  0.53***  0.57*** 0.69*** 0.68*** 0.73*** 0.44** 0.38"* 0.45**
(0.06) (0.11) (0.13) (0.09) (0.14) (0.18) (0.08)  (0.16)  (0.18)
Observations 252 252 252 114 114 114 138 138 138
R? 0.001 0.003 0.05 0.07 0.05 0.003 0.02 0.03

Note: Two stage least squares regression coefficients. Columns [1] & [2] report LATE coefficients pooled across all students and in columns [3] & [4] and [5] & [6] we report effects for
Juniors only and Seniors only, respectively. Robust standard errors in parentheses. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Table 2.B.3: Intention to Treat: Quantity Embezzled

Conditional on facilitating a bribe Two-step selection model
All students Jr Only  Sr Only  All students Jr Only Sr Only
[1] 2] 3] 4] [5] 16]

Train Only Treatment -0.01 0.18 -0.21 -0.03 0.18 -0.27
(0.1) (0.13) (0.15) (0.3) (0.39) (0.47)

Norm Only Treatment -0.07 -0.38** -0.02 -12.09 1.25 -1.74
(0.1) (0.17) (0.14) (22.13) (5.26) (1.09)

Train + Norm Treatment 0.2 0.32** 0.14 0.19 0.24 0.21
(0.09) (0.13) (0.14) (0.31) (0.39) (0.47)
Prior ethics training 0.08 0.36%** -0.21** 3.02 2.70 -25.25
(0.07) (0.1) (0.11) (5.48) (7.14) (15.45)

Female 0.31%** 0.76*** -0.01 -3.15 -0.2 6.63
(0.08) (0.13) (0.11) (6.45) (2.88) (4.10)
Enroll for Skills -0.36*** -0.09 -0.59*** 11.49 0.21 -12.95*
(0.09) (0.14) (0.13) (21.92) (0.65) (7.56)
Inverse mills ratio . . . -156.71 8.07 101.85
(289.16) (24.94) (62.91)
Constant 1.72%** 1.22%** 2.33*** 133.42 -6.69 -72.36
(0.13) (0.17) (0.16) (242.82) (24.12) (46.21)

Observations 138 62 76 138 62 76

Note: Poisson regression coefficients. Cols [1] - [3] regress the quantity embezzled conditional on the subject

choosing to facilitate a bribe. Cols [4] - [6] present results of a two-step model that first estimates the probability
of facilitating a bribe (see Table 2.2) and accounts for the selection into bribery when estimating the amount
embezzled. Robust standard errors in parentheses. Significance levels: *** p<0.01, ** p<0.05, * p<0.10.
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Mind how you frame your
compliance demands: The limits of
collaboration and incentives in

multi-tier supply chains

Severe human rights violations in global supply chains often occur upstream with
limited oversight. Buyers rely on direct suppliers to monitor sub-suppliers, but
largely uncompensated top-down compliance demands may be perceived as un-
fair, weakening engagement. This paper tests whether framing and incentivization
of compliance requests shape first-tier supplier behaviour through fairness percep-
tions. In a pre-registered online experiment simulating a multi-tier supply chain,
we compare a baseline deterrence approach with two treatments: deterrence plus
collaborative framing, and deterrence plus collaborative framing with a conditional
financial incentive. We measure effort allocation across monitoring sub-suppliers,
own compliance, and production. Deterrence sustains high monitoring, while col-
laborative framing reduces strict monitoring, and incentives further erode fairness
perceptions and compliance. Effects vary across participants: private-sector partic-
ipants shift from strict to moderate monitoring, whereas public-sector and highly
prosocial participants reduce compliance. Findings highlight risks of hybrid ap-

proaches combining deterrence with collaborative framing and financial incentives.

9This chapter is joint work with Oana Borcan, Amrish Patel, and Theodore Turocy.
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3.1 Introduction

Beyond canonical forms of abuse of entrusted power, such as corruption and fraud,
other forms of rule-breaking in principal-agent settings can generate substantial or-
ganizational and societal costs. Multinational enterprises (MNEs) rely on globally
dispersed suppliers and sub-suppliers to produce goods while requiring social com-
pliance with international labour standards, typically enforced through deterrence-
based mechanisms such as codes of conduct and third-party audits.! However, moni-
toring remains concentrated on first-tier suppliers, even though violations are often
most severe among sub-suppliers, as illustrated by the 2013 Rana Plaza collapse
(ARlander et al., 2016; Wilhelm et al., 2016; Fontana and Egels-Zandén, 2019).2
MNESs have therefore increasingly delegated compliance responsibilities to first-tier
suppliers, expecting them to both comply and monitor sub-suppliers. Yet this model
faces key limitations: while production is rewarded, compliance and monitoring are
not, and requirements are imposed top-down, leading suppliers to perceive an unfair
distribution of costs and responsibilities and weakening incentives to engage beyond
minimum requirements (Locke et al., 2009; Aflander et al., 2016; Soundararajan
and Brammer, 2018; Amengual et al., 2019; Kuruvilla et al., 2020). With the adop-
tion of the EU’s 2024 Corporate Sustainability Due Diligence Directive (European
Union, 2024), understanding how to motivate compliance beyond first-tier suppliers
has become increasingly urgent.

In this paper, we examine whether modifying how MNEs’ social compliance re-
quests are communicated and incentivized — by making them more collaborative or
by introducing conditional rewards — affects first-tier suppliers’ perceptions of fair-

ness and, in turn, their monitoring of sub-suppliers and voluntary compliance. To do

LA supplier code of conduct is a legal document drafted by MNEs that includes a list of social
and environmental standards by which suppliers need to abide and explains the penalty for non-
compliance. To ensure these standards are implemented rather than symbolic, MNEs typically
enforce them through audit-based monitoring strategy, creating top-down compliance pressures
throughout their supply chains (Goerzen and Van Assche, 2023).

20n April 24, 2013, the Rana Plaza building in Dhaka, Bangladesh, collapsed, killing 1,134
people and injuring over 2,500, making it the deadliest disaster in the history of the garment
industry. The building housed several garment factories producing for major European and North
American brands but was structurally unsound and not designed to support heavy industrial
machinery. Despite visible cracks and evacuation warnings issued the day before, workers were
instructed to return to work, and the building collapsed the following morning (Koenig and Poncet,
2022).
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so, we study hybrid governance approaches that combine credible enforcement with
collaborative framing and incentives. Specifically, we test whether a buyer’s (“Al-
pha”) compliance request that complements deterrence with a collaborative fram-
ing increases first-tier suppliers’ (“Beta”) perceptions of fairness and, through this
channel, encourages them to increase monitoring of sub-suppliers (“Gamma”) and
improve their own compliance, relative to a purely deterrence-based approach. We
further examine whether introducing a conditional financial incentive for detecting
and reporting sub-supplier non-compliance amplifies these effects.

We study these mechanisms in a pre-registered online experiment with 427 par-
ticipants from South Africa. Participants acted as first-tier suppliers, deciding how
to allocate their time and effort across production, their own compliance, and mon-
itoring sub-suppliers under one of three conditions: (i) a baseline deterrence ap-
proach (Control), (ii) deterrence combined with collaborative framing emphasizing
shared responsibility and “leading by example” (Treatment 1), and (iii) deterrence
combined with collaborative framing and a financial incentive conditional on de-
tecting and reporting sub-supplier non-compliance (Treatment 2).

Our findings show that, contrary to our initial assumptions, a pure deterrence-
based approach (C) sustains relatively high levels of monitoring, even in the presence
of only a modest probability of detection and sanction. In contrast, the addition of
collaborative framing (T1) does not improve average fairness perceptions or com-
pliance relative to the control condition, but reduces the likelihood of selecting the
strictest inspection policy, suggesting a weakening of monitoring intensity. This
pattern is consistent with the interpretation that collaborative framing may alter
the perceived appropriateness of strict monitoring. The introduction of conditional
financial incentives (T2) yields more adverse effects. While average monitoring ef-
fort remains unchanged, participants are less likely to perceive Alpha’s requests as
fair or effective, and compliance outcomes decline, consistent with a crowding-out
of intrinsic or relational motivations.

Heterogeneity analysis reveals distinct motivational patterns across groups. Pri-
vate sector participants tend to substitute strict monitoring with more moderate in-
spection strategies while maintaining relatively stable compliance levels, suggesting
greater responsiveness to the relational framing of the task. In contrast, public-

sector and highly prosocial participants maintain stable monitoring but reduce
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compliance under both treatments, consistent with the observed decline in fairness
perceptions. Among highly prosocial individuals in particular, both collaborative
framing and conditional incentives reduce the likelihood of selecting strict monitor-
ing and weaken compliance outcomes, in line with a crowding-out of intrinsic and
relational motivations. At the supply chain level, these dynamics are reinforced
by robust evidence that T2 reduces both fairness perceptions and the likelihood
of joint compliance. Taken together, the results suggest that hybrid governance
approaches combining deterrence with collaborative signals and financial elements
may generate conflicting cues that undermine perceptions of fairness and, in turn,
weaken monitoring and compliance in different ways across groups.

Our study makes several contributions to the existing literature. First, it makes
a methodological contribution by bridging insights from regulatory theory, supply
chain management, and behavioural and experimental economics. Prior regulatory
research distinguishes between deterrence-based approaches, which rely on mon-
itoring and sanctions, and voluntary compliance frameworks grounded in trust,
legitimacy, and fairness (Feldman, 2025). Evidence shows that while deterrence
can reduce non-compliance, it may also undermine intrinsic motivation when per-
ceived as unfair or distrustful, making people less likely to go beyond the mini-
mum required (Fehr et al., 1997; Fehr and Schmidt, 2004; Schildberg-Hoérisch and
Strassmair, 2012; Kessler and Leider, 2016; Feldman, 2025). By contrast, trust-
based approaches can enhance voluntary compliance, but primarily among indi-
viduals already inclined to comply. Hybrid approaches that combine enforcement
with trust-building have been shown to improve compliance in domains such as tax
enforcement, yet their effectiveness in social compliance, particularly in multi-tier
global supply chains, remains largely unexplored in experimental settings (Feldman,
2025). Existing research in this area is predominantly qualitative or correlational,
limiting causal inference (Locke et al., 2009; Afklander et al., 2016; Wilhelm et al.,
2016; Soundararajan and Brammer, 2018; Amengual et al., 2019; Kuruvilla et al.,
2020). This study addresses these gaps by using a controlled experiment to causally
identify how different combinations of enforcement, trust-building, and incentives
shape fairness perceptions and, in turn, influence both compliance and delegated
monitoring across supply-chain tiers — mechanisms that are difficult to observe in

real-world settings.
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Second, we extend traditional deterrence and inspection models to a multi-task
principal-agent setting. Unlike standard inspection games where the principal and
agent interact strategically over a single monitored task (Rauhut, 2009; Nosenzo
et al., 2010; Fandel and Trockel, 2013; Rauhut, 2015), our design includes a princi-
pal (Alpha) who performs a non-strategic compliance activity and an agent (Beta)
responsible for multiple tasks — production, self-compliance, and monitoring of
sub-suppliers (Gamma) — with only production being financially rewarded. By
incorporating a modest probability of detection for both Beta and Gamma, com-
bined with credible commercial sanctions on Beta, we provide new experimental
evidence that credible deterrence can stimulate effort in otherwise unrewarded tasks
and reinforce vertical enforcement mechanisms. These findings complement recent
quasi-experimental evidence from Amengual and Distelhorst (2025), who show that
credible penalty threats improved compliance among direct suppliers narrowly fail-
ing audits in Gap Inc.’s supply chain. Our experiment extends this evidence by
demonstrating that deterrence can not only sustain compliance among tier-1 sup-
pliers but also incentivize them to monitor sub-suppliers — an enforcement struc-
ture largely absent in current practice but potentially more relevant under emerging
due-diligence regimes.

Third, we contribute to research on leadership, group identity, tone at the top,
and fairness perceptions in shaping cooperative behaviour and compliance. Evi-
dence from social psychology and experimental economics indicates that followers’
behaviour is strongly influenced by leaders’ actions and signals (Potters et al., 2007;
Figuiéres et al., 2012; Géchter et al., 2012), and that leadership effectiveness is
strengthened by perceived social similarity between leaders and followers (Tajfel
and Turner, 1986; Burger et al., 2004; Cialdini and Goldstein, 2004; Drouvelis and
Nosenzo, 2013). Complementing this, the “tone at the top” literature in corrup-
tion and organizational ethics highlights how leaders shape ethical conduct also
through communication that signals trust, fairness, and shared norms (Graf Lamb-
sdorff, 2015). A positive tone expressed through example, recognition, or inclusive
communication can foster intrinsic motivation and reciprocity, whereas signals of
distrust may undermine them. Informed by this evidence, our first treatment tests
whether fairness perceptions can be enhanced through a relational, trust-building,

and “leading by example” framing, in which the principal (Alpha) signals its own
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compliance efforts and uses inclusive, group-identity language. Unlike most leader-
follower experiments where leaders make strategic decisions, our design isolates the
effect of communication by manipulating only the framing of the leader’s message.
This allows us to provide new evidence on the limits of fairness-based persuasion
through “leading by example” messages in hierarchical, deterrence-oriented contexts.

Finally, we extend this analysis by examining how the combination of deter-
rence, trust-building framing, and conditional financial incentives shapes fairness
perceptions and compliance. In our setting, introducing a conditional financial
incentive for reporting sub-supplier non-compliance amplifies negative effects, re-
ducing perceived fairness and compliance. This finding aligns with behavioural
evidence on motivational crowding out, which shows that external incentives —
particularly when perceived as controlling — can undermine intrinsic and relational
motivations (Gneezy and Rustichini, 2000; Bowles and Polania-Reyes, 2012; Fiorin,
2023). Importantly, these negative effects are not uniform across participants. The
decline in compliance is primarily driven by public-sector and more prosocial indi-
viduals — groups typically more responsive to intrinsic and relational motivations —
suggesting that financial incentives may crowd out precisely the motivations that
sustain voluntary cooperation. Our results also connect to the growing literature
on whistleblower rewards, which examines how financial incentives shape individu-
als” willingness to report wrongdoing (Nyrerod and Spagnolo, 2021). Experimental
studies show that while rewards can increase reporting (Schmolke and Utikal, 2018;
Butler et al., 2019), they may also backfire when reporting entails moral costs —
as in Fiorin (2023)’s field experiment in Afghanistan, where monetary rewards for
peer reporting among public-school employees reduced whistleblowing when reports
could lead to punishment of colleagues. Our study differs in focus: we did not aim
to measure willingness to report per se, but to examine how conditional incentives
affect compliance and monitoring efforts. We show that in a deterrence-oriented
setting, combining deterrence mechanisms with “leading by example” messages and
conditional rewards backfires, reducing Beta’s perceived fairness and compliance
efforts. This likely reflects the perception of Betas as “Alpha’s police” which under-
mined trust and relational reciprocity within the supply chain (Frenkel and Scott,
2002; Dyer and Chu, 2003).

The remainder of the paper is structured as follows. Section 3.2 presents the
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conceptual framework, followed by the experimental design in section 3.3. Section
3.4 describes outcome measures and hypotheses. Section 3.5 presents the data and

methodology. Section 3.6 describes the results, and section 3.7 concludes.

3.2 Conceptual framework

Supplier codes of conduct and third-party audits are private governance mechanisms
commonly used by multinational enterprises (MNESs) to induce social compliance
with labour standards in global supply chains. These tools operate under conditions
of limited observability, asymmetric information, and misaligned incentives, and are
designed to deter violations by increasing the likelihood that misconduct is detected
and penalized.

However, their effectiveness is limited. Monitoring remains largely concentrated
on first-tier suppliers, while labour violations are often most severe further down
the supply chain (Fontana and Egels-Zandén, 2019). In response, MNEs have in-
creasingly delegated social compliance responsibilities to first-tier suppliers. These
suppliers are expected to take on a triple agency role: meeting production targets,
ensuring compliance in their own operations, and monitoring sub-suppliers. Yet,
while production is directly rewarded, compliance and monitoring are typically not.
This structural imbalance creates persistent tension between economic and social
objectives and contributes to perceptions that buyers’ compliance demands are un-
realistic or unfair (Locke et al., 2009; ARlédnder et al., 2016; Amengual et al., 2019;
Kuruvilla et al., 2020).

We conceptualize this governance structure as giving rise to two sources of per-
ceived unfairness. First, compliance requirements are imposed in a top-down man-
ner. Second, compliance and monitoring tasks impose costs that are not directly
compensated. Together, these features can lead suppliers to perceive compliance de-
mands as involving an unfair distribution of both responsibilities and costs of social
compliance, weakening incentives to engage beyond minimum requirements. This
raises the central research question of this paper: can modifying how compliance
requests are communicated and incentivized — by making them more collaborative
or by introducing conditional rewards — improve suppliers’ perceptions of fairness

and, in turn, increase monitoring of sub-suppliers and voluntary compliance?
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Building on insights from regulatory theory, supply chain management, and be-
havioural economics, we conceptualize a buyer’s (Alpha’s) compliance request as
triggering a chain of perceptual and behavioural responses. First, the way compli-
ance expectations are designed and communicated shapes how they are perceived.
Second, first-tier suppliers (Beta) form views about the fairness of these expecta-
tions. Third, these perceptions influence behaviour, including how effort is allocated
between monitoring sub-suppliers and ensuring own compliance.

A key assumption underlying this framework is that compliance and moni-
toring are perceived as legitimate contributions to a shared objective — namely,
improving working conditions along the supply chain. If this assumption holds,
fairness-enhancing signals can reinforce monitoring and voluntary compliance be-
yond minimum levels. If it does not, similar signals may instead alter how tasks are
interpreted without increasing perceived fairness.

To examine these mechanisms in a controlled but realistic setting, we design a
contextualized online experiment in which participants assigned to the role of Beta
make real-effort decisions under three conditions that vary how Alpha’s compliance

expectations are communicated and enforced:

1. Deterrence-based approach (Control). This condition is designed to
mimic a stylized real-world setting where social auditing among first-tier and
second-tier suppliers is possible but limited. Compliance is enforced through
a credible but relatively low probability of detection and sanction. Moreover,
the top-down nature of the social compliance request and the lack of com-
pensation for monitoring and compliance tasks may render it unfair, thereby

limiting incentives to engage beyond minimum monitoring and compliance.

2. Hybrid approach combining deterrence with collaborative framing
(Treatment 1). This condition seeks to mitigate the perception of top-down
imposition by introducing a relational framing of compliance. The buyer
emphasizes shared responsibility through inclusive “we”-language and signals
its own compliance efforts (“leading by example” and “tone at the top”). Such
framing may enhance perceived fairness by reducing the sense of unilateral

imposition.
3. Hybrid approach combining deterrence with collaborative framing
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and a conditional financial incentive (Treatment 2). This condition
builds on Treatment 1 by introducing a conditional financial incentive for
detecting and reporting sub-supplier non-compliance. This aims to mitigate
also the second source of unfairness — namely, the absence of compensation for

monitoring and compliance — by linking these activities to a monetary reward.

Based on this framework, we derive the following testable hypotheses.

Behavioural outcomes (monitoring and compliance):

e H1: Collaborative framing increases suppliers’ monitoring effort relative to
a traditional deterrence-based approach by improving perceptions of fairness

and legitimacy of the buyer’s compliance expectations;

e H2: Adding conditional financial incentives increases monitoring effort be-
yond the effect of trust-building framing alone by strengthening the expected

returns to monitoring;

e H3: Collaborative framing may affect suppliers’ own compliance effort, but
the direction of this effect is theoretically ambiguous. While fairness and
“leading by example” may promote reciprocity and increase effort, increased
monitoring demands may crowd out the time and attention allocated to own

compliance .
Mechanism (fairness perceptions):

e H4: Collaborative framing increases suppliers’ perceptions of fairness of the

buyer’s compliance expectations.

Finally, we explore whether responses differ across participant types. In par-
ticular, private- and public-sector participants, as well as individuals with different
levels of prosocial orientation, may perceive compliance requests differently and

respond to relational and incentive-based signals in distinct ways.
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3.3 Experimental design

3.3.1 Decision environment

We study these mechanisms through a contextualized online experiment simulating
a stylized three-tier global supply chain that produces a fictitious good, XYZ.? The
lead firm, Alpha (a European multinational), procures XYZ from Beta, a medium-
sized South African first-tier supplier. To meet Alpha’s production order, Beta
outsources part of its output to smaller local manufacturers. Gamma represents
one of these subcontractors, acting as a second-tier supplier in the chain. Alpha’s
objectives are to achieve the production target and ensure compliance with labour
standards across the entire supply chain.

This Global North-South structure reflects the organization of many global
supply chains, where MNEs outsource labour-intensive production to suppliers in
emerging economies. To capture this context, participants playing the role of Beta
and Gamma were recruited from South Africa via the online platform Prolific. At
the time of data collection, South Africa was one of the few emerging economies on
the platform with a sufficiently large and active participant pool. This approach en-
hances contextual realism while allowing for a sufficiently large and heterogeneous
sample within a single emerging-country context, while maintaining a controlled
and anonymous decision environment.

The game unfolds as follows. Alpha issues an urgent production order to Beta,
requesting the delivery of up to 100 units of good XYZ and requiring that both Beta
and its subcontractors comply with at least 5 out of 15 labour standards. Alpha
also informs Beta that it conducts compliance inspections in 1 out of every 10

orders, auditing both direct suppliers and subcontractors.* If an inspection reveals

3The pre-analysis plan for this experiment was registered on the AEA RCT Registry (RCT
ID AEARCTR-0015674) on 30 March 2025. Unless otherwise specified, our analysis follows the
approach set out in the pre-analysis plan. Ethical approval for this study was granted by the
School of Economics Research Ethics Subcommittee (ETH2425-0106) at the University of East
Anglia.

4In real-world settings, buyers (Alpha) conduct frequent audits of their tier-1 suppliers (Beta).
Auditing at the tier-2 level (Gamma) is becoming more common but remains far less systematic,
while inspections rarely extend beyond that tier (Bloemer and Minner, 2025). To keep the ex-
perimental design manageable while maintaining credibility in detecting violations at both levels,
we assume that Alpha can also audit Gamma. However, rather than assigning different detection
probabilities to each tier, we apply a single moderate probability (10%) across the chain to cap-
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that either Beta or any of its subcontractors fail to meet the compliance threshold,
Alpha terminates the business relationship with Beta, and no payment is made for
any of the units delivered.

Because the order is urgent, Beta must outsource half of the production (50

units) to a subcontractor, Gamma. Beta is therefore responsible for three things:

1. Inspection, by committing to inspect a random share of subcontractors (10%,

30%, or 50%), where higher inspection rates entail greater time costs.

2. Compliance, by using the remaining time to meet Alpha’s minimum re-
quirement of complying with at least 5 out of 15 labour standards. This task
has no direct financial reward but is necessary to maintain Alpha’s business

relationship.

3. Production, by using the remaining time to produce up to 50 units of XYZ.
Each correctly produced unit yields a monetary reward, with total earnings

depending on the combined production of Beta and Gamma.

Beta’s challenge is to balance these three competing activities within a fixed
time budget of 180 seconds, knowing that failure to comply — either by Beta or by
Gamma — can result in termination of the contract.

Gamma, in turn, receives a subcontracting order from Beta for 50 units of
XYZ and faces the same compliance requirement as Beta. Gamma must decide
how to divide their available time between production and compliance, knowing
the probability of being inspected by Beta. If Gamma is inspected and found
non-compliant, Beta terminates the subcontract and Gamma receives no payment.

Detailed game instructions can be found in Figure 3.A.2.

3.3.2 Tasks

While Beta is the primary decision-maker of interest, the inclusion of active play-
ers Alpha and Gamma was essential to maintain realism, ensure consistency in

instructions and incentives, and avoid deception.

ture the lower overall likelihood of detection in real supply networks while preserving simplicity
for participants.
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Participants assigned to the role of Alpha were given 60 seconds to perform
a compliance activity. The task was operationalized as a transcription exercise:
participants had to correctly transcribe at least 5 out of 15 images, each displaying
a sequence of five letters, representing the 15 labour standards. Alphas were not
required to make any strategic decisions. However, their performance mattered
in Treatments 1 and 2. In these treatments, the best Alpha score (12 correctly
transcribed images in our case) was disclosed to Betas and Gammas as a signal of
Alpha’s own commitment to compliance with labour standards.?

Participants assigned to the role of Beta were allocated 180 seconds, which they

had to distribute across three competing activities:

1. Inspection, which determines Beta’s ability to monitor how many labour
standards Gamma complies with. Before allocating time to compliance and
production, Beta was required to select one of three inspection policies to
determine the probability of inspecting Gamma (Figure 3.1). Each policy

incurred a time cost, reducing time available for production and compliance:

e 10% inspection policy: Inspects 1 of 10 subcontractors (costing 55

seconds)

e 30% inspection policy: Inspects 3 of 10 subcontractors (costing 75

seconds)

e 50% inspection policy: Inspects 5 of 10 subcontractors (costing 95

seconds)

After choosing the inspection policy, Beta was prompted to divide the remain-

ing time between compliance and production (Figure 3.2).

2. Compliance, which simulates Beta’s efforts to comply with the labour stan-
dards. The activity was implemented as a transcription task, similar to the

one performed by Alpha (Figure 3.3).° Correctly transcribing at least 5 out of

5For Alpha only, the compliance task was linked to a donation to a charity fighting child
labour, with the size of the donation proportional to compliance performance. To simplify the
instructions, the compliance task for Beta and Gamma did not involve any donation.

6Pilot data showed low performance on the compliance task across roles. We therefore sim-
plified the task for Betas and Gammas, reducing the number of letters in each word from five to
four and making them not case-sensitive.
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15 images satisfied Alpha’s minimum compliance requirements. This task of-
fered no direct financial reward but was essential for maintaining the business
relationship with Alpha (upon inspection) and securing the extra earnings
from the production activity. If an inspection by Alpha revealed that either
Beta or Gamma failed to meet the compliance threshold, Alpha terminated the
business relationship with Beta, and no payment was made for any units de-
livered. The only exception applied in T2: if Beta inspected Gamma, detected

non-compliance, and reported it to Alpha, Beta was spared this sanction.

3. Production, which simulates Beta’s efforts to produce units of good XYZ.
The activity was operationalized as a slider task, in which participants were
required to position 50 sliders to a target value between 0-100 (63 in our case),
representing the 50 units of good XYZ to be produced by Beta (Figure 3.4).
Each correctly positioned slider earned 1 South African Rand (R).” Beta’s
total production earnings depended on the combined production performance

of both Beta and Gamma.

Participants assigned to the role of Gamma were allocated 120 seconds, which

they had to distribute across two competing activities:

1. Compliance, which simulates Gamma’s efforts to comply with the labour

standards (operationalized as above).

2. Production, which simulates Gamma’s efforts to produce units of good XYZ
(operationalized as above). Gamma’s earnings depended solely on their own
production and compliance performance. If Gamma was inspected by Beta
and found non-compliant, the subcontract was terminated and no payment

was made. Alpha’s inspections did not directly affect Gamma’s payoft.

Before the game, participants completed a 20-second practice round of their
activities and a short comprehension quiz on the rules. These steps familiarized
participants with the tasks and ensured understanding of the setup. The number of
quiz attempts was recorded as a measure of attentiveness. At the end of the game,

participants completed a short survey eliciting demographic information (gender,

TAt the time of data collection (March-May 2025), R1 = £0.04 approximately.

125



CHAPTER 3

Figure 3.1: Inspection task

The real activity begins here: Are you ready for inspection?

You have a total of 180 seconds to fulfil Alpha's arder. It is now time to select an inspection policy and allocate a portion of your
180 seconds to inspecting your subcontractors, including Gamma, to determine how many of the labaur standards they comply

with.

Remember the more time you spend on inspecting your subcontractors, the higher the chance that you will inspect
Gamma and determine whether they comply with at least the minimum number of standards.

The participant in the role of Gamma is informed about the inspection policy that applies to them, With a greater chance of
being inspected, Gamma may be more metivated to focus on their compliance efforts.

There are three possible inspection policies. To select the policy you would like to follow, click on the corresponding box. When
yiou are ready to confirm your decision, continue by clicking the button *Confirm decision" below.

Spend 55
seconds on
inspection

Inspect 1 out of 10
subcontractors

Lowest chance af motivating
Gamma to comply

Spend 75 Spend 95
seconds on seconds on
inspection inspection

Inspect 3 out of 10 Inspect 5 out of 10
subcontractors subcontractors

Medium chance of motivating Highest chence of motivating

Gamma to comply Ganma fo comply

Figure 3.2: Time allocation between compliance and production

Allocating time between compliance and production

You have chosen to spend 75 seconds on inspecting your subcontractors’ compliance. This leaves you with 105 seconds for your

own comgliance and production activities.

Pleaze use the slider below to choose how you wauld like to allacate your remaining 105 seconds between the compliance activity
of transcribing images, and the production activity of positioning sliders to produce units of good XYZ.

All 105 seconds for
production

45 seconds for Compliance
60 seconds for Production

L ] All 105 seconds for
compliance

age, residence, employment) and non-incentivized preference items (risk, time, and

other social preferences) following Falk et al. (2022). Figure 3.5 provides an overview

of the experimental design for each player.
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Figure 3.3: Compliance task

Compliance

You have E 0:27 remaining to transcrioe images. Remember |etters are not case-sensitive!

CAJJ

cajj

Figure 3.4: Production task

Production

You have = 0:34 remaining to position as many sliders as you can at 63.

| A3 | i |
| 63 | o |
I 63 ] 0 [ |
| 0 | o |
| 0 ] 0 |
| 0 | o |
| 0 | ] 1
| 0 | 0 I
| o | 0
| 0 I 0
| o | 0 [
| 0 | 0 |
| 0 ] 0 |
| 0 | 0 |
0 I 0 I
0 [ | 0 [ |
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Alpha

Figure 3.5: Experimental design flow

Consent form + Treatment Description of activities: Practice task — Real task — Outcome of
background (C, T1,0r T2) 1. Compliance results results Alpha's
information compliance

(common rules, (donation)

setting, and role)

Beta
Consent form + Treatment Description of activities: Practice tasks (production &
background Beta receives 1. Production compliance) — results +
information Alpha’s compliance 2. Compliance explanations —
(common rules, message 3. Inspection comprehension question
sctting, and role) (C, T1,0r T2) '
Beta selects inspection
policy (10%, 30%, or 50%)
Bera's compliance message is
sent to Gamma
Beta allocates remaining time
b/w compliance & production
Real tasks (production &
compliance) — results
Final survey
(beliefs, demographics, and
social preferences)
Recap of compliance & e
production results Outcome of Outcome of
Gamma’s inspection Alpha's
+ Beta'’s reporting inspection +
(in T2 only) final payoff

Gamma

-
P

Consent form +
background
information

(commaon rules,

setting, and role)

Treatment
Gamma receives
Beta's compliance
message
(C or T1)

Description of activities:

1. Production
2. Complianee

Practice rasks (production &
compliance) — results +
explanatons —
comprehension question

Gamma allocares remaining
time b/w compliance &
production

Real tasks (production &
compliance) — results

Final survey
(beliefs, d:mngmphil:s, and

social preferences)
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3.3.3 Treatments

In global supply chains, buyers typically communicate compliance requirements to
their direct suppliers through codes of conduct or other formal communication. In-
spired by a real-world example of such governance tools (Figure 3.A.1), we designed
three treatment conditions to examine how Alpha’s incentive structure and commu-
nication strategy affect Beta’s allocation of effort between monitoring, compliance,
and production activities. In our experiment, participants assigned to the role of
Beta were randomly allocated to one of three treatment conditions, which differed

in how Alpha communicated and enforced its compliance expectations (Figure 3.6):

1. Deterrence-based approach (Control, C): A traditional top-down mes-
sage in which Alpha emphasizes its compliance expectations and warns that
the business relationship with Beta is terminated if non-compliance is detected

— either at Beta’s or Gamma’s level — with a 10% probability of detection.

2. Hybrid approach which combines deterrence with collaborative fram-
ing (Treatment 1, T1): Retains the sanction threat in the Control condition
but adds a more collaborative, trust-building and reciprocity-based framing
that aims to reduce the perception of unilateral, top-down imposition. This is
achieved by emphasizing shared responsibility through inclusive “we’-language
and by signaling that the lead firm itself engages in compliance efforts (“leading

by example” and “tone at the top”), thereby reinforcing fairness and legitimacy.

3. Hybrid approach which combines deterrence with collaborative fram-
ing and conditional financial incentives (Treatment 2, T2): Builds on
T1 by adding a conditional financial incentive. If Beta detects and reports
Gamma’s non-compliance before Alpha’s own inspection, Alpha’s business re-
lationship with Beta is maintained. This aims to reduce the material burden

associated with monitoring and compliance.
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Figure 3.6: Alpha’s compliance messages in each treatment condition

Control

Dear Beta,

QOur company Alpha would like to place an order for up to 100 units of good XYZ to be produced as soon as possible.
You will be paid R1.0 per unit produced.

Please note that we are committed to producing good XYZ in compliance with 15 labour standards.

We expect that you carry out your production activities in compliance with at least 5 of those standards, and that you
ensure that your subcontractors do the same.

We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will terminate our business relationship with Beta, and your
company will not be paid for any units of good XYZ you deliver.

Regards,
Alpha

Treatment 1

Dear Beta,
COur company Alpha would like to place an order for up to 100 units of good XYZ to be preduced as soon as possible.
You will be paid R1.0 per unit produced.

Pleage note that we are committed to working together with our entire supply chain to preduce good XY 2 in compliance
with 15 labour standards.

Az a proof of our commitmeant, we have completed a certification process, confirming that we currantly comply
with 12 of those standards.

We trust that you, as a valued member of our supply chain, will do your part by carrying out yaur production activities in
compliance with at least 5 of those standards, and that your subcontractors will do so as well.

‘We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will regretfully have to terminate our business relationship
with Beta, and your company will not be paid for any units of good XYZ you deliver.

Regards,
Alpha
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Figure 3.6 (continued): Alpha’s compliance messages in each treatment condition

Treatment 2

Dear Beta,
Our company Alpha would like to place an order for up to 100 units of good XYZ to be produced as soon as possible.
You will be paid R1.0 per unit produced.

Please note that we are committed to working together with our entire supply chain to produce good XYZ in compliance
with 15 labour standards.

As a proof of our commitment, we have completed a certification process, confirming that we currently comply
with 12 of those standards.

We trust that you, as a valued member of our supply chain, will do your part by carrying out your production activities in
compliance with at least & of those standards, and that your subcontractors will do so as well.

We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will regretfully have to terminate our business relationship
with Beta, and your company will not be paid for any units of good XYZ you deliver.

However, if you comply with at least & of the standards, but you discover that your subcontractors do not, you are responsible
for reporting your subcontractors' non-compliance to us. Only if you report, we will not terminate our business relationship
with Beta, and your company will still be paid for any units of good XYZ you deliver.

Regards,
Alpha

3.3.4 Implementation and matching procedures

The experiment was implemented in oTree and deployed via Prolific. Eligibility
criteria included age (> 18), residence (South Africa for Betas and Gammas, and
European countries for Alphas), English proficiency, and non-student status.

Data collection ran from 26 March to 28 May 2025, yielding 561 participants: 8
Alphas, 126 Gammas, and 427 Betas.® As we had no precedent to inform a mini-
mum detectable effect size due to the novelty of the design, Beta’s final sample size
was maximized against the budget and checked against preliminary power calcula-

tions.? On average, Alphas completed the study in 5-10 minutes, Betas in 20-25

8Before registering the pre-analysis plan and beginning final data collection, we conducted
three pilot sessions (on 2 September 2024 for Alpha, 31 January 2025 for Gamma, and 5 March
2025 for Beta) to test whether the instructions were clear and the tasks functioned as intended.
Pilot results indicated that participants had difficulty understanding the instructions, as shown by
low quiz accuracy and limited engagement with the production and compliance tasks. Accordingly,
the compliance task was simplified (five letters reduced to four), and the instructions were clarified
and segmented into more manageable components.

9Before concluding data collection, we ran preliminary power calculations (not pre-specified
in the pre-analysis plan) using baseline means from a sample of 289 Betas (roughly evenly split
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minutes, and Gammas in 15-20 minutes. Participants received a participation fee
(EUR1.75=£1.5 for Alphas, R60=£2.5 for Betas, and R47=£2 for Gammas), with
Betas and Gammas earning additional payoffs based on production performance
(up to R100=£4 and R50=4£2 respectively).?

To facilitate implementation, the experiment was conducted asynchronously.
Data from Alphas and Gammas were collected before the Beta sessions, and their
recorded outcomes were matched ex-post with Betas’ decisions. This approach
ensured realistic interactions and payoffs while avoiding deception. Treatment as-
signment was not handled by Prolific directly but through oTree configuration files
prepared by the research team. These files pre-specified treatment conditions, in-
spection policy (for Gamma sessions only), and sequence order, ensuring balance
across conditions. Because participant entry into Prolific sessions is effectively ran-
dom, the procedure approximated random assignment. Data collection proceeded

in three stages:

e Alpha session (September 2024): We conducted one Prolific session and
collected data from 9 European participants, evenly distributed across the
three treatment arms. They were asked to perform only the compliance task.!!
In T1 and T2, participants were also informed that their performance could
influence supplier compliance. The compliance score of the top-performing

Alpha (12/15) was later disclosed to Betas and Gammas in those treatments.

e Gamma sessions (March-May 2025): We ran three Prolific sessions and
collected data from 126 South African participants. Gammas were assigned
to one of two framing treatments (C or T1) and to one of three inspection

conditions (10%, 30%, or 50%). T2 was excluded at the Gamma level since the

across treatment conditions) to assess whether additional recruitment was necessary and to verify
that randomization produced balanced covariates across groups. We examined three primary
outcomes: (i) selection of inspection policy 5, (ii) number of words correctly transcribed, and
(iii) compliance with at least minimum standards (> 5 words correctly transcribed). For the first
outcome (mean = 0.55) and third outcome (mean = 0.58), the calculations indicated that detecting
a 10 percentage-point effect would require between 780 and 1,000 total participants, which was
not feasible due to budget constraints. For the second outcome (mean = 5), the calculations
suggested that detecting a one-unit increase (from 5 to 6 words) would require between 400 and
550 participants, approximately in line with our final sample size.

10At the time of data collection, the minimum hourly payment allowed on Prolific was £6.

1 As Alphas were not the main actors in our design, and the pilot data showed no issues with
instructions or task implementation, we retained these observations as the final Alpha data rather
than running additional sessions.
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messages for Gamma were identical in T1 and T2. To reflect Alpha’s policy of
inspecting 1 out of every 10 production orders, Gammas were organised into
blocks of 6 (2 treatment arms x 3 inspection policy conditions), which were
repeated 10 times to yield the complete set of 60 configurations. Dropouts
were replaced in subsequent sessions until the full set was obtained.!? The
dataset of Gammas, including compliance and production outcomes, served
as the input for matching Beta’s decisions in the game and to generate Beta's

payoffs.

Beta sessions (April-May 2025): We conducted five Prolific sessions and
collected data from 427 South African participants. Betas were assigned to
one of the three framing treatments (C, T1, or T2). They were then matched
ex post on treatment and inspection policy with Gamma data according to
the pre-specified configuration files including pre-recorded data on Gamma’s
treatment, assigned inspection policy, and Alpha’s inspection outcome for pay-
off calculation. Dropouts were systematically replaced by re-running the cor-
responding configurations until the target sample was reached. Each Gamma

was assigned to two or three Betas.

3.4 Measurement and hypotheses

3.4.1 Outcome measures and controls

Building on the previous section, the analysis focuses on two primary outcomes

(POs) related to Beta’s monitoring and compliance efforts, and two secondary out-

comes (SOs) capturing underlying mechanisms.

1. PO;: Monitoring effort. Measured as the number of seconds Beta allocates

to the inspection task, determined by their selected inspection policy (10%
policy = 55 seconds, 30% policy = 75 seconds, or 50% policy = 95 seconds).
For the main specification, we construct a binary indicator equal to one if

Beta selects more than 55 seconds (i.e., 30% or 50% inspection policy), and

12 Across both Gamma and Beta sessions, the average response rate was approximately 70%.
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zero otherwise. We also examine the probability of selecting each inspection

policy separately.

2. POy: Compliance effort. Measured as Beta’s performance in the compli-
ance task, defined by the number of correctly transcribed words. We also
construct a binary indicator equal to one if Beta correctly transcribes at least
5 words (i.e., complies with at least minimum labour standards), and zero

otherwise.

To explore mechanisms, we elicited the following subjective perceptions after

task completion:

1. SO;: Perceived fairness. Beta’s agreement with the statement "I found
Alpha’s compliance requests fair", measured on a Likert scale from 0 (com-

pletely disagree) to 10 (completely agree).

2. SO,: Perceived impact of monitoring. Beta’s belief about whether their
chosen inspection policy influenced Gamma’s compliance ("In your opinion,
how does your chosen inspection policy influence the likelihood that Gamma
meets at least five labour standards?"), measured on a Likert scale from 0 (no

influence at all) to 10 (complete influence).

To account for individual heterogeneity in preferences and attentiveness, we
included the following controls: participants’ demographics (gender, age, residence,
and employment in private vs public sector), preferences (risk, time, and social
preferences from Falk et al. (2022)) and the number of attempts required to correctly

answer the pre-game comprehension quiz.

3.4.2 Hypotheses
Our main hypotheses are summarised as follows.
In terms of monitoring effort (PO;):

e Hypothesis 1: Receiving a social compliance demand framed in a more
collaborative manner increases the time Beta allocates to the inspection task
compared to traditional top-down framing (Hp la: T1 - C > 0; Hp 1b: T2 —
C > 0);
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e Hypothesis 2: Adding a financial incentive to report Gamma’s non-compliance
(T2) increases Beta’s monitoring time beyond the effect of collaborative fram-

ing alone (Hp 2: T2 - T1 > 0).
In terms of compliance effort (PO,):

e Hypothesis 3: Collaborative framing by Alpha — including disclosure of
Alpha’s own compliance performance — may influence Beta’s own compliance
performance, but the direction of this effect is ambiguous. On one hand, it
may promote reciprocity and effort. On the other hand, increased monitoring
effort may crowd out the time and attention available for Beta’s compliance

task (Hp 3a: 71— C #0; Hp 3b: 72— C #0; Hp 3c: T2 —T1 #0).
In terms of mechanisms (SO, ):

e Hypothesis 4: Receiving a social compliance demand framed in a more
collaborative manner increases Beta’s perception of the fairness of the buyer’s

compliance request. (Hp 4a: T1 - C > 0; Hp 4b: T2 - C > 0).

3.5 Data and methodology

3.5.1 Data description

Summary statistics for outcome variables and controls are reported in Table 3.A.1.
Among Beta participants, 86% selected either inspection policy 3 or 5, with 51%
choosing the highest policy. On average, Betas allocated their remaining time al-
most evenly between compliance and production, devoting about 55% to compli-
ance. They correctly transcribed an average of 5.5 words, with 58% meeting at least
the minimum standard (> 5 words). As shown in Figure 3.7a, the distribution of
compliance performance is bimodal, with one peak at very low performance (0 words
correctly transcribed) and a second, smaller peak just above the minimum compli-
ance threshold (around 6-8 correctly transcribed words). In the production task,
Betas correctly positioned an average of 4.9 sliders. The production distribution is
right-skewed, with a concentration of participants at very low production levels and

progressively fewer reaching higher output (3.7b). Belief measures were generally
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Figure 3.7: Distribution of compliance and production performance
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high, with average scores in the upper range of the 10-point scale. The perceived
fairness of Alpha’s compliance requests averaged 7. The perceived effectiveness of
the chosen inspection policy in influencing Gamma’s compliance behaviour averaged
7.8.

Turning to demographics, among the 427 participants in the Beta role, about
60% were female, 63% were aged 18-34, and 32% lived in an urban area. Only 26
participants (6%) reported being unemployed, while most were employed in the pri-
vate sector (58%). Social preference measures were also generally high: willingness
to take risks (7.8), willingness to delay gratification (7.2), optimism about others’
intentions (6.5), willingness to share without expecting return (8.4), and willing-
ness to punish unfair behaviour (5.8). Generosity, measured on a 6-point scale, also
scored relatively high (4.2). On average, participants required 1.5 attempts for the
production quiz, 1.2 for the compliance quiz, and 1.4 for the inspection quiz.

Balance tests across treatment arms are reported in Table 3.A.2 in the Appendix.
Only a few variables differed significantly between groups, namely private-sector
employment and the number of attempts on the production and inspection quizzes,

indicating that randomisation was largely successful.

3.5.2 Empirical methodology

To test our hypotheses, we estimate the following equation using OLS regression

with robust standard errors:
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Yi=a+ 5T+ 012 +9X; + s+ & (3.1)

where Y; is one of the primary or secondary outcome measures for individual
1, representing Beta’s decisions and effort. T'1; and T2; represent indicators for
assignment to Treatment 1 or 2, respectively. Xj is a vector of individual covariates
including demographics (dummies for female, early-career, urban residence, unem-
ployed, and private-sector employment), social preferences (risk tolerance, patience,
trust, prosociality, generosity, inequity aversion), as well as the number of attempts
required to pass the comprehension quiz, which captures participants’ focus and un-
derstanding of the rules. &5 represents session fixed effects to account for unobserved
heterogeneity across data collection sessions, and ¢; is the error term.

To explore heterogeneity, we augment equation (3.1) by interacting the treat-
ment indicators with key demographic and preference variables. We are particularly
interested in differences between participants from the private and public sectors, as
well as differences linked to their level of prosociality. These subgroup analyses, as
well as the analysis of secondary outcomes, are treated as exploratory. Results are
therefore interpreted with caution, given concerns about limited statistical power

and the increased risk of false discoveries.

3.6 Main results

3.6.1 Primary outcome: Monitoring efforts (PO;)

As shown in Figure 3.8, the share of participants selecting either inspection policy
3 or 5 was consistently high (above 80 percent), with negligible variation across
treatments.

Figure 3.9 provides a more detailed breakdown of policy choices by treatment.
Around half of the participants in each group selected the highest inspection policy
(policy 5), with the largest share in C (57 percent) and the smallest in T1 (45
percent). Choices for policy 3 were relatively stable across treatments, ranging
from 32 to 39 percent, while policy 1 was chosen by about 10 to 16 percent of the

sample.
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Probability of selecting inspection policy 3 or 5

Percent

Figure 3.8: Probability of selecting policy 3 or 5 by treatment
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Figure 3.9: Distribution of inspection choices by treatment
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Regression estimates reported in Table 3.1 show that neither T1 nor T2 had
a significant effect on the likelihood of selecting inspection policies 3 or 5, nor on
the probability of choosing policy 3. However, compared to the control group,
participants in T1 were significantly less likely to select policy 5, with a marginal
effect of -12.3 percentage points (approximately a 20% reduction compared to the
control share; p < 0.05). These results are consistent with ordered probit estimates,
which further indicate that T1 shifts participants away from the highest inspection
policy toward lower and intermediate levels. Detailed results are reported in Table
3.A.3.

Taken together, the results reveal two key patterns. First, the data do not sup-
port our prior assumption that a pure deterrence-based approach imposing com-
pliance requirements in a top-down manner would induce only limited monitoring.
Instead, the control condition — combining a 10 percent probability of detection
with the threat of financial loss — sustains relatively high levels of monitoring.
Second, contrary to Hypotheses 1 and 2, neither collaborative framing (T1) nor its
combination with conditional financial incentives (T2) increases monitoring effort.
If anything, T1 reduces the likelihood of selecting the strictest inspection policy.

shifting choices toward lower and intermediate levels.

Table 3.1: Treatment effects on Beta’s monitoring, compliance, and production
efforts

Inspection Inspection Inspection Compl. If complied

Variable policy policy policy seconds Co;npl. with min. Plf'.Od'
3orb 3 5 (share) pertorm. standard PO
Treatment 1 -0.059 0.064 -0.123** -0.010 -0.003 -0.086 0.549
[0.041] [0.058] [0.060] [0.028] [0.441] [0.055] [0.361]
Treatment 2 -0.042 0.014 -0.056 -0.034 -0.531 -0.145%* 0.000
[0.040] [0.057] [0.060] [0.027] [0.463] [0.059] [0.356]
Compliance seconds 0.067*** 0.006%**
[0.010] [0.001]
Gender -0.011 -0.034 0.023 0.032 -0.657* -0.007 -0.975%**
[0.035] [0.049] [0.050] [0.023] [0.383] [0.047] [0.322]
Private sector 0.053 0.047 0.006 -0.063** 0.925%* 0.098* 0.917%%*
[0.037] [0.051] [0.053] [0.026] [0.417] [0.052] [0.306]
Observations 427 427 427 427 427 427 427
R-squared 0.036 0.047 0.078 0.146 0.202 0.158 0.553
Control mean 0.897 0.324 0.574 0.568 5.669 0.647 4.272
Hp la (p-value): T1-C =0 0.150 0.269 0.0397 0.722 0.994 0.121 0.129
Hp 1b (p-value): T2 - C =0 0.296 0.805 0.353 0.213 0.252 0.0137 1
Hp 2 (p-value): T2 - T1 =0 0.680 0.384 0.254 0.387 0.252 0.284 0.143

Note: This table reports OLS estimates of the treatment effects on Beta’s monitoring, compliance, and production
effort. All models include robust standard errors, individual covariates (demographics, social preferences, and
comprehension-quiz attempts), and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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3.6.2 Primary outcome: Compliance efforts (PO,)

Hypothesis 3 anticipated ambiguous effects on compliance efforts. On one hand,
collaborative framing, including disclosure of Alpha’s own compliance performance
(“leading by example”), could have promoted reciprocity and higher compliance
effort. On the other hand, additional monitoring efforts risked crowding out Betas’
time and attention for compliance. Since the results above show that Betas did
not increase monitoring under T1 or T2, we would expect to see higher compliance
efforts.

Figure 3.10 shows that participants allocated their post-inspection time almost
evenly between compliance and production, with no meaningful differences across
treatments (C = 57%, T1 = 56%, T2 = 52%). Regression estimates in Table
3.1 confirm that neither collaborative framing alone nor the addition of financial
incentives significantly affected the share of time devoted to compliance. A visual
breakdown by treatment and inspection policy choice suggests a consistent pattern:
participants selecting the most intensive policy (policy 5) devoted slightly more of
their residual time to compliance than those choosing lighter inspection policies,
although this effect appears weaker under T2 (Figure 3.11). This suggests that

monitoring and compliance are complements, rather than substitutes.

Figure 3.10: Average compliance seconds by treatment
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Figure 3.11: Average compliance seconds by treatment and inspection policy
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Turning to compliance performance measured by the number of correctly tran-
scribed words, we again find little evidence of treatment effects: participants av-
eraged 5.7 words in C, 5.8 in T1, and 5.1 in T2, with OLS estimates showing no
statistically significant differences (Table 3.1).

When compliance is instead measured as the probability of meeting at least min-
imum standards (i.e., correctly transcribing at least five words), we find a negative
effect of T2: Betas in this group were around 14.5 percentage points (or almost
25%) less likely than those in the control to meet minimum standards (p < 0.05),
even after controlling for available compliance time. We also observe systematic dif-
ferences across participant types. Holding other variables constant, private-sector
players were more compliant and productive overall, transcribing one additional
word (p < 0.05) and positioning one extra slider on average (p < 0.01). Finally,
neither T1 nor T2 significantly influenced production performance.

Taken together, these results indicate that collaborative framing, with or with-
out financial incentives, did not strengthen compliance efforts. If anything, the
addition of conditional financial incentives in T2 appears to weaken compliance, as

reflected in the lower likelihood of meeting minimum standards.
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3.6.3 Secondary outcome (mechanisms): perceived fairness

(SO;) and effectiveness of monitoring (SO-)

We now examine how treatments shape Beta’s beliefs about (i) the fairness of
Alpha’s compliance requests and (ii) the effectiveness of their own inspection policy
in influencing Gamma’s compliance behaviour.

Recall that Treatment 1 (“collaborative framing”) introduced a relational, trust-
building and reciprocity-based framing emphasising shared responsibility through
inclusive “we”-language and signaling that the lead firm itself engaged in compliance
efforts (“leading by example”). We hypothesized that such framing would reinforce
perceived fairness and legitimacy relative to the control condition, thereby increas-
ing monitoring and, potentially, compliance. However, as shown in the previous
section, these behavioural effects did not materialize. Monitoring did not increase
and, if anything, declined in T'1, while compliance remained overall unchanged, sug-
gesting that the fairness mechanism we aimed to activate may not have operated
as intended in this setting.

Regression estimates in Table 3.2 are consistent with this pattern. On average,
T1 did not affect perceived fairness and, if anything, weakly reduced perceived
effectiveness. One possible explanation for the lack of effects on perceived fairness
and the reduction in monitoring is that collaborative framing may have redefined
the social meaning of monitoring: by emphasising shared responsibility and group
identity, it might have made the inspection of sub-suppliers appear less appropriate
or less legitimate, thereby reducing willingness to engage in strict enforcement. In
this sense, “we-thinking” may have weakened monitoring by increasing its perceived
relational cost. Alternative explanations, such as heterogeneous responses across
participants, cannot be ruled out and are explored in the next section.

Treatment 2 (“collaborative framing with conditional financial incentives”) built
on T1’s relational framing by introducing a conditional financial incentive for detect-
ing and reporting sub-supplier non-compliance. We hypothesized that this would
reinforce perceived fairness and legitimacy relative to the control condition by re-
ducing the material burden associated with monitoring and compliance, thereby
increasing monitoring and, potentially, compliance. Again, as shown in the pre-

vious section, these behavioural effects did not materialize. Monitoring remained
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overall unchanged, while compliance declined in T2, suggesting that the fairness
mechanism not only failed to operate but may have worked in the opposite direc-
tion.

Regression estimates in Table 3.2 show that Betas in T2 were 11.2 percentage
points less likely than those in the control to rate Alpha’s requests as highly fair
(above the sample median) (p < 0.05). Similarly, T2 participants were 11.7 per-
centage points less likely to believe that their inspection policy strongly influenced
Gamma’s compliance (above the sample median) (p < 0.05). One possible explana-
tion is that by tying rewards to the detection and reporting of others’ misconduct,
the incentive shifted the interpretation of the task toward a more instrumental or
enforcement-oriented role. In particular, asking Betas to report sub-supplier non-
compliance may have positioned them as “policing” others, potentially crowding out
intrinsic or relational motivations. While most participants complied with this re-
quirement when non-compliance was detected (42 out of 46 cases), the arrangement
may nonetheless have weakened perceptions of fairness and cooperation. Although
the data do not allow us to distinguish between these mechanisms, the results point

to tensions in how incentive structures interact with fairness perceptions.

Table 3.2: Treatment effects on Beta’s secondary outcomes (mechanisms)

Variable Fairness Effectiveness
Treatment 1 -0.078 -0.112*
[0.055] [0.058]
Treatment 2 -0.112** -0.117**
[0.054] [0.059]
Gender -0.019 -0.062
[0.045] [0.050]
Private sector 0.070 0.083
[0.047 [0.052]
Observations 427 427
R-squared 0.138 0.131
Control mean 0.368 0.544
Hp la (p-value): T1 - C =0 0.161 0.0548
Hp 1b (p-value): T2-C =0 0.0408 0.0473
Hp 2 (p-value): T2 - T1 =0 0.515 0.922

Note: This table reports OLS estimates of the treatment effects on Beta’s fairness and effectiveness beliefs. All
models include robust standard errors, individual covariates (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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3.6.4 Heterogeneity analysis

We also conducted exploratory heterogeneity analysis to assess whether treatment
effects varied with demographic characteristics or social preferences (Table 3.3).
Two dimensions were particularly salient in our supply chain setting: participants’
occupational background and their prosocial orientation.

We find clear heterogeneity by occupation, both in inspection choices and com-
pliance. Among public-sector participants, neither T1 nor T2 significantly affected
inspection choices, but both treatments led to substantial reductions in compliance
with minimum standards (-25.6 pp, p < 0.01; -20.8 pp, p < 0.05). By contrast,
private-sector participants adjusted their inspection behaviour across treatments.
Relative to the control condition — where they were more likely than public-sector
participants to select the strictest inspection policy — they shifted toward less strin-
gent monitoring under both T1 and T2. In T1, they were more likely to choose the
intermediate policy (+18.1 pp, p < 0.05) and less likely to select the strictest option
(-20.7 pp, p < 0.05); under T2, they were again less likely to select the strictest pol-
icy (-19.6 pp, p < 0.05). In terms of compliance, private-sector participants in T1
showed a positive and significant response that offset the negative effect observed
for the public sector, suggesting that the “leading by example” treatment may res-
onate more strongly with this group. However, the overall effect of T1 on their
compliance was small and not statistically significant. Under T2, their compliance
did not differ significantly from the control.

Taken together, these results suggest distinct behavioural responses across groups.
Public-sector participants maintained stable monitoring but reduced compliance un-
der both treatments, consistent with the decline in fairness perceptions documented
above. In contrast, private-sector participants maintained stable compliance but
reduced monitoring, possibly suggesting greater responsiveness to the relational
framing of the task. While these interpretations remain tentative, they point to

potentially different mechanisms across participant types.
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Table 3.3: Beta’s heterogeneity analysis

Inspection Inspection Inspection Compl. If complied Prod.
Variable policy policy policy seconds with min.
3orb 3 5 (share) standard perform.
Private sector
T1 -0.110 -0.064 -0.046 -0.043 -0.256*** 0.277
[0.068] [0.084] [0.087] [0.044] [0.083] [0.504]
T2 0.036 -0.093 0.129 -0.049 -0.208** -0.023
[0.059] [0.087] [0.090] [0.043] [0.090] [0.528]
Private sector 0.064 -0.103 0.167* -0.095%* -0.055 0.718
[0.053] [0.082] [0.085] [0.041] [0.086] [0.507]
T1 x Private sector 0.083 0.245%* -0.161 0.061 0.315%** 0.496
[0.084] [0.114] [0.119] [0.057] [0.111] [0.737]
T2 x Private sector -0.122 0.203* -0.325%F* 0.032 0.134 0.084
[0.078] [0.115) [0.119] [0.055] [0.118] [0.727]
Observations 427 427 427 427 427 427
R-squared 0.050 0.058 0.094 0.149 0.174 0.553
Control mean 0.873 0.366 0.507 0.616 0.690 3.423
Coeff: T1 + T1xPriv=0 -0.0262 0.181 -0.207 0.0183 0.0596 0.773
P-value: T1 + T1xPriv =0 0.596 0.0216 0.0116 0.616 0.420 0.142
Coeff: T2 + T2xPriv =10 -0.0863 0.109 -0.196 -0.0174 -0.0739 0.0608
P-value: T2 + T2xPriv =0 0.0996 0.149 0.0138 0.614 0.335 0.901
Prosociality
T1 -0.055 0.025 -0.080 0.023 -0.088 1.009%*
[0.052] [0.074] [0.075] [0.032] [0.069] [0.505]
T2 -0.023 -0.050 0.027 0.009 -0.121 0.413
[0.051] [0.075] [0.077] [0.030] [0.075] [0.464]
Prosociality -0.007 -0.170* 0.163 0.105%* -0.067 0.568
[0.068] [0.097] [0.102] [0.051] [0.104] [0.586]
T1 x Prosociality -0.012 0.106 -0.117 -0.090 0.004 -1.300*
[0.085] [0.118] [0.124] [0.063] [0.117] [0.718]
T2 x Prosociality -0.051 0.168 -0.220* -0.113* -0.067 -1.137
[0.082] [0.116] [0.120] [0.059] [0.117] [0.722]
Observations 427 427 427 427 427 427
R-squared 0.038 0.054 0.086 0.157 0.162 0.557
Control mean 0.885 0.391 0.494 0.517 0.644 4.839
Coeff: T1 + T1xPro =0 -0.0668 0.131 -0.197 -0.0675 -0.0844 -0.291
P-value: T1 + T1xPro = 0 0.318 0.157 0.0452 0.213 0.370 0.549
Coeff: T2 + T2xPro =0 -0.0741 0.118 -0.192 -0.104 -0.187 -0.724
P-value: T2 + T2xPro = 0 0.256 0.181 0.0412 0.0415 0.0416 0.191

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Beta’s monitoring,
compliance, and production effort vary with participants’ demographic characteristics and social preferences. All
models include robust standard errors, individual covariates (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Prosocial orientation, measured through willingness to share with others, also
shaped treatment responses. For participants with lower prosociality (i.e., below
the median), neither T1 nor T2 had significant effects on inspection choices or com-
pliance outcomes, though T1 did increase production performance. Among par-
ticipants with higher prosociality preferences, clear patterns emerged. They were
significantly less likely to select the strictest inspection policy under both T1 and
T2 (-19.7pp, p < 0.05; -19.2pp, p < 0.05). Given that these individuals are more
likely to place weight on intrinsic motivations and relational considerations, they
may be more responsive to the relational framing of the task, whereby monitoring
sub-suppliers is perceived as less compatible with a cooperative, “we”’-oriented inter-
action. Under T2, they also devoted less time to the compliance task and were less
likely to meet minimum standards (both p < 0.05), consistent with the decline in
fairness perceptions documented above. This pattern is in line with a crowding-out
mechanism, whereby conditional incentives weaken intrinsic and relational motiva-
tions. Finally, while T1 raised production performance among participants with
lower prosociality preferences, this gain was offset by a significant reduction among
high-prosociality participants.

As shown in Table 3.A.4, heterogeneity patterns across other demographic and
social preference dimensions were mixed. No clear effects emerged for urban par-
ticipants. Under T1, female participants were significantly less likely to adopt the
strictest inspection policy (-18.1pp, p < 0.05), and early-career participants were
more likely to choose the intermediate option (+16.0pp, p < 0.05) and less likely
to select the strictest one (—20.4pp, p < 0.01). Under T2, early-career participants
were also less likely to comply with minimum standards (-17.2pp, p < 0.05). No
systematic effects were found for participants reporting high risk tolerance, patience,
or trust, but participants with stronger inequity aversion complied less under T2
(-18.2pp, p < 0.05). Perceptions also mattered: those who saw Alpha’s request as
highly fair were less likely to select policy 5 under T1 (-19.9pp, p < 0.10), and the
positive effect of T1 on production performance among those rating the request as
less fair was offset by a negative interaction among those perceiving it as fair. Fi-
nally, participants who considered Beta’s inspection policy highly effective showed

significantly lower compliance under both T1 and T2.
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3.6.5 Exploratory analysis of Gamma’s outcomes

While Beta is the primary decision-maker of interest, we also conducted an ex-
ploratory analysis of Gamma’s compliance and production outcomes.

Summary statistics for Gamma’s outcome variables and controls are reported
in Table 3.A.5. Gamma participants were evenly allocated across inspection policy
1 (36%), 3 (31%), and 5 (33%). On average, Gammas devoted about 58% of their
time to compliance, almost 3 percentage points more than Betas. They correctly
transcribed an average of 6 words, with 56% meeting at least the minimum standard
(> 5 words). In the production task, Gammas correctly positioned an average of
4.8 sliders. In terms of beliefs, the perceived fairness of Alpha’s compliance requests
averaged 7.

Turning to control variables, among the 126 Gamma participants, 76% were
female, 64% were aged 18-34, and 32% lived in an urban area. About 10% reported
being unemployed, while over half (54%) were employed in the private sector. As
with Betas, social preference measures were on the higher side of the scale, with av-
erage scores in the upper range of the 10-point scale: risk tolerance (7.8), patienece
(7.1), trust (6.4), prosociality (8.6), and inequity aversion (6.1). Generosity, mea-
sured on a 6-point scale, also scored relatively high (4.3). On average, participants
required 1.2 attempts at the comprehension questions for the production quiz and
1.3 for the compliance quiz.

Balance tests across treatment arms are reported in Table 3.A.6. Only a few
variables differed significantly between groups, namely gender and inequity aversion,
indicating that randomization was largely successful. As shown in Tables 3.A.7 and
3.A.8, we found no significant effects on either our primary outcomes (compliance
and production performance) or our secondary outcome (perceived fairness of Al-
pha’s compliance requests). This is unsurprising given the relatively small sample
size. Similarly, no treatment effects were detected in our heterogeneity analysis
(3.A.9), with one exception: respondents working in the private sector. Partici-
pants from public-oriented sectors performed significantly worse in the production
task under T1, but this was offset by the significantly higher performance of private-
sector participants, displaying an overall effect of 18 percentage points (p < 0.10)

on production performance under T1.
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3.6.6 Exploratory analysis of the supply chain’s outcomes

We further conducted an exploratory analysis of treatment effects on compliance
and production efforts aggregated to the supply chain level.!® Specifically, we ex-
amined four main outcomes: (i) average compliance time, (ii) average compliance
performance, (iii) joint minimum compliance (whether both Beta and Gamma met
at least the minimum standard), and (iv) overall production performance. In ad-
dition, we constructed a joint beliefs measure, capturing whether both Beta and
Gamma rated Alpha’s compliance requests above the median fairness score.

Table 3.A.10 reports treatment effects on supply chain-level primary outcomes.
Columns (1) show results without Gamma weights, while Columns (2) apply prob-
ability weights to account for multiple Beta-Gamma matches. All specifications
control for Beta’s and Gamma’s demographics and social preferences, with stan-
dard errors clustered at the Gamma level. For compliance time, Beta-Gamma pairs
under T2 devote less time to compliance relative to their counterparts under C (p
< 0.10) and T1 (p < 0.05), though these differences lose significance once weights
are applied. For minimum compliance, T2 pairs perform significantly worse than
C pairs under the weighted specification (p < 0.05). Moreover, across all specifi-
cations of compliance performance, whether measured by the number of correctly
transcribed words or the probability of meeting the minimum standard, T2 pairs
consistently perform worse than T1, with consistently statistically significant dif-
ferences. Finally, for production performance, both T1 and T2 pairs outperform C
pairs under the unweighted specification, but these effects vanish once weights are
applied. Nonetheless, significant differences remain between T1 and T2, with T2
generally underperforming.

Taken together, these findings suggest that, once Gamma weights are applied,
collaborative framing with financial incentives reduced Beta-Gamma pairs’ likeli-

hood of meeting at least minimum compliance standards by 9.9 percentage points,

13To construct supply chain-level outcomes, we matched each Beta with Gammas who were
assigned to the same treatment and inspection policy. This procedure generated a many-to-many
structure in which each Gamma was paired with multiple Betas, resulting in 8,532 Beta-Gamma
observations. As Gammas are observed repeatedly, we treated them as clusters in the analysis
and estimated two specifications: one unweighted, and one using probability weights equal to the
inverse of the number of Beta matches per Gamma. This ensures that each Gamma carries equal
weight in the estimation, irrespective of the number of pairings.
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a result significant at conventional levels (p < 0.05). Overall, T2 pairs perform
significantly worse than T1 pairs across most outcomes. For the joint beliefs mea-
sure, whether both Beta and Gamma rated Alpha’s compliance requests above the
median fairness score, T2 pairs are also less likely to report high fairness (p < 0.10)

(Table 3.A.11).

3.7 Conclusion

Hybrid compliance approaches that combine enforcement with trust-building have
been shown to improve compliance in domains such as tax enforcement, yet their
effectiveness in social compliance, particularly in multi-tier global supply chains,
remains largely unexplored in experimental settings. This study addresses this gap
by using a pre-registered, contextualized online experiment that simulates a multi-
tier supply chain to causally identify how different combinations of enforcement,
trust-building, and incentives shape fairness perceptions and, in turn, influence
both compliance and delegated monitoring across supply-chain tiers — mechanisms
that are difficult to observe in real-world settings.

The results provide four main insights. First, contrary to our initial assumptions,
a pure deterrence-based approach sustains relatively high levels of monitoring, even
in the presence of only a modest probability of detection and sanction. Second, the
addition of collaborative framing does not improve average fairness perceptions or
compliance relative to the control condition, but reduces the likelihood of select-
ing the strictest inspection policy, suggesting a weakening of monitoring intensity.
This pattern is consistent with the interpretation that relational framing may alter
the perceived appropriateness of strict monitoring within a supply chain setting.
Third, the introduction of conditional financial incentives yields more adverse ef-
fects. While average monitoring effort remains unchanged, participants are less
likely to perceive compliance requests as fair or effective, and compliance outcomes
decline, consistent with a crowding-out of intrinsic or relational motivations. This is
consistent with the literature on motivational crowding out (Gneezy and Rustichini,
2000; Bowles and Polania-Reyes, 2012) and the moral costs of incentivized report-
ing (Fiorin, 2023). Finally, heterogeneity analysis reveals that responses are shaped

by motivational orientation: private-sector participants tend to substitute strict
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monitoring with more moderate inspection strategies while maintaining relatively
stable compliance levels, suggesting greater responsiveness to the relational framing
of the task. In contrast, public-sector and highly prosocial participants maintain
stable monitoring but reduce compliance under both treatments, consistent with
the observed decline in fairness perceptions. Among highly prosocial individuals in
particular, both collaborative framing and conditional incentives reduce the likeli-
hood of selecting strict monitoring and weaken compliance outcomes, in line with
a crowding-out of intrinsic and relational motivations. Taken together, the results
suggest that hybrid governance approaches combining deterrence with collaborative
signals and financial elements may generate conflicting cues that undermine percep-
tions of fairness and, in turn, weaken monitoring and compliance in different ways
across groups. This echoes prior work suggesting that multinational enterprises of-
ten combine weak carrots and small sticks (LeBaron and Lister, 2015; Goerzen and
Van Assche, 2023), and that misaligned enforcement mechanisms can erode trust in
buyer-supplier relations (Frenkel and Scott, 2002; Dyer and Chu, 2003). Effective
private governance may thus require greater coherence between tone, incentives,
and enforcement mechanisms — possibly relying more on deterrence tools in arm’s-
length relationships and on reciprocity-based strategies where stronger relational
and trust-based ties exist (Amengual and Distelhorst, 2025).

Several limitations should be acknowledged. First, to simplify instructions and
ensure participants clearly understood the task, we made several simplifying as-
sumptions that may have reduced realism and inadvertently calibrated the control
condition to feel stronger than intended. We assumed that Alpha could inspect both
tier-1 and tier-2 suppliers with a single detection probability across tiers (10%), even
though in reality audit coverage and effectiveness decline sharply upstream. Buy-
ers frequently audit tier-1 suppliers — often with near-certainty in countries with
weak public governance — but tier-2 and other sub-suppliers are monitored far less
systematically. We also assumed perfect inspection mechanisms. Social audits are
known to suffer from reliability issues, including incomplete reporting and “false
compliance” practices including training workers on what to say, terminating trou-
blesome workers, subcontracting to uncertified units, and bribing auditors (Goerzen
and Van Assche, 2023). Moreover, despite the relatively modest probability of de-

tection in the experiment, the threat of terminating business with Beta may have
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felt disproportionately strong, as buyers rarely impose such direct consequences
for sub-supplier violations and typically keep sanction language vague. These de-
sign choices likely elevated perceived enforcement strength in the control condition.
Future research could address these limitations by testing alternative deterrence
calibrations — such as tier-specific detection rates or alternative penalty structures
— to disentangle which elements most strongly drive sustained levels of monitoring
and compliance behaviour.

Second, while our collaborative treatment was designed to enhance fairness
through inclusive “we” language and “leading-by-example” framing, it still conveyed
a top-down request, potentially violating principles of procedural fairness (Leven-
thal, 1980). Future research could examine whether greater participatory voice —
such as jointly setting compliance targets — strengthens perceived fairness and
cooperative responses.

Third, the design of the financial incentive treatment presents an important
limitation. Because the bonus was conditional on reporting sub-supplier non-
compliance, we cannot disentangle whether the backfiring effect was driven by the
financial incentive, the reporting mechanism, or their interaction. Moreover, while
such reporting-based incentives rarely exist in real-world buyer-supplier relations
— where buyers typically expect first-tier suppliers to ensure compliance rather
than to report violations — our aim was to explore, in a counterfactual manner,
whether explicit and contractible incentives could enhance delegated monitoring.
Finally, although this study focused primarily on fairness perceptions as the medi-
ating channel, future research could collect complementary measures such as moral
costs or specific dimensions of fairness (procedural, distributive, or interactional) to
better understand the mechanisms underlying these behavioural responses.

Beyond these contributions, the study demonstrates the value of experimental
methods for testing policy-relevant interventions in supply chains before large-scale
implementation. While experiments cannot substitute for field studies, they provide
an important and cost-effective starting point for investigating (and anticipating)
behavioural responses under emerging due diligence regimes such as the EU’s 2024
Corporate Sustainability Due Diligence Directive or similar governance policies.
This highlights the potential of experimental approaches to enrich debates on how

best to balance deterrence, collaboration, and incentives in the pursuit of more

151



CHAPTER 3

sustainable and equitable supply chains.
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APPENDIX

Appendix

3.A Additional tables and figures

Figure 3.A.1: Example of a supplier’s code of conduct

Supplier’s Code of Conduct
Our company, [ NG - to the highest standards in conducting

business and are particularly committed to respecting human and labor rights and to protecting the
environment.

In accordance with these commitments and its principles of action, [llexpects that each of its suppliers and
their employees, temporary or not, suppliers’ own suppliers and subcontractors, as well as anyone who has a

business relationship with[Jlill(hereinafter “Suppliers”) comply with the principles described in this “Supplier’s
Code of Conduct”.

COMPLIANCE WITH LAWS AND REGULATIONS

[l Suppliers agree to comply without exception to all applicable laws, regulations and international treaties
concerning in particular:

e Human, social and labor rights;

® Respect for the environment;

® Business ethics practices including anti-corruption, competition law
and international trade compliance;

e Assets protection, including information and data

COMPLIANCE WITH THE SUPPLIER’S CODE OF CONDUCT

For avoidance of doubt, it is required that Suppliers cause their own suppliers and subcontractors to comply
with the principles and concepts ui-Suppller’s Code of Conduct,

-reserves the right to verify compliance with the rules set forth in this code of conduct with each Supplier

in any form it chooses: a questionnaire or an audit by-or a third party.-expects its Suppliers to provide
complete and accurate information, including access to their documentation, notably relevant financial
documentation.

In case of non-compliance by a Supplier with any of the terms of this Code of Conduct, and particularly as

concerns obligations concerning anti-corruption, - reserves the right to terminate at its sole discretion any
business relationship with the Supplier.

Source: This figure reproduces an anonymized excerpt from an actual supplier code of conduct
that one of the researchers had access to through prior business experience.
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Figure 3.A.2: Beta’s game instructions and survey

Consent form

The study

Thank you for agreeing to take part in this Prolific study. The study is being run by researchers at the University of East Anglia (UK)
and has received approval from its School of Economics Research Ethics Committee.

Any personal data collected in this study will be duly anonymized and will not be linked to you in any way. If you have any concerns
at any time during the study, or would like to withdraw from the study, you may contact the lead researcher Nikita Grabher-Meyer,
by sending an email to (n.grabher-meyer@uea.ac.uk).

Please note that if you withdraw from the study, you will not receive any payment for your participation.

Consent

Please read carefully the information below and check the box at the bottom of the screen to provide your consent if you would like
to continue taking part in the study.

1. | am at least 18 years old.

2. My participation in this study is voluntary and, if | complete the whole study, | will have the opportunity to earn extra bonuses
based on my decisions during the study.

3. lunderstand that the data generated by my participation in this study will be analysed by researchers at the University of East
Anglia and will be stored in accordance with the University of East Anglia data protection guidelines.

4. Anonymized data generated by my participation in this study may be used for research purposes, which include being shared
with other researchers.

Do you consent to the above?
Yes, | consent No, | do not consent

To participate, please confirm your Prolific ID by entering it twice in the boxes below.
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Some background information

Please read the activity's instructions carefully. Once you proceed, you will not be able to go back to review previous
instructions.

Common rules

Thank you for agreeing to participate in this study. We expect the majority of players to complete it in about 20-25 minutes.

Upon completion of the whole study, you will receive a guaranteed participation fee of R47.00. Depending on the choices you
make during the activity, you can earn up to an extra R100.00.

Today's activity involves three participants. Each participant plays a different role. You will be matched with two other
participants. At no point will you learn the real identity of the other participants.

The setting

The study simulates the production process of a supply chain that produces a fictitious good XYZ.

A few years ago, the European multinational company Alpha started buying good XYZ from Beta, a medium-size South African
manufacturer. Beta, in turn, outsources part of its production to small local manufacturers. Gamma is one of those local
manufacturers.

Your role

In today's activity you will be playing the role of Beta, a medium-size manufacturer located in South Africa.

You are a direct supplier of Alpha, for which you produce good XYZ. You normally outsource part of your production to small
local manufacturers, such as Gamma.

You just received an urgent production order from Alpha. Please read it carefully as it contains important information relevant to
the activities you will be doing.
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Urgent production order
(C)

Dear Beta,

Our company Alpha would like to place an order for up to 100 units of good XYZ to be produced as soon as possible.
You will be paid R1.0 per unit produced.

Please note that we are committed to producing good XYZ in compliance with 15 labour standards.

We expect that you carry out your production activities in compliance with at least 5 of those standards, and that you
ensure that your subcontractors do the same.

We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will terminate our business relationship with Beta, and your
company will not be paid for any units of good XYZ you deliver.

Regards,
Alpha

(T1)

Dear Beta,
Our company Alpha would like to place an order for up to 100 units of good XYZ to be produced as soon as possible.
You will be paid R1.0 per unit produced.

Please note that we are committed to working together with our entire supply chain to produce good XYZ in compliance
with 15 labour standards.

As a proof of our commitment, we have completed a certification process, confirming that we currently comply
with 12 of those standards.

We trust that you, as a valued member of our supply chain, will do your part by carrying out your production activities in
compliance with at least 5 of those standards, and that your subcontractors will do so as well.

We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will regretfully have to terminate our business relationship
with Beta, and your company will not be paid for any units of good XYZ you deliver.

Regards,
Alpha
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(T2)

Dear Beta,
Our company Alpha would like to place an order for up to 100 units of good XYZ to be produced as soon as possible.
You will be paid R1.0 per unit produced.

Please note that we are committed to working together with our entire supply chain to produce good XYZ in compliance
with 15 labour standards.

As a proof of our commitment, we have completed a certification process, confirming that we currently comply
with 12 of those standards.

We trust that you, as a valued member of our supply chain, will do your part by carrying out your production activities in
compliance with at least 5 of those standards, and that your subcontractors will do so as well.

We at Alpha have a policy of conducting thorough inspections of our suppliers' compliance, covering both the direct
suppliers and any subcontractors, in one out of every 10 orders. If we inspect your activities and find out that you or your
subcontractors do not comply with at least 5 of the standards, we will regretfully have to terminate our business relationship
with Beta, and your company will not be paid for any units of good XYZ you deliver.

However, if you comply with at least 5 of the standards, but you discover that your subcontractors do not, you are responsible
for reporting your subcontractors' non-compliance to us. Only if you report, we will not terminate our business relationship

with Beta, and your company will still be paid for any units of good XYZ you deliver.

Regards,
Alpha

Your activities

Because of the urgency of Alpha's order, you have decided to outsource some of the production of good XYZ to your
subcontractor Gamma.

In order to fulfil Alpha's order, you will need to divide your time among three activities:
1. Production, which simulates your firm's efforts to produce units of good XYZ.
2. Compliance, which simulates your firm's efforts to comply with the labour standards.

3. Inspection, which determines your firm's ability to monitor how many labour standards Gamma complies with.

We will describe each of these activities in more detail.

Next
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Production

In addition to the guaranteed participation fee for completing the study, you can earn extra money by producing units of good
XYZ.

To simulate the production of units of good XYZ, you will position sliders at a specified value. You will see a page displaying
multiple sliders, each of which can be set to any value from 0 to 100. To "produce" a unit of good XYZ, you must position a slider

to the exact value of 63. Each slider correctly positioned at 63 produces one unit of good XYZ.

You will now have the opportunity to practice the production activity by positioning as many sliders as you can in 20 seconds.
This is entirely for practice, and your performance on these practice tasks will not affect the outcome in any way.

When you are ready to begin the practice, click the button below.

Next

Production

You have T 0:11 remaining to position as many sliders as you can at 63.

| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
i 0 i 0 [ 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
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Results of your production practice

You correctly positioned 0 sliders, producing 0 units of good XYZ in 20 seconds.

When you complete the production activity for real, you will have a time limit to produce as many units of good XYZ as you can by
positioning sliders at exactly the value 63.

Your subcontractor Gamma produces units of good XYZ in exactly the same way. They see exactly the same screen as you,
and produce units of XYZ by positioning sliders exactly at the value 63 within a time limit. The total number of units of good XYZ
that you deliver to Alpha will be the sum of the units of good XYZ you produce and the units of good XYZ produced by Gamma.

The more units of good XYZ you and Gamma are able to produce, the greater your potential earnings. For each unit of
good XYZ produced, you have the potential to earn R1.0, over and above your participation fee for the experiment.

Before moving on to the next activity, please take a moment to answer a quick question on the next page.

Next

Question

If you correctly position 10 sliders and Gamma correctly positions 25 sliders, what will be your total potential earnings
from the production activity?

10 units times R1.0 per unit = R10.00
15 units times R1.0 per unit = R15.00
© 35 units times R1.0 per unit = R35.00

Confirm answer

Correct answer!

Your potential earnings are indeed determined by the sum of your production and the production of Gamma. Each unit produced is
worth R1.0.

You can now move on to the next activity: compliance.
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Compliance

Alpha is committed to ensuring that the production of good XYZ adheres to 15 labour standards.
Alpha expects that you carry out your production activities in compliance with at least 5 of those standards.

To simulate your compliance with a labour standard, you will transcribe letters. You will see a series of images, each showing four
uppercase letters. Each image represents one standard. To "comply" with a standard, you must correctly transcribe the letters
exactly as they appear in that image. Please note that the letters are not case-sensitive.

You will now have the opportunity to practice the compliance activity by transcribing as many sequences of letters as you can in
20 seconds. This is entirely for practice, and your performance on these practice tasks will not affect the outcome in any way.

When you are ready to begin the practice, click the button below.

Compliance

You have T 0:11 remaining to transcribe images. Remember letters are not case-sensitive!

ZBSYV

Type the text

Results of your compliance practice

You correctly transcribed 0 images, complying with 0 labour standards in 20 seconds.

When you complete the compliance activity for real, you will have a time limit to comply with as many labour standards as you can
by transcribing up to 15 images.

Your subcontractor Gamma complies with labour standards in exactly the same way. They see exactly the same screens as
you, and comply with labour standards by correctly transcribing up to 15 images within a time limit.

Your performance in this activity will help you maintain the business relationship with Alpha and secure your extra earnings
from production. Alpha has a policy of conducting thorough inspections of their suppliers' compliance in one out of every 10
orders. If Alpha inspects your firm and finds out that you do not meet at least 5 of the standards, Alpha will terminate the business
relationship with your firm Beta, and you will receive no payment for any units of good XYZ that you and Gamma produced.

Before moving on to the next activity, please take a moment to answer a quick question on the next page.

Next

164



3.A. ADDITIONAL TABLES AND FIGURES

Question

Suppose you correctly transcribe 13 images. Which of the following is true?

This will result in no benefit to you
You may be found not to meet Alpha's expectations if you are inspected
© You will be found to meet Alpha's expectations if you are inspected

Confirm answer

Correct answer!

If you are inspected, you will be found to meet Alpha's expectations if, and only if, you have transcribed at least 5 images correctly.

You can now move on to the next activity: inspection.

Inspection

Your subcontractor Gamma has 120 seconds in which to produce units of good XYZ for you and comply with labour standards.
Like you, the participant playing the role of Gamma has the opportunity to earn extra money by producing units of good XYZ. They
decide how to allocate their 120 seconds between completing the production and compliance activities.

Alpha expects that you carry out your production activities in compliance with at least 5 of the labour standards, and that
you will ensure that Gamma does the same.

Remember that Alpha has committed to inspecting one out of every 10 orders to ensure that production is being carried out in
compliance with the required number of standards. If Alpha chooses your order for inspection, if either you or Gamma do not meet
the minimum number of standards, Alpha will terminate the business relationship with your firm Beta, and you will receive no
payment for any units of good XYZ you deliver.

In other words, your company Beta is responsible not only for your own compliance, but for Gamma's compliance as well.

Your firm Beta monitors its subcontractors by setting its own inspection policy. The inspection policy commits to inspecting a
fraction of its subcontractors at random. If Gamma is chosen to be inspected, you will find out the exact number of labour
standards that Gamma has complied with.

Inspection comes at a cost: if you choose to inspect more subcontractors, you will spend more of your time inspecting, and this
takes away from the time you have to complete your own production and compliance activities.

Next
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Inspection

Your choice of your inspection policy will have three important effects:

1. Influencing how Gamma divides their time between compliance and production. Before Gamma decides how to divide
their time between the compliance and production activities, they are informed of the chance of being inspected. With a
greater chance of being inspected, Gamma may be more motivated to focus on ensuring they comply with at least the
minimum number of standards.

2. Increasing your chance of observing Gamma's compliance. The more time you allocate to inspecting, the greater the
chance that you will inspect Gamma and determine if they do or do not comply with the minimum number of standards. If you
find out that Gamma does not comply with the minimum number of standards, Gamma will receive no payment for their
production activities.

3. Decreasing the time you have for completing your other activities. The more time you allocate to inspecting Gamma, the
less time you will have to complete your own compliance and production activities.

Before moving on to the real activity, please take a moment to answer a quick question on the next page.

Next

Question

Once you have decided how much time to spend on inspection, how does this decision affect the amount of time you have
for your own compliance and production?

© It reduces the total amount of time you have available, but you can still choose how much to allocate to your compliance and
your production
Time spent on inspection reduces the time you have for your own compliance only
Time spent on inspection reduces the time you have for your own production only

Confirm answer

Correct answer!

The total seconds available for your own compliance and production are indeed determined by subtracting the time spent
inspecting subcontractors from the total time allocated to fulfil Alpha's order.

You can now move on to the real activity.

Next
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The real activity begins here: Are you ready for inspection?

You have a total of 180 seconds to fulfil Alpha's order. It is now time to select an inspection policy and allocate a portion of your
180 seconds to inspecting your subcontractors, including Gamma, to determine how many of the labour standards they comply
with.

Remember the more time you spend on inspecting your subcontractors, the higher the chance that you will inspect
Gamma and determine whether they comply with at least the minimum number of standards.

The participant in the role of Gamma is informed about the inspection policy that applies to them. With a greater chance of
being inspected, Gamma may be more motivated to focus on their compliance efforts.

There are three possible inspection policies. To select the policy you would like to follow, click on the corresponding box. When
you are ready to confirm your decision, continue by clicking the button "Confirm decision" below.

Spend 55 Spend 75 Spend 95
seconds on seconds on seconds on
inspection inspection inspection
Inspect 1 out of 10 Inspect 3 out of 10 Inspect 5 out of 10
subcontractors subcontractors subcontractors

Lowest chance of motivating Medium chance of motivating Highest chance of motivating

Gamma to comply Gamma to comply Gamma to comply

Confirm decision

(C) Urgent production order

Here is the order which you have sent to Gamma, including informing them about your company's chosen inspection policy.

Dear Gamma,

Our customer Alpha just placed an order for up to 100 units of good XYZ to be produced as soon as possible. Our company
Beta would like to outsource half of this production, i.e., up to 50 units of good XYZ, to you.

You will be paid R1.0 per unit produced.
Please note that our customer Alpha is committed to producing good XYZ in compliance with 15 labour standards.
Alpha expects that you carry out your production activities in compliance with at least 5 of those standards.

We at Beta have a policy of inspecting the compliance of 3 out of 10 subcontractors, including Gamma. If our inspectors
visit your company and find out that you comply with less than 5 of the standards, we will terminate our business relationship
with Gamma, and your company will not be paid for any units of good XYZ you produce.

Regards,
Beta

Next
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Dear Gamma,

Our customer Alpha just placed an order for up to 100 units of good XYZ to be produced as soon as possible. Our
company Beta would like to outsource half of this production, i.e., up to 50 units of good XYZ, to you.

You will be paid R1.0 per unit produced.

Please note that our customer Alpha is committed to working together with its entire supply chain to produce good XYZ
in compliance with 15 labour standards.

As a proof of its commitment, Alpha has completed a certification process, confirming that they currently
comply with 12 of those standards.

We are fully committed to following Alpha's example, and we trust that you, as a valued member of our supply chain,
will do your part by carrying out your production activities in compliance with at least 5 of those standards.

We at Beta have a policy of inspecting the compliance of 1 out of 10 subcontractors, including Gamma. If our
inspectors visit your company and find out that you do not comply with at least 5 of the standards, we will regretfully

have to terminate our business relationship with Gamma, and your company will not be paid for any units of good
XYZ you produce.

Regards,
Beta

Allocating time between compliance and production

You have chosen to spend 75 seconds on inspecting your subcontractors' compliance. This leaves you with 105 seconds for your
own compliance and production activities.

Please use the slider below to choose how you would like to allocate your remaining 105 seconds between the compliance activity
of transcribing images, and the production activity of positioning sliders to produce units of good XYZ.

45 seconds for Compliance
60 seconds for Production

All 105 seconds for [ ] All 105 seconds for
production compliance
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Compliance

You will first complete the compliance activity representing your compliance with the required labour standards.

You have chosen to spend 45 seconds on this activity, during which you have the opportunity to transcribe up to 15 images, each
representing one of the labour standards.

Please keep in mind that the letters you need to transcribe are not case-sensitive.

When you are ready to start, click on the button below. Your 45 seconds will begin on the next page, and you cannot pause the
activity once it has started.

Start compliance

Compliance

You have : 0:27 remaining to transcribe images. Remember letters are not case-sensitive!

CAJJ

cajj

Next

Your compliance performance

You correctly transcribed 3 images, complying with 3 out of 15 labour standards in 47 seconds.

This does not meet the minimum number of standards that Alpha expects.

Next
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Production

You will now complete the production activity representing the production of units of good XYZ.

You have chosen to spend 58 seconds on this activity, during which you have the opportunity to position up to 50 sliders, each
representing one unit of good XYZ.

Please keep in mind that:

* To produce a unit of good XYZ, you must position a slider to the exact value of 63. Each slider correctly positioned at 63
produces one unit of good XYZ.

* The production order from Alpha sets a payment of R1.0 for each unit of good XYZ produced.

When you are ready, click on the button below. Your 58 seconds will begin on the next page, and you cannot pause the activity
once it has started.

Start production

Production

You have T 0:34 remaining to position as many sliders as you can at 63.

| 63 | 0 [ | 0
| 63 | 0 | 0
| 63 | 0 | 0
I 0 | 0 | 0
I 0 | 0 | 0
| 0 | 0 | 0
| 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
| 0 | 0 | 0
i 0 | 0 | 0
i 0 | 0 | 0
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Your production performance

You correctly positioned 3 sliders to the value of 63, producing 3 units of good XYZ in 58 seconds.

Next

Survey

We now have a short survey which we invite you to complete.

Your answers to this survey are recorded anonymously, and will be used only in the analysis of the data from this experiment.

Next

Survey

To what extent do you agree with the statement, "l found Alpha's compliance requests fair"?

Disagree completely [ ] Agree completely

Survey

In your opinion, how does your chosen inspection policy influence the likelihood of Gamma meeting at least five labour
standards?

It has no influence at all [ ] It has complete influence
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Survey

In comparison to others, are you a person who is generally willing to give up something today in order to benefit from that
in the future or are you not willing to do so?

Completely unwilling to give [ ] Very willing to give up
up something today o . 10 something today

Survey

How do you see yourself: Are you a person who is generally willing to take risks, or do you try to avoid taking risks?

Completely unwilling to ® Very willing to take risks
take risks

Survey

How well does the following statement describe you as a person? "As long as | am not convinced otherwise, | assume that
people have only the best intentions."

Does not describe me at all [ ] Describes me perfectly

Survey

How do you assess your willingness to share with others without expecting anything in return when it comes to charity?

Completely unwilling to [ ] Very willing to share
share
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Survey

How do you see yourself: Are you a person who is generally willing to punish unfair behaviour even if this is costly?

Not willing at all to incur (] Very willing to incur costs
costs to punish unfair 0 10 to punish unfair behaviour

behaviour

Survey

Imagine the following situation: you are shopping in an unfamiliar city and realize you lost your way. You ask a stranger for
directions. The stranger offers to take you with their car to your destination. The ride takes about 20 minutes and costs
the stranger about 20 Euro in total. The stranger does not want money for it. You carry six bottles of wine with you. The
cheapest bottle costs 5 Euro, the most expensive one 30 Euro. You decide to give one of the bottles to the strangeras a

thank-you gift. Which bottle do you give?

A bottle costing 5 Euro
A bottle costing 10 Euro
A bottle costing 15 Euro
© A bottle costing 20 Euro
A bottle costing 25 Euro
A bottle costing 30 Euro

Survey

How do you identify your gender?
O Female

Male
Other
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Survey

Which age group do you belong to?

O 18-24
25-34
35-44
45-54
55 or above

Confirm

Survey

Which of the following best describes the type of area where you currently live?

Urban (a large city)
Suburban (a residential area near a city)
Township (a densely-populated area near a city)
© Semi-urban/Peri-urban (the outskirts of a small town)
Rural (a small town or village)
Remote rural (a sparsely populated or isolated area)

Survey

Which of the following best describes the sector in which you are currently employed?

Private sector (e.g., businesses, corporations)
Public sectar (e.g., government services, public enterprises)
© Non-profit/NGO (e.g., charities, advocacy groups)
Education (e.g., schoals, universities, training institutions)
Healthcare (e.g., hospitals, clinics, health services)
Self-employed/Entrepreneur (e.g., own business, freelance work)
Agriculture, mining, and industry (e.g., farming, resource extraction, manufacturing)
Other (e.g., informal work, other types of work)
Not currently employed (but actively seeking work)
Not currently employed (e.g., student, retired)
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Results

You complied with 3 labour standards. This is below the minimum number expected by Alpha.

You produced 3 units of good XYZ, and Gamma produced 4 units of good XYZ, for a total of 7 units. Therefore today you
have the opportunity to earn an additional R7.00.

Next

Outcome of Inspection

Your inspectors selected Gamma to be visited in this instance and found out that Gamma complies with 4 out of the 15 labour
standards.

This does not meet Alpha's expectation of compliance with at least 5 labour standards.

Your final earnings

You have been selected by Alpha for inspection to determine if you and Gamma have each complied with at least the minimum
number of 5 labour standards.

* They have found Gamma does not comply with the minimum number of standards.
» They have found you do not comply with the minimum number of standards.

Therefore, you will not receive any payment for the units of good XYZ produced by you and by Gamma.
Your total earnings for the experiment are therefore R47.00.
Payments will be made within the next three weeks.

To end the study and return to Prolific for your completion code, please press the button below. Thank you!

Return to Prolific
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Table 3.A.1: Beta’s summary statistics

Variable Question / Coding Obs. Mean Std. Min Max
Dev.
Outcome variables
Inspection policy 3 or 5 Dummy: 1 if respondent selected either inspection policy 3 or 5 427 0.864 0.343 0 1
Inspection policy 1 Dummy: 1 if respondent selected inspection policy 1 427 0.136 0.343 0 1
Inspection policy 3 Dummy: 1 if respondent selected inspection policy 3 427 0.351 0.478 0 1
Inspection policy 5 Dummy: 1 if respondent selected inspection policy 5 427 0.513 0.500 0 1
Compliance seconds Number of seconds devoted to compliance (after inspection) 427 52.717 23.510 0 125
Share of seconds devoted to compliance Share of seconds devoted to compliance (after inspection) 427 0.546 0.242 0 1
Compliance performance Number of words correctly transcribed 427 5.506 4.109 0 15
If complied with at least minimum standards  Dummy: 1 if respondent correctly transcribed at least 5 words 427 0.576 0.495 0 1
(>=5)
If complied with minimum standards (=5) Dummy: 1 if respondent correctly transcribed 5 words 427 0.059 0.235 0 1
Production seconds Number of seconds devoted to production (after inspection) 427 44.742 25.250 0 125
Share of seconds devoted to production Share of seconds devoted to production (after inspection) 427 0.454 0.242 0 1
To what extent Alpha’s compliance requests  Agreement with: “I found Alpha’s compliance requests fair” (0-10) 427 7.002 2.607 0 10
are fair
To what extent Beta’s inspection policy influ- “How much does your chosen inspection policy influence Gamma meeting 427 7.108 2.199 0 10
ences Gamma’s compliance minimum standards?” (0-10)
Control variables
Gender Dummy: 1 if respondent is female 427 0.597 0.491 0 1
Age Age group (1: 18-24; 2: 25-34; 3: 35-44; 4: 45-54; 5: 55+) 427 2.499 1.110 1 5
Early-career Dummy: 1 if younger than 35 (group 1 or 2) 427 0.630 0.483 0 1
Residence Type of area lived in (1: Urban; 2: Suburban; 3: Township; 4: Rural; 5: 427 2.000 0.947 1 6
Semi-urban; 6: Remote rural)
Urban area Dummy: 1 if respondent lives in urban area (category 1) 427 0.321 0.467 0 1
Occupation Sector of employment (1: Student/retired; ...; 10: Informal/other) 427 4.246 2.039 1 10
Unemployed Dummy: 1 if unemployed (categories 1 or 2) 427 0.061 0.239 0 1
Private-oriented sector Dummy: 1 if employed in private sector (3, 7, or 9) 427 0.576 0.495 0 1
If willing to take risks Self-reported willingness to take risks (0-10) 427 7.761 2.294 0 10
If willing to give up something today for future ~ Willingness to delay gratification (0-10) 427 7.197 2.686 0 10

benefit
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Table 3.A.1 continued from previous page

Variable Question / Coding Obs. Mean Std. D. Min Max
If thinks people have best intentions Agreement with “People have the best intentions” (0-10) 427 6.386 2.739 0 10
If willing to share with others without expect- ~ Willingness to share (0-10) 427 8.365 1.758 0 10
ing anything

Wine scenario generosity Value of wine bottle given as gift (1-6; 5-30€) 427 4.204 1.525 1 6
If willing to punish unfair behaviour even if =~ Willingness to punish unfair behaviour (0-10) 427 5.794 2.976 0 10
costly

Compliance practice Correct words transcribed in practice activity 427 1.445 1.172 0 5
Production practice Correct sliders positioned in practice activity 427 1.136 1.232 0 5
Compliance quiz attempts Attempts on compliance comprehension question 427 1.234 0.579 1 7
Production quiz attempts Attempts on production comprehension question 427 1.522 0.823 1 8
Inspection quiz attempts Attempts on inspection comprehension question 427 1.391 0.649 1 3
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Table 3.A.2: Beta’s balance test across control group (C) and treatment groups
(T1, T2)

Means Differences
Variable C T1 T2 T1-C T2-C T1-T2
Gender (0-1) 0.618 0.583 0.592 -0.034 -0.026 -0.009
[0.488]  [0.495]  [0.493]  [0.059] [0.058] [0.058]
Age (1-5) 2.463 2.562 2.469 0.099 0.006 0.093
[1.067] [1.151] [1.112]  [0.133] [0.130] [0.133]
Early-career (0-1) 0.654 0.583 0.653 -0.071 -0.001 -0.070
[0.477]  [0.495]  [0.478]  [0.058] [0.057] [0.057]
Residence (1-6) 2.059 1.958 1.986 -0.100 -0.072 -0.028
[0.933]  [0.876] [1.027]  [0.108] [0.117] [0.112]
Urban area (0-1) 0.294 0.319 0.347 0.025 0.053 -0.027
[0.457]  [0.468]  [0.478]  [0.055] [0.056] [0.055]
Occupation (1-10) 4.118 4.444 4.170 0.327 0.052 0.274
[1.921]  [2.111] [2.072]  [0.242] [0.238] [0.245]
Unemployed (0-1) 0.081 0.049 0.054 -0.032 -0.026 -0.006
[0.274]  [0.216]  [0.228]  [0.029] [0.030] [0.026]
Private-oriented sector (0-1) 0.478 0.590 0.653 0.112*  0.175**  -0.063
[0.501]  [0.493]  [0.478]  [0.059] [0.058] [0.057]
Willing to take risks (0-10) 7.875 7.597 7.816 -0.278 -0.059 -0.219
[2.202]  [2.387] [2.291]  [0.275] [0.268] [0.274]
Very willing to take risks (0-1) 0.471 0.444 0.463 -0.026 -0.008 -0.018
[0.501]  [0.499]  [0.500]  [0.060] [0.060] [0.059]
Willing to delay gratification (0-10) 6.853 7.306 7.408 0.453 0.555* -0.103
[2.832] [2.666] [2.550]  [0.329] [0.320] [0.306]
Very willing to delay gratification (0-1) 0.353 0.389 0.381 0.036 0.028 0.008
[0.480]  [0.489]  [0.487]  [0.058] [0.058] [0.057]
Optimistic about others’ intentions (0-10) 6.412 6.340 6.408 -0.071 -0.004 -0.068
[2.763]  [2.705] [2.767]  [0.327] [0.329] [0.321]
Very optimistic (0-1) 0.368 0.396 0.442 0.028 0.075 -0.046
[0.484]  [0.491]  [0.498]  [0.058] [0.058] [0.058]
Willing to share (0-10) 8.272 8.319 8.497 0.047 0.225 -0.177
[1.868]  [1.823] [1.585]  [0.221] [0.205] [0.200]
Very willing to share (0-1) 0.360 0.354 0.381 -0.006 0.021 -0.027
[0.482]  [0.480] [0.487]  [0.057] [0.058] [0.057]
Wine scenario generosity (1-5) 4.103 4.181 4.320 0.078 0.217 -0.139
[1.625]  [1.508]  [1.448]  [0.187] [0.183] [0.173]
Very generous (0-1) 0.412 0.417 0.469 0.005 0.058 -0.053
[0.494]  [0.495]  [0.501]  [0.059] [0.059] [0.058]
Willing to punish unfair behaviour (0-10) 5.824 5.785 5.776 -0.039 -0.048 0.009

[3.008]  [3.048] [2.895]  [0.362] [0.351] [0.348]
Very willing to punish unfair behaviour (0-1)  0.485 0.444 0.429 -0.041 -0.057 0.016
(0.502]  [0.499] [0.497]  [0.060]  [0.059]  [0.058]

Compliance quiz attempts (1-3) 1.272 1.250 1.184 -0.022 -0.088 0.066
[0.537]  [0.548]  [0.641]  [0.065] [0.071] [0.070]
Production quiz attempts (1-3) 1.522 1.632 1.415 0.110 -0.107  0.217**
[0.750]  [0.817]  [0.882]  [0.094] [0.098] [0.100]
Inspection quiz attempts (1-3) 1.412 1.465 1.299 0.054 -0.112 0.166™*
[0.683] [0.678] [0.578]  [0.081] [0.075] [0.074]
Observations 136 144 147 280 283 291

Note: The table reports means and pairwise differences in baseline covariates across C, T1, and T2. Standard
deviations are reported under group means and standard errors are reported under differences. Significance levels:
K p<0.01, ** p<0.05, * p<0.10.
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Table 3.A.3: Treatment effects on Beta’s monitoring efforts

Variable Pr(Low policy) Pr(Medium policy) Pr(High policy)
Treatment 1 0.066** 0.055%* -0.121%*
[0.029] [0.025] [0.053]
Treatment 2 0.032 0.032 -0.064
[0.028] [0.028] [0.055]
Gender -0.002 -0.002 0.005
[0.025] 0.020] [0.045]
Private-oriented sector -0.019 -0.015 0.034
[0.027] [0.022] [0.048]
Observations 427 427 427

Note: This table reports Ordered Probit estimates of the treatment effects on Beta’s monitoring, compliance, and
production effort. All models include robust standard errors, individual covariates (demographics, social preferences,
and comprehension-quiz attempts), and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.4: Beta’s heterogeneity analysis

) Inspe'ctlon Inspe'ctlon Inspef:tlon Compliance Min. Prod.
Variable policy policy policy seconds 1 £
3or5 3 5 (share) compliance perform.
Gender (female)
T1 0.024 0.065 -0.041 -0.015 -0.162** 0.799
[0.063] [0.092] [0.096] [0.046] [0.082] [0.676]
T2 -0.043 0.065 -0.108 -0.027 -0.220%* -0.001
[0.070] 0.093] 0.095] [0.045] [0.086] [0.656]
Female 0.033 -0.004 0.037 0.033 -0.091 -0.840
[0.058] [0.085] 10.089] [0.042] [0.080] [0.520]
T1 x Female -0.139* 0.001 -0.140 0.008 0.125 -0.420
[0.082] [0.118] [0.123] [0.059] [0.112] [0.804]
T2 x Female 0.007 -0.085 0.091 -0.011 0.122 0.013
[0.085] [0.119] [0.122] [0.058] [0.116] [0.794]
Observations 427 427 427 427 427 427
R-squared 0.045 0.048 0.087 0.147 0.161 0.553
Control mean 0.885 0.346 0.538 0.541 0.712 5.346
Coeff: T1 + T1xFemale = 0 -0.115 0.0658 -0.181 -0.00661 -0.037 0.379
P-value: T1 + T1xFemale = 0 0.0314 0.380 0.0174 0.855 0.623 0.359
Coeff: T2 + T2xFemale = 0 -0.0366 -0.0201 -0.0165 -0.0382 -0.0984 0.0129
P-value: T2 + T2xFemale = 0 0.443 0.783 0.831 0.272 0.209 0.976
Age (early-career)
T1 -0.079 -0.088 0.010 -0.008 -0.036 0.745
[0.075] 0.092] 0.096] [0.045] [0.092] [0.527]
T2 0.006 0.004 0.002 -0.044 -0.094 -0.283
[0.075] [0.100] 10.102] [0.049] [0.100] [0.618]
Early-career 0.058 -0.060 0.117 0.028 0.143 0.610
[0.060] [0.087] 0.090] [0.045] [0.089] [0.508]
T1 x Early-career 0.035 0.249%* -0.214%* -0.005 -0.078 -0.338
[0.087] [0.118] [0.122] [0.059] [0.116] [0.736]
T2 x Early-career -0.074 0.014 -0.088 0.015 -0.078 0.437
[0.089] 0.122] [0.126] [0.061] [0.124] [0.762]
Observations 427 427 427 427 427 427
R-squared 0.040 0.060 0.085 0.147 0.159 0.554
Control mean 0.872 0.362 0.511 0.549 0.574 4.191
Coeff: T1 + T1xEarly-career = 0 -0.0438 0.160 -0.204 -0.0122 -0.114 0.407
P-value: T1 + T1xEarly-career = 0 0.350 0.032 0.00714 0.742 0.102 0.413
Coefl: T2 + T2xEarly-career = 0 -0.0678 0.0177 -0.0855 -0.0282 -0.172 0.154
P-value: T2 + T2xEarly-career = 0 0.155 0.800 0.247 0.403 0.0189 0.726
Residence (urban area)
T1 -0.042 0.109 -0.151%* -0.015 -0.122% 0.581
[0.048] [0.072] [0.072] [0.033] [0.065] [0.465]
T2 -0.056 -0.016 -0.040 -0.022 -0.195%** 0.041
[0.048] [0.069] [0.072] [0.033] [0.068] [0.437]
Urban area -0.033 -0.051 0.018 0.018 -0.093 -0.344
[0.064] [0.089] 0.093] [0.044] [0.100] [0.556]
T1 x Urban area -0.054 -0.138 0.084 0.015 0.120 -0.105
[0.095] [0.122] 10.129] [0.064] [0.127] [0.773]
T2 x Urban area 0.045 0.095 -0.050 -0.035 0.158 -0.130
[0.087] [0.123] [0.128] [0.057] [0.131] [0.781]
Observations 427 427 427 427 427 427
R-squared 0.039 0.055 0.081 0.148 0.161 0.553
Control mean 0.906 0.344 0.562 0.549 0.656 4.615
Coeff: T1 + T1xUrban = 0 -0.0953 -0.0291 -0.0662 -0.000196 -0.00213 0.476
P-value: T1 + T1xUrban = 0 0.236 0.766 0.538 0.997 0.984 0.425
Coeff: T2 + T2xUrban = 0 -0.0115 0.0784 -0.0899 -0.0577 -0.0367 -0.0892
P-value: T2 + T2xUrban = 0 0.875 0.443 0.401 0.227 0.744 0.889
Occupation (private sector)
T1 -0.110 -0.064 -0.046 -0.043 -0.256%F* 0.277
[0.068] [0.084] [0.087] [0.044] [0.083] [0.504]
T2 0.036 -0.093 0.129 -0.049 -0.208** -0.023
[0.059] [0.087] 0.090] [0.043] [0.090] [0.528]
Private sector 0.064 -0.103 0.167* -0.095%* -0.055 0.718
[0.053] [0.082] 10.085] [0.041] [0.086] [0.507]
T1 x Private sector 0.083 0.245%* -0.161 0.061 0.315%%* 0.496
[0.084] [0.114] [0.119] [0.057] [0.111] [0.737]
T2 x Private sector -0.122 0.203* -0.325%%* 0.032 0.134 0.084
[0.078] [0.115] [0.119] [0.055] [0.118] [0.727]
Observations 427 427 427 427 427 427
R-squared 0.050 0.058 0.094 0.149 0.174 0.553
Control mean 0.873 0.366 0.507 0.616 0.690 3.423
Coeff: T1 + T1xPrivate = 0 -0.0262 0.181 -0.207 0.0183 0.0596 0.773
P-value: T1 + T1xPrivate = 0 0.596 0.0216 0.0116 0.616 0.420 0.142
Coeff: T2 + T2xPrivate = 0 -0.0863 0.109 -0.196 -0.0174 -0.0739 0.0608
P-value: T2 + T2xPrivate = 0 0.0996 0.149 0.0138 0.614 0.335 0.901

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Beta’s monitoring,
compliance, and production effort vary with participarf ’Olemographic characteristics and social preferences. All
models include robust standard errors, individual covariates (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance: *** p<0.01, ** p<0.05, * p<0.10.
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Table 3.A.4 (continued): Beta’s heterogeneity analysis

Inspection Inspection Inspection Compliance

Variable policy policy policy seconds M;n Prde'
3orb 3 5 (share) compliance perform.
Risk tolerance (very willing to take risks)
T1 -0.077 0.021 -0.098 -0.058* -0.106 0.922*
[0.055] [0.082] 10.082] [0.034] [0.072] [0.524]
T2 -0.052 -0.026 -0.025 -0.035 -0.160** 0.331
[0.051] [0.083] [0.083] [0.031] [0.077] [0.474]
Risk tolerance -0.142* -0.268%** 0.126 -0.004 -0.180* 0.880
[0.076] [0.099] [0.102] [0.047] [0.100] [0.637]
T1 x Risk tolerance 0.046 0.105 -0.059 0.103* 0.050 -0.825
[0.087] [0.113] [0.120] [0.060] [0.113] [0.724]
T2 x Risk tolerance 0.025 0.093 -0.069 0.002 0.037 -0.725
[0.082] [0.112] [0.118] [0.056] [0.115] [0.727]
Observations 427 427 427 427 427 427
R-squared 0.048 0.066 0.082 0.157 0.167 0.555
Control mean 0.917 0.431 0.486 0.545 0.708 4.653
Coeff: T1 + T1xRisk = 0 -0.0316 0.125 -0.157 0.0453 -0.0557 0.0972
P-value: T1 + T1xRisk = 0 0.623 0.113 0.0753 0.343 0.518 0.845
Coeff: T2 + T2xRisk = 0 -0.0271 0.067 -0.0941 -0.0327 -0.124 -0.394
P-value: T2 + T2xRisk = 0 0.667 0.375 0.274 0.482 0.156 0.472
Patience (very willing to delay gratification)
T1 -0.143%%* 0.050 -0.193%** -0.019 -0.098 1.202%%*
[0.050] 10.073] [0.072] [0.035] [0.070] [0.475]
T2 -0.074* 0.027 -0.101 -0.036 -0.170%* 0.298
[0.044] [0.074] [0.075] [0.033] [0.073] [0.427]
Patience -0.177%* -0.084 -0.093 -0.039 -0.040 0.990
[0.074] [0.102] [0.105] [0.047] [0.103] [0.612]
T1 x Patience 0.221%* 0.031 0.189 0.022 0.031 -1.986%**
[0.086] [0.120] [0.125] [0.059] [0.119] [0.740]
T2 x Patience 0.079 -0.045 0.124 0.002 0.064 -0.803
[0.089] [0.119] 10.126] [0.056] [0.122] [0.794]
Observations 427 427 427 427 427 427
R-squared 0.056 0.052 0.084 0.149 0.158 0.560
Control mean 0.932 0.352 0.580 0.565 0.625 3.852
Coeff: T1 + T1xPatience = 0 0.0776 0.0814 -0.0038 0.00304 -0.0662 -0.694
P-value: T1 + T1xPatience = 0 0.270 0.393 0.971 0.949 0.485 0.209
Coeff: T2 + T2xPatience = 0 0.0045 -0.0181 0.0226 -0.0339 -0.106 -0.505
P-value: T2 + T2xPatience = 0 0.953 0.845 0.823 0.454 0.283 0.441
Trust (very optimistic about others’ intentions)
T1 -0.069 0.090 -0.158** -0.030 -0.117* 0.256
[0.054] [0.075] [0.075] [0.033] [0.067] [0.474]
T2 -0.052 -0.019 -0.033 -0.017 -0.180%* -0.175
[0.052] [0.074] 10.077] [0.033] [0.074] [0.436]
Trust -0.032 0.069 -0.101 0.029 -0.099 -0.406
[0.074] [0.110] [0.113] [0.052] [0.112] [0.719]
T1 x Trust 0.028 -0.071 0.099 0.047 0.089 0.784
[0.084] [0.118] [0.123] [0.062] [0.119] [0.783]
T2 x Trust 0.028 0.066 -0.038 -0.041 0.096 0.474
[0.084] [0.118] [0.123] [0.057] [0.120] [0.759]
Observations 427 427 427 427 427 427
R-squared 0.036 0.052 0.083 0.153 0.160 0.554
Control mean 0.895 0.349 0.547 0.528 0.663 5.012
Coeff: T1 + T1xTrust = 0 -0.0409 0.0184 -0.0593 0.0172 -0.028 1.040
P-value: T1 4+ T1xTrust = 0 0.527 0.841 0.548 0.743 0.774 0.0839
Coeff: T2 + T2xTrust = 0 -0.0238 0.0465 -0.0703 -0.0585 -0.0838 0.300
P-value: T2 + T2xTrust = 0 0.716 0.611 0.468 0.213 0.386 0.632

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Beta’s monitoring,
compliance, and production effort vary with participants’ demographic characteristics and social preferences. All
models include robust standard errors, individual covariates (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance: *** p<0.01, ** p<0.05, * p<0.10.
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Table 3.A.4 (continued): Beta’s heterogeneity analysis

) Inspe'ctlon Inspe'ctlon Inspef:tlon Compliance Min. Prod.
Variable policy policy policy seconds 1 £
3or5 3 5 (share) compliance perform.
Prosociality (very willing to share with others)
T1 -0.055 0.025 -0.080 0.023 -0.088 1.009%*
[0.052] [0.074] [0.075] [0.032] [0.069] [0.505]
T2 -0.023 -0.050 0.027 0.009 -0.121 0.413
[0.051] [0.075] [0.077] [0.030] [0.075] [0.464]
Prosociality -0.007 -0.170%* 0.163 0.105%* -0.067 0.568
[0.068] 10.097] 10.102] [0.051] [0.104] [0.586]
T1 x Prosociality -0.012 0.106 -0.117 -0.090 0.004 -1.300*
[0.085] [0.118] [0.124] [0.063] [0.117] [0.718]
T2 x Prosociality -0.051 0.168 -0.220* -0.113* -0.067 -1.137
[0.082] [0.116] [0.120] [0.059] [0.117] [0.722]
Observations 427 427 427 427 427 427
R-squared 0.038 0.054 0.086 0.157 0.162 0.557
Control mean 0.885 0.391 0.494 0.517 0.644 4.839
Coeff: T1 + T1xProsociality = 0 -0.0668 0.131 -0.197 -0.0675 -0.0844 -0.291
P-value: T1 + T1xProsociality = 0 0.318 0.157 0.0452 0.213 0.370 0.549
Coeff: T2 + T2xProsociality = 0 -0.0741 0.118 -0.192 -0.104 -0.187 -0.724
P-value: T2 + T2xProsociality = 0 0.256 0.181 0.0412 0.0415 0.0416 0.191
Inequity aversion (very willing to punish unfair behaviour)
T1 -0.056 0.034 -0.090 -0.028 -0.055 1.253%*
[0.054] [0.079] 0.082] [0.038] [0.077] [0.508]
T2 -0.100* -0.059 -0.040 -0.046 -0.113 0.485
[0.056] 10.077] 10.081] [0.033] [0.080] [0.489]
Inequity aversion -0.078 -0.229%* 0.152 0.036 0.053 0.684
[0.073] [0.109] [0.112] [0.050] [0.108] [0.701]
T1 x Inequity aversion -0.013 0.049 -0.062 0.044 -0.065 -1.499%*
[0.084] [0.114] [0.118] [0.057] [0.113] [0.754]
T2 x Inequity aversion 0.127 0.144 -0.017 0.034 -0.069 -1.035
[0.080] [0.114] [0.118] [0.054] [0.117] [0.738]
Observations 427 427 427 427 427 427
R-squared 0.045 0.059 0.084 0.153 0.159 0.557
Control mean 0.914 0.357 0.557 0.554 0.586 3.957
Coeff: T1 + T1xInequity = 0 -0.0687 0.0828 -0.152 0.0152 -0.120 -0.246
P-value: T1 + T1xInequity = 0 0.284 0.322 0.0796 0.720 0.144 0.644
Coeff: T2 + T2xInequity = 0 0.0274 0.0846 -0.0572 -0.0122 -0.182 -0.550
P-value: T2 + T2xInequity = 0 0.628 0.320 0.519 0.779 0.0358 0.310
Beliefs — Fairness
T1 -0.071 0.019 -0.090 -0.035 -0.048 1.192%**
[0.051] [0.071] [0.073] [0.034] [0.069] [0.438]
T2 -0.067 -0.039 -0.029 -0.034 -0.176*%* 0.571
[0.052] [0.070] [0.074] [0.031] [0.073] [0.403]
Perceived fairness -0.014 -0.033 0.020 0.023 0.175%* 1.879%**
[0.059] [0.085] [0.089] [0.044] [0.083] [0.538]
T1 x Fairness 0.038 0.148 -0.109 0.089 -0.076 -1.705%*
[0.086] [0.122] 10.127] [0.062] [0.117] [0.775]
T2 x Fairness 0.088 0.184 -0.096 0.014 0.176 -1.390
[0.086] [0.123] [0.128] [0.060] [0.110] [0.846]
Observations 427 427 427 427 427 427
R-squared 0.039 0.057 0.082 0.162 0.200 0.565
Control mean 0.895 0.349 0.547 0.549 0.581 3.907
Coefl: T1 + T1xFairness = 0 -0.0326 0.167 -0.199 0.0542 -0.123 -0.514
P-value: T1 + T1xFairness = 0 0.640 0.0982 0.0572 0.288 0.191 0.412
Coeff: T2 + T2xFairness = 0 0.0208 0.145 -0.124 -0.0197 -0.536 -0.819
P-value: T2 + T2xFairness = 0 0.754 0.153 0.237 0.708 1.000 0.260
Beliefs — Effectiveness
T1 -0.060 0.107 -0.166* -0.046 0.019 1.342%*
[0.060] [0.085] [0.086] [0.040] [0.082] [0.575]
T2 -0.034 -0.018 -0.016 -0.041 -0.049 0.847*
[0.057] [0.083] [0.086] [0.037] [0.085] [0.503]
Perceived effectiveness 0.005 -0.058 0.063 0.021 0.279%** 1.779%**
[0.055] [0.085] 10.088] [0.038] [0.083] [0.509]
T1 x Effectiveness 0.002 -0.109 0.111 0.085 -0.165 -1.334*
[0.085] [0.118] [0.122] [0.055] [0.112] [0.762]
T2 x Effectiveness -0.016 0.055 -0.071 0.023 -0.144 -1.442%*
[0.079] [0.116] [0.120] [0.053] [0.114] [0.720]
Observations 427 427 427 427 427 427
R-squared 0.036 0.057 0.089 0.164 0.189 0.565
Control mean 0.887 0.355 0.532 0.556 0.500 3.516
Coeff: T1 + T1xEffectiveness = 0 -0.0573 -0.00243 -0.0549 0.0391 -0.146 0.00773
P-value: T1 + T1xEffectiveness = 0 0.332 0.976 0.521 0.308 0.0547 0.987
Coeff: T2 + T2xEffectiveness = 0 -0.0498 0.0366 -0.0864 -0.0181 -0.193 -0.595
P-value: T2 + T2xEffectiveness = 0 0.376 0.654 0.306 0.644 0.0124 0.251

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Beta’s monitoring,
compliance, and production effort vary with participarf ’zlemographic characteristics and social preferences. All
models include robust standard errors, individual covariatés (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance: *** p<0.01, ** p<0.05, * p<0.10.
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Table 3.A.5: Gamma’s summary statistics

Variable Question / Coding Obs. Mean Std. Min Max
Dev.
Outcome variables
Inspection policy 3 or 5 Dummy: 1 if respondent was assigned to inspection policy 3 or 5 126 0.643 0.481 0 1
Inspection policy 1 Dummy: 1 if respondent was assigned to inspection policy 1 126 0.357 0.481 0 1
Inspection policy 3 Dummy: 1 if respondent was assigned to inspection policy 3 126 0.310 0.464 0 1
Inspection policy 5 Dummy: 1 if respondent was assigned to inspection policy 5 126 0.333 0.473 0 1
Compliance seconds Number of seconds devoted to compliance (after inspection) 126 69.333 32.148 0 120
Share of seconds devoted to compliance Share of seconds devoted to compliance (after inspection) 126 0.578 0.268 0 1
Compliance performance Number of words correctly transcribed 126 6.048 5.146 0 15
If complied with at least minimum standards Dummy: 1 if correctly transcribed at least 5 words 126 0.556 0.499 0 1
5)
If complied with minimum standards (=5) Dummy: 1 if correctly transcribed exactly 5 words 126 0.048 0.214 0 1
Production seconds Number of seconds devoted to production (after inspection) 126 50.667 32.148 0 120
Share of seconds devoted to production Share of seconds devoted to production (after inspection) 126 0.422 0.268 0 1
Production performance Number of sliders correctly positioned 126 4.849 4.731 0 23
To what extent Alpha’s compliance requests  Agreement with: “I found Alpha’s compliance requests fair” (0-10) 126 6.960 2.872 0 10
are fair
Control variables
Gender Dummy: 1 if respondent is female 126 0.762 0.428 0 1
Age Age group (1: 18-24; 2: 25-34; 3: 35-44; 4: 45-54; 5: 55+) 126 2.508 1.282 1 5
Early-career Dummy: 1 if respondent is younger than 35 (categories 1,2) 126 0.635 0.483 0 1
Residence Type of area lived in (1: Urban; 2: Suburban; 3: Township; 4: Rural; 5: 126 2.000 1.004 1 5
Semi-urban; 6: Remote rural)
Urban area Dummy: 1 if respondent lives in urban area (category 1) 126 0.317 0.467 0 1
Occupation Sector of employment (1: Student/retired; ...; 10: Informal/other) 126 4.103 2.093 1 10
Unemployed Dummy: 1 if respondent is unemployed (categories 1,2) 126 0.095 0.295 0 1
Private-oriented sector Dummy: 1 if respondent works in private sector (categories 3,7,9) 126 0.540 0.500 0 1
If willing to take risks Self-reported willingness to take risks (0-10) 126 7.802 2.234 0 10
If willing to give up something today for future ~ Willingness to delay gratification (0-10) 126 7.143 2.785 0 10
benefit
If thinks people have always the best intentions ~ Agreement with: “People have the best intentions” (0-10) 126 6.421 2.303 1 10
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Table 3.A.5 continued from previous page

Variable Question / Coding Obs. Mean Std. Min Max
Dev.

If willing to share with others without expect-  Willingness to share (0-10) 126 8.619 1.893 0 10

ing anything in return

Wine scenario generosity Value of wine bottle selected as gift (1-6; 5-30€) 126 4.286 1.649 1 6

If willing to punish unfair behaviour even if ~Willingness to punish unfair behaviour (0-10) 126 6.079 2.697 0 10

costly

Compliance practice Correct words transcribed during practice activity 126 1.262 1.147 0 5

Production practice Correct sliders positioned during practice activity 126 0.960 1.148 0 5

Compliance quiz attempts Attempts on compliance comprehension question 126 1.254 0.455 1 3

Production quiz attempts Attempts on production comprehension question 126 1.238 0.625 1 6
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Table 3.A.6: Gamma’s balance test across control group (C) and treatment group
(T1)

Means Difference
Variable C T1 T1-C
Gender (0-1) 0.824  0.690  -0.134"
0.384]  [0.467]  [0.076]
Age (1-5) 2520 2483  -0.047
[1.240]  [1.341]  [0.230]
Early-career (0-1) 0.618 0.655 0.038
0.490]  [0.479]  [0.087]
Residence (1-6) 1.926 2.086 0.160
0.919]  [1.097]  [0.180]
Urban area (0-1) 0.338 0.293 -0.045
0.477]  [0.459]  [0.084]
Occupation (1-10) 4.132 4.069 -0.063
2.065] [2.143]  [0.376]
Unemployed (0-1) 0.059 0.138 0.079
0237 [0.348]  [0.052]
Private-oriented sector (0-1) 0.603 0.466 -0.137
0.493]  [0.503]  [0.089)]
Willing to take risks (0-10) 7.853 7.741 -0.112
2.371]  [2.082]  [0.401]
Very willing to take risks (0-1) 0.515 0.414 -0.101
0.503]  [0.497]  [0.089]
Willing to give up something today for future benefit (0-10)  7.221 7.052 -0.169
2.911]  [2.652]  [0.500]
Very willing to delay gratification (0-1) 0.426 0.362 -0.064
0.498]  [0.485]  [0.088]
Thinks people have best intentions (0-10) 6.544 6.276 -0.268
2.256]  [2.368]  [0.413]
Very optimistic about others’ intentions (0-1) 0.485 0.500 0.015
0503 [0.504]  [0.090]
Willing to share without expecting return (0-10) 8.603 8.638 0.035
[1.994] [1.784]  [0.340]
Very willing to share with others (0-1) 0.559 0.414 -0.145
0.500]  [0.497]  [0.089)]
Wine scenario generosity (1-5) 4.309 4.259 -0.050
[1.499] [1.822]  [0.296]
Very generous (0-1) 0.397 0.483 0.086
0.493]  [0.504]  [0.089]
Willing to punish unfair behaviour (0-10) 6.324 5.793 -0.530
3.073]  [2.166]  [0.482]
Very willing to punish unfair behaviour (0-1) 0.588 0.379 -0.209**
0.496]  [0.489]  [0.088]
Compliance quiz attempts (1-3) 1.294 1.207 -0.087
0.490]  [0.409]  [0.081]
Production quiz attempts (1-3) 1.250 1.224 -0.026
0.720]  [0.497]  [0.112]
Observations 68 58 126

Note: The table reports means and pairwise differences in baseline covariates across C, and T1. Standard deviations
are reported under group means and standard errors are reported under differences. Significance levels: *** p<0.01,
#% 5 0.05, * p<0.10.
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Table 3.A.7: Treatment effects on Gamma’s compliance and production efforts

Variable Compl. seconds Compl. If complied with Prod.
(share) perform. at least min. stand. perform.
Treatment 1 -0.028 -0.192 -0.003 -0.163
[0.045] [0.852] [0.090] [0.722]
Compliance seconds 0.049*** 0.003**
[0.014] [0.001]
Gender 0.022 -0.155 -0.024 -1.453
[0.054] [1.049] [0.104] [1.036]
Private-oriented sector -0.168*** -0.129 0.028 1.853**
[0.056] [0.977] [0.100] [0.767]
Observations 126 126 126 126
R-squared 0.171 0.341 0.284 0.522
Control mean 0.583 6.412 0.588 4.882
Clust. P-value 0.544 0.822 0.976 0.821
Boot. Std. Error 0.0454 0.852 0.0897 0.722
Boot. P-value 0.538 0.823 0.976 0.825

Note: This table reports OLS estimates of the treatment effects on Gamma’s compliance and production effort. All
models include robust standard errors, individual covariates (demographics, social preferences, and comprehension-
quiz attempts), and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.

Table 3.A.8: Treatment effects on Gamma’s secondary outcomes (mechanisms)

Variable Fairness
Treatment 1 -0.041
[0.082]
Gender -0.057
[0.089]
Private-oriented sector 0.038
[0.086]
Observations 126
R-squared 0.268
Control mean 0.397
Clust. P-value 0.622
Boot. Std. Error 0.0823
Boot. P-value 0.618

Note: This table reports OLS estimates of the treatment effects on Gamma’s fairness beliefs. All models include
robust standard errors, individual covariates (demographics, social preferences, and comprehension-quiz attempts),
and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.9: Gamma’s heterogeneity analysis

Compliance

. Compliance Min. Production
Variable seconds .
(share) performance compliance performance
Gender (female)
T1 -0.096 0.176 -0.056 -2.212
[0.091] [2.005] [0.186] [2.056]
Gender -0.026 0.104 -0.062 -2.893
[0.074] [1.721] [0.157] [1.914]
T1 x Gender 0.088 -0.473 0.068 2.633
[0.114] [2.197] [0.207] [2.132]
Observations 126 126 126 126
R-squared 0.175 0.342 0.285 0.534
Control mean 0.562 5.583 0.583 7.833
Coeff: T1 + T1xGender = 0 -0.00799 -0.297 0.0125 0.421
P-value (clust.) 0.888 0.750 0.901 0.537
P-value (boot.) 0.560 0.948 0.948 0.474
Age (early-career)
T1 0.009 -0.027 0.070 -0.892
[0.092] [1.647] [0.164] [1.393]
Early-career 0.066 0.571 0.156 -0.077
[0.074) [1.330] [0.126] [1.273]
T1 x Early-career -0.056 -0.254 -0.112 1.123
[0.108] [1.868] [0.187] [1.564]
Observations 126 126 126 126
R-squared 0.174 0.341 0.287 0.525
Control mean 0.555 6.538 0.538 5.462
Coeff: T1 + T1xAge =0 -0.0472 -0.281 -0.042 0.231
P-value (clust.) 0.368 0.766 0.675 0.770
P-value (boot.) 0.666 0.957 0.828 0.784
Residence (urban area)
T1 -0.009 -0.514 0.004 0.340
[0.056] [1.093] [0.110] [0.919]
Urban area -0.013 0.053 0.072 -0.569
[0.077] [1.238] [0.128] [0.928]
T1 x Urban area -0.058 1.002 -0.020 -1.565
[0.108] [1.673] [0.183] [1.325]
Observations 126 126 126 126
R-squared 0.174 0.343 0.285 0.527
Control mean 0.580 6.489 0.556 5
Coeff: T1 + T1xResidence = 0 -0.067 0.488 -0.0161 -1.225
P-value (clust.) 0.453 0.705 0.915 0.232
P-value (boot.) 0.740 0.829 0.995 0.451
Occupation (private-oriented sector)
T1 -0.022 -1.225 -0.030 -1.970*
[0.075] [1.457) [0.146] [1.012]
Private sector -0.163** -1.039 0.004 0.261
[0.078] [1.423] [0.135] [1.021]
T1 x Private sector -0.010 1.834 0.048 3.207**
[0.104] [1.769] [0.176] [1.297]
Observations 126 126 126 126
R-squared 0.171 0.348 0.285 0.546
Control mean 0.685 7.407 0.630 3.259
Coeff: T1 + T1xOccupation = 0 -0.0321 0.609 0.0183 1.237
P-value (clust.) 0.614 0.544 0.864 0.181
P-value (boot.) 0.828 0.593 0.964 0.0568

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Gamma’s compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
robust standard errors, individual covariates (demographics, social preferences, and comprehension-quiz attempts),
and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.9 (continued): Gamma’s heterogeneity analysis

. Compliance Compliance Min. Production
Variable seconds £ i £
(share) performance compliance performance
Risk preferences
T1 -0.025 0.070 -0.036 -0.748
[0.062] [1.178] [0.121] [0.979]
Very willing to take risks 0.070 0.768 0.056 -1.040
[0.079] [1.618] [0.174] [1.356]
T1 x Risk 0.004 -0.509 0.088 1.232
[0.103] [1.651] [0.170] [1.213]
Observations 126 126 126 126
R-squared 0.178 0.343 0.290 0.526
Control mean 0.542 5.879 0.576 5.636
Coeff: T1 + T1xRisk = 0 -0.0207 -0.439 0.0513 0.484
P-value (clust.) 0.788 0.715 0.689 0.589
P-value (boot.) 0.878 0.932 0.874 0.593
Future orientation
T1 0.010 0.355 -0.009 -0.452
[0.057] [0.946] [0.097] [0.944]
Very willing to delay gratification 0.094 -0.078 -0.090 -0.631
[0.074] [1.722] [0.165] [1.217]
T1 x Future -0.090 -1.580 0.002 0.721
[0.098] [1.736] [0.184] [1.277]
Observations 126 126 126 126
R-squared 0.180 0.348 0.287 0.523
Control mean 0.539 5.872 0.590 5.487
Coeff: T1 + T1xFuture = 0 -0.0805 -1.225 -0.00692 0.269
P-value (clust.) 0.300 0.423 0.966 0.794
P-value (boot.) 0.568 0.658 0.996 0.841
Intentions / beliefs about others
T1 -0.034 0.087 0.035 -0.050
[0.066] [1.167] [0.126] [0.993]
Very optimistic about others’ intentions 0.063 -0.673 0.113 -2.100
[0.118] [2.023] [0.189] [1.277]
T1 x Intentions 0.001 -0.401 -0.087 0.137
[0.100] [1.708] [0.174] [1.199]
Observations 126 126 126 126
R-squared 0.175 0.344 0.288 0.534
Control mean 0.581 6.171 0.543 6.057
Coeff: T1 + T1xIntentions = 0 -0.0329 -0.313 -0.0525 0.0868
P-value (clust.) 0.638 0.804 0.679 0.920
P-value (boot.) 0.770 0.968 0.876 0.993

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Gamma’s compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
robust standard errors, individual covariates (demographics, social preferences, and comprehension-quiz attempts),

and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.9 (continued): Gamma’s heterogeneity analysis

. Compliance Compliance Min. Production
Variable seconds erformance compliance erformance
(share) P P P
Charity / altruism
T1 0.017 -0.489 -0.078 -0.456
[0.068] [1.146] [0.113] [1.028]
Very willing to share with others 0.077 -0.621 -0.064 -0.578
[0.101] [1.667] [0.151] [1.104]
T1 x Charity -0.082 0.488 0.169 0.498
[0.102] [1.706] [0.175] [1.220]
Observations 126 126 126 126
R-squared 0.177 0.342 0.291 0.523
Control mean 0.527 5.433 0.533 5.900
Coeff: T1 + T1xCharity = 0 -0.0644 -0.00157 0.0913 0.0415
P-value (clust.) 0.366 0.999 0.518 0.964
P-value (boot.) 0.653 0.910 0.624 0.895
Willingness to punish unfair behaviour
T1 -0.006 -0.694 -0.135 0.562
[0.064] [1.149] [0.118] [1.089)]
Very willing to punish unfair behaviour 0.123 -1.511 -0.165 2.502
[0.116] [1.896] [0.195] [1.669]
T1 x Punishment -0.028 0.872 0.265 -1.214
[0.108] [1.644] [0.169] [1.502]
Observations 126 126 126 126
R-squared 0.183 0.345 0.298 0.534
Control mean 0.517 5.821 0.536 5.393
Coeff: T1 + T1xPunishment = 0 -0.0343 0.178 0.129 -0.652
P-value (clust.) 0.653 0.880 0.311 0.512
P-value (boot.) 0.890 0.824 0.303 0.725
Beliefs: Alpha’s request perceived as fair
T1 0.032 -0.772 -0.112 -0.496
[0.055] [1.031] [0.108] [0.917]
Alpha’s request perceived as fair 0.140%* 1.271 0.041 0.276
[0.068] [1.378] [0.127] [0.891]
T1 x Fairness -0.158 1.822 0.322* 0.997
[0.097] [1.601] [0.165] [1.291]
Observations 126 126 126 126
R-squared 0.200 0.376 0.330 0.528
Control mean 0.524 5.390 0.537 5.488
Coeff: T1 + T1xFairness = 0 -0.125 1.049 0.210 0.502
P-value (clust.) 0.113 0.407 0.109 0.623
P-value (boot.) 0.246 0.529 0.157 0.741

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on Gamma’s compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
robust standard errors, individual covariates (demographics, social preferences, and comprehension-quiz attempts),
and session fixed effects. Significance levels: *** p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.10: Supply chain’s main results: treatment effects on compliance and
production efforts

Compliance Compliance Compliance: Production
seconds at least
performance .. performance
(share) minimum
1) (2) 1) (2) 1) (2) (1) (2)
Treatment 1 -0.032 -0.022 0.165 -0.112 -0.039 -0.064 1.998** 1.249
[0.024] [0.022] [0.456] [0.408] [0.056] [0.053] [0.884] [0.908]
Treatment 2 -0.044* -0.024 -0.232 -0.544 -0.075 -0.099* 1.608* 0.534
[0.024] [0.021] [0.457] [0.411] [0.053] [0.049] [0.863] [0.889]
[0.020] [0.018] [0.258] 10.296] [0.034] [0.041] [0.454] [0.453]
Observations 8,532 8,532 8,532 8,532 8,532 8,532 8,532 8,532
R-squared 0.182 0.174 0.246 0.199 0.163 0.140 0.268 0.219
Control mean 0.586 0.586 6.071 6.071 0.390 0.390 8.919 8.919
Beta’s & Gamma’s controls YES YES YES YES YES YES YES YES
Gamma’s weights NO YES NO YES NO YES NO YES
Hpla: T1-C =0 0.178 0.309 0.717 0.784 0.490 0.224 0.0255 0.172
Hp 1b: T2-C =10 0.0636 0.261 0.612 0.188 0.161 0.0467 0.0648 0.549
Hp2: T2-T1=0 0.0152 0.610 0.000 0.000 0.009 0.004 0.001 0.000

Note: This table reports OLS estimates of the treatment effects on the supply chain’s compliance and production
effort. All models include robust standard errors, individual covariates (demographics, social preferences, and
comprehension-quiz attempts), and session fixed effects. Models (1) show results without Gamma weights, while
Models (2) apply probability weights to account for multiple Beta-Gamma matches. Significance levels: *** p<0.01,
** p<0.05, * p<0.1.

Table 3.A.11: Supply chain’s additional results: treatment effects on secondary
outcomes

Fairness

(1) (2)
Treatment 1 -0.034 -0.027
[0.029] [0.024]
Treatment 2 -0.045 -0.045%
[0.029] [0.024]

Observations 8,532 8,532
R-squared 0.107 0.113
Control mean 0.150 0.150
Beta’s & Gamma’s controls YES YES
Gamma’s weights NO YES
Hpla: T1-C=0 0.236 0.261
Hp 1b: T2-C =0 0.123 0.0675
Hp2: T2-T1=0 0.000 0.000

Note: This table reports OLS estimates of the treatment effects on the supply chain’s fairness beliefs. All models
include robust standard errors, individual covariates (demographics, social preferences, and comprehension-quiz
attempts), and session fixed effects. Model (1) shows results without Gamma weights, while Model (2) apply
probability weights to account for multiple Beta-Gamma matches. Significance levels: *** p<0.01, ** p<0.05, *
p<0.1.
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Table 3.A.12: Supply chain’s heterogeneity analysis

. Compliance Compliance At least Production
Variable seconds .
(share) performance min. compl. performance
Gender (female)
T1 -0.008 -0.154 -0.133** 0.334
[0.022] [0.421] [0.057] [0.887]
T2 -0.013 -0.962** -0.140%* -0.290
[0.022] [0.416] [0.056] [0.921]
Female 0.028%** -0.624%** -0.087*** -2.275%%%
[0.004] [0.075] [0.018] [0.177]
T1 x Female -0.023** 0.078 0.113%** 1.509%**
[0.009] [0.150] [0.026] [0.387]
T2 x Female -0.019%** 0.727%%* 0.070%** 1.414%**
[0.006] [0.097] [0.025] [0.229]
Observations 8532 8532 8532 8532
R-squared 0.175 0.201 0.142 0.222
Control mean 0.572 6.517 0.429 9.996
Coeff: T1 + T1xFemale = 0 -0.0312 -0.0763 -0.0203 1.844
P-value 0.167 0.853 0.699 0.0538
Coeff: T2 + T2xFemale = 0 -0.0322 -0.234 -0.0703 1.125
P-value 0.133 0.571 0.132 0.201
Age (early-career)
T1 -0.030 -0.764* -0.074 1.220
[0.022] [0.409] [0.058] [0.931]
T2 -0.035 -1.046** -0.158%** 0.002
[0.022] [0.442] [0.054] [0.883]
Early-career 0.005 -0.202 0.025 -0.252
[0.006] [0.148] [0.029] [0.201]
T1 x Early-career 0.012 1.104%** 0.013 0.023
[0.008] [0.176] [0.034] [0.256]
T2 x Early-career 0.018** 0.809%** 0.092** 0.829%#*
[0.007] [0.209] [0.043] [0.208]
Observations 8532 8532 8532 8532
R-squared 0.174 0.203 0.141 0.219
Control mean 0.575 5.872 0.344 8.869
Coefl: T1 + T1xEarly-career = 0 -0.0173 0.340 -0.0608 1.243
P-value 0.442 0.422 0.258 0.172
Coeff: T2 + T2xEarly-career = 0 -0.0176 -0.237 -0.0661 0.831
P-value 0.420 0.565 0.215 0.358
Residence (urban area)
T1 -0.022 -0.534 -0.103* 1.270
0.023] [0.417] [0.054] [0.927]
T2 -0.016 -0.766* -0.137%%* 0.333
0.022] [0.409] [0.052] 0.907]
Urban area 0.031%** -0.785%** -0.096*** -1.347%%*
[0.006] [0.106] 0.019) [0.208]
T1 x Urban area -0.001 1.203%*** 0.120%** -0.054
[0.011] [0.184] [0.028) [0.347]
T2 x Urban area -0.026%** 0.664*** 0.113%** 0.611%*
[0.008] [0.110] [0.027] [0.247]
Observations 8532 8532 8532 8532
R-squared 0.175 0.204 0.143 0.219
Control mean 0.577 6.127 0.396 9.255
Coeff: T1 + T1xUrban = 0 -0.0232 0.758 0.0164 1.215
P-value 0.295 0.0722 0.761 0.186
Coeff: T2 + T2xUrban = 0 -0.0416 -0.102 -0.0236 0.944
P-value 0.0535 0.810 0.629 0.284

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on supply chain compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
individual covariates (demographics, social preferences, and comprehension-quiz attempts), session fixed effects, and
sampling weights. Standard errors (in brackets) are clustered at the Gamma group level. Significance levels: ***
p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.12 (continued): Supply chain’s heterogeneity analysis

. Compliance Compliance At least Production
Variable seconds .
(share) performance min. compl. performance
Occupation (private sector)
T1 -0.044* -0.825* -0.136** 1.690%*
[0.023] [0.430] [0.056] [0.940]
T2 -0.036 -1.038** -0.170%** 0.463
[0.023] [0.439] [0.053] [0.876]
Private sector -0.034*** -0.611%** -0.070*** 1.473%%*
[0.011] [0.178] [0.023] [0.548]
T1 x Private sector 0.049%** 1.600%** 0.160%** -0.994
[0.014] [0.217] [0.035] [0.621]
T2 x Private sector 0.024** 0.969*** 0.136*** 0.088
[0.011] [0.205] [0.029] [0.582]
Observations 8532 8532 8532 8532
R-squared 0.177 0.208 0.146 0.220
Control mean 0.609 6.162 0.407 7.935
Coeff: T1 + T1xPrivate = 0 0.00497 0.775 0.0239 0.696
P-value 0.824 0.0618 0.671 0.478
Coeff: T2 + T2xPrivate = 0 -0.012 -0.0694 -0.0342 0.550
P-value 0.579 0.865 0.499 0.576
Risk tolerance (very willing to take risks)
T1 -0.048** -0.285 -0.094 2.166**
[0.022] [0.403] [0.057] [0.912]
T2 -0.030 -0.662 -0.134** 0.963
[0.022] [0.405] [0.052] [0.888]
Risk tolerance -0.006 -0.857*** -0.114%** 0.719%**
[0.007] [0.121] [0.014] [0.273]
T1 x Risk tolerance 0.056%** 0.435%** 0.072%** -2.021%**
[0.009] [0.148] [0.020] [0.331]
T2 x Risk tolerance 0.011 0.272% 0.076%** -0.904%**
[0.009] [0.154] [0.021] [0.28§]
Observations 8532 8532 8532 8532
R-squared 0.178 0.204 0.145 0.222
Control mean 0.574 6.185 0.433 9.257
Coeff: T1 + T1xRisk tolerance = 0 0.00808 0.151 -0.0225 0.145
P-value 0.717 0.725 0.644 0.877
Coeff: T2 + T2xRisk tolerance = 0 -0.0189 -0.390 -0.0574 0.0589
P-value 0.394 0.367 0.232 0.949
Patience (very willing to delay gratification)
T1 -0.019 0.074 -0.061 2.221%*
0.023] [0.404] [0.052] [0.927]
T2 -0.018 -0.548 -0.120%* 0.940
0.022] [0.413] [0.047] [0.875]
Patience -0.020* 0.287 0.003 2.662%**
[0.010] [0.211] 0.027] [0.354]
T1 x Patience -0.011 -0.493** -0.012 -2.393***
[0.012] [0.214] [0.031] [0.431]
T2 x Patience -0.019 0.053 0.052 -0.581
0.012] [0.244] [0.040] [0.428]
Observations 8532 8532 8532 8532
R-squared 0.177 0.200 0.141 0.232
Control mean 0.586 5.969 0.381 8.480
Coeff: T1 + T1xPatience = 0 -0.0299 -0.419 -0.0728 -0.172
P-value 0.179 0.350 0.223 0.851
Coeff: T2 + T2xPatience = 0 -0.0369 -0.495 -0.0675 0.358
P-value 0.0938 0.268 0.270 0.707

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on supply chain compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
individual covariates (demographics, social preferences, and comprehension-quiz attempts), session fixed effects, and
sampling weights. Standard errors (in brackets) are clustered at the Gamma group level. Significance levels: ***
p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.12 (continued): Supply chain’s heterogeneity analysis

. Compliance Compliance At least Production
Variable seconds .
(share) performance min. compl. performance
Trust (very optimistic about others’ intentions)
T1 -0.033 -0.581 -0.119** 1.216
[0.022] [0.411] [0.054] [0.927]
T2 -0.019 -1.316%** -0.178%** -0.054
[0.021] [0.427] [0.053] [0.885]
Trust 0.017%** -0.290** -0.045 -1.045%**
[0.005] [0.124] [0.029] [0.200]
T1 x Trust 0.026%** 1.266%** 0.149%** 0.196
[0.006] [0.168] [0.028] [0.251]
T2 x Trust -0.014%+* 1.833%** 0.190%** 1.563%**
[0.005] [0.243] [0.040] [0.256]
Observations 8532 8532 8532 8532
R-squared 0.176 0.213 0.148 0.222
Control mean 0.565 6.078 0.399 9.650
Coeff: T1 + T1xTrust = 0 -0.00685 0.685 0.030 1.412
P-value 0.758 0.108 0.592 0.114
Coeff: T2 + T2xTrust = 0 -0.0337 0.518 0.0121 1.509
P-value 0.128 0.227 0.820 0.0985
Prosociality (very willing to share with others)
T1 -0.013 -0.093 -0.073 1.392
[0.022] [0.408] [0.055] [0.911]
T2 -0.008 -0.588 -0.091* 0.266
[0.021] [0.416] [0.052] [0.884]
Prosociality 0.039%** -0.421%** -0.032 -0.846%**
[0.006] [0.124] [0.027] [0.208]
T1 x Prosociality -0.028*** -0.029 0.027 -0.346
[0.007] [0.153] [0.033] [0.260]
T2 x Prosociality -0.044%** 0.127 -0.019 0.715*
[0.007] [0.165] [0.028] [0.381]
Observations 8532 8532 8532 8532
R-squared 0.178 0.200 0.141 0.221
Control mean 0.558 6.046 0.391 9.496
Coefl: T1 + T1xProsociality = 0 -0.0417 -0.122 -0.0466 1.045
P-value 0.0645 0.776 0.393 0.262
Coeff: T2 + T2xProsociality = 0 -0.0519 -0.461 -0.110 0.981
P-value 0.0221 0.277 0.0263 0.301
Inequity aversion (very willing to punish unfair behaviour)
T1 -0.020 -0.019 -0.063 1.989**
0.022] [0.410] [0.050] [0.924]
T2 -0.027 -0.622 -0.098** 1.346
0.022] [0.404] [0.049) 0.933]
Inequity aversion 0.022%** -0.219* -0.016 -0.664***
[0.006] [0.125] [0.015) [0.217]
T1 x Inequity aversion -0.005 -0.205%* -0.003 -1.561%**
0.007] [0.099] [0.019) [0.261]
T2 X Inequity aversion 0.010 0.173 -0.006 -2.048%**
[0.008] [0.141] [0.026] [0.322]
Observations 8532 8532 8532 8532
R-squared 0.175 0.199 0.140 0.227
Control mean 0.580 5.847 0.355 8.578
Coeff: T1 + T1xInequity = 0 -0.0245 -0.224 -0.0664 0.428
P-value 0.269 0.588 0.248 0.640
Coeff: T2 + T2xInequity = 0 -0.0164 -0.448 -0.104 -0.703
P-value 0.446 0.303 0.0574 0.411

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on supply chain compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
individual covariates (demographics, social preferences, and comprehension-quiz attempts), session fixed effects, and
sampling weights. Standard errors (in brackets) are clustered at the Gamma group level. Significance levels: ***
p<0.01, ** p<0.05, * p<0.1.
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Table 3.A.12 (continued): Supply chain’s heterogeneity analysis

. Compliance Compliance At least Production
Variable seconds £ . | £
(share) performance min. compl. performance
Fairness (Alpha’s request perceived as fair)
T1 -0.038* -0.107 -0.048 2.137%*
[0.022] [0.404] [0.051] [0.931]
T2 -0.025 -0.951%* -0.127%** 0.990
[0.021] [0.407] [0.044] [0.917]
Fairness 0.004* 0.441%** 0.105%** 1.223%**
[0.002] [0.046] [0.013] [0.130]
T1 x Fairness 0.052%** 0.029 -0.043* -2.790%**
[0.005] [0.111] [0.023] [0.222]
T2 x Fairness 0.006 1.661%** 0.138%** -1.300%**
[0.007] [0.184] [0.036] [0.295]
Observations 8532 8532 8532 8532
R-squared 0.179 0.219 0.157 0.225
Control mean 0.576 5.837 0.351 8.555
Coeff: T1 + T1xFairness = 0 0.014 -0.078 -0.0911 -0.653
P-value 0.529 0.856 0.125 0.459
Coeff: T2 + T2xFairness = 0 -0.0197 0.710 0.011 -0.310
P-value 0.374 0.111 0.873 0.720
Effectiveness (Beta’s inspection policy perceived as effective)
T1 -0.045%** 0.039 -0.031 2.667FF*
[0.022] [0.418] [0.046] [0.926]
T2 -0.030 -0.349 -0.055 1.605*
[0.021] [0.413] [0.044] [0.886]
Effectiveness 0.002 1.130%** 0.180%** 1.934%%%*
[0.003] [0.119] [0.023] [0.153]
T1 x Effectiveness 0.051%** -0.137 -0.042 -2.801%**
[0.005] [0.181] [0.036] [0.214]
T2 x Effectiveness 0.013%** -0.247* -0.067** -1.966%**
[0.004] [0.132] [0.026] [0.152]
Observations 8532 8532 8532 8532
R-squared 0.179 0.218 0.162 0.229
Control mean 0.579 5.567 0.304 8.181
Coeff: T1 + T1xEffectiveness = 0 0.00571 -0.0981 -0.0733 -0.134
P-value 0.790 0.816 0.262 0.881
Coeff: T2 + T2xEffectiveness = 0 -0.0174 -0.596 -0.122 -0.361
P-value 0.422 0.162 0.0341 0.691

Note: This table reports heterogeneity tests examining whether the effects of T1 and T2 on supply chain compliance
and production effort vary with participants’ demographic characteristics and social preferences. All models include
individual covariates (demographics, social preferences, and comprehension-quiz attempts), session fixed effects, and
sampling weights. Standard errors (in brackets) are clustered at the Gamma group level. Significance levels: ***

p<0.01, ** p<0.05, * p<0.1.
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